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ABSTRACT
The COVID-19 pandemic disrupted higher education globally, catalyzing a rapid shift to remote learning 
modalities like online and hybrid instruction. As the post-pandemic era emerges, higher education 
institutions face the challenge of effectively implementing hybrid teaching models that blend in-person and 
online components. This study investigates the factors influencing faculty members’ behavioral intention to 
adopt hybrid teaching approaches in selected Philippine private higher education institutions. Grounded in 
the unified theory of acceptance and use of technology (UTAUT) model, the study examines the roles of 
performance expectancy, effort expectancy, social influence, facilitating conditions, hedonic motivation, price 
value, and habit. Additionally, it introduces the novel construct of technology fit use to assess the alignment 
between course technologies and faculty teaching needs. Partial least squares structural equation modeling 
analyzed survey responses from 300 faculty members across multiple institutions. The findings indicate that 
performance expectancy, social influence, hedonic motivation, price value, and habit significantly influence 
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behavioral intention, while effort expectancy and facilitating conditions have a limited impact. Moreover, 
behavioral intention predicts technology fit use and actual technology use. Age moderates the effect of 
effort expectancy on behavioral intention, while experience moderates the habit-intention relationship. The 
study provides insights for educational policymakers and technology developers to foster successful hybrid 
teaching adoption through strategies tailored to user experiences, institutional support, and technology-
pedagogy integration.

Keywords: UTAUT, hybrid teaching, PLS-SEM, Philippine private universities.

INTRODUCTION 
The global health pandemic has affected many facets of organizational practices, most significantly those 
in higher education institutions. When the international communities locked down due to the worldwide 
transmission of COVID-19 in March 2020, various operations shut down, and higher education was hard 
hit. According to Pokhrel and Chetri (2021), the pandemic has resulted in the most significant event in 
higher education ever seen in human history. Due to the virus outbreak, more than 1.6 billion students 
across over 200 countries were devastated. Many schools were closed, and those that remained open had 
to discover novel methods of instruction and learning that aligned with present requirements (Singh et al., 
2021). The learning format was abruptly shifted from traditional in-person sessions to online in response 
to an emergency. This change was made without considering the levels of expertise that both students and 
faculty members had with online technology tools (mainly related to designing and organising for better 
learning experiences and creating distinctive learning environments, with the help of digital technologies. 
With this article, we provide some expert insights into this online-learning-related PCK, with the goal of 
helping non-expert university teachers (i.e. those who have little experience with online learningLorenza 
& Carter, 2021; Rapanta et al., 2020). Thus, higher education managers were faced with the challenges of, 
among others, deciding on the most appropriate online platforms and technologies that would best cater 
to the needs and realities of both learners and faculty and the gravity of the transition from conventional 
classroom-based learning to remote, online learning, most especially in the spectrum of students’ performance 
assessment (Singh et al., 2021). While the pandemic brought tremendous changes in how education is 
practiced globally, it also gave way for education researchers to reflect on challenges and lessons learned for 
various universities and colleges to adapt in the post-vaccine world. In their 2021 study, Singh and colleagues 
pinpointed four essential areas for adapting higher education following the pandemic. These areas include 
incorporating technology, providing structural support, encouraging faculty participation, and fostering a 
sense of shared responsibility in learning.
In the Philippines, the CMO No. 04 Series was enacted by the Commission on Higher Education (2020) 
and established a new policy for flexible learning starting in the 2021 school year and continuing thereafter. 
This directive requires private higher education institutions to embrace flexible learning approaches, utilizing 
digital and non-digital technologies. However, as private higher education institutions embark on this 
transition, the demands of flexible learning present significant difficulties for faculty members in effectively 
navigating pedagogical practices and learning strategies and meeting the conditions to implement hybrid 
teaching successfully.
Students’ needs for more flexibility, as shaped by the learning process, can be addressed by flexible learning 
(Muller et al., 2023). Flexible learning is an umbrella term that refers to autonomy, which provides increased 
choice, convenience, and personalization to suit the learners (Joan, 2013). For conceptual clarity, blended 
learning integrates online tools to aid traditional in-person instruction, which often focuses on flexibility 



290

through asynchronous (self-paced) activities, while hybrid learning specifically mixes in-person education 
with access to learning tools with substantial emphasis on real-time (synchronous) and asynchronous aspects 
(Nuankaew et al., 2023). The present study adopts blended learning as the framework due to its applicability 
to encompass hybrid learning strategies used by teachers. The emphasis on hybrid learning within the 
blended learning framework aligns with the current teaching practices of educators in Philippine private 
higher education, particularly during the “next normal.” This context requires teachers to adapt to different 
modalities to meet the needs of students, blending traditional and innovative teaching methods effectively.
Hybrid learning, where professors blend online and in-person teaching – is like a new recipe in the higher 
education sector. Numerous research studies have looked into whether it works and how to make it a success, 
like trying the recipe in different kitchens. Early on, we saw how Christian colleges could find unique ways 
to blend faith-based teachings with this style (Bruner, 2007). Studies showed that well-designed hybrid 
courses increase student participation (Ernst, 2008). However, achieving the correct balance between online 
and in-person interactions is crucial (Trentin & Bocconi, 2014; Coates & Mahat, 2014).
Hybrid learning has positive results for students, making them more engaged and boosting satisfaction levels 
(Meydanlioglu & Arikan, 2014; Nava, 2015; Potter, 2015). It can even be as effective as traditional classes 
(Alpert et al., 2016), but we need supportive teachers on board with trying the technology (Young et al., 
2016). Newer ideas like “adaptive hybrid MOOCs” offer personalized experiences to improve these courses 
(Garcia-Penalvo et al., 2018). Smart tech also shows promise by tailoring online tools to specific student 
needs (Kadhim & Hassan, 2020). Importantly, designing a great hybrid model means understanding the 
culture of a school, how teachers like to teach, and the tech available (Coates et al., 2021).
Furthermore, recent insights give us clues about what makes professors embrace hybrid learning. A study in 
Romania by Potra and colleagues (2021) and in the Philippines by Barrot and his team (2021) highlighted 
the difficulties students faced during the pandemic, which teachers must be aware of. The academic world is 
also starting to see how hybrid design impacts teacher and student outcomes (Munday, 2022). Interestingly, 
hybrid work setups in which professors work from home sometimes have benefits, but there is a need to 
ensure professors have technology or tech support to feel successful (Choudhury et al., 2024). Hybrid events, 
mixing online and in-person, also seem like a cost-saving and accessible way to learn (Nechita et al., 2023).
Moreover, a significant portion of the literature on people’s adoption of new technologies is guided by 
the Unified Theory of Acceptance and Use of Technology, known as UTAUT. By examining this theory, 
researchers may obtain insights into the motivations behind students’ decisions to participate in or steer clear 
of online educational platforms. Do they think it will help them? Is it easy to use? Do their friends use it? 
(Alblooshi & Hamid, 2021). It is not just about the tech but a whole mix of factors (Qiao et al., 2021). Even 
the flipped classroom model, where students do some work before class, follows these acceptance patterns 
(Alyoussef, 2022). Moreover, especially during COVID, factors like good tech setup, social pressure, and 
whether professors truly believed online learning worked all determined who would adopt these platforms 
(Mujalli et al., 2022; Li et al., 2022).
Specifically in the Philippines, where “flexible learning” has become prominent in recent years, students 
are facing unique challenges. Researchers and other literature and studies know that having the right tech 
tools makes a difference in how well students adapt (Ulanday et al., 2021). However, not all rural areas have 
excellent internet access (Gocotano et al., 2021). It is not just students like. Colleges themselves have to be 
ready to support teachers for this kind of change (Barrera et al., 2020). Factors like internet access, student 
device ownership, knowledge of how to use tech, and even individual life situations all impact if flexible 
learning works for a given person (Cajurao et al., 2023).
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CONCEPTUAL FRAMEWORK

Figure 1. Proposed Hybrid Teaching Model

Figure 1 describes the association between performance expectancy (PE), effort expectancy (EE), social 
influence (SI), facilitating conditions (FC), hedonic motivation (HM), price value (PV), habit (HA), 
behavioral intention (BI), technology fit use (TF), and use behavior (US). The present study explores the 
effect modification pathways of age, gender, and experience between PE, EE, SI, FC, HM, PV, HA, and BI. 
The above scaffolding also determines how TF may explain the association between BI and US.

