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ABSTRACT

The purpose of this study is to examine the conceptualizations, explanations, and pedagogical approaches of
artificial intelligence-based language models regarding peer bullying at the primary school level as participant
perspectives. In this study, artificial intelligence tools are not treated as sources of information; rather, they are
considered as research participants whose definitions, interpretations, and constructions of the phenomenon of
peer bullying are analyzed. In this respect, the study offers a unique perspective that differs from traditional
approaches to the use of artificial intelligence in education. The research was conducted as a descriptive case study
within the framework of qualitative research designs. The study group consists of ten widely used Al-based language
tools belonging to different developers. Data were collected using a semi-structured Al Opinion Form developed by
the researcher, consisting of 13 open-ended questions. The same questions were asked to all Al tools under the
same guidelines, language, and conditions; the written responses obtained were analyzed using qualitative content
analysis methods. The research results show that Al tools define peer bullying largely in line with the literature,
based on intentionality, repeatability, and power imbalance, and can generate pedagogical explanations appropriate
for the primary school context. However, limitations were identified in terms of academic source usage, risk of
hallucination, and contextual data bias. Based on the findings, it is recommended that Al tools be used in educational
settings as supportive but non-decision-making tools, within a framework of critical human oversight and ethics.
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Bu arastirmanin amaci, yapay zeka temelli dil modellerinin ilkokul duzeyinde akran zorbaligina iliskin
kavramsallastirmalarini, agiklamalarini ve pedagojik yaklasimlarini katiimci gorisleri olarak incelemektir. Calismada
yapay zeka araglar birer bilgi kaynagi olarak degil, akran zorbaligi olgusunu nasil tanimladiklari, yorumladiklari ve
yapilandirdiklari analiz edilen arastirma katiimcilari olarak ele alinmistir. Bu yontyle arastirma, egitim alaninda
yapay zekanin kullanimina iliskin geleneksel yaklagimlardan ayrisan 6zgiin bir bakis agisi sunmaktadir. Arastirma nitel
arastirma desenlerinden betimsel durum galismasi kapsaminda yiritulmustir. Calisma grubunu, farkh gelistiricilere
ait ve yaygin bicimde kullanilan on yapay zeka temelli dil araci olusturmaktadir. Veriler, arastirmaci tarafindan
gelistirilen ve 13 agik uglu sorudan olusan yari yapilandiriimis Yapay Zeka Gortis Formu araciligiyla toplanmistir. Tim
yapay zeka araglarina ayni yonergeler, ayni dil ve ayni kosullar altinda sorular yoneltilmis; elde edilen yazili yanitlar
nitel igerik analizi yontemiyle ¢ézimlenmistir. Arastirma sonuglari, yapay zeka araglarinin akran zorbaligini buytik
olctide alan yazinla uyumlu bigcimde; kasithlk, tekrarlanabilirlik ve glic dengesizligi temelinde tanimladigini ve ilkokul
baglamina uygun pedagojik agiklamalar Uretebildigini gbstermistir. Bununla birlikte, akademik kaynak kullanimi,
hallisinasyon riski ve baglamsal veri yanliligi agisindan sinirhliklar tespit edilmistir. Elde edilen bulgular
dogrultusunda, yapay zeka araglarinin egitim ortamlarinda destekleyici ancak karar verici olmayan araglar olarak
elestirel insan denetimi ve etik gerceve igerisinde kullaniimasi 6nerilmektedir.

Anabhtar Kelimeler: Akran zorbaligi, icerik analizi, ilkokul, Nitel arastirma, Veri yanliligi, Yapay zeké
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1. Introduction

