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Highlights Abstract  

• Cyberloafing behavior affects one’s 

smartphone addiction through fear of 

missing out 

• Taking interventions to reduce one's fear of 

missing out can reduce smartphone 

addiction, which is a negative consequence 

of cyberloafing behavior 

• Educators should avoid using activities that 

will reinforce students' fear of missing out 

when using technology in educational 

environments 

With the increase in smartphone use, smartphone addiction has gained immense 

popularity and there has been a lot of research into smartphone addiction. 

Nonetheless, research examining the complex relationships between 

cyberloafing and smartphone addiction is still insufficient. Thus, the present 

study aims to establish the mediating role of fear of missing out, which is a 

cognitive and emotional process, in the effect of university students’ level of 

cyberloafing upon their smartphone addiction level. The study group of the 

research is represented by 338 students receiving formation training in the 

faculty of education, at a state university.  For the purpose of data collection, the 

Smartphone Addiction Scale - Short version, the Cyberloafing Scale, and the 

Fear of Missing Out Scale were used. The model was tested using structural 

equation modeling and bootstrapping. Structural equation modeling results 

provide evidence of indirect effects of cyberloafing on smartphone addiction 

partial mediated by fear of missing out. According to the Bootstrapping method, 

fear of missing out has an indirectly significant role in the relationship between 

cyberloafing and smartphone addiction. The findings emphasized the role of 

fear of missing out in explaining the relationship between cyberloafing and 

smartphone addiction. The study concludes by discussing relevant conclusions 

in the literature, and putting forth several recommendations based on these 

conclusions. 

Article Info: Research 

Article 

Keywords: Cyberloafing, Fomo, 

Smartphone addiction, University students 

1. Introduction 

Undoubtedly, information and communication technologies have become an inherent part of modern life 

(Dereli & Sahin Izmirli, 2022; Oberst et al., 2017). Smartphones, in particular, offer such opportunities as 

entertainment, leisure and socialization as well as communication with the help of mobile Internet and 

mobile applications (Haug et al., 2015; Kumcagiz & Gunduz, 2016; Salehan & Negahban, 2013). These 

opportunities and settings provided by smartphones cause many in the modern world to use their 

smartphones to an excess (Wolniewicz et al., 2018). Overuse of smartphones brings with it certain 

negativities especially for students both in and out of school settings. Addiction to a technological device 

underlies these negativities because excessive and problematic use of smartphones leads the young in 
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particular to switch from habitual smartphone use to an addictive one (Choliz, 2012; Gezgin et al., 2018; 

Noyan et al., 2015; Yusufoglu, 2017).  

Smartphone addiction is described as a behavioral disorder not dissimilar to a non-chemical and pathologic 

gambling. (Billieux et al, 2015). Individuals with smartphone addiction display lack of attention and 

tolerance, mood swings, conflict, withdrawal and repetition (Griffiths, 2005). For those with such 

symptoms, a smartphone becomes indispensable and the individual loses his or her ability to overcome 

issues that are encountered in everyday life (Gezgin et al., 2020). Smartphone addiction is regarded as one 

of the important psychological variables that have an adverse effect on human life and which researchers 

struggle to understand. Researchers conducting studies into smartphone addiction seek to gain insight into 

which variables smartphone addiction is linked. There are many studies on smartphone addiction in the 

literature and their numbers are growing by the day. Smartphone addiction has been found to be related 

with academic failure (Hawi & Samaha, 2016; Huang & Leung, 2009; Kibona & Mgaya, 2015), reduction 

in physical and social activities (Kim et al., 2015; Lepp et al., 2013; Yen et al., 2009), sleep disorders 

(Gezgin, 2018; Sahin et al., 2013; Thomée et al., 2011) and loneliness (Bian & Leung, 2015; Cosguner, 

2012; Guzeller & Takao et al., 2009).  

