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-Abstract-

There is a growing concern about the impact of country risk rating on financial
institutions due to increased political, financial and economic risk. This study
utilizes the autoregressive distributed lag (ARDL) model and the Toda—
Yamamoto approach of Granger causality test to analyse the long and short
run effects of economic, financial and political components of country risk on
credit extended to the South African private sector. The results indicate that
there is a negative long-run relationship between credit extension and
country risk. In the short-run, credit extension is mainly affected by its
previous changes, with a limited effect from financial and economic risks.
The causality analysis showed that previous changes in country risks do not
Granger-cause changes in current credit extension, but that credit extension
Granger-causes the economic and financial risks. The study concluded that
changes in country risk have a long-term implication on credit extended to the
South African private sector.
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1. INTRODUCTION

Country risk ratings are among the most important indicators of a country’s
financial health and its ability to meet its sovereign debt obligations. The ratings
are based on a broad range of criteria that includes economic, financial and political
factors (The PRS Group 2017), which have a bearing on the private and public
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sectors’ ability to attract international capital finance. Improvements in a country’s
transparency, information control and sovereign risk levels are often associated
with increases in capital inflows, and improvements in the extent of financial
development and integration of the local financial markets with global capital
markets, hence creating stable conditions for credit extension (Kim & Wu, 2008).
Predicting the effects of country risk ratings is therefore high on the agenda of
practitioners and policymakers. This paper seeks to contribute to the empirical
literature on country risk ratings by establishing the direction of causality between
country risk and credit extension, and evaluating the short run and long run impact
of such a risk.

The effects of credit ratings have significant implications for financial stability and
financial market integration. Academic studies have found country risk ratings to
have an impact on the international cash flows and cost of capital (Cantor &
Packer, 1996; Kaminsky & Schumkler, 2002; Brooks, Faff & Hillier, 2004),
financial markets behaviour (Kaminsky & Schmukler, 2002) and financial
institution asset allocation decisions (Bofondi, Carpinelli & Sette 2013; Apergis,
Payne & Toumas, 2011). In addition, ratings can have a direct impact on the
domestic private sector creditworthiness, as the determinants of country risk tend
to influence the supply and cost of international capital flows (Reinhart & Rogoff,
2004).

Although the effects of ratings has been studied extensively, particularly in
developed economies, the literature examining the effects on the private sector is
limited. To fill this gap, the paper explores the interactions between a country’s
risk rating and private sector credit in the South African context. This study uses
the autoregressive distributed lag (ARDL) model and the Toda—Yamamoto
approach of Granger causality test to analyse the long- and short-run effects of
economic, financial and political components of country risk on credit extended to
the South African private sector from 1995 to 2015.

2. LITERATURE REVIEW

Country risk ratings enable investors to make rational decisions, which minimises
their risk and increase their profitability. In the literature, sovereign credit ratings
have been found to consist of various components of a country’s debt history and
macroeconomic factors (Cantor & Packer, 1996). A low level of country risk would
typically indicate a low probability of default on sovereign debt, with a high risk
level indicating a high probability of default. Ratings agencies often determine the
ratings based on observations, and current information about a country’s economic,
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financial and political health (Boot, Milbournand & Schmeits, 2006). Changes in a
country’s credit ratings typically result in interest rates adjustments, which affect
capital flows (Reinhart & Rogoff, 2004; Kim & Wu, 2008). Therefore, credit
ratings have the potential to change a country’s economic and financial state
(Cantor & Packer, 1996; Kaminsky & Schumkler, 2002; Brooks et al., 2004).

Empirical research has generally focused on the influence of country risk ratings on
financial markets (Cantor & Packer, 1996; Kaminsky & Schumkler, 2002; Brooks
et al., 2004). Cantor & Packer (1996) found that the short-term effects of sovereign
credit rating announcements significantly influences the market’s perception of
sovereign risk. Hence, economic proponents and policy makers have singled out
credit rating agencies as one of the contributors to fluctuations in financial markets.
Further evidence by Kaminsky & Schumkler (2002) suggests that credit ratings can
be procyclical, such that ratings upgrades occur when markets are in an upturn, and
downgrades occur when there is a downturn, therefore contributing to economic
fluctuations. The impact of ratings changes were also found to be asymmetrical by
Brooks et al. (2004), who found that a sovereign rating upgrade had a non-
significant effect on abnormal stock returns, whereas rating downgrade effects had
a negative and significant impact on domestic stock markets. When sovereign
ratings fall, thus alluding to high country risk levels, investors are inclined to move
their capital investments from the high-risk countries characterised by political
uncertainty, financial instability and economic volatility, to countries with lower
country risk (Kaminsky & Schumkler, 2002).