Educational settings are not merely spaces where
cognitive learning takes place; they are also complex
environments where children’s social, emotional, and
moral development is shaped. Peer bullying, which
emerges in these spaces of interaction, presents a
significant problem that negatively impacts students’
psychological well-being, academic engagement, and
sense of belonging to school, particularly during the
elementary school years (Olweus, 1993; Smith & Sharp,
1994). Peer bullying is defined as a set of behaviors
characterized by the intent to intentionally cause harm, a
pattern of persistence, and a power imbalance between
the parties involved (Olweus, 2013). Physical, verbal,
relational, and increasingly digital forms of bullying are
among the phenomena children frequently experience in
their daily school lives (Espelage and Swearer, 2003; Smith
et al, 2008). Recent studies have shown that
cyberbullying is becoming increasingly prevalent among
children and adolescents, particularly due to the impact of
digitalization, and is associated with significant
psychological and behavioral consequences; it is also
emphasized that this phenomenon is showing an
increasing trend across various contexts and has become
a significant risk area on a global scale (Kowalski et al.,
2020; Zhu et al., 2021).

The elementary school years are a critical stage of
development during which children begin to learn social
norms, empathy, and conflict resolution skills. Various
studies have shown that experiences of bullying during
this period have lasting effects on children’s self-
perception, academic motivation, and long-term
psychosocial adjustment (Hawker and Boulton, 2000;
Arseneault et al., 2010). Anxiety, depression, withdrawal,
and school avoidance behaviors are more common among
students who are bullied; conversely, it has been reported
that students who bully others exhibit increased
aggression and antisocial behaviors in later years (Juvonen
and Graham, 2014). Current research indicates that
bullying is not merely an individual behavior but a
multidimensional process closely linked to students’ social
relationships within the school, their sense of belonging,
and their social-emotional skills; it also reveals that
students exposed to bullying exhibit lower levels of
emotional control, stress management, and optimism
(OECD, 2021). Therefore, peer bullying is not merely an
individual disciplinary issue; it is a multidimensional
educational problem that directly impacts school climate
and the quality of education.

In recent years, the role of digital technologies and
information resources has been growing in studies on the
prevention of and intervention in peer bullying, alongside
teacher training, school-based programs, and family
involvement (A'zdom, 2024; Boboc and Damasevicius,
2024; Cantone et al.,, 2015; Lestari et al., 2026). In
particular, Al-based applications have begun to be widely
used in the field of education due to their functions such
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as rapid access to information, guidance, scenario
generation, and pedagogical support (Holmes et al.,
2019). Al tools based on large language models have
increasingly become digital tools used by teachers and
parents to generate explanations, create case studies, and
develop solutions for complex social issues such as peer
bullying.

However, there are significant debates regarding the
quality, accuracy, and pedagogical appropriateness of the
information provided by Al-based language models. These
models generate probabilistic language based on large-
scale text data; this can sometimes lead to the production
of information and sources that do not actually exist or
cannot be verified, a phenomenon known as
“hallucinations” (Ji et al., 2023). Especially in topics
involving child development, education, and ethical
sensitivities, content generated by artificial intelligence
must be critically evaluated (Floridi et al., 2018; UNESCO,
2023). How Al tools generate discourse, the theoretical
frameworks they rely on, and the boundaries they observe
in a topic with high pedagogical, emotional, and ethical
dimensions—such as peer bullying at the elementary
school level—have not yet been sufficiently examined.

A significant methodological innovation worth noting
here is the treatment of artificial intelligence tools not as
sources of information, but as participants in the research.
While participants in traditional educational research
typically consist of students, teachers, or administrators,
in this study, Al-based language models are positioned as
“digital participants” analyzed through their responses to
specific questions. This approach aligns with
contemporary philosophy of science and sociotechnical
systems literature that examines the role of non-human
actors in knowledge production processes (Latour, 2005;
Floridi, 2014).

Treating artificial intelligence as a participant is not
merely a technological innovation; it also raises
epistemological questions. The source of the generated
information, criteria for accuracy, theoretical foundations,
and level of self-awareness are central to such studies
(Bender et al., 2021). In the context of peer bullying, it is
critically important to assess the extent to which
definitions provided by artificial intelligence tools
incorporate fundamental criteria such as Olweus’s (2013)
emphasis on power imbalance and persistence; how they
address concepts such as relational bullying, exclusion,
and bystander roles; and whether they use language
appropriate for elementary school students.

