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ABSTRACT. This work derives an identity that maps between the 2-norm of two multiplied 2x-periodic functions
2 Lo . . .
) to the individual Fourier coefficients of f and g. Alternately, it maps between the

L2(—n,m)
2-norm of two multiplied discrete-time Fourier transforms (i.e., | F{f}).F{g} il )
of f and g. The results are equality to Cauchy—Schwarz inequality, and extend the results of our previous paper that

4 . . 4 . . X
Lnm O the Fourier coefficients of f, alternately”ﬂ {f }|| L(mm O the discrete-time samples of f.

in L? space (i.e., Hf.g

) to the discrete-time samples

map between H f ”
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1. INTRODUCTION

For a 27-periodic function f in Lebesgue space (L*), our previous paper [20] derived an identity that maps between
4
4-norm off(”f“L4

derives a similar identity that maps between L*(—, r)-norm of two multiplied functions f and g ( “ f.g“i2

) and the Fourier coefficients of £, such norm is labelled L*(—x, 7)-norm. In this paper, section 2
(_M)) and the
individual Fourier coefficients of f and g. Alternately, it maps between L*(—m, 7)-norm of two multiplied discrete-
time Fourier transforms (DTFT) .%{f} and % {g} (Hﬁ 1.7 {g}”i2 - ”)) and the individual discrete-time samples of f
and g. Furthermore, for the discrete-time discrete-frequency case, it Ymaps 2-norm of two multiplied discrete Fourier
transform (DFT) sequences to their inverse discrete Fourier transform (IDFT) sequences and vice versa, or 4-norm of
a DFT sequence to its IDFT sequence and vice versa. Section 3 shows scenarios where the results are useful in solving
for the exact value in physical problems such as comparison of energies of signals (e.g., detection and estimation) and
computing power spectrum of weighted signals (e.g., digital filters). Then, section 4 draws the overall conclusion.

Notation: A bold letter (u[n]) denotes a sequence of index n, and a non-bold (u[n]) is its n' element. A superscript
asterisk (.*) denotes conjugate transpose. The convolution operator is denoted (®) and Hadamard product denoted (©).
Contribution: The well-known Cauchy—Schwarz inequality [1,7] states (u|v) <|[ull|[v|]l,. Letw’ = yuand v/ = +/v,

then (ulv) = (w?|v?) = Y ov)? =|ju' oV i and|jull, = Vulw) = VY ju? = VZjul* =|

formulated to|ju’ o v'|[; <|[w’|[;]|v’|[5. and its integral form [4,9] to| f)g@|[5 <[l ]ls @[ 1 £0). 8(8) € L (=, ),
the identities introduced in this paper provide equality to these two forms of Cauchy—Schwarz inequality.

(=m,m)

2 . o
u’||,. The inequality is re-
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2. MaPPING OF L?(—7, )-NorRM OF Two MutrtipLIED FuNcTIONS To THEIR Fourier COEFFICIENTS

The mapping is given firstly in the case of continuous-time discrete-frequency, then in the case of discrete-time
continuous-frequency, and finally for the discrete-time discrete-frequency finite sequences.

2.1. Continuous-time 27—periodic Functions. A continuous-in-time, L'-integrable, complex-valued function f(f) is
re-constructed from its frequency components f(£) using the inverse Fourier transform [29],

f@ = f ) f©e? ' as, v teR.

If f(¢) is periodic in the interval [, 7], then it is synthesized from discrete harmonics, and the integral is reduced to a
summation resulting the famous Fourier series,

[y

f27r(t) = Z éneim, re [—ﬂ',ﬂ'],

where the Fourier coefficients ¢, are given by ¢, = 2‘—" f_ J; For(He™™ dt.
Theorem 2.1. Let f(t) and g(t) be two complex-valued functions in time t (f g : R — C), and f(1), g(t) be periodic

and have finite-length N = 2M + 1 discrete Fourier coefficients as f(f) = Y™ Ly fe™ and g(t) = Z,}Z_M D,e™, where
it, and v, are the complex Fourier coefficients, and i,, v, € C, then

- M M M M
2 2 ~ Ak Ak A ~k oY
[0 f [fo.g@f dr=2m 3 2, Y um[ D hemt vz_(m_n)w]-
- n=—M  m=—-M I=(n-m)-M I=(m-n)-M
nxm n<m
For infinite-length Fourier coefficients (i.e., M = ),
[ IO R WD ILA DI TR St |
nez mezZ leZ leZ
nzm n<m