PURPOSE OF THE STUDY
With the successful rollout of Covid-19 vaccines, global economies have opened and are recovering. The 
COVID-19 cases in most countries have decreased, resulting in increased mobility and fewer restrictions 
on day-to-day activities. Thus, organizations are gradually going back to their normal. Higher education 
is no exception. While online teaching offers many advantages, it also has drawbacks (Rashid & Yadav, 
2020). In the context of post-COVID-19 vaccines, where establishments would want to imagine a future 
with workers’ performance not hindered by COVID-19, the need for higher education institutions to 
reform education and research strategies post-pandemic, aiming to attain the desired learning outcomes for 
students and uphold the standards of quality education, has intensified. One of these strategies is to blend 
the physical and virtual modality or the hybrid work. There is a rich literature on hybrid work and its impact 
on business organizations, most commonly in the business process outsourcing industries. Many colleges 
and universities have adopted hybrid work models during the pandemic. However, the teaching process, 
the learning experience, and the essential conditions for their successful implementation still lack thorough 
exploration regarding the impact of these models. Therefore, this study explored this area in the research 
questions below:

1. How do PE, EE, SI, FC, HM, PV, and HA influence BI in the context of hybrid teaching?
2. How does BI influence TF and US in the context of hybrid teaching?
3. How does TF influence US in the context of hybrid teaching?
4. How does TF mediate the relationship between BI and US in the context of hybrid teaching?
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5. How do age, gender, and length of experience act as an effect modifier on the links between:
a. PE and BI in the context of hybrid teaching?
b. EE and BI in the context of hybrid teaching?
c. SI and BI in the context of hybrid teaching?
d. FC and BI in the context of hybrid teaching?
e. HM and BI in the context of hybrid teaching?
f. PV and BI in the context of hybrid teaching?
g. HA and BI in the context of hybrid teaching?

Hypotheses Development 
Utilizing the UTAUT model as a foundational scaffolding and integrating insights from existing literature 
and the characteristics of the sample under study, this research introduces a new variable, TF (standing for 
technology fit use). Figure 1 illustrates a suggested hypothetical model for investigating the acceptance of 
hybrid teaching. Each hypothesis presented below is supported by relevant literature that underpins the 
theoretical contribution of the variables of interest in the present study.

Performance Expectancy (PE), Effort Expectancy (EE), Social Influence (SI), Facilitating 
Conditions (FC), Hedonic Motivation (HM), Price Value (PV), Habit (HA), and Behavioral 
Intention (BI) within the UTAUT in the context of Hybrid Teaching
Our examination of the factors of behavioral intentions toward hybrid education involving college students 
at three state universities in Chongqing, China, builds on the foundational research by Xie and colleagues 
(2022). This study investigated several key factors, such as perceived ease of use, perceived usefulness, 
perceived satisfaction, SI, PE, FC, and BI. The findings from their study documented that among all 
underlying factors, such as convenience of use perception, had the most significant effect on BI, notably 
influencing perceived usefulness. Furthermore, Alhramelah et al.’s (2020) examination of PE, EE, and SI 
within a blended learning context reinforces the applicability of the UTAUT model for understanding 
technology acceptance and usage in educational settings. Their study demonstrated that EE and PE 
significantly predict students’ engagement with hybrid learning. The determinants influencing intention 
and usage, including PE, EE, SI, and FC, were explored by Abbad (2021). The findings demonstrate that BI 
to use Moodle is significantly influenced by EE, underscoring the utility of the UTAUT model in analyzing 
the acceptance of e-learning systems among students. Jalil et al. (2022) researched Malaysian primary 
school teachers’ behavioral intentions regarding adopting Industry 4.0 (IR4.0) technologies. Their findings 
indicated that social influence significantly affects teachers’ willingness to incorporate IR4.0 technologies 
into their practices, aligning with UTAUT’s emphasis on SI as a crucial factor in technology acceptance. As 
explored by Mahande and Malago (2019), FC emerged as a critical contributor to e-learning acceptance, 
significantly influenced by students’ knowledge and internet speed, which duly supports the UTAUT model, 
highlighting the importance of FC in technology adoption. Moreover, Zacharis and Nikolopoulou (2022) 
documented that HM significantly influenced the student’s propensity to use eLearning platforms. They 
expanded the UTAUT2 model to incorporate constructs such as empowerment in learning and learning 
value to study this effect. In understanding price value, Twum and colleagues (2022) and Moorthy’s team 
of researchers (2019) explored the factors influencing the propensity to engage with E-learning and mobile 
learning. They identified IT-related personal innovativeness, financial cost perception, PE, HM, and SI 
as significant determinants. These findings demonstrate the multifaceted nature of factors influencing 
technology adoption. Finally, Azizi et al. (2020) explored factors influencing students’ inclination towards 
adopting blended learning, with HA significantly influencing students’ propensity to make use of blended 
learning. These studies collectively support our first research question on how PE, EE, SI, FC, HM, PV, 
and HA influence BI in terms of hybrid teaching, providing a robust foundation for our investigation into 
faculty members’ intentions toward adopting hybrid teaching methods. Given these findings, we propose 
that:
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H1. PE has a significant association with BI in the context of hybrid teaching.
H2. EE has a significant association with BI in the context of hybrid teaching.
H3. SI has a significant association with BI in the context of hybrid teaching.
H4. FC has a significant association with BI in the context of hybrid teaching.
H5. HM has a significant association with BI in the context of hybrid teaching.
H6. PV has a significant association with BI in the context of hybrid teaching.
H7. HA has a significant association with BI in the context of hybrid teaching.

Behavioral Intention and Technology Fit Use
For this study, where BI is referred to as the willingness of faculty members to embrace hybrid teaching 
methods, a new variable, Technology Fit Use (TF), is introduced. TF assesses how well the course technology 
aligns with faculty members’ specific needs and tasks within their teaching roles. TF includes evaluating 
whether the technology effectively supports their teaching objectives, aids in understanding course materials, 
facilitates active participation in teaching activities, allows for the demonstration of teaching competencies, 
provides essential technical support, ensures accessibility, and presents user-friendly features. Drawing from 
the operationalized constructs of the UTAUT, this study considers the participants’ age, education, and 
gender. Tahir’s (2023) study highlighted the impact of these variables on the intention to utilize online 
education, subsequently impacting its actual use, which is supported by numerous studies. For instance, in 
higher education, a study by Xue et al. (2024) explored mobile learning tools, such as m-learning, devices, 
and technologies, emphasizing the patterns of student acceptance and usage patterns in Asia and North 
America. However, given that TF is a novel variable, there is a gap in evidence in this area. Therefore, we 
duly propose that:

H8. BI is significantly associated with TF in the context of hybrid teaching.

