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Abstract

Macrophages are essential components of the immune system’s response to tumors, engaging in
intricate interactions shaped by factors such as tumor type, progression, and the surrounding mi-
croenvironment. These dynamic relationships between macrophages and cancer cells have become a
focal point of research, as scientists seek innovative ways to harness the immune system, including
macrophages, for cancer immunotherapy. In this study, we introduce a novel model that examines the
interaction between tumor and macrophage cells. We provide an in-depth analysis of the equilibrium
points and their stability, as well as a thorough investigation into the solution properties of the model.
Moreover, by incorporating a stochastic approach, we account for inherent randomness and fluctua-
tions within the system, offering a more comprehensive understanding of tumor-immune dynamics.
Numerical simulations further validate the model, providing key insights into how stochastic elements
may influence tumor progression and immune response.

Keywords: Stochastic differential equations; numerical approximations; tumor model; stability analy-
sis

AMS 2020 Classification: 26 A33; 34A34

1 Introduction

Tumor is the Latin word for swelling and is currently used to describe cancer. Cancer is a disease in
which the body’s own cells can grow uncontrollably, invade tissues, and cause specific problems.
There are two subgroups of tumors called benign and malignant. Malignant tumors, widely
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known as cancer, affect millions of people each year [1], and treatment regimens have diversified
over decades. Yet, cancer and its treatments must be addressed to overcome this disease.

The healthy body is capable of defending against cancer cells. Our immune system is well-
equipped to find and destroy cancerous cells before they progress to cancer. However, cancer cells
acquire functions to evade the immune system, surviving and eventually leading to neoplastic or
cancer growth in the body. Our immunity is composed of two different lines of defense. The first
line of defense is the innate immune system, which takes action if a germ or unknown antigen is
encountered in the body. Examples of the innate immune system include phagocytosis of bacteria,
acid secretion in the stomach, skin resistance, neutrophils, macrophages, and natural killer cells
[2-4].

Our tumor model introduces a significant advancement by capturing the complex interactions
between tumor and macrophage cells. This model’s novelty lies in its incorporation of stochastic
differential equations, which account for biological variability and offer a more nuanced under-
standing of these interactions. By integrating these stochastic elements, our model provides a
more realistic representation of the dynamic and often unpredictable nature of tumor growth and
immune response, enhancing the accuracy and applicability of predictive simulations.

On the other hand, adaptive immunity takes over the process if the innate immune system cannot
destroy the invaders. Acquired immunity is the process of generating a specific response to
individual invading agents such as bacteria, viruses, toxins, foreign tissues, etc. In the case of
reinfection with the same agents, this system generates quick responses. This system consists of B
and T lymphocytes. B lymphocytes secrete small proteins called immunoglobulins, which can
bind to and inactivate circulating antigens-substances found in foreign particles or germs that
trigger an immune response. This is called B-cell-mediated immunity or humoral immunity. The
other side of adaptive immunity is cell-mediated immunity, which is mediated by T lymphocytes.
T lymphocytes continuously scan the body to find and eliminate emerging malignant cells [2, 5, 6].
One of the pathways cancerous cells use to evade the immune system is expressing the PD-L1
receptors on their surface. PD-L1 is a ligand found on cancer cells that binds to receptors on
immune cells to inactivate them. It is one of the treatment options now in use for novel anticancer
therapy. In Contrary to this phenomenon, cytotoxic T cells are proliferated by IL-10, despite
its tumor-promoting effects. It is known that IL-10 has properties of both tumor-inhibiting and
promoting effects through various mechanisms [7-9].

There have been few mathematical tools and concepts used to predict real-world problems in the
last couple of decades, including classical differential and integral operators, fractional differential
and integral operators, and stochastic differential equations. For classical mechanical problems
with no memory, differentiation, and integration are used as a method of modeling. In fact, these
two mathematical operators have been used to simulate many real-world phenomena with some
limitations. Fractional calculus was introduced to replicate complex problems following power
law processes, exponential decay rule, and memory effects. The concepts have been applied
in particular to the modeling of real-life structures for example, understanding the dynamics
of financial systems, ecosystems, population dynamics, the spread of diseases and many more
[10-25].