Proof. 1t follows same steps of proof of [20, Theorem 2.1] —given also previously in [21]—, and is given again below;

fn|f(;).g(;)|2 dt :f Z i, e Z bt dt_f Z iy Z i, Z o Z olr=mH=hr gy
- - M M

n=—M T p=—M m=—

forn+l=m+k = &m0t = | andforn+1#m+k = M-kt = o¥itt where g =1,2,...,4M.

b Satn o v fn fafn Bon

n=-M m=-M I=—M n=—M m=—M = =
n+[:m+k n+l¢m+k k=l+n—m

where the exponential terms vanish after integration as the definite integral of e* is zero for the integral limits ¢t = .
For the condition on &, not all combinations of (I+n—m) satisfy k € [-M, M], so the unused combinations are excluded,

-M < k <M,
-M< l+n-m <M,
m—-n)—-M< l <M+ (m-—n). 2.1
However, -M< l <M. 2.2)
-M<I<M+(m-n), ifn>m,
Then, the valid range of s (2.1) N (2.2) = (m=mn), ifn>m
m-n)-M<I<M, ifn<m.
M M M+(m—n) M
=2r Z fiy Z ’:l:n[ Z ‘A}lf);;(n—m) + Z ‘A}lf);;(n—m)]
n=—M m=-M =M I=(m—n)-M
n=m n<m
M M M M
SN um[ 3 et Y 97_(m_n)9,].
n=-M m=-M I=(n—-m)-M I=(m—n)-M

n=m n<m
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Where the counter / was shifted down by (m — n) in the case (n > m). Moreover, for ¥, € R, it simplifies to

=2 Z i, Z Z VlVHn —m|- O

=M IHAn—m|-M

2.2. Discrete-time Functions. A function f(#) sampled at equally-spaced time instants has a continuous frequency
response f(w) periodic in the interval [—m, w]. If the real or complex discrete samples of f(¢) are represented as a
sequence x[n], then f(w) is synthesized using the discrete-time Fourier transform (DTFT) [29],

)

for(w) = Z x[nle ™, we[-mnl,

where the discrete samples x[#n] are given by x[n] = ﬁ f_ ’; fzﬂ((u)e"""” dw.
Theorem 2.2. Let f(t) = u[n] and g(t) = v[n] be two discrete funcnons sampled at equally spaced points, and have

a finite-length N = 2M + 1, where u[n],v[n] € CV, and f(w) = Y™ _,, ulnle™" and g(w) = Y™ _,, vnle™™" be the
discrete-time Fourier transform of f(t) and g(t) respectlvely, then

M M
[Fo@l, .. f (/) deo = 2 Z nl 3 [m][ D VU=l Y v i=em |
- o g
Ifv[.] € RY, then
M
(e f g do =2 Z [n] Z w'ml Y vl =ln - ml,
n=-M IHn—m|-M

For infinite-length discrete-time functions (i.e., M = c0),

f |f(w) g(a))' dw = 27(2 uln] Z [m] Z V[IV[l —|n — m|].

nez mezZ leZ

Proof. The proof follows the same steps of the proof given in theorem 2.1. O

2.3. Discrete-time Discrete-frequency Finite Sequences. The discrete Fourier transform (DFT) works on a real or
complex finite sequence in time-domain and produce a same length complex finite sequence in frequency domain,
alternately, its inverse (IDFT) works on the frequency domain sequence to generate the time domain sequence. The
analysis formula or DFT decomposes a sample in frequency domain to the contributions of every sample in time

domain, and is given by,
N-1

1
R[] = x[n]e 2N 0<k<N-1.
T

The synthesis formula or IDFT constructs a sample in time domain from the contributions of every sample in frequency

domain, and is given by,
N-1
1 )
xln]= — ) Xkl N  0<n<N-1.
2

F F
Theorem 2.3. Let u[n] «— 0[] and v[n] «<— V[«], where 0 < n,k < N — 1, be two finite sequences in CV, and

related by discrete Fourier transform (DFT) as G[k], V[«] are the DFT’s of u[n], v[n] respectively, then

) 1 N—lA N-1 N N-1 o N-1 ~ .
laewiml, = 5 ZO fk] ZO i [m[ [Z P LEIPLE - (= )] + e—szv. [€ - (= 0TI, 2.3)
) " s e
If9[.]1 € RY, then
N-1
[wovin; = Z l«] Z Tul D PERLE [k - ). 2.4)

f#K—,u|
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Proof.
, N-1 - N-1 2 an N a | 22|y 2
laovnl; =Y jwonn] 2 Y |@on «| = Z’—(u@wm 5 D |2 ik 91e -
n=0 k=0 =0 =0 | k=0

where (I) was derived using Parseval’s identity (see appendix A), (II) was derived using the convolution theorem (see
appendix B), and (/1]) was derived using relation (C.2) proposition C.1 (see appendix C) where the circular convolution
of length (N) was replaced by the linear! convolution of length (N + N — 1), where 0 < £ < 2N — 2,