Country risk ratings are an important tool used by domestic and international
investors to make profitable investment decisions (Reinhart & Rogoff, 2004; Kim
& Wu, 2008). According to Reinhart & Rogoff (2004), sovereign credit ratings have
a significant influence on the inflow of capital, particularly for emerging markets.
The study found evidence in support of a strong link between political risk and
capital flows to developing countries. When investigating the role of sovereign
credit ratings on financial market development indicators in emerging countries,
Kim & Wu (2008) found that sovereign ratings measures have a short-term effect
on measures of financial sector developments and international capital flows. They
found a positive relationship between capital inflows and long term sovereign
ratings improvements. In contrast, they found an improvement in sovereign ratings
in the short term to be detrimental to financial market development and capital
inflows.
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Governments and domestic financial institutions seek better risk ratings to gain
access to international capital markets, where investor preference for rated
securities out-weighs their preference for unrated securities (Cantor & Packer,
1996). The ratings assigned by rating agencies are also an important determinant of
ratings assigned to domestic governments and their private sectors. Thus, the level
of credit extended to the domestic private sector tends to be influenced by changes
in a country’s risk ratings. Bofondi et al. (2013) examined the causal effect of
sovereign rating crisis periods on credit supply, and found that domestic banks
tightened their supply of credit following a sovereign crisis and increased the cost
of credit more than foreign banks. Apergis et al. (2011) investigated the impact of
ratings upgrades and downgrades on a bank’s asset classes, profitability, leverage
and size over one year and two year periods following ratings changes. The study
found that the effects of a rating downgrade were more severe and had long-term
effects on banks when compared to upgrades. Furthermore, Apergis et al. (2011)
found that lending supply and profitability increased one year following a rating
upgrade and reduced following a rating downgrade. Banks have a higher appetite
for risk when they believe there is a high probability of recovering the debt and the
losses associated with downgrades deter banks from taking on more risk.

Despite the critical link, there is limited empirical evidence establishing the impact
of changes in country risk ratings on credit extension to the private sector,
specifically in the South African context. This relationship is important, particularly
for emerging markets, where domestic banks hold a significant number of
government bonds in their books, with defaults having the potential to result in a
credit crunch (Borensztein & Panizza, 2008). While the literature provides useful
insight into the impact of sovereign credit ratings, it does not however consider the
impact of each component of country risk on credit extension to the private sector.

3. METHODOLOGY
3.1. Sample and data description

Time series data of 252 monthly observations from January 1995 to December 2015
was employed for empirical analysis. The sample period coincides with a period in
which economic structural changes were introduced, following the democratisation
of South Africa in 1994.The variables, used in the analysis, include credit extension
to the private sector and three main components of country risk, namely: political,
financial, and economic risks (the PRS Group, 2017). Credit extension is measured
by the total credit extended to the South African private sector (households and
private firms) by all monetary institutions (South African Reserve Bank, SARB,
2017). It mainly includes factors such as mortgage loans, instalment sale credit,
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leasing finance, bills discounted and credit cards (Van Der Walt, 1997). The three
broad categories of country risk rating consist of 22 indicators, with political risk
comprising 12 (with 15 subcomponents), and financial and economic each
comprising five (the PRS Group, 2017). The Political Risk index is based on 100
points, Financial and Economic Risk both based on 50 points, with a high index
being associated with low risk (Howell, 2011). The description of all variables and
abbreviations used in the study are summarised in Table 1.