Technology Fit Use and Use Behavior
In 2019, Cheng and colleagues conducted research to assess how students’ continued engagement with 
e-learning platforms (cloud-based) and their perceived learning outcomes within educational environments 
are influenced by the Task-Technology Fit, also known as TTF. It affirmed that the compatibility between task 
requirements and technological features directly affects students’ perception of TTF, reflecting technology’s 
effectiveness in supporting specific tasks within a system. As a result, this connection directly affects their 
contentment, perceived utility, and validation of the cloud-centric e-learning platform. Whether directly 
or indirectly, these perceptions influence the tendency of the students to persist in utilizing the system 
and ultimately affect their perceived learning outcomes. As mentioned, Technology Fit Use (TF) is a novel 
variable in our study. It assesses how well course technology aligns with faculty members’ specific needs and 
tasks within their teaching roles. Like TTF, TF evaluates whether the technology effectively supports teaching 
objectives, aids in understanding course materials, facilitates active participation in teaching activities, allows 
for the demonstration of teaching competencies, provides essential technical support, ensures accessibility, 
and offers user-friendly features. Since TTF is aligned with TF, we can infer that TF may also influence 
use behavior, given its focus on the fit between technology and faculty needs. Therefore, building on the 
established association between BI and use behavior (US) in previous studies, we propose the following 
hypothesis:

H9. TF is significantly associated with US in the context of hybrid teaching.

Behavioral Intention and Use Behavior
The association between BI and US is well-documented, as evidenced by several studies. For example, Xue 
(2024) and their research team carried out a review to assess how well the UTAUT model predicts the adoption 
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of technology within the context of higher education. This review predominantly involved students from 
North America and Asia, emphasizing mobile learning tools as the most frequently investigated technologies. 
The main approach for data collection was surveys, with structural equation modeling serving as the favored 
method of analysis which found that performance expectancy substantially influenced behavioral intention, 
providing valuable insights for integrating new educational technologies. The authors recommended that 
subsequent uses of UTAUT should include comprehensive research involving diverse populations, employ a 
variety of methodological approaches, and embrace different theoretical viewpoints. This approach aims to 
thoroughly explore the patterns of adopting technology in higher education and to create tailored strategies 
to integrate. Additionally, Al-Maroof et al. (2022) explored individuals’ intention to adopt blended learning 
(b-learning), where e-learning emerged as the most effective tool for managing blended learning classrooms. 
Most analyzed studies focused on investigating students’ adoption and acceptance of b-learning and its 
underlying technologies. Similarly, Granic (2022) confirmed UTAUT as a valuable framework for predicting 
and explaining user behavior toward accepting and adopting various technologies supporting learning and 
teaching processes. Given the established association between BI and US in these studies, we propose the 
following hypothesis:

H10. BI is significantly associated with US in the context of hybrid teaching.

Technology Fit Use as a Mediating Variable
As previously discussed, in 2019, Cheng investigated the impact of Task-Technology Fit (TTF) on students’ 
engagement with e-learning platforms (cloud-based) and their perceptions of learning achievements in 
educational environments. Technology Fit Use (TF) is a novel variable in our study, designed to assess how 
well course technology aligns with faculty members’ specific needs and tasks within their teaching roles. Like 
TTF, TF evaluates whether the technology effectively supports teaching objectives, aids in understanding 
course materials, facilitates active participation in teaching activities, allows for the demonstration of teaching 
competencies, provides essential technical support, ensures accessibility, and offers user-friendly features. 
Given that TTF is aligned with TF, we can infer that TF may mediate the association between BI and US. 
This suggests that the magnitude to which faculty members investigate the technology as fitting their needs 
and TF may influence how their behavioral intention translates into actual US. Therefore, building on the 
established association between BI and US in previous studies, as mentioned, we propose the following 
hypothesis:

H11. TF acts as an effect-modifying factor influencing the association between BI and US in the 
context of hybrid teaching.

Age, Gender, and Experience as Effect Modifiers
Age

The research conducted by Li and colleagues in 2021 combines the UTAUT with the concept of Connected 
Classroom Climate (CCC) to determine the factors influencing students’ intentions to persist with Massive 
Open Online Courses (MOOCs). UTAUT, drawing from eight theories, examines factors such as PE, 
EE, SI, and FC, considering a moderation variable, age. Through moderation analysis in SPSS, the study 
explores how CCC acts as an effect-modifying factor influencing the association between the variables as 
mentioned above and the intention to use MOOCs. Results reveal significant interactions between CCC and 
the core variables of UTAUT, indicating that as CCC increases, the impact of these variables on continued 
MOOC usage also increases, affirming the effect-modifying role of CCC in shaping learners’ intentions in 
this context. In a similar vein, Lin (2019) developed a customized research framework and hypotheses based 
on the UTAUT model and relevant literature, focusing on users’ intentions towards utilizing e-books. The 
empirical investigation unveiled that effort expectancy, facilitating conditions, and individual innovation 
notably influenced users’ intentions to adopt e-books. Moreover, the study emphasized the significant role 
of effort expectancy and identified the moderating factor of age influencing these associations. Additionally, 
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Nassar et al. (2019) reported that age negatively served as an effect-modifying factor influencing the association 
between SI and BI concerning ICT adoption among Palestinian administrative staff at the Ministry of 
Higher Education (MOHE). Hu et al. (2020) explored mobile technology readiness, acceptance, and uptake 
among teachers in Chinese institutions of higher education. The study highlighted that key influencers 
of academics’ intention to use and actual usage behaviors centered around PE, FC, HM, and HA. It also 
noted that behavioral intentions significantly shaped how faculty members utilized mobile technologies. 
Furthermore, age emerged as a moderating factor. Dionika et al. (2020) tested age as a moderator in the impact 
of HM on the intention to use digital public services, including various applications and sites facilitating 
access to information and administrative services. In a different context, Na et al. (2021) documented that 
age difference moderates the relationship between PV and BI in using fast food self-order kiosks among 
customers in Korea. Furthermore, Dionika et al. (2020) observed that age significantly acted as an effect-
modifying factor on the association between HA and BI toward implementing smart cities through diverse 
digital public services. Hence, based on these findings, it is proposed that:

H12a. Age acts as an effect-modifying factor influencing the association between PE and BI in the 
context of hybrid teaching. 

H12b. Age acts as an effect-modifying factor influencing the association between EE and BI in the 
context of hybrid teaching.

H12c. Age acts as an effect-modifying factor influencing the association between SI and BI in the 
context of hybrid teaching.

H12d. Age acts as an effect-modifying factor influencing the association between FC and BI in the 
context of hybrid teaching.

H12e. Age acts as an effect-modifying factor influencing the association between HM and BI in the 
context of hybrid teaching.

H12f. Age acts as an effect-modifying factor influencing the association between PV and BI in the 
context of hybrid teaching.

H12g Age acts as an effect-modifying factor influencing the association between HA and BI in the 
context of hybrid teaching.