Additionally, there are remarkable studies that analyze the relationship between smartphone addiction and 

fear of missing out (FoMO) considered to be one of the reasons for the overuse of social media. FoMO is 

described as the modern fear of missing out of developments on social networks and failing to catch up to 

them (Przybylski et al., 2013). Another definition portrays FoMO as a social structure that is associated 

with the failure to access any kind of information in settings that include texts or multimedia (Hetz et al., 

2015). Individuals spend long periods on social networks due to FoMO (Dossey, 2014). Overuse of social 

media increases the risk of developing social media addiction. Using smartphones to reach social network 

sites and displaying behaviours that lead to smartphone addiction are reported to be associated with FoMO 

(Coskun & Muslu, 2019; Fuster et al., 2017; Gezgin, 2018). Although FoMO affects a wide range of people, 

the young are more susceptible to FoMO. It is said that the tendency among teenagers towards FoMO and 

potential addictions may lead to several problems such as stress, insomnia and physical as well as mental 

developmental problems in young people (Biber, 2020). A study in the literature conducted with the 

participation of 296 people found that FoMO is significantly correlated with both problematic and social 

smartphone use (Wolniewicz et al., 2018). Another study undertaken by Tras and Oztemel (2019) on 608 

university students demonstrated that FoMO was the most significant variable predicting problematic 

smartphone use. This study, in parallel with the literature, stresses that the need to be aware of others’ social 

life activities, the concern that others may be leading more satisfying lives and fear of failing to catch up to 

developments put university students in a group that is at higher risk of smartphone addiction. 

In addition, many academic data as well as the interactions of variables with one another show that FoMO 

and cyberloafing are correlated. Students’ FoMO-related repeated technological device and social media 

use behaviours that they display during lessons are thought to be in close relation with a phenomenon that 

is defined as cyberloafing in the literature. This belief is supported by a study undertaken by Gezgin and 

Sarsar (2020) in which the reasons for cyberloafing in students were established, with addictions being 

shown among the “mental (psychological)” reasons. The term cyberloafing was coined by Lim (2002), who 

defined it as the use of the Internet inside working hours for purposes outside work, especially for personal 

purposes. It has also been defined as the use of the Internet in school settings for purposes other than 

education (Kalayci, 2010). The use of smartphones has recently increased particularly at universities both 

for mobile learning applications and as a source of reference. For example, one study found that students, 

when bored, resorted to their smartphones for various purposes, spent time on social network sites and 

stopped to tweet when doing homework (Lepp et al., 2015). Similarly, there are studies in the literature 

indicating that the rise in the use of social media increases cyberloafing behaviors in business or educational 

settings (Garrett & Danziger, 2008).  
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Cyberloafing behaviors were categorized under two headings as surfing activities and e-mail activities at 

the beginning when technology began gaining momentum (Lim, 2002). Akbulut et al. (2016) further 

expanded the scope of the factors in cyberloafing in a study. Today, cyberloafing behaviors are studied 

under five categories: sharing, shopping, real-time updating, accessing online content and 

gaming/gambling. Studies conducted into cyberloafing focus on negative circumstances that may arise due 

to cyberloafing. A study carried out by Gokcearslan et al. (2016) analyzed the relationship between 

cyberloafing and smartphone addiction and put forward that cyberloafing was among the predictors of 

smartphone addiction. Yet another study undertaken by Gokcearslan et al. (2018) similarly found a positive 

correlation between smartphone addiction and cyberloafing. Both these studies emphasize that any increase 

in cyberloafing will trigger an increase in the risk of smartphone addiction and its intensity. In another study 

conducted among 623 vocational school students, it was found that “the fear of isolation and curiosity”, 

one of the sub-dimensions of the cyberloafing scale, had a greater impact on students’ cyberloafing 

behaviors (Cinar et al. 2016). The conclusion of this study points to FoMO in terms of the “Curiosity” sub-

dimension. One study including 702 teachers examined the existence of the relationship between FoMO 

and cyberloafing and it found a highly significantly positive relationship between FoMO and cyberloafing 

(Gullu & Serin, 2020). In another study conducted among 141 teacher candidates, a significant correlation 

between the FoMO levels of teacher candidates and their cyberloafing behaviors was established and it was 

found that FoMO was a significant precursor to cyberloafing behavior in terms of socialization. 