Table 1. Summary description of the variables

Abbreviation Variable name Description Measurement Data source
CE Credit Total credit extended to Millions of rand South African
extension the private sector (in real values) Reserve Bank

PR Political risk South Africa’s Political Index of 100 The PRS Group
risk index points

ER Economic Risk  South Africa’s Economic Index of 50 ThePRS Group
risk index points

FR Financial risk South Africa’s Financial Index of 50 The PRS Group
risk index points

3.2. Models specification

The autoregressive distributed lag (ARDL) model was used to analyse the long- and
short-run effects of the economic, financial and political components of country
risk on credit extended to the South African private sector. Using the variables listed
in Table 1, we express the credit extension function as follows:

CE = f(PR, ER, FR) (1)

Where PR is political risk index, ER is economic risk index and FR is financial risk
index. As the aim of this study was to test both the short- and long-run responses of
credit extended to the selected variables, the ARDL model was selected because it
uses a single equation to estimate these relationships (Pesaran & Shin, 1998). The
ARDL can also be utilised when all variables are 1(0), I(1) or a combination of I(0)
and I(1) variables (Pesaran, Shin & Smith, 2001). Additionally, the ARDL model
permits the use of a different number of optimal lags for each variable
(Habanabakize & Muzindutsi, 2016). The following ARDL model was generated
from the function in Equation 1.

ALCE; = oo+ YF_; o; ALCE,_; + Y- B;ALPR,_; + X¥_( L, ALER,_; +
Y oVjALFR,_; + 8;LCE;_y + 8,LPRy_y + 83LER,_1 + 84,LFR,_1 + u; (2)

Where: LCE is the log of real credit extension; LPR is the log of the political risk
index; LER is the log of the economic risk index and FR is the log of financial risk
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index. «;, 8;,v;j,4; and (Sj are the coefficients to be estimated and t refers to the
specific time period. «; and u;, represent the intercept and the error terms,
respectively.

The hypotheses to test for cointegrating relationship between the variables in
Equation 2 were set as follows:
e Null hypothesis (Ho) - there is no co-integration: §; = §,=63 = 6, =0

e Alternative hypothesis (H1)- there is a co-integration: §; # 8, # 63 # 84 # 0

Using Wald F-statistics, an ARDL bounds test was carried out to test the null
hypothesis by comparing the estimated F-statistics to the upper and lower bounds
critical values from Pesaran et al. (2001). In this study, the estimated F-values were
compared to the critical value automatically estimated by E-Views 9. If the
calculated F-value was greater than the upper critical value, Ho would be rejected,
and the conclusion would be that a cointegrating relationship exists between the
variables. However, if the lower critical value was found to be greater than the
estimated F-value, the Ho would not be rejected, suggesting the absence of
cointegration between the variables. If the estimated F-statistics was between the
upper and lower critical values, the results would be inconclusive and additional
information would be required in order to ascertain the cointegration between the
variables (Muzindutsi & Manaliyo, 2016). The presence of cointegration between
credit extension and components of political risk would suggest that there is a long-
run relationship between these variables, which would require the estimation Error
Correction Model (ECM). The ECM equation derived from our ARDL model in
Equation (2) is as follows:

ALCE; = <o+ X4 o; ALCE,—; + Y- B;ALPR,_; + X¥_o L, ALER,_; +
?:0 Y;ALFR._j + ou,_1 + e, 3)

Where u;_; is the error correction term (ECT) and ¢ is the ECT coefficient that
measures the speed of adjustment towards equilibrium.

The literature (Apergis et al. 2011; Bofondi et al., 2013) suggests that there may be
a causal link between credit extension and the country risk rating, implying that a
causality analysis may be necessary. Furthermore, if two or more time-series are
cointegrated, then there must be Granger causality between them, either one-way
or in both directions. Thus, if the ARDL model establishes the cointegrating
relationship, causality analysis can then be conducted. The ordinal Granger
causality test by Granger (1969) assumes that variables are integrated of the same
order and may provide invalid results if the variables have a different order of
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integration (Toda & Yamamoto, 1995). Thus, the Toda—Yamamoto (T-Y) approach
of Granger causality test is used when variables have a different order of integration.
This approach minimises the risk of computing incorrect results resulting from
disparities in the order of integration and sample size (Mavrotas & Kelly, 2001).
The following equations estimated the T-Y test:
LCE, = ay+ Xy frj LCE,— j+ Biii® Pri LCE i+ Tj_yy1;LPR,_; +
AR Y uLPRe_ + XK1 81, LER,_j+ TSN 6 LER, _; +
S joaAjLFRe 7+ BT AL FRe; + e @)

LPR; = ay+ X5 1 Boj LCE,_ i+ NiHn™ By LCE,_ i+ X5 _1y2,LPR,_; +
KXy LPR_; + Y _1 85 ;LER,_;+ YIAAMO* 5, LER, _; +
YK 1A LFR_j+ TIHIM* A, LFR, ; + €5, (5)