2N-2 N-1 N-1 1 N-1 N-1 2N-2
- Z (Z alk] - 9LC — K])(Z @'l 0= pl) = 5 DALY Tl Y 9'LE - e .
k=0 u=0 k=0 u=0 =0

Simplify by limiting the range of ¢ to exclude unused combinations. Since the index of V[.] € [0, N — 1], then

0< ¢—-x <N-1,

k< 4 <N+k-1. 2.5)
Moreover, 0< ¢{-u <N-1,
u< 4 <SN+u-1. 2.6)

k<{<N+u-1, ifk=y,

The usable range of ¢ is (2.5) N (2.6) = .
Uu<l<N+k-1, ifx<p.

1 N-1 N-1 N+u-1 N+k—1
= Z al«] a*[u][ Z DULE — ulPll — k] + Z DU1E — ulvle - K]],
k=0 u=0 f;K {=u
K> K<

shift down the sums in the two terms inside the brackets by y and «, respectively,

N-1
- —Zumza"m [ Z UL~ =]+ ) 9*[5—(#—@]9[61].

{=Kk—p {=p—«
KZp K<p

If ¥[.] € RV, then
1

1
N

le?

N-1
alk) Y i [u] Z PLELE — |k — 1. o
u=0

[:{K /1|
Corollary 2.4. The proofof”(u 0] v)[n]”i in Theorem 2.3 applies lo||u[n]||3 by setting u[n] = v[n].

F F
Theorem 2.5. Let u[n] «<— 0[] and v[n] <— V[«], where 0 < n,k < N — 1, be two finite sequences in CV, and
related by discrete Fourier transform as u[n], v[n] are the IDFT’s of G[«], V[«] respectively, then

N-1
@ o dinl; = Z n]Zu [m][ Z VU= (e =m)] + > VL= om = vl 2.7
m=0 I=n—m I=m—-n

Ifv[.] € RN, then

[@odinl; = Z uln) Z Z [V = — ml]. 2.8)

m=0 Id4n—m|

Proof. The proof follows the same steps of the proof of theorem 2.3. O
Corollary 2.6. The proofof”(ﬁ ] V)[n]”i in theorem 2.5 applies to”ﬁ[n]”;1 by setting @[n] = v[n].

IBecause the resultant terms of the convolution are all summed -even after squared by outer product-, using linear discrete convolution equals
using circular/cyclic convolution (see (C.1) and (C.2) in proposition C.1). The former is used here for its convenience with the following calculations.
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Remark 2.7. Another famous representation of DFT that is used in engineering - and in MATLAB® - is

N-1 N-1
) 1 )
2 _ —i2nkn/N _ _ a 2nkn /N _
x[K]—nzgox[n]e , 0<k<N-1, x[n]—NKZEOx[K]e , 0<n<N-1

When this representation is used, theorem 2.3 is modified by multiplying the right hand side (RHS) in equations (2.3)
and (2.4) by 1/N?, and theorem 2.5 is modified by multiplying the RHS in equations (2.7) and (2.8) by N2.
3. APPLICATIONS

Given two deterministic signals x[¢] and y[#] observed in time and sampled as discrete-time sequences. Therefore,
their power spectral density (PSD) functions [24, pp.3] [2, pp.174] are periodic within [—, 7] and defined as,

S«H =N and S,(H=P.  where  5(f) =Y xlrle ™ and §(f)= Y ylrle "

teZ teZ

Define a cost function C(6, 9) as a function of the error €, and assume the criterion of choice to calculate € is the squared
error (i.e., € = (0 — 6)?). The estimator § that minimizes the cost C(8, ) is referred to as the minimum mean-square
error estimate (MMSE) [2, pp.357], and the corresponding cost is Cyysg = L D:O edf = L D;(9 — 0)2 df. Now, assume it
is required to calculate the cost between S ,(f) and S ,(f), then

Cuse = [ [sun-s5,00] ar.

s

which is a quartic (4"-order) function of (f) and $(f), that according to [24, pp.17] has no simple closed-form solution.
However, the introduced theorems in this work together with [20] provide a closed-form solution when x(f) and y(f)
are 2n—periodic in frequency (i.e., X[f] and y[¢] are discrete in time). For instance, assume sequence y[¢] has PSD S ,(f)
that needs to be designed as close as possible to S ,(f) in applications such as waveform/filter design [5,11,26,31] and
beamforming [12, 13,21-23,27,33,34], or to compare how close S,(f) is to S ,(f) in applications such as detection
and estimation [8, 14,17, 18, 25,28, 32] and machine learning [3, 6, 10, 15,16, 19,30]. Then, the cost is calculated as,