(Tozkoparan & Kuzu, 2019). Another study points out that any increase in the frequency with which 

smartphones are checked, a type of behavior that can be associated with cyberloafing, results in an increase 

in FoMO levels, as well (Hosgor et al. 2017).  

As it is mentioned above, a large body of structural equation modeling besides the descriptive studies 

provide empirical evidence for the connections among smartphone addiction, cyberloafing and FoMO. 

Based upon the theoretical framework above, this study shows that cyberloafing, FoMO and smartphone 

addiction are interrelated. In light of these data, the mediating role of FoMO in the relationship between 

cyberloafing and smartphone addiction was analyzed. The variable chosen as the mediator variable in 

research is generally the structures that can be changed by working on and that include cognitive or 

emotional processes. In this study, the mediator variable FoMO provides this situation because FoMO is a 

situation in which the individual lives cognitively and emotionally, and educational technology and mental 

health specialists can work on this subject with an individual focus. The fact that no other previous study 

in the literature looked into the mediating effect of FoMO adds strength to the significance of this study. In 

conclusion, this study has sought to find an answer to the question “Does the FoMO play a mediating role 

in the relationship between cyberloafing and smartphone addiction in university students?”. 

2. Methodology 

2.1. Research Model 

This study, which aims to investigate whether FoMO plays a mediating role in the relationship between 

undergraduates’ level of cyberloafing and their smartphone addiction, was designed with predictive 

correlational research in quantitative techniques (Karasar, 2011). In the predictive relational model, the 

relationships between variables are examined and a quantitative estimate is obtained about the effect of one 

of the variables on the dependent variable (Fraenkel & Wallen, 2009). Within the scope of the study 

designed with the relational model, the mediating role of fear of missing out on developments in the 

relationship between cyberloafing and smartphone addiction was investigated by structural equation 

modeling.  

2.2. Participants 

This study was conducted with the participation of 338 students who continue their formation education in 

the education faculty of a state university in the western part of Turkey and were reached by convenience 
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sampling method.  The data used in the research were collected in the 2018-2019 academic year. Since the 

representational power of the sample groups is restricted, Fraenkel and Wallen (2009) point to the 

importance of the presentation of demographic data. Table 1 shows the demographic data of the research 

group. 

Table 1.  

Demographic data of the participants. 

Variables Categories f % 

Gender Female 

Male 

239 

99 

70.7 

29.3 

Class 1 

2 

3 

4 

Graduate 

62 

24 

65 

113 

74 

18.3 

7.1 

19.2 

33.4 

21.9 

Age <19 

19-20-21-22 

>22 

19 

173 

146 

5.6 

51.2 

43.3 

Table 1 shows that while 239 participants are females (70.7%), 99 are males (29.3%). 62 (18.3%) are 

freshmen, 24 (7.1%) are sophomores, 65 (19.2%) are juniors, 113 (33.4%) are seniors and 74 (21.8%) are 

graduates. 5.6% of the students are under the age of 19; 51.2 % are between 19 and 22 and 43.3% are over 

22. The average age of the participants is 22.92. 

2.3. Data Collection Tool 

Data were collected using Demographic form, FoMO Scale, Smartphone Addiction Scale, and 

Cyberloafing Scale. Details of the scales are presented in this section. 

2.3.1. Demographic Form  

Along with these scales, the students were given a Personal Information Form containing information on 

gender, age, and grade level of education. 

2.3.2. Fear of Missing Out Scale (FoMOs)  

Developed by Przybylski et al. (2013), the scale measures the level of fear of missing out levels in 

individuals. It uses a 5-point Likert scale (1 = “Not at all true of me” to 5 = “Extremely true of me”) and 

has 10 items. Possible scores to be obtained from the scale range between 10 and 50, with higher scores 

obtained denoting an increase in the level of FoMO in individuals. The scale was adapted to Turkish by 

Gokler et al. (2016). The adaptation study found the Cronbach alpha internal consistency coefficient to be 

.81 whereas this study found the internal consistency coefficient of the scale to be .77. 