LER, = az+ YX_; Bsj LCE,_ j+ DA Bay LCE_i+ Y5 _1y3;LPR,_; +
Ky 3 LPR_; + X _1 83;LER,_j+ YIS 65, LER,_; +
Z?=1/13LFRt—jjL Z?:I?ﬁax%iLFRt—i + e3¢ (6)

LFR, = ay+ X¥_; Baj LCE,_j+ NIEN™ Bai LCEe_i+ X1 VajLPR,_; +
e YaiLPRe_ + X5 84 LER,_j + TSN 6, LER,_; +
Y1 A4jLFRe_j+ IR A4 LF R + ey 7

where dmax denotes the maximal order of integration for all variables. In this
model, the seemingly unrestricted regression, and the modified Wald (MWALD)
test, were used to test the Ho null hypothesis that the coefficients of the lagged
values of each independent variable (in each of equations 4 to 7) are zero, with the
Ho rejection supporting the presence of Granger causality. Before interpreting the
results, diagnostic tests for normality, parameter stability, autocorrelation and
heteroscedasticity were carried out to ensure the ARDL and T-Y models met the
basic econometric assumptions.

4. RESULTS AND DISCUSSION
4.1. Results of unit root and stationarity tests

Table 2 presents the results from unit root testing of the underlying variables, which
are based on the Augmented Dickey-Fuller (ADF) and Kwiatkowski-Phillips-
Schmidt-Shin test statistic (KPSS) tests. The ADF test tests the Ho that a variable
has unit root against the H; that the variable is stationary. The KPSS test tests the
Ho that a variable is stationary against the H; that the variable is not stationary.
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Table 2: Results of unit root test

ADF (t-stats) KPSS (LM values)

. Levels 1st Difference Levels 18 f)rder . of
Variable Model Difference integration
LCE Constant  -1.51292 -5.9184™ 2.0346™"  0.47817

Trend -0.94880 -6.08534™" 0.2766™"  0.14899 I(1)
LER Constant  -2.70103 -16.529™" 0.4748"™  0.04914

Trend -2.96579 -16.501™" 0.2003"  0.03703 I(1)
LFR Constant  -4.2629™"  —eeeemev 0.1369  ——memee-

Trend R A —— 0.1386  -mmememeee- 1(0)
LPR Constant  -2.3079 -14.068™" 0.8682""  0.06397

Trend -2.5376 -14.054™" 0.17308  0.04488 I(1)

(***), (**) indicate the rejection of the Ho at the 1% and 5% level of significance, respectively
Note: A series is stationary if the ADF test rejects the Ho and the KPSS test does not reject the Ho.

The results from the ADF test shows that the Ho, for the three variables (LCE, LER,
and PR) cannot be rejected at levels. At first differences, the Ho for LCE, LER, and
PR is rejected, meaning these three variables are integrated of order one. The KPSS
test also confirms that these three variables are integrated of order one, I(1), while
LFR is integrated of 0, 1(0). Therefore, the ARDL model can be used to analyse the
data, as none of the variables are integrated of two, I(2). The next step was therefore
to use bound co-integration to test for the existence of a long-run relationship
between the variables.

4.2. Long-run analysis

The bound co-integration under ARDL was used to test the presence of the long-
run relationship, with ARDL (5, 2, 0, 2) being selected based on the Akaike
Information criteria. This model was estimated with a trend and intercept, and the
results of the bound co-integration displayed in Table 3. The F-statistic is found to
be greater than the upper bound value at the 0.05 significance level, implying that
the Ho for no co-integration was rejected. This indicates a long-run relationship
between real credit extension and the three components of country risk, suggesting
that long-run coefficients should be analysed.

Table 3: Results of ARDL Bounds Test

F-statistic 5.415314

Critical Value Bounds

Significance Lower Bound Upper Bound
10% 3.47 4.45

5% 4.01 5.07

2.5% 4.52 5.62

1% 5.17 6.36
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LCR =-12.41 + 3.665LER + 1.729LFR + 1.477LPR + 0.0102@Trend (8)

The long-run coefficients in Equation 8 show that all the three components of
country risk have a positive effect on real credit extension, with the economic risk
index contributing more than other risk indices. In the long-run, when the economic
risk index increases by one percent, the real credit extension increases by 3.665
percent. Similarly, a one percent increase in the financial risk index leads to an
increase of 1.729 percent in real credit extension. In the long-run, a one percent
increase in political risk index results in a 1.477 percent increase in real credit
extension. Given that the increase in the risk index implies a decline in country risk,
the observed positive long-run relationship suggests that real credit extension
increases as country risk decreases. This means that the increase in the country risk
level has an adverse effect on the credit extended to the private sector. These
findings are similar to those from other studies (Apergis et al., 2011; Bofondi et al.,
2013), which found a significant long-term relationship between credit rating and
bank lending.