Gender

Alghamdi et al.’s (2022) research primary objective is to identify factors influencing students’ willingness to 
embrace e-training for teaching field training courses at Imam Abdulrahman Bin Faisal University (IAU). 
Findings revealed that EE, FC, PE, and SI are key predictors of the intention of students to use e-training, 
collectively accounting for 32.1% of the variance in their BIs. Additionally, significant gender differences 
were observed in students’ perceptions of PE, FC, and SI, providing valuable insights for IAU policymakers 
to prioritize factors crucial for enhancing the acceptance of students’ e-training. The 2020 study by Jaradat 
et al. delves into the aspects that shape the willingness of students in Jordan’s higher education to integrate 
cloud computing. It specifically points out the pivotal role of EE in influencing students’ intentions toward 
cloud computing adoption. These results suggest that students lean more toward embracing cloud technology 
when they know its services are valuable and applicable across various educational aspects. Moreover, the 
study underscores the effect-modifying influence of gender on the association between PE and BI to adopt 
cloud computing. Analysis indicates that the influence of EE on BI is particularly pronounced in older 
respondents, implying that males, recognizing the utility of cloud computing for improving performance 
in the workplace, lean toward adopting this technology. In the study introducing the Unified Technology 
Acceptance and System Success (UTASS) model by Zhang et al. (2022), which considers gender a significant 
effect modifier found through the analysis of structural equation modeling that system quality, SI, and FC 
positively influence BI.
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Additionally, no significant association was observed between FC, BI, and US, with only gender as an effect 
modifier being evident. These findings indicate that system quality and SI have a greater impact on male 
college students. Moreover, Mojarro Aliano et al. (2019) aimed to pinpoint the key factors impacting the 
acceptance and willingness to utilize smartphones and tablets for educational purposes in higher education 
environments. Furthermore, the moderation of these factors by socio-demographic variables, such as gender, 
was explored. Gender differences were evident in perceived FC, with women showing a stronger association 
than men. In addition, significant variations were observed in usage intentions, with men exhibiting a 
greater inclination towards usage than women. According to Dakduk and Santalla-Banderali (2018), blended 
learning in executive education is more likely to be accepted by men than women. The study found that 
40% of the variance in BI is accounted for by the combined effect of HM and gender, with the association 
between HM and BI being more substantial in men than women, as indicated by the negative and significant 
effect modifier of gender. In the same vein, Wong et al. (2020) documented that gender moderated the 
relationships between price value and mobile internet adoption among mobile network service subscribers 
in suburban areas in Malaysia. Additionally, Dionika et al. (2020) found that gender significantly acted as 
an effect-modifying factor on the association between HA and BI to implement smart cities through various 
digital public services, including apps and websites for accessing administrative services and information. 
Hence, according to the findings above, we propose that:

H13a. Gender serves as an effect-modifying factor influencing the association between PE and BI in 
the context of hybrid teaching. 

H13b. Gender serves as an effect-modifying factor influencing the association between EE and BI in 
the context of hybrid teaching.

H13c. Gender serves as an effect-modifying factor influencing the association between SI and BI in 
the context of hybrid teaching.

H13d. Gender serves as an effect-modifying factor influencing the association between FC and BI in 
the context of hybrid teaching.

H13e. Gender serves as an effect-modifying factor influencing the association between HM and BI 
in the context of hybrid teaching.

H13f. Gender serves as an effect-modifying factor influencing the association between PV and BI in 
the context of hybrid teaching.

H13g. Gender serves as an effect-modifying factor influencing the association between HA and BI in 
the context of hybrid teaching.

Experience

The study by Chang et al. (2019) revealed that experience plays a significant role in moderating how SI 
and PV affect customers’ intentions to book hotels online. This result was observed among clients from 
17 international hotels in different cities throughout Taiwan. In 2019, Aliyu and collaborators identified 
the vital moderating role of experience on how PE and SI relate to BI toward adopting new digitally-aided 
learning technologies in virtual and blended learning environments among business students in Malaysia. 
Izkair and Lakulu’s study (2021) confirmed that the moderator variable of experience influences EE, SI, 
and PE regarding the inclination toward adopting mobile learning among students and academic personnel 
across three state universities in central Iraq. Wang and Yang’s research (2005) revealed that experience with 
the internet, alongside neuroticism, acted as effect modifiers on the association between FC and the intention 
to adopt online stock trading in Taiwan. Dionika et al. (2020) investigated how experience acted as an effect 
modifier between HM and the intention to use digital public services, including various applications and 
websites enabling access to information and administrative services. Umami and Irawan (2021) documented 
that experience served as an effect-modifying factor on the association between HA and the intention to 
use the Regional Property Management Information System (SIMBMD) within a regional government in 
Indonesia. Therefore, grounded on the documented findings, we propose that:
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H14a. Experience acts as an effect-modifying factor influencing the association between PE and BI 
in the context of hybrid teaching. 

H14b. Experience acts as an effect-modifying factor influencing the association between EE and BI 
in the context of hybrid teaching.

H14c. Experience acts as an effect-modifying factor influencing the association between SI and BI in 
the context of hybrid teaching.

H14d. Experience acts as an effect-modifying factor influencing the association between FC and BI 
in the context of hybrid teaching.

H14e. Experience acts as an effect-modifying factor influencing the association between HM and BI 
in the context of hybrid teaching.

H14f. Experience acts as an effect-modifying factor influencing the association between PV and BI 
in the context of hybrid teaching.

H14g. Experience acts as an effect-modifying factor influencing the association between HA and BI 
in the context of hybrid teaching.

METHODS
Research Design, Sampling, and Respondents 
The study utilized a quantitative predictive-causal research design with a cross-sectional sample. Purposive 
sampling was used to select faculty members from selected private institutions of higher education in 
the Philippines. A priori power analysis performed with the G*Power software established the minimum 
required sample size. As a result, the minimum sample size required was determined to be 253. This analysis 
considered a medium effect size of 0.15, an alpha level of 0.05, a statistical power of 0.95, and the inclusion 
of 28 predictors. The researchers collected 300 valid responses, exceeding the minimum recommended 
sample size, thereby ensuring the reliability of the hypothesis testing outcomes.

Instrument
The study used a revised and expanded model of the Unified Theory of Acceptance and Use of Technology 
(UTAUT2), as gleaned from Venkatesh and colleagues in 2012, alongside insights from Sun’s 2016 study 
titled “Multi-dimensional alignment between online instruction and course technology: A learner-centered 
perspective.”
Ensuring the reliability and validity of the underlying constructs is crucial during evaluating the measurement 
model and instrument. The authors used Cronbach’s alpha (α) and composite reliability (CR) for reliability 
assessment for these constructs. Furthermore, convergent and discriminant validity are examined in the 
validity assessment process.
In the assessment of the reliability of latent constructs, it is required that the values of Cronbach’s Alpha 
(α) and Composite Reliability (CR) should be no less than 0.70, as stated by Kock (2014). As gleaned on 
the results in Table 1, all latent variables – PE (α = 0.916, CR = 0.941), EE (α = 0.913, CR = 0.939), SI 
(α = 0.909, CR = 0.943), FC (α = 0.876, CR = 0.915), HM (α = 0.948, CR = 0.966), PV (α = 0.884, 
CR = 0.966), HA (α = 0.892, CR = 0.933), BI (α = 0.927, CR = 0.954), use (α = 0.906, CR = 0.935), 
and TF (α = 0.936, CR = 0.949) passed the internal consistent tests.
According to Kock and Lynn (2012) and Kock (2014), in order to be established as having convergent 
validity, it is required for the average variance extracted (AVE), as well as the factor loadings of latent 
constructs to be 0.50 or higher. Moreover, for significance to be attributed, a p-value of 0.05 or lower must 
be had by each factor loading. According to the values reflected in Table 1 – PE (AVE = 0.799), EE (AVE = 
0.793), SI (AVE = 0.846), FC (AVE = 0.730), HM (AVE = 0.906), PV (AVE = 0.812), HA (AVE = 0.823), 
BI (AVE = 0.873), use (AVE = 0.783), and TF (AVE = 0.726) exhibit convergent validity. (see Table 1 for 
the complete list of reliability, convergent validity, and factor loadings). 



298

Data Collection Procedures
The necessary approvals were obtained from various private higher education institutions before the pilot 
study. After the pilot study, the clarity of the items was evaluated to determine whether the participants 
could understand them easily. The data collection process occurred from June to July of 2023. The research 
instrument was distributed using Google Forms, and participants’ email addresses were collected for tracking 
purposes. The form’s URL included an electronic consent form and the research instrument. All the data 
gathered from the forms were compiled into a single Google Spreadsheet, which was used for statistical 
analyses using WarpPLS. 