2.3.3. Smartphone Addiction Scale – Short Version (SAS-SV) 

The study undertaken by Kwon et al. (2013) aims to reduce the number of items in the 33-item smartphone 

addiction scale previously developed by Kwon et al. (2013b). Sata and Karip (2018) carried out the 

adaptation work of SAS-SV to Turkish. The scale is made up of 10 items and uses 6-point Likert 

interpretation (1 = “Strongly disagree”, 6 = “Strongly agree”). Scores to be obtained from the scale range 

between 10 and 60. In terms of reliability, Cronbach α coefficient was found to be .91. The reliability study 

found the Cronbach alpha internal consistency of the Turkish form of the scale to be .90. This study found 

the internal consistency coefficient of the scale to be .87. 

2.3.4. Cyberloafing Scale 

Developed by Akbulut et al. (2016), this scale measures the level of cyberloafing in individuals during class 

hours. It uses a 5-point Likert scale (1 = “Never”, 5 = “A great extent”) and it has 30 items. Scores to be 



JETOL 2023, Volume 6, Issue 1, 234-248 Gurbuz, F. Bayrakli, M., & Gezgin, D. M. 

 

 

 

 

 

 
 

238 
 

obtained from the scale range between 30 and 150, with higher scores obtained denoting higher levels of 

cyberloafing during class hours. The Cronbach alpha internal consistency coefficient for the entire scale 

was found to be .94. Sub-dimensions and internal consistency coefficients of each sub-dimension are as 

follows: “Sharing” .93; “Shopping” .88; “Real-time updating” .94; “Accessing online content” .94; 

“Gaming/Gambling”. 81. The Cronbach alpha internal consistency of the scale in this study was found to 

be .92 while the internal consistency coefficients of the sub-dimensions were .88, .86, .91, .91, and .80, 

respectively.  

2.4. Data Collection and Analysis 

Before data collection, the students were informed about why the study was being conducted and how the 

data to be obtained from the study would be put to use and this was followed by the collection of data from 

volunteering students who responded to the set of scales presented to them. Once collected, data were 

transferred to an electronic platform and analyzed with the use of SPSS Windows 22 and Lisrel 8.80 

programs.  

This study, which aims to determine the correlative network between the students’ cyberloafing, FoMO 

and smartphone addiction, looked first and foremost at the descriptive statistics and correlation coefficients 

of the variables of the research. This was followed by the application of Structural Equation Modeling 

(SEM) in line with the recommendations of Anderson and Gerbing (1988) and Kline (2015). Subsequently, 

the measurement model and the hypothetical structural model were tested. By comparison with the 

techniques such as regression, SEM handles such complex research problems as the modelling of the 

relations between dependent and independent variables in a systematic fashion (Anderson & Gerbing, 

1988). Additionally, this method is based on theory and acknowledges the existence of the causality 

structure between latent variables (Yilmaz, 2004). 

This study made use of the method devised by Baron and Kenny (1986). According to this method, four 

hypotheses need to be tested to support the mediating factor. Firstly, there has to be a significant correlation 

between independent and dependent variables. Secondly, there has to be a significant correlation between 

the independent variable(s) and the mediator(s). Next, there has to be a significant correlation between the 

mediator(s) and the dependent variable(s). Finally, if the inclusion of the mediator(s) in the model causes a 

statistically insignificant correlation between the independent variable and the dependent variable, then this 

is acknowledged as full mediation. Partial mediation, on the other hand, arises when the correlation between 

the dependent and independent variable does not get insignificant but the strength of the correlation 

diminishes (Simsek & Demir, 2013). 