A mathematical model that integrates uncertainty into its structure is called a stochastic system.
The system’s inherent complexity or external variables like noise may be the source of this
uncertainty. The presence of random variables and probability distributions, which show the
likelihood that various events will occur, are frequently characteristics of stochastic systems such
as bacterial growth, electrical flows fluctuating due to thermal noise, or gas particles’ moments.
Stochastic activities can be used to model and understand a wide variety of phenomena, from
chemical reactions to economics. They are also used to develop algorithms for predicting the
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behavior of complex systems. For the study of stochastic techniques, one needs mathematical
knowledge in probability, calculus, linear algebra, set theory, and topology, as well as branches of
mathematical analysis such as real analysis and measure theory [26-30].

Ambient noise in the real world unavoidably affects the population system. The model’s parame-
ters might not be strictly constant and instead might vary within certain bounds. Environmental
noise is thus an excellent way to describe these phenomena in disease models. In addition, stochas-
tic differential equation models are a crucial type of model when considering population dynamics
since they are more realistic than other models. There has been considerable research on biological
and epidemiological stochastic models. These models provide insight into the spread of diseases
and can help simulate clinical trials and other medical research [31-36].

The purpose of this work is to delve into a novel tumor model, a type of stochastic order model
which, for the first time, was put forward in employing classical derivative to aim at a tumor
model, based on more favorable stochastic theories. In [37], the authors present a system which
generates anti-PD-L1 variables, IL-10, CD8+T cells, and cancer cell and demonstrate the critical
role that IL-10 and anti-PD-L1 play in inactivating cancer cells, and the mechanism by which cancer
cells are eliminated during the single-dose administration of these two medications. Motivating
by this nice paper and, as explained above, macrophages and cancer cells are very closely related,
herein, we give the following model in order to see the macrophage effects. The integer order
differential equation the system that puts forth the tumor model can be seen below:
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Figure 1. The transfer diagram of the tumor model
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The variable factors concerning the model alter at time t as follows: T (t), C (t), I (¢), Z (t), M (t)
characterize CD8+T lymphocytes, cancer cells, IL-10 cytokine, anti-PD-L1, makrophages in the
order given. p is recruitment rate of macrophages, a is the initial density of CD8+T cells, b the
reproduction rate of CD8+Tcells under the influence of IL-10, d shows death rate of macrophages,
ka1 display carrying capacity of macrophages, k is the tumor growth ratio, z the death rate of cancer
cells under the influence of anti-PD-L1, f is the decay rate of IL-10, g present the carrying capacity
of cancer cells, 7)1 show proliferation ratios of macrophages, 7 is the decay ratios anti-PD-L1, m is
tumor killing rate by M (t), c refers to the carrying capacity of CD8+T cells, e is the death ratio of
cancer cells under the influence of IL-10, p displays the carrying capacity of CD8+T cells.

The article is further structured with subdivisions specified below: The equilibrium points and
their stability analysis are introduced in Section 2. Section 3 substantiates the existence and
uniqueness of the solution for our novel model while we again rake through the model by means
of the stochastic theory in Section 4. In Section 5, this model is depicted with respect to numerically
so as to look over the entire effect. As a final step, we discuss our acquired outcomes and conclude
our study.

2 Equilibrium points and stability analysis

Understanding equilibrium points helps analyze and predict the behavior of systems (physical,
mathematical, or engineering). The stability of equilibrium points is an important consideration in
determining the long-term behavior of a system. So in this section, we focus on the equilibrium
points of the system. The equilibrium points are the solutions of the model as follows:

_TMY . _
a+bI(t)C ()T (t) <1 ) ) T(t) = 0,
kC (1) (1-%)—eC(t>T(t)I(t)—zc(t):r(t)Z(t)_nzM(t)ct = 0,

~

~

~— ~— ~— ~—
I
o oo o

M (1—M—@>M(t)+ﬁC(t)M(t)—iM t) =

The disease-free equilibrium point
g b
E* =(T%,C" 1", 2", M*)= | -,0,00, ————~ |,
c m

and the endemic equilibrium point

E** — (T** C** I** Z** M**) _ E q (dka-l-krm—karM) dkM (pq_l_rM_j)
- ¢ Knafttpq + kri T kmmpq + kry