Ethical Considerations
Informed consent was duly obtained from the participants via Google Forms, facilitating consent collection 
online. The participants were duly informed about the research objectives, duration of participation, 
as well as the procedures involved. Participants were assured of their rights to maintain anonymity and 
confidentiality. To ensure confidentiality, the researchers assigned numerical codes to identify participants. 
Information about the potential risks and benefits of the study was provided to the participants, who were 
also made aware of their right to withdraw from the study at any time they wished. We shared our contact 
information with the participants for any concerns or inquiries about the study. Data were securely stored 
and processed. Through a Google Spreadsheet, accessible exclusively to us. The collected data was used solely 
for the study. Additionally, we obtained permission from the appropriate institutional authorities from the 
selected private institutions of higher education before conducting the study, with funding provided by the 
Philippine Association of Private Schools, Colleges, and Universities (PAPSCU) and the Private Education 
Assistance Committee (PEAC) under Grant No. Proj-3-2022-23.

Data Analysis
In the present study, particularly in hybrid teaching, Performance Expectancy (PE) can be defined as the 
teachers’ perception of the advantages and positive outcomes of using this approach, as they anticipated. 
Effort Expectancy (EE) pertains to the preference for an easy-to-understand application that maximizes the 
advantages of hybrid teaching. Social Influence (SI) is the perception that using hybrid teaching is approved 
and influenced by peers, thereby influencing a faculty member’s intention to participate. As to Facilitating 
Conditions (FC), it is the impact of having the necessary knowledge and resources for hybrid teaching. 
Hedonic Motivation (HM) reflects the pleasure of using hybrid teaching, while Price Value or PV considers 
the worth attributed to its implementation. Habit (HA) signifies the automatic execution of behaviors 
related to hybrid teaching, and Behavior Intention (BI) denotes faculty members’ willingness and subjective 
expectations regarding its use in their teaching practices. These factors, PE, EE, SI, FC, HM, PV, and HA, 
shape faculty members’ decisions and actions regarding adopting and utilizing hybrid teaching methods as 
expressed in BI. 
The Partial-Least Square or PLS-SEM was used to assess how PE, EE, SI, FC, HM, price value, and HA 
influence BI in the context of hybrid teaching and determine if BI influences TF and US in the context of 
hybrid teaching and assess how TF influence US in the context of hybrid teaching. Mediation analysis was 
used to assess how TF acts as an effect modifier on the association between BI and US in the context of 
hybrid teaching.
Simple Moderation and Multigroup Analysis were used to determine and confirm if age, gender, and length 
of experience act as an effect modifier on the links between:

a. PE and BI in the context of hybrid teaching,
b. EE and BI in the context of hybrid teaching,
c. SI and BI in the context of hybrid teaching,
d. FC and BI in the context of hybrid teaching,
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e. HM and BI in the context of hybrid teaching,
f. PV and BI in the context of hybrid teaching,
g. HA and BI in the context of hybrid teaching. 

The association among the variables of interest was examined using WarpPLS 8.0 software, aligning with the 
research problems and objectives.

RESULTS AND DISCUSSION
We utilized Partial Least Squares-Structural Equation Modeling (PLS-SEM) to examine the suggested 
correlations thoroughly. The process involved two primary phases: firstly, we rigorously assessed the 
measurement model to ensure its validity and reliability, and secondly, we thoroughly evaluated the 
structural model to understand the relationships between the constructs (Lacap, 2019; Lacap, 2020; Lacap 
& Sicat, 2022).

Measurement Model Assessment
Validity is evaluated by conducting tests for convergent as well as discriminant validity. Additionally, reliability 
is measured using Cronbach’s alpha and composite reliability (CR) for latent constructs. The reliability and 
validity of the latent constructs are to be evaluated when the measurement model is being assessed.
In measuring the reliability of the latent constructs, the values of Cronbach’s Alpha (α) and CR must be 
at least 0.70 (Kock, 2014). As gleaned from the results in Table 1, all latent variables – PE (α = 0.916, 
CR = 0.941), EE (α = 0.913, CR = 0.939), SI (α = 0.909, CR = 0.943), FC (α = 0.876, CR = 0.915), 
HM (α = 0.948, CR = 0.966), PV (α = 0.884, CR = 0.966), HA (α = 0.892, CR = 0.933), BI (α = 
0.927, CR = 0.954), US (α = 0.906, CR = 0.935), and TF (α = 0.936, CR = 0.949) passed the internal 
consistent tests.
For convergent validity, latent constructs with factor loadings of at least 0.50 and average variance extracted 
(AVE). Additionally, for each factor loading to be considered significant, the p-value must be equal to or less 
than 0.05 (Kock & Lynn, 2012; Kock, 2014). Again, gleaning from the findings in Table 1, the AVE values 
for PE, EE, SI, FC, HM, PV, HA, BI, US, and TF were 0.799, 0.793, 0.846, 0.730, 0.906, 0.812, 0.823, 
0.873, 0.783, and 0.726, respectively, exhibit convergent validity.

Table 1. Reliability and convergent validity

Latent constructs and 

Items
Factor 

loading

Average 
variance 

extracted
α (CA) C.R.

Performance expectancy 0.799 0.916 0.941

I find hybrid teaching useful in my daily teaching. 0.875

Using hybrid teaching increases my chances of achieving things that are 
important to me. 0.901

Using hybrid teaching helps me accomplish things more quickly. 0.897

Using hybrid teaching increases my productivity. 0.902

Effort expectancy 0.793 0.913 0.939

Teaching how to use hybrid teaching modality is easy for me. 0.894

My interaction with hybrid teaching is clear and understandable. 0.898

I find hybrid teaching easy to use. 0.902

It is easy for me to become skillful at using hybrid teaching. 0.869
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Social influence 0.846 0.909 0.943

People in the academe think that I should use hybrid teaching. 0.903

People who influence my behavior think that I should use Hybrid teaching. 0.932

People whose opinions that I value prefer that I use hybrid teaching. 0.923

Facilitating conditions 0.730 0.876 0.915

I have the resources necessary to use hybrid teaching. 0.874

I have the knowledge necessary to use hybrid teaching. 0.905

Hybrid teaching is compatible with other technologies I use. 0.854

I can get help from others when I have difficulties using hybrid teaching 0.780

Hedonic motivation 0.906 0.948 0.966

Using hybrid teaching is fun. 0.951

Using hybrid teaching is enjoyable. 0.961

Using hybrid teaching is very entertaining. 0.943

Price value 0.812 0.884 0.928

The cost of hybrid teaching is reasonable. 0.867

Hybrid teaching is worth the institution’s investment. 0.922

In the next normal hybrid teaching is a good value for teachers and students. 0.914

Habit 0.823 0.892 0.933

Hybrid teaching has become a normal part of my teaching practice. 0.899

I must use hybrid teaching. 0.909

Hybrid teaching has become natural to me. 0.914

Behavioral intention 0.873 0.927 0.954

I intend to continue using hybrid teaching in the future. 0.919

I will always try to use hybrid teaching in my daily academic life. 0.939

I plan to continue to use hybrid teaching frequently. 0.944

Use 0.783 0.906 0.935

I use the hybrid teaching when teaching in class. 0.910

I consider myself a regular user of hybrid teaching. 0.946

I prefer to use LMS when necessary. 0.784

I do most teaching tasks using hybrid teaching. 0.891

Technology fit use 0.726 0.936 0.949

Course technology helps me reach prescribed learning objectives 0.873

Course technology facilitates my understanding of instructional materials 0.907

Course technology allows me to participate in learning activities 0.897

Course technology lets me demonstrate acquired competencies 0.840

Technical support is available when needed. 0.739

Course tools are readily accessible. 0.847

Course tools are user-friendly in general. 0.850

Note: All item loadings are significant (p < 0.001). α-Cronbach’s alpha, C.R.- Composite Reliability



301

To assess the discriminant validity of the latent components, the study used the heterotrait-monotrait ratio 
of correlations (HTMT). In order to assert that the model has discriminant validity, the HTMT ratio 
requirement of 0.90 must be reached, according to Gold et al. (2001). All latent constructs have HTMT 
ratios of less than 0.90, indicating that discriminant validity was attained, according to the data in Table 2.