In order to see whether the data collected supported the model, a two-stage method was employed that is 

frequently used in the SEM literature. In the first part of the analysis, the measurement model was tested 

(Huchting et al., 2008 as cited in Dursun & Kocagoz, 2010) and an assessment was made to see whether 

the measurements of the structures in the model provided accurate reflections. In the second part, the 

structural model was tested that had been devised on the basis of theoretical background. The structural 

model creates methods that establish a relation of causality between variables, with the significance of the 

model being investigated by evaluating the goodness-of-fit statistics of the model. In this study, along with 

the chi square (χ2), GFI, CFI, NFI, IFI, SRMR, RMSEA and %90 CI for RMSEA values were presented 

as goodness-of-fit statistics. Figures deemed to be within the acceptable limit were:  χ2/sd ≤ 5; GFI, CFI, 

NFI, AGFI and IFI  ≥ .90; RMSEA and SRMR ≤ .080 (Hu & Bentler, 1999; MacCallum et al. 1996; 

Maydeu-Olivares et al. 2018; Tabachnick & Fidell, 2001). The fact that goodness-of-fit indexes turn out to 

be good does not necessarily mean that the model is entirely correct; instead, it shows the model to be 

reasonable or acceptable (Kaya & Altinkurt, 2018). 

Since the cyberloafing scale has five sub-dimensions, these sub-dimensions were included in the model as 

observed variables. As for the FoMO and smartphone addiction, item parceling was used, for they have 

single dimensions. As such, each variable was divided into two parcels, with each parcel being included in 
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the model as the observed variables of each latent variable. With item parceling, virtual factors (ensuring 

that total factor loadings of the items in each parcel are close) of the latent variable are created. 

Before testing the hypothetical structural model, it is examined whether the data meet the prerequisites of 

structural equation modeling. Within the scope of the preconditions, firstly missing values and outliers were 

examined. Upon inspection of the sets of scales filled in by the students, 11 forms were discarded for 

reasons of missing value (not answering or giving identical answers no matter the questions etc.). Following 

this, of the 347 sets of scales, 9 were excluded from the analysis, for they were not within the acceptable z-

value range (outliers) (z ≥ 3). As such, the analysis of the data was performed using 338 sets of scales. 

Afterwards, the skewness and kurtosis values of the variables were examined within the scope of normality 

analysis. The skewness and kurtosis values of FoMO, cyberloafing and smartphone addiction were found 

to be .07, -.25, .43 and -.46, -.73, -.57, respectively, which shows that there was no significant deviation in 

normal distribution for any variable according to the criteria established by Finney and DiStefano (2006) 

for normality assumption. The linearity assumption, which means that there is a linear relationship between 

the variables, was examined through scatter plots (Tabachnick & Fidell, 2001) and it was seen that the data 

set met the linearity assumption. After examining the preconditions, the findings of the analyzes carried out 

within the scope of the research are presented. 

3. Findings 

Findings obtained through analyses were presented under three headings. Firstly, correlation coefficients 

showing the correlations between FoMO, smartphone addiction and cyberloafing variables are reported. 

Secondly, the measurement model was explained. Finally, the results of the structural model were 

presented.  

3.1.  Correlation Values of the Variables 

In order for the first three hypotheses of Baron and Kenny (1986) to be satisfied, there must be statistically 

significant correlations between the variables. Table 2 shows the correlations for all variables. 

Table 2.  

Correlation values of the variables used in the model. 

Variables 1 2 

1.Fear of missing out -  

2.Cyberloafing .33** - 

3.Smartphone addiction .52** .34** 

Notes: N = 338, ** p<.01 

Inter-variable correlations displayed in Table 2 shows that all the variables in the study have significant 

correlations between one another. The level of FoMO was found to have a positive correlation with that of 

cyberloafing (r (338) = .33; p<.01). Similarly, cyberloafing is positively correlated with smartphone 

addiction (r (338) = .34; p<.01). Additionally, FoMO has a positive correlation with smartphone addiction 

(r (338) = .52; p<.01). 