Theorem 1 The disease-free equilibrium point E* = (%, 0,0,0, W) is locally asymptotically

stable if d < rMandW+k< 0.
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Proof The Jacobian matrix at the disease-free equilibrium point E* is

—c 0 0 0 0
T’}jlkM dN—TM
0 k gM ) 0 0
J(E*)=1 O 0 —f 0 0
0 0 0 —v 0
k —d i—
(T UT) R S S (1+ %)
The eigenvalues of this Jacobian matrix | (E*) are
Moo= —f,
Az = d— M,
kMﬁl (&v— TM>
Ay = +k,
™M
A4 = —C,
As = =7

Ifd < ryp and W + k < 0, then all eigenvalues are negative. So, from [38], the disease-free

equilibrium point E* = (%, 0,0,0, W) is locally asymptotically stable.

. e . wx [ o a(dkyfi+dry—kyiry)
Theorem 2 The endemic equilibrium point E** = (E' YR ,0,0,

kkM (ﬁq-H’M—lﬂ iS lO—
kMﬁﬁq—i—krM

cally asymptotically stable if N P <M.

Proof The Jacobian matrix at the endemic equilibrium point E** is

bq(iikaﬁakorﬁrM+krM)a(1f$)

—C N 0 (kmmpq+kry)c
0 k(—diiik g+t pprag—dr ) _eqa(dkMrTszMn?rM—l—krM)
0 0 —f
0 0 0
0 _ pkkp (—pgt+d—rm) 0
kMﬁﬁq+krM
0 0
_zqa(cfikarﬁkoi%rM—l—krM) _ﬁq(Ean?ko%rM—kkrM)
(kMTT’lﬁq—Fki’M)C kMTﬁﬁq+kVM
0 0
_,), N 0 N
0 ra ( Ptk q—kpg+kd—pak e g+ pakr g —kdr )
kMﬁﬁq+kVM

If we make the following assumptions:

1
2 (kMT?lﬁq -+ d?’M) !
M = —kdkpgiit + kkpgiiir g — kpkrag — K2rag + kdrag — ki3,
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—4kdi 2 pPq? + Akk3 P PR aPr v — APk praPry \ 2
+4kd? K3, 12 P — 8kdl, 2 par v + 4Kk 2 pari,
+R2APK3 i — 2K2dK3 Py g + 2k2dkpiipqr
Rk Py — 2k kpipariy + K2 praPry,
213 dk ppimirpg — 2k3k1\4n~1r]2\/I — 2k3ﬁqr%4
+2k2 2k iy — 4k2dk ey, — 2k*dpgri
+2k2kpmirs, + 2k2pgra, + Ifjlrzz\/f + 2k3dr3,
26313, + KPPy, — 2K2dr3, + K2,

then, the eigenvalues of this Jacobian matrix J (E**) are

M = —a (M-I—N%),
Ay = —a (M—N%) ,
As = —f,
Ay = —¢,
As = —7y

If M > Nz, then all eigenvalues are negative. So, from [38], the endemic equilibrium point

Ex* — (4 Q(EkM’ﬁﬂLkrM*kMﬁ”M) kkM(ﬁ‘H"’M*a)
- c’ kMﬁﬁq+kTM [t kMﬁ’lﬁq—‘—kTM

) is locally asymptotically stable.

3 Existence and uniqueness analysis of tumor model

In this section, we give the existence and uniqueness theorems to guarantee the existence of
solutions and we will present the conditions of existence and uniqueness for our model. Let us
consider our model as taking the right side like below:

di{;# =Ty(t,T),
di—gt) = Ty(t,C),
d;—g’” = Ty(t, 1),
dzd—tt) = Ty(t,Z),
W) — 15t m)
Here we consider
Ti(t,T) = a+bl(t)C(t)T(t) <1 - w) —cT(t),

To(t,C) = kC(t) (1 -

(1) = —fI(1),
Ty(t,Z) = —Z (1),
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Ts(t, M) = ry (1_Mk_A(4t>) M () + BC () M (£) —dM (1)

For the existence and uniqueness of the model, we consider the following theorem [39]:

Theorem 3 Assume that there are five positive constants ty, ty, t3, ta, t5 and t1,t, t3, ta, ts such that
i)

<H|T-TP,

b IC—Cif,

ts 11— 1%,

<tg|Z— 24,

< t5|M— M.