Cunse = [ [s20-25.08,(n+s3pfar = [ ] 5| af

F My = 2AFOID N2y +

20| = 2| +

00— 3.1)

The first and the last terms in (3.1) were solved in [20, Theorem 2.2] and the middle term was solved in theorem 2.2.
The solution is a function in the discrete—time sequences x[f] and y[f]. Similar scenario if the PSDs are replaced by
auto-correlation functions [2, pp.153] then a closed-form solution is possible using [20, Theorem 2.1] and theorem 2.1
and the solution is a function in the discrete Fourier coefficients X[ ] and [ f]. However, the computational complexity
of the RHS in these mentioned theorems are of order O(N?), which makes its usage in real-time applications critical.

4. CONCLUSION

We introduced an analytical solution to the L?>-norm of two multiplied exponential Fourier series. Theorem 2.1
maps the L2-norm of two multiplied 2r—periodic functions (i.e., finite/infinite exponential Fourier series) to their in-
dividual Fourier coefficients. Theorem 2.2 maps between the L?-norm of two multiplied DTFT to their time samples.
The introduced solutions result the exact values and avoid numerical errors happens if the integral is calculated numer-
ically. Theorems 2.3 and 2.5 extended the results to discrete-time discrete-frequency finite sequences, i.e., DFT/IDFT
respectively. However, step (/1) in proof of Theorem 2.3 made a transition from multiplication to convolution which
increased the order of computational complexity from O(N?) to O(N?), nevertheless, the accuracy of the result remains
unchanged because the functions are basically discrete. The identities are useful in physical problems such as compar-
ison of energies of signals (e.g., detection and estimation) and computing power spectrum of a weighted signal (e.g.,
digital filtering), as they result in the exact value. Besides, the identities hold equality to Cauchy—Schwarz inequality
for functions periodic in [, 7] -satisfied for discrete sequences-, a problem that appears a lot in functional analysis.
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ApPPENDIX A. Parseval’s IDENTITY

For %[«] \F 3, x[n] e 2™N and x[n] = \F . X[k] 2N where 0 < n,k < N — 1, Parseval’s identity states,
lIx[n]ll3 = ||%
Proof.
N-1 N-1 N-1 1 N-1 1 N-1 N-1
Knll? = S x[n]x'[n] = (— fc[K]e"Z"K"/N).x* (] = —— fc[K].( x*[n]e"Z"K"/N)

; ; ; N k=0 N ; n=0

1 N-1 N-1 1 N-1 N—-
= — N3« (Z x[n] *'2”“"/N) — Y #ix] (\/ﬁx[K]) Z F[K].5 k] = Z|x[;< O

N k=0 n=0 \/N k=0 k=0

APPENDIX B. THE CoNVOLUTION THEOREM

For %[«] = \/LN >, x[n] e‘iz”K"/N and x[n] = \/LN > X[k] 27N where 0 < n,k < N — 1; and the N-periodic circular
convolution ry[m] = (u @ v)y[m] = 3, u[n].vy[(m — n)yoan], where 0 < m < N — 1, the convolution theorem states

@®v)y = VN@ov).

Proof.
N-1 7
(@ V)y[m] = Z u[k]On[(m = O moan], let 6 = m — «, and v[n] «— V[6], where 0 <n,6 < N -1

k=0
N-1 N-1 1 N-1 N-1 1 N-1

— ﬁ[K].ﬁ[é‘] — ft[K].(— V[n]e*iZK(m*K)n/N) — ﬁ[K].(_ v[n]e*iZHmn/NelQﬂKn/N)
N-1 1 N-1 ) ) N-1

— (_ Z ﬁ[K]elan/N)v[n]e—127rmn/N — Z u[n] V[I’l —i2nmn/N _ \/_ @ [m O
n=0 \/_ =0 n=0

ApPENDIX C.

Proposition C.1. Let u[n] and v[n], where 0 < n < N—1, be two finite sequences in C"*N. Let their circular convolution
be given by ry[n] = (u ® v)y[n], and their linear convolution be given by r[{] = (@ ® v)[{], where 0 < € < 2N — 2. Let
r,=r[{|]andr, = [r[fz] O], where 0 < €} < N —1and N < €, < 2N — 2. Consider the fact that ry = 1| + 1, then

ZrN:Zr1+r2:Z[r[€1] r(6] o]:Zr. (C.1)
n n 14

¢

Dural = Yl = ) (I Hel + v+ 5n) = ) (RGP G + r AT G + r[6I)])

n

=Zﬁﬁm“ﬂﬂW=ZWMr%W=ZW- (€2)
4 l 14
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