3.2. Testing of the Measurement Model  

The measurement model was tested firstly in SEM. The measurement model shows the relationships 

between the latent variables and the observed variables. Anderson and Gerbing (1988) recommended that 

the measurement scale be tested first before the structural model test was tested. The measurement scale 

has three latent variables (cyberloafing, FoMO and smartphone addiction) and nine observed variables that 

bring about these latent variables. After the measurement scale was subjected to testing, the cyberloafing 

scale was found have an insignificant p-value in the sharing sub-dimension (t = 1.49, p>.05). As such, the 

eighth item was removed from the analysis as it barely contributed to the sharing sub-dimension of the 

cyberloafing scale. Subsequent to this removal, all path coefficients were found to be significant and the 
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factor loadings were found to range between .44 and .90. The analysis of the goodness-of-fit values of the 

scale [χ2 (22, 338) = 65.24, χ2/sd = 2,97,  p<.001; GFI = .96; CFI = .96; NFI = .94; AGFI = .91; IFI = .96; 

SRMR = .058; RMSEA = .076] indicated that the scale fitted within an acceptable range and that it was 

confirmed.  

3.3. Testing of the Structural Model  

In order to determine the correlative network between the students’ cyberloafing, FoMO and smartphone 

addiction, the model in which the FoMO had a full mediation role between cyberloafing and smartphone 

addiction was tested first in the hypothetical structural model. The mediation test was conducted using 

Maximum Likelihood Estimation Method. In models where full mediation is to be found, no path links the 

dependent variable with the independent variable and the relationship between these two variables is 

established by the mediator variable (Satici & Deniz, 2019). Acceptable goodness-of-fit values support the 

model in which the FoMO had full mediation: χ2 (23, 338) = 69,78, p<.01; GFI = .96; CFI = .95; NFI = 

.93; IFI = .95; SRMR = .063; RMSEA = .078 (%90 CI for RMSEA = 0.057; 0.099). Following the testing 

of the full mediation, the partial mediation role of FoMO in the relationship between cyberloafing and 

smartphone addiction was tested with a view to establishing the best model. In the partial mediation model, 

a direct path links cyberloafing to smartphone addiction. The goodness-of-fit statistics of the structural 

model where the FoMO had partial mediation are as follows: χ2 (22, 338) = 65,24, p<.01; GFI = .96; CFI 

= .96; NFI = .94; IFI = .96; SRMR = .058; RMSEA = .076 (%90 CI for RMSEA = 0.055 ; 0.098). As a 

result of the testing of partial mediation, the goodness-of-fit statistics were found to be within the acceptable 

range and they were shown to be better by comparison with the values obtained after the testing of the full 

mediation model. Additionally, the fact that the path linking cyberloafing to smartphone addiction is 

significant (β = .15, p<.05) supports partial mediation. In partial mediation, the path linking the dependent 

variable to the independent variable did not get insignificant with the presence of the mediating variable.  

According to the results of the chi-square difference test that aimed to decide which of the models, where 

the FoMO had a full or a partial mediation, were to be preferred, it was established that the direct path 

linking cyberloafing and smartphone addiction provided a significant contribution (Δχ2 = 4,54, sd = 1, 

p<.05), showing that partial mediation model was more preferable. In addition, because the path coefficients 

in the partial mediation model were all significant (including the path between cyberloafing and smartphone 

addiction), the partial mediation structural model was determined to be the best model. Figure 1 shows the 

path coefficients regarding the preferred model. 
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Fig. 1. The standardized parameter values of the recommended structural model (t values). 

Notes: N= 338; straight lines show significant paths; the number in parenthesis shows the correlation coefficient before the 

mediating variable was included in the model; C1-C5 variables are the sub-dimensions of Cyberloafing Scale. FOMOP1 and 

FOMOP2 are the parcels of the fear of missing out variable. SAP1 and SAP2 are the parcels of the smartphone addiction 

variable. All the parameter values are significant (p<.01).  

3.4. Bootstrapping Process 

According to the bootstrapping test conducted to see whether or not cyberloafing’s indirect role is 

significant in its prediction of smartphone addiction through FoMO, the indirect effect was found to be 

significant (β = .294, %95GA = .197, .391). Percentile upper and lower endpoint confidence interval values 

in Bootstrapping do not include the zero value. With all the data obtained, it is safe to say that FoMO has a 

mediating role in the relationship between cyberloafing and smartphone addiction. 