4.3. Short-run relationships

After establishing a long-run relationship, the ECM was estimated to determine the
short-run dynamics, with the results in Table 4 showing that ECT is negative and
significant at 0.05 significance level. The coefficient of -0.014752 suggests that
approximately 1.48 percent of the deviations from equilibrium are eliminated each
month. It therefore takes about 67.57 (1/0.0148) months (approximately 5.6 years)
to restore the long-run equilibrium in real credit extension, when the components
of country risks are considered. This speed of adjustment in the real credit extension
is low suggesting that it takes time to restore the disequilibrium caused by changes
in country risk. Short-run coefficients show that credit extension is affected by its
own lags (lags 2 to 4) and the current changes in the components of the country risk
index. However, the effect of lags of the components of country risk index on the
real credit extension seems to be negative, suggesting that previous changes in
country risk index have a negative effect on current changes in credit extension.

Table 4: ECM results

Variable Coefficient Std. Error t-Statistic  Prob.
D(LCE(-1)) -0.090678  0.063699 -1.423548  0.1559
D(LCE(-2)) 0.145948  0.061620 2.368539 0.0187
D(LCE(-3)) 0.187476  0.061855 3.030869 0.0027
D(LCE(-4)) -0.154159 0.063354 -2.433308  0.0157
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D(LER) 0.025062  0.032229 0.777608 0.4376
D(LER(-1)) -0.067480 0.031779 -2.123440  0.0348
D(LFR) 0.025511  0.014286 1.785765 0.0754
D(LPR) -0.125560 0.053852 -2.331591  0.0206
D(LPR(-1)) -0.119305 0.053888 -2.213962  0.0278
@TREND 0.000151  0.000072 2.096853 0.0371
ECT -0.014752  0.006818 -2.163713  0.0315

4.4. Causality between the credit extension and components of country risk

The presence of the cointegrating relationship suggests that there should be at least
one causal relationship between real credit extension and the three components of
country risk. As we had a combination I(0) and I(1) series, the T-Y Granger
causality was used to test for causality between the variables. Using the information
criteria three lags were selected and the T-Y model (in equations 4 to 7) was
estimated with three lags!. The results displayed in Table 5, indicate that the lags of
the three risk indices can be excluded from the LCE equation (column 2). This
suggests that real credit extension is not Granger-caused by the country risk indices.
However, real credit extension Granger-causes economic and financial risks as its
lags cannot be excluded from the equations of economic and financial risks. There
is also a two-way causal relationship between the financial and political risks. These
results imply that previous changes in financial and economic risks have no effect
on current changes in credit extension, but that previous changes in real credit
extension lead to changes in current economic and financial risks. Thus, these
results suggest that real credit extension may affect the economic and financial risks
in the short-run. This finding differs from that of Apergis et al. (2011), who
documented evidence of a short-run impact of risk ratings on bank credit extension
but not the other way round. They explain that a ratings downgrade causes banks to
reduce lending in the short-run in order to reduce credit risk exposure. Our findings
therefore suggest that in the South African context, economic and financial risks
are sensitive to short-run changes in credit extension.

! The number of lags in T-Y model was selected by the information criteria in VAR system.
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Table 5: Results of T-Y Granger causality test (Chi-square and P-values)

Dependent variable

Excluded lags LCE LER LFR LPR
LCE 7.93888 7.934652 0.775460
---------- (0.0473) (0.0474) (0.8553)
0.700786  ——re- 3.030143 1.247428
LER (0.8730) (0.3870) (0.7417)
517713 4398492 e 19.43726
LFR (0.1593)  (0.2215) (0.0002)
LPR 4851103 7.084189 1054212 o

(0.1830)  (0.0693)

(0.0145)

P-values in brackets

4.5. Diagnostic tests

Residual diagnostic tests and stability tests were conducted to check the robustness
of our results from the ARDL and T-Y models. Table 6 summarises the results of
the diagnostic tests for the estimated ARDL model. The Hy for no heteroscedasticity
and no serial correlation cannot be rejected, indicating that the residuals are
homoscedastic and are not autocorrelated. The Ramsey RESET test shows that the
model is correctly specified, and the CUSUM and CUSUMSQ graphs indicate that
the parameters in the model are stable, implying that the relationship between real
credit extension and the components of country risk was consistent throughout the
sample period. Thus, the presence of major economic or financial events, such as
the 2008 financial crisis, did not affect the consistency of the estimated relationship.