Table 2. HTMT ratios for discriminant validity

PE EE SI FC HM PV HA BI US TF

PE

EE 0.756

SI 0.779 0.749

FC 0.669 0.843 0.592

HM 0.731 0.689 0.690 0.581

PV 0.818 0.760 0.770 0.719 0.750

HA 0.812 0.723 0.798 0.641 0.743 0.893

BI 0.834 0.706 0.787 0.644 0.775 0.827 0.847

US 0.750 0.706 0.835 0.568 0.767 0.849 0.818 0.870

TF 0.734 0.697 0.659 0.700 0.671 0.842 0.857 0.699 0.736

Note: PE-performance expectancy; EE-effort expectancy; SI-social influence; FC-facilitating conditions; HM-
hedonic motivation; PV-price value; HA-habit; BI-behavioral intention; US-use; TF-technology fit use. 

Structural Model Assessment

Figure 2. Structural Model of Hybrid Teaching
*As for the results of Moderating effects, refer to Table 3 and Table 5.
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The structural model’s evaluation includes assessing the path coefficients, p-values, standard error, and effect 
sizes (Lacap & Sicat, 2022). The results from the structural model evaluation are showcased in Figure 2 and 
Table 3.
The findings revealed that PE with a beta coefficient of 0.246 (p < 0.001, f2 = 0.190), SI with a beta 
coefficient of 0.144 (p = 0.006, f2 = 0.104), HM with a beta coefficient of 0.212 (p < 0.001, f2 = 0.155), PV 
with a beta coefficient of 0.118 (p = 0.019, f2 = 0.088), and HA with a beta coefficient of 0.257 (p < 0.001, 
f2 = 0.200) showed significant effect on BI, with effect sizes ranging from small to medium. Therefore, H1, 
H3, H5, H6, and H7 are supported. 
The research identifies five significant predictors: PE, SI, HM, PV, and HA. Each of these elements 
demonstrated a measurable impact on behavioral intentions, with effect sizes ranging from small to medium. 
Specifically, PE, which relates to the anticipated performance benefits of hybrid teaching, showed a strong 
correlation with BI (β = 0.246), highlighting its critical role in faculty decisions. In the Philippines, adopting 
the hybrid teaching model can be effectively analyzed through various psychological and behavioral factors. 
The results from the recent study highlight significant predictors that influence educators’ and students’ 
BI toward this blended approach. PE, for example, the magnitude to which an individual believes their 
job performance will be improved by using the system, showed a strong positive relationship (β = 0.246, 
p < 0.001, f2 = 0.190). This infers that the more useful the hybrid model is perceived to be in enhancing 
learning and teaching effectiveness, the greater the likelihood of its acceptance and sustained use. SI and 
HM are also crucial factors. SI, which reflects how an individual understands that important others (like 
peers or authorities) believe they should use the new system, had a notable impact (β = 0.144, p = 0.006, 
f= 0.104). This suggests that in the educational context, encouragement or approval from colleagues and 
the educational community can significantly sway an individual’s decision to engage with hybrid teaching 
methods. Similarly, HM, which refers the fun or pleasure of using the technology, also plays a significant role 
(β = 0.212, p < 0.001, f2 = 0.155). This underscores that enjoyment and satisfaction from interactive and 
versatile learning environments can enhance commitment to hybrid models.
Moreover, factors like PV and HA further reinforce BI. PV (β = 0.118, p = 0.019, f2 = 0.088) indicates 
the financial cost-effectiveness of adopting hybrid models compared to traditional or fully online systems. 
HA (β = 0.257, p < 0.001, f2 = 0.200), or the magnitude to which people tend to perform behaviors 
automatically because of learning, shows the strongest influence. The results are congruent with the study 
of Xie et al. (2022), where many variables correlate with behavioral intentions, which is the influence of 
the UTAUT model. Consequently, Alhramelah et al. (2020) revealed that there are intrinsic and extrinsic 
variables that are similar to PV and HA that also reinforce the UTAUT model by Venkatesh et al. (2007) 
for understanding technology acceptance and usage in educational settings, more specifically in e-learning 
and mobile learning modalities as revealed by both studies of Twum et al. (2022) and Moorthy et al. (2019).
On the contrary, EE with a beta coefficient of 0.041 (p = 0.240) and FC with a beta coefficient of 0.055 
(p = 0.168) showed no significant influence on BI. Thus, H2 and H4 are not supported. The study reveals 
that EE, or the ease users expect to interact with the hybrid system, does not significantly impact their BI 
(β = 0.041, p = 0.240). This infers that the perceived simplicity or complexity of using hybrid teaching 
technologies might not be a primary concern for educators and students. It is possible that faculty members 
are either sufficiently confident in their ability to manage the technology or that other factors, such as the 
quality of outcomes and the support from their peers or colleagues, or even the students’ ability to adapt, 
overshadow concerns about ease of use. Similarly, FC, referred to as the extent to which it is believed by an 
individual that an organizational and technical infrastructure is in place to support the use of the system, 
also showed no significant impact on BI (β = 0.055, p = 0.168). This could indicate that the users might not 
see the availability of resources and support as a limiting factor, possibly because the existing conditions are 
already adequate, or because personal motivation and institutional culture play more decisive roles in the 
acceptance and effectiveness of hybrid teaching.
These findings are insightful as they suggest a shift in focus from what is traditionally considered critical 
barriers to technology adoption, the ease of use and support structures, to more integral aspects such 
as intrinsic motivation, the perceived value of the technology, and cultural factors within educational 
institutions. This shift could guide future strategies in implementing hybrid teaching models, emphasizing 
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enhancing educational quality and user engagement over merely addressing technical and support concerns. 
This could imply that other factors, such as HA and HM, are more pivotal in shaping BI in this educational 
context. This contrasts with the study of Mahande and Malago (2019), that facilitating conditions, emerged 
as a key contributor to e-learning acceptance, significantly influenced by students’ knowledge and internet 
speed. Additionally, Abbad (2021) and Alhramelah et al. (2020) conducted contrasting results studies. Their 
findings demonstrate a significant predictive relationship between students’ willingness to participate in 
blended learning and the BI to use Moodle, with EE being a significant influencing factor. This underscores 
the importance of the UTAUT model in elucidating the adoption of e-learning platforms among faculty 
and students.
Furthermore, BI was found to have a significant impact on technology with US (β = 0.656, p < 0.001, f2 = 
0.430) and on use (β = 0.620, p < 0.001, f2 = 0.430), with large effect sizes. Thus, H8 and H10 are supported. 
These findings underscore the critical role that educators’ and students’ willingness or intent to engage with 
hybrid teaching technologies play in perceiving them as appropriate for their needs and their practical 
application and integration into daily educational practices. This relationship indicates a dynamic where 
positive BI toward hybrid teaching tools significantly enhances the perceived alignment of these technologies 
with educational goals and their actual utilization in educational settings. As such, these insights should 
guide educational policymakers and administrators in emphasizing strategies that foster positive attitudes 
towards hybrid teaching to maximize the effective deployment and utilization of such technologies. Thus, 
the results can be supported by the study of Tahir (2023), which highlighted the influence of these factors 
on the propensity to adopt online education, subsequently impacting its actual use. It is also congruent 
with the research done by Xue et al. (2024), which shed light on the patterns of adopting mobile learning 
tools, including m-learning devices and technologies within higher education, are being examined, with a 
particular emphasis on how students in Asia and North America accept and utilize these tools.
A significant and positive relationship between TF and US was further revealed by the analysis of the 
data (β = 0.276, p < 0.001, f2 = 0.189), characterized by a medium effect size. Hence, H9 is supported. 
This outcome highlights the practical implications that when educators perceive technology as suitable 
and fitting well with their teaching modalities, it naturally leads to higher usage rates. This relationship 
underscores the importance of aligning technological tools with educational goals and teaching practices 
to enhance their adoption and effective integration into the educational process. Therefore, for educational 
technology developers and institutional policymakers, ensuring that technology solutions are available 
and appropriately tailored to meet the specific needs of hybrid teaching environments is crucial for their 
successful implementation and utilization. The results affirmed the study conducted by Cheng (2019) that 
the compatibility between task requirements and technological features directly affects students’ perception 
of TTF, reflecting technology’s effectiveness in supporting specific tasks within a system.
It was indicated by the mediation analysis that the use of technology served as a mediator in the association 
between BI and actual US (β = 0.181, p < 0.001, f2 = 0.145), with a small effect size being shown. Therefore, 
H11 is supported. This mediating effect suggests that merely having a strong intention to use hybrid teaching 
technologies is not enough for actual usage; the technology must also be perceived as appropriate and 
effective for the specific teaching context. This result emphasizes the necessity for educational institutions 
and technology developers to not only foster positive BI towards hybrid teaching technologies but also 
ensure that these technologies are perceived as fitting the teaching and learning needs. This dual focus can 
potentially increase the actual usage of technology in educational settings, thereby enhancing the effectiveness 
of hybrid teaching strategies. Consequently, it appears that Cheng (2019) revealed how Task-Technology 
Fit (TTF) influences students’ use of e-learning platforms using cloud-based technology and their perceived 
outcomes related to learning in educational settings. Lastly, as previously mentioned, TF is a novel variable 
in our study, designed to assess how well course technology aligns with faculty members’ specific needs and 
tasks within their teaching roles.
To measure the interaction effects of age and length of experience of the respondents on the hypothesized 
relationships, this study performed a simple moderation analysis. The findings revealed that age is shown 
to have an effect-modifying role in the link between EE and BI (β = 0.125, p = 0.014, f2 = 0.028) with a 
small effect size. This signifies that, as the age of the respondents increases, the positive association between 
EE and BI strengthens. Thus, H12b is supported. This moderation effect underscores the variability in 
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technology adoption across different age groups. Older users may require a more precise understanding and 
demonstration of ease of use before they form a strong intention to engage with new teaching technologies. 
This insight is crucial for implementing hybrid teaching strategies, suggesting that training and support 
systems should be tailored to general user needs and consider age-specific preferences and requirements. 
Enhancing EE through targeted support could effectively strengthen BI among older educators, thereby 
fostering more inclusive and effective adoption of hybrid teaching modalities. This is also similar to the study 
of Lin (2019), which found that there is a significant role of EE and identified moderating factors such as 
age, gender, and educational background influencing these associations. Additionally, and in support of the 
results, Nassar et al. (2019) documented that age negatively acts as an effect modifier on the relationship 
between SI and BI. In another context, Dionika et al. (2020) tested age as a moderator in the impact of 
HM on the intention to use digital public services, including various applications and sites facilitating access 
to information and administrative services. In another different context, Na et al. (2021) found that age 
difference moderates the relationship between PV and BI in using self-order kiosks in fast-food restaurants.
Similarly, length of experience was also found to have an effect-modifying role on the link between HA and 
BI (β = 0.153, p = 0.004, f2 = 0.053) with a small effect size. This indicates that, as the length of experience 
of the respondents rises, the positive link between habit and behavioral intention becomes stronger. Hence, 
H14g is supported. These findings suggest that experienced faculty members are more inclined to adopt 
hybrid teaching methodologies when the technologies align with their established pedagogical practices. 
For seasoned instructors, the integration of new tools must complement, rather than disrupt, their existing 
workflows. This underscores the importance of tailoring implementation strategies to consider faculty 
experience levels for successful technology adoption within the hybrid teaching model. The results align with 
the study of Aliyu et al. (2019) where experience significantly affects the PE or social pressures in a hybrid or 
blended and virtual learning. Izkair and Lakulu (2021) as well as Dionika et al. (2020) similarly found that 
university instructors’ experience levels influenced their assessment of new mobile learning technologies, 
particularly the ease of use, SI, and anticipated outcomes. 