4. Discussion and Conclusion 

The study seeks to find answer to the following question: “Does FoMO play a mediating part in the 

relationship between cyberloafing and smartphone addiction in university students?” Data collected 

through analyses on the basis of this question were compared to the findings of similar studies in the 

literature.  The first finding of the study suggests that the rise in the students’ tendency towards cyberloafing 

increases smartphone addiction. Similarly, a study of 598 undergraduates by Gokcearslan et al. (2016) 

suggests that the duration of smartphone use and cyberloafing are positively correlated to smartphone 

addiction. Another study of 885 undergraduates by Gokcearslan et al. (2018) reports that there is a positive 

correlation between cyberloafing and smartphone addiction. Gozum et al. (2020), in a study conducted with 

306 pre-school teacher candidates, found that smartphone addiction increased with the increase in 

cyberloafing in the classroom. Saritepeci (2019), in his study with 269 high school freshmen, states that 

students' smartphone addiction levels are one of the main predictors of cyberloafing behaviors. As can be 

seen, cyberloafing behaviors can have negative effects in terms of smartphone addiction on students. 

The second finding of the study suggests that there is a significantly positive correlation between 

undergraduates’ FoMO levels and smartphone addiction. According to this finding, FoMO on 
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developments on social networks trigger heavy and risky smartphone use, thereby increasing the risk of 

smartphone addiction in university students. Indeed, a number of studies point to a significantly positive 

correlation between FoMO and smartphone addiction, describing FoMO as one of the predictors of 

smartphone addiction (Elhai et al., 2016; Gezgin, 2018; Tunc-Aksan & Evin-Akbay, 2019; Wolniewicz et 

al., 2018). A study conducted by Coşkun and Muslu (2019) on 1630 teenagers reported a positive 

correlation between FoMO and smartphone addiction among teenagers. One reason for this was found to 

be the widespread use of social network applications. A study conducted by Elhai et al. (2018) established 

a positive relationship between FoMO and smartphone addiction with the participation of 296 

undergraduate students, emphasizing the potential mediator role of the negative mood variable in the 

relationship between FoMO and smartphone addiction. 

The third finding of the study found a positive correlation between cyberloafing and FoMO. The literature 

contains similar studies, which reveal significantly positive correlations between cyberloafing and FoMO 

(Gullu & Serin, 2020; Tozkoparan & Kuzu, 2019). In addition to these studies, Senel et al. (2019) applied 

the Cyberloafing Behavior Scale to 124 university students and asked why they showed these behaviors. 

According to the findings of the study, among the reasons for cyberloafing are the notifications students 

receive on their smartphones, their desire to communicate, feelings of curiosity and the need to spend time 

more pleasurably. Since the reason “feelings of curiosity” is an important indicator of FoMO, it points to a 

correlation between cyberloafing and FoMO (Senel et al., 2019). A study seeking to establish a potential 

relationship between cyberloafing and FoMO found that university students displayed cyberloafing 

behaviours by accessing online content and sharing it during lessons (Gezgin & Sarsar, 2020). Sharing 

online content and using social networking sites to access online content are behaviors associated with the 

belief that FoMO is the driving force for the use of social media (Bányai et al. 2017; Przybylski et al., 

2013). Additionally, as far as the effects of cyberloafing and FoMO are concerned, the FoMO levels of 

students increase when students are overly engaged in interactions on social media during lessons, as a 

result of which students become less likely to concentrate on schoolwork and more likely to adopt 

superficial learning approaches (Rozgonjuk et al., 2019).  

Lastly, a careful analysis of the findings of the study demonstrates that FoMO plays a partly mediating role 

in the effect of university students’ tendency towards cyberloafing upon smartphone addiction. In a study 

conducted by Dursun et al. (2018), the reasons for cyberloafing were documented. Some of the opinions of 

undergraduates are in support of FoMO’s mediating role. The following sentences are remarkable for the 

relationship between FoMO and addiction: “Socials networks are becoming an addiction”, “Addiction 

causes you to frequently visit social networks” and “When you are addicted, you have to visit the social 

networks again and again.” These views reveal the addictive role of FoMO in university students’ 

cyberloafing behaviors. Individuals concerned about not being able to log on to their networks may develop 

over time instinctive checking behaviors (Kuss & Griffiths, 2017). Another study looked into the 

relationship between superficial learning and FoMO and concluded that individuals experiencing high 

levels of FoMO are constantly in anticipation of notifications, increasing their risk of establishing 

interactions with others at the expense of learning tasks (Rozgonjuk et al. 2019). A study by Gezgin and 