Ty (t, T) — To(t, o)l
ITo(t,C) — To(t, C1)?
IT5(t, 1) — T5(t, 1)
)
)1

IN A

T4(t, Z) — Ty(t, Z1
|T5(t, M) — T5(t, My

i1)

Then, there exists a unique solution if the above conditions are verified. We start with the first equation of
model T1(t, T). Then we verify first condition for equation Ty (t, T) like below:

Ty (t, T) = Ty (t, TP < 1 |IT— Ty,

Before we start the proof, let us define the following norm: ||T||,, = sup |T(t)|, then we have
teD;

T,T; € R?and t € [0, T,

2
Ty (t, T) =Ty (t, TP =

P
—(T () =Tu (1))

‘ (b1 (1) C () — 2D (T (1) + Ty (1)) (T (1) — Tu (1))
’ 2

< (2b2|1 (t)|2 |C (t)|2 (1 + |T(t)|2+ |T1 (t)|2> —|—2C2> |T(t> _Tl (t)|2

p
sup |T (£)[> + sup [Ty (1)
teD teD
< 2b2sup |I (t‘)l2 sup |C (t‘)l2 1+ T con Iy
teDy teDc p
x T (8) = Tu (1)
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T2 + || Ty
< (ZbZHIHi>HCHi>(1—+|||h” p” 1”“{>_+2c2>|7*g)__73(tn2

< H|T—Ty,

where

T2 + | Tu) 2
- <2b2||1uio||cnio <1+ Tl pH 1|roo> HCz)_

Now we proceed to show the second equation. If we have C, C; € R? and t € [0, T], then

2
Ta(t,C) — Ta(t, Cy ) = \(k—eT (1) 1(5)==T () Z (£) =M (1)) (C (1) = C1 (1)) — - (C* (1)~ C (1))

2

k
q
:‘ ((e—eT () 1(t) = 2T (1) Z () — M (1) — £ (C () + C1 (1))
X (C (1)~ Cu ()
g(2@1+8uwnﬁuun?+£uwﬂﬁz(m2+ﬁuwuﬂﬁ

2k?
+2 (1P +1c <t>|2)) < IC () — C1 (B

teDr teDg teDr teDy

2 (kz +eZsup [T (1)1 sup |I (t)]* 4 22sup |T (£)]* sup |Z (t)|2>

<
+277 sup |M (£)]* + zq_%Z (sup IC(H)*+ sup |Cy (t)z)

teDy tEDC tEDCl
X |C (£) — Cy (1))
2 2 2 2, ~ 2 2k? 2
< (z (R + T N + 2 1T 121, + M, ) + 5 (I + G )

X |C (£) —Cy (1))
< h|C—Cif,

where
2 202 112 L 2 (2 2 |~ 2 2k? 2 2
= (2 (K + IS IS + 22 ITIE 1215+ M) + 7 (ICIE + Gl )

We take two positive constants I, I; € R% and t € [0, T], then
P

IT5(t, 1) — Ts(t, )I* = |—fI (t) + f1 (1)
< AL —L ()P
<tz -0,

where

ty = f2.
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We take two positive constants Z, Z; € R? and t € [0, T], then

ITa(t, Z) — Tult, Z1)IP = |=vZ (£) + vZ1 ()P < APIZ(t) — Zy (1)
< t|Z— 74,

where

t4 = ’)/2.