Furthermore, whether Al tools demonstrate
awareness of their own limitations, avoid generating
fabricated sources, and possess the capacity for self-
assessment regarding data bias constitutes one of the
unique focal points of this study. Current ethical
frameworks regarding the use of artificial intelligence in
education particularly emphasize the principles of
transparency, accountability, and do no harm (OECD,
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2019; UNESCO, 2023). How these principles are reflected
in the responses generated by artificial intelligence tools
on a sensitive issue such as peer bullying is an important
area of research that needs to be explored through
qualitative analysis.

Peer bullying is a significant educational problem that
negatively impacts the social-emotional development,
academic achievement, and school climate of elementary
school students. In recent years, teachers, parents, and
educational researchers have increasingly begun to utilize
artificial intelligence-based tools in information-sharing,
awareness-raising, and intervention processes. However,
the types of information these tools generate on a topic
with high pedagogical, ethical, and emotional dimensions
such as peer bullying, whether this information is
scientifically grounded, its suitability for the elementary
school level, and the risks of producing misleading
information have not been sufficiently examined. This
study occupies a unique position in the literature in that it
treats Al tools not as sources of information but as
participants in the research.

The purpose of this study is to examine the definitions,
explanations, cause-and-effect relationships, proposed
solutions, and levels of pedagogical appropriateness
regarding the concept of peer bullying as expressed by
artificial intelligence-based language models, based on
the perspectives of participants in an elementary school
context. In this regard, the study will reveal, through
qualitative analysis, how Al tools conceptualize peer
bullying, what theoretical and academic references they
draw upon, how they interpret scenario-based situations,
and their ability to generate explanations for elementary
school students, along with their levels of hallucination,
data bias, and self-awareness. Consequently, in this
research, Al elements are not treated as an object or tool
but as a “subject” (participant) that imbues the
phenomenon of peer bullying with meaning, and the
study examines how these Al elements define and
interpret this phenomenon.

1.1 Research Questions:

eHow do Al-based language models define and
conceptualize the concept of peer bullying?

eWhat theoretical frameworks and/or academic
references do Al language models rely on in their
explanations of peer bullying?

eThrough what types of data and source
representations do Al language models generate their
knowledge regarding peer bullying?

*What criteria do Al language models use to explain
the distinction between jokes and bullying?

eHow do Al language models classify the most
common types of peer bullying at the elementary school
level?

eAccording to Al language models, what are the
individual, social, and environmental factors that
contribute to the emergence of bullying behaviors?

eHow do Al language models explain the emotional
and behavioral effects on elementary school students
who are subjected to bullying?

eHow do Al language models interpret and justify
scenario-based situations within the context of peer
bullying?

eWhat concrete and actionable strategies do Al
language models recommend to teachers for preventing
peer bullying in elementary school settings?

eHow do Al language models simplify and explain the
concept of peer bullying for elementary school students?

eWhat guidance do Al language models provide
regarding the behaviors of students who witness bullying
(students in the bystander role)?

eHow do Al language models assess the accuracy limits
of the responses they generate regarding peer bullying
and the potential risks of errors or hallucinations?

eWhat structural and narrative patterns do Al
language models use to describe examples of bullying at
the elementary school level?

2. Method

2.1 Research Model

In this study, a descriptive case study—one of the
qualitative research designs—was adopted. A case study
aims to examine a current phenomenon in depth within
its real-life context. In this research, the “case” refers to
the nature and pedagogical adequacy of the responses
generated by artificial intelligence tools regarding peer
bullying. Since the study also involves the systematic
examination of text-based digital outputs, it draws upon
content analysis and text analysis techniques.