Table 3. Direct, mediating, and moderating effects

Hypothesis Path 
coefficient p-value Standard error Effect size Decision

Direct effects

H1. PE → BI 0.246 <0.001 0.056 0.190 S

H2. EE → BI 0.041 0.240 0.057 0.026 U

H3. SI → BI 0.144 0.006 0.056 0.104 S

H4. FC → BI 0.055 0.168 0.057 0.032 U

H5. HM → BI 0.212 <0.001 0.056 0.155 S

H6. PV → BI 0.118 0.019 0.057 0.088 S

H7. HA → BI 0.257 <0.001 0.055 0.200 S

H8. BI → TF 0.656 <0.001 0.052 0.430 S

H9. TF → US 0.276 <0.001 0.055 0.189 S

H10. BI → US 0.620 <0.001 0.052 0.430 S

Mediating effect

H11. BI → TF → US 0.181 <0.001 0.040 0.145 S

Moderating effects

H12a. Age*PE → BI -0.049 0.196 0.057 0.017 U

H12b. Age*EE → BI 0.125 0.014 0.057 0.028 S

H12c. Age*SI → BI 0.015 0.396 0.058 0.005 U

H12d. Age*FC → BI 0.054 0.172 0.057 0.014 U

H12e. Age*HM → BI 0.089 0.059 0.057 0.021 U

H12f. Age*PV → BI -0.064 0.131 0.057 0.010 U
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H12g. Age*HA → BI -0.000 0.500 0.058 0.000 U

H14a. EXP*PE → BI 0.036 0.266 0.057 0.010 U

H14b. EXP*EE → BI -0.007 0.449 0.058 0.002 U

H14c. EXP*SI → BI 0.082 0.075 0.057 0.024 U

H14d. EXP*FC → BI 0.024 0.340 0.058 0.004 U

H14e. EXP*HM → BI 0.056 0.162 0.057 0.015 U

H14f. EXP*PV → BI 0.049 0.196 0.057 0.011 U

H14g. EXP*HA → BI 0.153 0.004 0.056 0.053 S

Note: S-supported; U-unsupported. Effect sizes evaluation (Cohen, 1988): 0.02 – small; 0.15 – medium; 0.35 
– large. 

Multigroup Analysis
To analyze the moderating effects of respondent’s sex (male vs. female), multigroup analysis (MGA) was 
performed. 
Before performing MGA, a robustness test using measurement invariance was conducted. Measurement 
invariance testing is utilized to make sure that the scrutiny of the measurement model under various 
circumstances result to same representations of the same latent variables (Hair et al., 2010). In MGA, a 
measurement invariance test is required (Memon et al., 2019). In the present study, constrained latent 
growth with loadings using WarpPLS 8.0 was the analysis method used to gauge measurement invariance 
(Kock, 2014). As seen in Table 4, all items used in the present study showed no significant difference in 
loadings’ absolute latent growth coefficients. Hence, measurement invariance was not detected in the model 
(Kock, 2022). 