Finally, if we take two positive constants M, M; € RZandt € [0, T], then

2
Ts(t, M) = Ts(t, M) = | (raa + PC (8) =) (M () = M (8) = 1 (M? (1) = M} (1))

3) = (0 (1) + My (1)) (M)~ My (1)

2

Il
7N
N\
~
<
+
<
@)
|

7,2
s<2Qﬁ+ﬁ%CuW+J?y+%¥(muﬂF+M®(mﬂ>
M

< IM () — M (1)
< |2 (r%ﬁpzsup |c(t)|2+&2> - (Sup IM (H)* + sup |M; (f)2>)
teDc kM teDy tGDMl

X |M (t) — My (H)

2 a2 2\, 2Tu 2 2 2
< (2 (B PP ICIS + ) + 24 (M]3 + ||M1||oo)> IM () — M (b)
M

< t5|M— M |?,

where

—(2(2 L20CI2 + B2 27%/1 M2 M 12
ts = v+ P IICIS + toa M5+ IMills ) | -
M

So condition (i) is satisfied.
Now we prove the second condition for the tumor model via the following condition:
Y(t,T) € R? x[ty, T] then we will show that

Ty (t, T)? = a+bI(t)C(t)T(t)( —y)—cw)z
2
< 4a2+4b2|1(t)|2|c(t>|2|T(t)|2+4b2|1(t)|2|C(t)|2‘sz(zt” +4c%|T (1)
sup|T2(t)‘2
2 teDT

< 4a® + 4b%sup |1 (1)1 sup |C (1) |T (£)[* + 4b?sup |1 (£)|* sup |C ()]
teDg teDc teD; teDc

+4c2|T (1))
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4p? 2
<4 MR NI |72+ (40 100 NI, + 4¢%) 1P

4 2 402 ||1]|3, [|C 15, + 4

2 2 12 2

< (4‘1 + 3 ||IHoo||CHooHT2HOO) 1+ — 4b2 2 1oz a2
p 4a? + "7 115 1€ IT2115

< HOA+|TP),

where

- 4p?
h = (4 + 2 i 7).
p
and with under condition

2 2
407 |15 ICll15 + 4¢?
2 2 2 2
4a2 + 5 1115 1C1I% 12l

Now we continue with the second equation.

Y(t,C) € R? x[ty, T] then we will show that

2

To(t,C)P = ‘kC (t) (1 - %) —eC ()T (£) I (£)—=C (E) T () Z (t) — @M (£) C (t)

sz(k2+e2|T(t)|2|1(t)|2+22|T(t)|2|Z(t>|2+ﬁa2|M(t)|2)| (B +z—]c2 \2

teDr teDy teDr teDy teDp

<2 (kz +e%sup |T (1) sup |1 (t)[* + 22 sup |T (1 sup |Z (t)* 4 72 sup |[M (t)|2> IC (1))

2

—|—2k— sup ’CZ ’
q teDc

2 2
2 2 2 2, ~ 2 2 Sk
<2 (K4 & T I11E + 22 1T 1215 + 2 M, ) 1 +25 e

2 2 2 2 ~ 2
P (1, 208+ IR IR 22 ITIE 205 + 7 IMIE)
<25 ||} T s
25 2%,

<E(1+|CP),

where

and with under condition

2 2 2 2 ~ 2
2 (12 + 2| TIR 112 + 2 TS 121 + 72 [ M)
d? 2
24 2%,
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V(t, 1) € R? x[to, T]

where

t3 >0,
and with under condition

A<
V(t,Z) € R? x[t, T)

Ty(t, Z)P = |[—yZ (WP < 1+21Z (1)
<t(1+12P),

where
ts >0,
and with under condition
'yz <1
V(t, M) € R? x[to, T]
ITs(t, M)* = |rum (1 — Af{—g)> M (t) + pC () M (t) —dM (1) :

ra 2
< 43 IM (DF + 458 [ M2 ()] + 497 1C ()P IM (B + 4 M (1)
M

. ra 2
< (4% +4pPIC (B + 4d) M (D) + 4% ‘MZ (t)‘
N r2 2
< (41’12\,1 + 457 sup |C (1) + 46?2) IM () + 4kTM sup ’MZ (t)’
teDc MteDy

. ra 2
< (4% +4P7 |CIZ + 4) M (1) 4t HMZHOO
M

4r%; +47°||C|12, + 4d2

2 2
4t M2l
M

V%\/J 2|2 2
<4t HM H 1+ M|
M o0

<t5(1+ IMP),
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where
2
_ r 2
s =gt o
kM )

and with under condition

2
42+ 4P2 ||C||%, + 4d> -
r2 2
440 | M2|5,
M

So, if the conditions below are satisfied, then the model has a unique solution

4b2yumucuw+4c

2

40245 |15 I Cllo || 2
2 ~ 2

2(K2+¢2| T||2, HIH +22|| T2 || Z||2 +72 || M| 12, )