The T-Y results also passed all diagnostic tests.

Table 6: Results of diagnostic tests

Test Null hypothesis (Ho) P-values Decision

White No conditional 0.4591 (F) Do not reject Ho
Heteroscedasticity Test  heteroscedasticity 0.4444 (Chi-Square)

Breusch-Godfrey Serial No serial correlation 0.374 (F) Do not reject Ho

Correlation LM Test

0.3509 (Chi-Square)

Jarque-Bera (JB) Normality in residuals

0.0975

Do not reject Hy

Ramsey RESET Test The model is correctly 0.2085 (F) Do not reject Ho
specified

CUSUM The model is stable at 0.05 significance level.

CUSUMSQ The model is stable at 0.05 significance level.

5. CONCLUSION AND RECOMMENDATIONS

Credit is vital for economic activity as individual households borrow to smooth
consumption and purchase assets such as homes. Credit is also pivotal to firms that
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often require credit to finance investments or improve their productivity. Thus,
credit extension to the domestic private sector plays an important role in promoting
an economy by empowering companies and households to realise their investment
goals. Such extension of credit requires a sound financial system, which permits
credit suppliers to access funds. However, there is a growing concern about the
impact of country risk rating on financial institutions due to increased political,
financial and economic risks both locally and globally. South Africa has been
experiencing increase country risks due economic and political uncertainty, with
evidence suggesting that changes in country risks may have severe implications on
credit extended to the private sector. This study used the ARDL model and the T-
Y approach of Granger-causality test to ascertain whether a relationship exists
between credit extension to the South African private sector and the various
components of country risk.

Our findings established a long-run relationship between the real credit extension
and the components of country risk, where credit extended to the private sector
increases as the levels of country risk decrease. Thus implying that economic,
financial and political stabilities are crucial for creating a suitable environment for
credit extension to households and firms. When comparing the effects of the three
main components of country risk, we found that economic risk tends to have a larger
long-run effect on credit extended to the private sector. This evidence emphasises
the important role of economic certainty in ensuring a sustainable financial system
to facilitate credit extension.

The short-run findings revealed that credit extension is mainly affected by its
previous changes, with limited effects from financial and economic risks. Our
findings showed that previous changes in country risks do not Granger-cause
changes in current credit extension, but that credit extension Granger-causes
economic and political risks. This suggest that, in the short-run, credit extension
does play a role in a country’s economic and financial stability. Overall, changes in
country risk have a significant implication on credit extended to the South African
private sector, as maintaining a good risk grade may assist in creating a favourable
lending environment. South African policy makers should therefore strive to
maintain a healthy risk grade in order to ensure a stable credit extension in the
financial system. Future research can extend the model used in this study to explore
how the changes in country risk affect other factors of the private sector, such as
the private consumption.

163



INTERNATIONAL JOURNAL OF ECONOMICS AND FINANCE STUDIES
Vol 9,No 2,2017 ISSN: 1309-8055 (Online)

REFERENCES
Alexander, C. (1998). Risk management and analysis: measuring and modelling
financial risk. London: Wiley.

Apergis, N., Payne, J.E. & Tsoumas, C. (2011). Credit Rating Changes’ Impact on
Banks: Evidence from the US Banking Industry. MPRA Paper 35647.

Bofondi, M., Carpinelli, L. & Sette, E. (2013). Credit supply during a Sovereign
Debt Crisis. Bank of Italy Temi di Discussione Working Paper 909.

Boot, A.W., Milbourn, T.T. & Schmeits, A. (2006). Credit Ratings as Coordination
Mechanisms, Review of Financial Studies, 19, 81-118.

Borensztein, E., Cowan, K. & Valenzuela, P. (2013). Sovereign Ceiling ‘Lite’? The
Impact of Sovereign Ratings on Corporate Ratings in Emerging Market Economies.
Journal of Banking & Finance, 37(11), 4014-4024.