Table 4. Measurement invariance test

Item ALGC for loadings p-value T-ratio

PE1 0.009 0.871 0.163

PE2 0.008 0.889 0.140

PE3 0.013 0.816 0.233

PE4 0.014 0.803 0.249

EE1 0.019 0.748 0.322

EE2 0.023 0.689 0.400

EE3 0.011 0.843 0.198

EE4 0.007 0.901 0.124

SI1 0.007 0.903 0.121

SI2 0.010 0.857 0.180

SI3 0.004 0.950 0.062

FC1 0.007 0.907 0.117

FC2 0.005 0.934 0.083

FC3 0.028 0.627 0.486

FC4 0.029 0.619 0.498

HM1 0.001 0.992 0.010

HM2 0.007 0.907 0.117

HM3 0.006 0.913 0.109

PV1 0.028 0.630 0.481

PV2 0.009 0.870 0.164

PV3 0.017 0.771 0.290

HA1 0.002 0.969 0.039
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HA2 0.006 0.921 0.099

HA3 0.003 0.952 0.060

BI1 0.015 0.799 0.254

BI2 0.006 0.921 0.099

BI3 0.009 0.881 0.149

US1 0.010 0.862 0.174

US2 0.031 0.588 0.542

US3 0.017 0.774 0.288

US4 0.029 0.617 0.500

TF1 0.037 0.516 0.650

TF2 0.007 0.900 0.126

TF3 0.024 0.673 0.421

TF4 0.039 0.498 0.678

TF5 0.001 0.991 0.012

TF6 0.027 0.636 0.474

TF7 0.010 0.862 0.173

Note. ALGC – absolute latent growth coefficients; p – p-value, two-tailed.

Since the absence of measurement invariance was already established, MGA using constrained latent growth 
method using WarpPLS 8.0 was executed. Through MGA, differences in the hypothesized relationships 
(H13a-H13f ) between respondent’s sex (male vs. female) may be measured. Table 5 highlights the outcomes 
of the moderation analysis using MGA, and the results showed no moderating effects in all hypothesized 
relationships. Hence, H13a to H13g are not supported. This outcome suggests that the influence of PE, 
EE, SI, FC, HM, PV, and HA on the BI to use hybrid teaching technologies is consistent across different 
sexes. These findings are significant as they indicate that sex-based differences do not need to be a primary 
concern in designing and implementing hybrid teaching strategies. Policymakers and administrators can 
thus focus on factors that universally affect all users rather than tailoring interventions specifically by sex. 
This could streamline efforts in technology adoption and training processes, ensuring that resources are 
allocated efficiently across the diverse body of educators and students in the private higher education sector 
in the Philippines. The results are similar to the past study of Zhang et al. (2022), which considers moderator 
variables such as gender and significance; it was found through structural equation modeling analysis that 
system quality (SQ), SI, and FC positively influence BI, whereas information quality (IQ) does not. Also, 
both Dakduk and Santalla-Banderali (2018), Wong et al. (2020), and Dionika et al. (2020) documented 
that gender acted as an effect modifier on the association between habit and behavioral intention significantly 
across different contexts and industries.

Table 5. Multigroup analysis (MGA)

Hypothesis
Male

β

Female 

β
ALGC T-ratio p Decision

H13a. SEX*PE → BI 0.275 0.227 0.013 0.228 0.410 Unsupported

H13b. SEX*EE → BI 0.086 0.000 0.020 0.348 0.364 Unsupported

H13c. SEX*SI → BI 0.124 0.057 0.042 0.728 0.233 Unsupported

H13d. SEX*FC → BI 0.039 0.058 0.008 0.147 0.442 Unsupported

H13e. SEX*HM → BI 0.230 0.257 0.003 0.059 0.476 Unsupported

H13f. SEX*PV → BI 0.196 0.191 0.005 0.095 0.462 Unsupported

H13g. SEX*HA → BI 0.165 0.121 0.027 0.476 0.317 Unsupported

Note: p-p-value (one-tailed); β-path coefficient; ALGC-absolute latent growth coefficient.
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CONCLUSION
This study examined the factors that influence the willingness of faculty members to adopt a hybrid learning 
approach in private higher education institutions. hypothesized framework in the study was anchored in the 
combined construct of the Unified Theory of Acceptance and Use of Technology and Technology Fit Use. 
Findings revealed that PE, SI, HM, PV, and HA are significant predictors of the BI of faculty members to 
adopt the hybrid learning approach. In contrast, the dimensions of EE and FC reported limited impact on 
the perceived willingness of faculty members in technology adoption in hybrid learning approach. These 
findings revealed that ease of use in adopting technology and technological requirements may potentially 
vary in terms of the specific circumstances of the users and the enabling environment present in their 
institutions. Thus, the willingness to adopt the hybrid learning model may be particularly influenced by the 
technological environment and training programs provided by the institutions in private higher education. 
Additionally, the study presented the significant impact of positive perceived experiences on the key 
determinants of actual technology use in fostering behavioral intention among faculty members. This 
necessitates the importance of understanding user experiences and intention to ensure the effective integration 
of new technologies in a hybrid setting. 
Furthermore, the study highlighted the moderating factor of Technology Fit Use in the association between 
users’ behavioral intentions and their actual use of technology. Therefore, the need to customize the 
technological solution is advised to facilitate the effective implementation of the hybrid learning approach. 
This finding highlights that aligning technology with user requirements encourages adoption and ensures its 
integration into daily operations and contextualized approaches.
Lastly, the moderating role of demographic factors such as age and professional experience posits further 
understanding and alignment of strategies in adopting the technology for a hybrid learning approach. 
Ease of use in adopting technological innovation is more evident for older faculty members than younger 
counterparts. Similar findings were noted with more professional experience tend to adhere strongly to 
adopting technology, emphasizing an increased level of significant habitual use in technology engagement. 
These insights can guide developing effective technology adoption strategies in fostering the effective 
adoption of hybrid learning modalities within private higher education institutions.

Implications
This study is not just about how things worked in one specific Philippine university; it has implications 
for how the faculty members understand and implement hybrid learning everywhere. The researchers built 
a model that shows what makes faculty members agree to this way of teaching. This model highlights the 
specific things that affect how professors experience hybrid learning, offering schools a roadmap on how to 
make this style a success. In addition, findings show that what matters most is how well it supports teachers’ 
goals and aligns with what they consider important. 
This research supports the findings of prior research, indicating that favorable experiences with technology 
tend to enhance willingness and engagement. The proposed theoretical model can be useful in building 
insights and understanding of the gaps in future research exploring how the convergence of technological 
capabilities and pedagogical needs influences adoption and usage behaviors. The hypothesis posits that 
enhanced congruence with technological tools boosts both the motivation to utilize them and their actual 
use, thereby fostering more effective implementation of hybrid teaching models.
This study has significant implications for administrators and policymakers in Philippine private higher 
education. Factors presented in the study can aid the administrators in formulating strategies for customizing 
the technology integration and addressing the needs of faculty members for an effective hybrid learning 
approach. Understanding the importance of Technology Fit Use provides educational institutions with a 
construct to evaluate and design professional development programs and resource allocation to support 
effective hybrid teaching practices.
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Limitation
This study identifies particular limitations that need to be addressed in subsequent studies. The investigation 
is limited to a single geographical focusing on the faculty members from private higher education institutions 
in the Philippines, which potentially limits the generalizability of the findings to other academic settings 
such as public universities and colleges. Thus, future research should aim to include a diverse number of 
participants across various academic institutions. Moreover, other factors, such as economic conditions, 
sociocultural norms, and institutional policies were not explored in the study. 
To address these limitations, future research must employ a combination of quantitative and qualitative 
methods by augmenting the current instrument with in-depth interviews or focus group discussions, allowing 
deeper insights into contextual factors that shape the faculty experiences and perceptions in the hybrid 
learning model. Moreover, the framework proposed in this can be expanded by including socio-economic 
and cultural considerations to improve the reliability and relevant application across various settings.
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