2"ZHCZII

max < 1.

f2,

2
I

4

’Y ’
4rM+4 2(|C|2, +4d?

o J

By the above theorem, we can say that the model has a unique solution.
4 Stochastic model

In this section, we add to the model under investigation some environmental noise. The idea was
suggested by Atangana, where randomness was added to some models [40]. In this section, we
convert the deterministic model to the following stochastic system:

dT(t) = (a+b1( )C(H) T (t) ( _ﬁ> —cT(t)> + oy T(#)dBi(b),

_ SO —ec(t) T (1)1 (t)
dC(t)_< < (tﬂ(t) mM(ﬂC() + 0, C(t)dBy (1),

)=
)
t ~
aM(t) = <rM ( . ) M () + FC (£) M () — dM (t)) T osM(£)dBs(t),
T(0) = To, C(0) = Co, I(0) = Iy, Z(0) = Zy and M (0) = M.

The existence of a unique solution to a general equation has been presented. Besides this, we
have presented the conditions under which the deterministic model admits a unique system of

solutions. Now we can present a numerical solution of the model by converting the stochastic
model into an integral system below:

t t
T(t) —T(0) — JTl(T,C,I,Z,M,T)dTJralJTH(T,T)dBl(T),
0 0
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t t

C(t)—C(0) = |Ta(T,C,1,Z,M,7)dt + 03 | T1(C,T)dBy(7),
0 0
£ £

I(t)—1(0) = |T3(T,C,1,Z,M,t)dt+ 03 | T31(I, T)dBs(7),
0 0
£ £

Z(t)—Z(O) = T4(T,C,I,Z,M,T)d’(+0’4 T41(Z,T)dB4(T),
0 0
£ £

M(t) - M(0) = |T5(T,C,I,Z,M,7)dt+ 05 | Ts1(M, T)dB5(T).
0 0

If we choose to apply the classical Adams-Bashforth to the first component of the system, we have

3
Tn+1 - Tn+EAtTl(Tn/Cn/In/anMn/tn)

byt

At
—?Tl(an,qu/Inf1,an1,Mnflzfnq)+f71 J T11(T, T)dB1(7),
ty

3
Cn+1 = Cn + EAtT2(Tn/ Cn/ In, Zy, My, tn)

fnt1
_TTZ(Tnfll Cnfl/ 17’171/ ZTl*l/ M}’l*l/ t?’l*l) + %) J T21 (CI T)dBZ(T)/
tn
3
In—l—l - In + EAtTS(Tn/ Cn/ In; Zn/ Mn; tn)

Fnt1

_?T3(Tn—1/Cn—1/In—lfzn—len—lztn—l)+U3 J T31(I,7)dBs(T),
b

3
Zn+1 = Zn+EAtTAL(Tn;Cn/In;Zn/Mn/tn)

tng1

At
—7T4(Tn—1fcn—1,In—lfzn—lan—lltn—l)+(74 J T41(Z,T)dBy(7),

tn

3
Mn—l—l = Mn + EAtTS (Tn/ Cn/ In/ Zn/ Mn/ tn)

tna
At
_7T5(Tn—1rcn—1/In—lrzn—lrMn—lltn—l)+0-5 J T51(M, T)dBs(7).
o

Using a sequence of partition of the interval [t,, t,,11], the last integrals can be approximated to

3
Tn+1 = Tn + EAtTl (Tn/ Cn, In/ Zn/ Mn/ tn)

At -
=5 Ti(To1, Coty In1, Zu1, M1, t1) + 0 D Tu(Tici) [Biltiyr) — Bi(t)],

i=n—1
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3
Cn+1 - Cn+EAtT2(Tn/Cn/In/Zn/Mn/tn)