Mihci (2020) among students from the Sports Faculty revealed that the Instagram application might be 

linked to a FoMO on things, accounting for smartphone addiction. Popular with university students, the 

Instagram application can be said to have an effect upon students’ cyberloafing behaviours during lessons. 

In addition to the cyberloafing behavior, FoMO, accompanied by a feeling of curiosity, may lead to the 

formation of an addictive behavior as in the case of smartphone addiction.  Another study into the daily 

duration of smartphone use and the frequency with which the smartphone is used highlighted the effect of 

smartphone use upon smartphone addiction (Gokcearslan et al., 2016). According to this study, the 

frequency of smartphone use may be shown to be a sign of cyberloafing and FoMO, both of which can lead 

to smartphone addiction.  
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The findings of the study offer a way of research by which strategies can be developed in order to prevent 

smartphone addiction among university students as well as reduce the adverse effects of smartphone 

addiction on students’ academic and daily lives. University students tend to get in touch with one another 

and organize events in and out of the classroom by means of smartphones (Ting & Chen, 2020). However, 

cyberloafing (Selwyn, 2008), defined as the use of smartphones in school settings for irrelevant activities, 

has come to be seen as a problem as a result of an increase in the use of technological devices for several 

reasons. As specified in the study, this problem poses a risk for smartphone addiction. Academics and 

teachers should take certain precautions so as to prevent cyberloafing during in-class activities. There is 

every reason to believe that smartphone and cyberloafing behaviors may develop into a habit in time, which 

in turn may trigger smartphone addiction. As such, lectures and technological integration at universities 

should be updated in accordance with the structure of the Generation Z (Nagy & Kolcsey, 2017), and 

academics should make sure they have adequate communication skills and expertise in their field, being 

able to construct their lectures in a way that motivates and appeals to the students (Dursun et al., 2018; 

Ergun & Altun, 2012). In addition, the findings of the study demonstrate that cyberloafing behaviors may 

increase smartphone addiction by means of FoMO. When using social networking sites for educational 

purposes during lectures, academics should know that FoMO might carry a risk in terms of the heavy use 

of social networking sites; thus, keeping this in mind may be useful in terms of the prevention of addiction 

and the efficiency of learning in the classroom. 

5. Suggestions and Limitations 

As a result of the study, some suggestions are presented for field workers, educators, other researchers. In 

terms of cyberloafing, it is necessary to create enriched and interesting environments for the Z generation 

in addition to traditional teaching methods in the lessons of educators. In addition, attention should be paid 

to the use of social networks in lessons and not to the use of social network mechanisms that support FoMO. 

Because, considering the effects of negative situations such as cyberloafing and smartphone addiction on 

students, it would be appropriate to use technological applications that will not be triggered by FoMO in 

the lessons. It should not be forgotten that a social network application that includes extracurricular sharing 

and instant stories might cause negative effects on some students in terms of FoMO and other variables. 

Besides, in university classrooms where smartphones are freely available, moving from traditional methods 

(PowerPoint presentation, etc.) to educational environments that appeal more to the Z generation, to make 

the lessons more interesting and provide motivation, may be preventive in terms of cyberloafing. 

Other mediation models in which different mediation variables are considered rather than fear of missing 

out may be examined on the link between cyberloafing and smartphone addiction. Finally, self-report 

measures were used to collect the data. Therefore, different methods can be used to collect data in future 

studies. 

The study has certain limitations. Some institutions affiliated with the Ministry of Education have recently 

taken precautions to prevent actions associated with cyberloafing. Such measures involve switching off 

smartphones during lessons. For this reason, the study had to exclude teenagers and worked with university 

students as participants. Therefore, using different populations could be helpful to improve reliability.    
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