Borensztein, E. & Panizza, U. (2008). The Costs of Sovereign Default. IMF
Working Paper 08/238.

Brooks, R., Faff, R.W., Hillier, D. & Hillier, J. (2004). The national market impact
of sovereign rating changes. Journal of Banking and Finance, 28(1), 233-250.

Cantor, R. & Packer, F. (1996), Determinants and Impact of Sovereign Credit
Ratings. Economic Policy Review, 2(2), 37-54.

Datz, G. (2004). Reframing development and accountability: the influence of
sovereign credit ratings on policy making in developing countries. Third World
Quarterly, 25(2), 303-318.

Habanabakize, T. & Muzindutsi, P.F., (2016). Cross-Sector Analysis of a Dynamic
Interaction between Investment Spending and Job Creation in South Africa:
Application of ARDL Model. The 28th Annual Conference of the Southern African
Institute of Management Scientists (673-685), Pretoria, 04-07 September 2016.

Granger, C.W. (1969). Investigating causal relations by econometric models and
cross-spectral methods. Econometrica: Journal of the Econometric Society, 424-
438.

Howell, L.D. (2011). International country risk guide methodology. East Syracuse,
NY: PRS Group.

Kaminsky, G. & Schmukler, S.L. (2002). Emerging market instability: do sovereign
ratings affect country risk and stock returns? The Word Bank Economic Review, 16,
171-195.

164



INTERNATIONAL JOURNAL OF ECONOMICS AND FINANCE STUDIES
Vol 9,No 2,2017 ISSN: 1309-8055 (Online)

Kim, J. & Wu, E. (2008). Sovereign credit ratings, capital flows and financial sector
development in emerging markets. Emerging Markets Review, 9(1), 17-39.

Mavrotas, G. & Kelly, R. (2001). Old wine in new bottles: Testing causality
between savings and growth. The Manchester School, 69(s1), 97-105.

Mian, A. & Sufi, A. 2010. The Great Recession: Lessons from Microeconomic
Data. The American Economic Review, 100 (2), 51-56.

Mora, N. (2006). Sovereign credit ratings: Guilty beyond reasonable doubt?
Journal of Banking and Finance, 30, 2041-2062.

Muzindutsi, P.F. & Manaliyo, J.C. (2016) Effect of Political Risk Shocks on
Tourism Revenue in South Africa: Time Series Analysis. International Journal of
Business and Management Studies, 8(2), 170-186.

Pesaran, M.H. & Shin, Y. (1998). An autoregressive distributed-lag modelling
approach to cointegration analysis. Econometric Society Monographs, 31,371-413.

Pesaran, M.H., Shin, Y. & Smith, R. (2001). Bounds testing approaches to the
analysis of level relationships. Journal of Applied Econometrics, 16(3), 289-326.

Popov, A.A. & Van Horen, N. (2013). The impact of sovereign debt exposure on
bank lending: Evidence from the European debt crisis.

Reinhart, C.M. (2001). Sovereign Credit Ratings Before and After Financial Crises.
NBER Working Paper.

Reinhart, C.M. & Rogoff, K.S. 2004. Serial default and the ‘paradox’ of rich-to-
poor capital flows. American Economic Review, 94, 53-58.

Sari, R., Uzunkaya, M. & Hammoudeh, S. (2013). The relationship between
disaggregated country risk ratings and stock market movements: An ARDL
approach. Emerging markets finance and trade, 49(1), 4-16.

South African Reserve Bank (2017). Online historical macroeconomic time series.
https://www.resbank.co.za/Research/Statistics/Pages/Statistics-Home.aspx.
Accessed 2016/12/05.

The PRS Group. (2017). The International Country Risk Guide (ICRG)
http://epub.prsgroup.com/products/international-country-risk-guide-icrg. Accessed
November 2017).

Toda, H.Y. & Yamamoto, T. (1995). Statistical inference in vector autoregressions
with possibly integrated process. Journal of Econometrics, 66(1), 225-250.

165



INTERNATIONAL JOURNAL OF ECONOMICS AND FINANCE STUDIES
Vol 9,No 2,2017 ISSN: 1309-8055 (Online)

Van Der Walt, S.J., (1997). Bank credit to the private sector. SARB Quarterly
Bulletin. https://www.resbank.co.za/.../Article%20-% 20Bank%?20credit% 20to%

20the%?20privat. Accessed 2017/02/03.

166