At .
5 (T, Cot In1, Zut, Myt ty) + 02 > Tou(Cici) [Ba(tisr) — Ba(ti)],
i=n—1
3
In+1 = In + EAtT:))(TH/ Cn/ In/ Zn; Mn/ tn)
At ‘
5 I3(Tu1, Cu1y In1, Znt, Mt ty1) + 03 Y Tai(l,ci) [Bs(tip1) — Bs(t)],
i=n—1
3
Zn+1 = Zn+ EAtTAL(Tn/ Cn/ In, Zy, My, tn)
n
At
5 Ta(To1, Ca1y In1, Znt, Mt tn1) + 0 Y Tu(Zisci) [Baltivr) — Ba(t)],
i=n—1

3
Mn+1 = M;+ EAtTS(Tn/ Cn/ In, Zy, My, tn)

n
— I5(Tu1, Co1, In1, Znt, Mt ty1) + 05 > Tsi(Mj,c) [Bs(tiv1) — Bs(t)],

i=n—1
where ¢; € (ty, ty41) -

5 Numerical simulations

Deterministic and stochastic modeling are two different approaches used in mathematical mod-
eling to represent and analyze systems. Stochastic modeling of tumors provides insight into
the inherent uncertainties and complexities associated with cancer biology. It allows researchers
to better understand the range of possible outcomes so in this section, we show the numerical
simulations for the considered stochastic tumor model which is given by

dT(t) = <a+b1( ()T t)< “) —cT(t)) + oy T(H)dBy (t),

)C (
C(t
CHT()I()
AC(t) = ( _ZC(<) (tqz)(t) mM(t)C() >+02C(t)dB2(t),
dl(t) = (—f1 (1)) +

31(t)dBs(t),
dZ(t) = (—yZ (t)) + 0aZ(t)dBa(t),

) =
)

AM(t) = < ( ; ”) M (t) + BC (t (t)—EM(t)> + 05 M(t)dBs(1),
) 1(0)

T(O = T(), C( ) Co, 0 ( ) ZO andM( ) Mo.
For the numerical simulations of the system, we consider the values of the parameters as follows:

a=10"% b=0175c=5%10"2k=0.02, ¢=0.15f=001,p=1,g=1,z=1, v = 0.001925,
rm = 0.64,ky =339, p=45%10"", d = 0.55, 71t = 1.8« 107°.

The initial conditions are given as follows:

T(0) =0, C(0) =1, I(0) = 4, Z(0) = 2 and M (0) = 3.
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In the model, the densities of randomness values are given as figures
oy = 0.001, 0 = 0.015, 03 = 0.012, 04 = 0.013, 05 = 0.014.

Tumors are influenced by a multitude of factors that exhibit probabilistic behavior. It is now
strongly believed that even micro-biota have a role in cancer development and treatment. Chemother-
apy, radiotherapy, and targeted drug therapy along with surgery are used to treat cancer caused
by factors such as the likelihood of benefit from treatment, stage of cancer, cytogenetic of tumor,
comorbidities and patients” performance status. Considering these complex behaviours of tumors,
we observe that a more accurate depiction of the model’s complexity arises when we examine the
densities of randomness in the stochastic tumor model. These models assist researchers and clini-
cians in understanding the variety of tumor characteristics and developing strategies for tailored
and adaptive cancer therapy by simulating a range of potential outcomes. Tumors are influenced
by a multitude of factors that exhibit probabilistic behavior. Chemotherapy, radiotherapy, and
drug therapy are used to treat cancer caused by factors such as genetics, environmental factors,
lack of exercise, and stress. Cancer is a complex and dynamic system influenced by a multitude of
factors so stochastic modeling provides a more realistic representation of these processes.
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6 Conclusions

One important class of white blood cells in the immune system are macrophages. They are a
component of the body’s primary defense against diseases and foreign invaders which is the
innate immune system. Also, macrophages are essential for both immune response and infection
defense because they clear pathogens and detritus from the body and coordinate the intricate
interactions between various immune system components. Given the importance of macrophage
cells to the body, this study includes a discussion of a novel tumor model and monitored the
propagation of the tumor model more comprehensively. The equilibrium points are produced
and the conditions proving the solution’s existence and exclusivity in relation to this tumor model
become clear. Then, the model is scrutinized carefully in terms of stochastic theory. In the end, a
number of numerical outputs for this model pertaining to the aforementioned stochastic model
are presented here.
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