2.2 Study Group

The study group consists of 10 Al-based language tools
developed by various developers and widely used. These
tools were selected using maximum diversity sampling, a
type of purposive sampling method. The selection criteria
included the tools having different language model
infrastructures, being accessible to both educators and
general users, and possessing text-generation capabilities.
To present the comparative analyses in the Findings
section in a clearer and more systematic manner, each Al
tool is identified by an abbreviation code. The Al tools
included in the study group, the codes assigned to them,
and their key features are shown in Table 1.
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Table 1. Al Tools Included in the Study and Their Key
Features

Artificial
Intelligence Code Feature
Tool
A large language model capable of multi-
ChatGPT CPT purpose text generation and explanation
based on extensive datasets
A language model with strong analytical
DeepSeek DPS reasoning and structured response
generation capabilities
An artificial intelligence system focused
Google Gemini  GEM on multimodal data processing and
contextual language generation
Microsoft ' A gene.rative Al—su'pported tool for
Copilot cop information synthems and explanatory
guidance
An Al tool focused on converting speech-
Otter.ai o1V based input into text and generating
summaries
A language model developed with an
Claude CLD emphasis on ethical anFJ safe language
use, capable of producing explanatory
responses
QuillBot QLB An AI top.l f0§used on text paraph.re.xsing,
simplification, and language editing
An Al tool with Turkish-focused text
Kumru KMR generation and linguistic adaptation
capabilities
WhatsApp An.AI syste:m focused on chat-based
Meta Al MET interaction and sh.ort-response
generation
A language model capable of rapid
Grok GRK inference and commentary generation

with a focus on up-to-date data

2.3 Data Collection Tools

For this study, a semi-structured Artificial Intelligence
Interview Form was developed by the researcher as the
data collection tool; it initially consisted of 16 open-ended
questions. During the development process of the
Artificial Intelligence Opinion Form, a content validity
study was conducted to ensure the measurement tool’s
alignment with the research objective, theoretical
framework, and pedagogical appropriateness for the
elementary school level. In this context, opinions were
sought from a total of five subject matter experts,
including two language specialists, two child psychology
specialists, and one artificial intelligence specialist. Expert
opinions were collected through the Expert Opinion Form
(Content Validity), which was specifically prepared for the
research. In the form, each item was evaluated using the
options “Appropriate (3),” “Needs Revision (2),” and
“Inappropriate (1)” in terms of its alignment with the
study’s objectives, academic adequacy, and pedagogical
suitability; additionally, experts were provided with
sections where they could offer reasoned explanations
and suggestions for revisions.

As a result of expert evaluations, three items identified
as having similar content were removed from the
assessment tool; three items deemed insufficient in terms
of wording and conceptual clarity were revised in
accordance with expert recommendations; and ten items
found to be pedagogically and academically appropriate
were accepted as is. Following these revisions, the form
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was restructured to consist of 13 open-ended items.
Consensus was reached among experts regarding the final
version of the items, and the form’s content validity was
found to be at an acceptable level.

In conclusion, the 13-item Artificial Intelligence
Opinion Form; is structured to encompass the conceptual
definition of peer bullying, its theoretical and academic
foundations, scenario-based assessment, the ability to
generate explanations for elementary school students,
and the dimensions of hallucination and data bias risk, as
well as self-awareness. It was used as a data collection
tool suitable for the study’s purpose and capable of
generating valid and qualitative data.

2.4 Data Collection

The data was collected by presenting each Al tool with
the same research prompt and the same set of questions.
To ensure the comparability of the responses:

*All Al tools were tested in a single session,

eWithout changing the default settings,

eAnd they were instructed to provide responses in the
same language (Turkish).

The written responses provided by each Al tool to the
questions were recorded separately, organized, and
prepared for analysis. No linguistic corrections or content
modifications were made to the responses.

2.4.1 Prompt Entered for Artificial Intelligence Tools

In this study, you are participating as a subject in a
scientific research project. The purpose of the study is to
examine the perspectives of artificial intelligence tools
regarding peer bullying at the elementary school level.
The questions below have been prepared for this study,
and your responses will be analyzed as qualitative data.
Therefore: Please provide separate, clear, well-reasoned,
and context-specific answers to each question. In your
responses, pay attention to scientific concepts, academic
terminology, and pedagogical appropriateness. Clearly
indicate any assumptions, guesses, or information about
which you are not certain. Do not cite fictional sources,
authors, or publication years; in cases where you are
unsure, use the phrase “source cannot be cited.” In your
answers, adhere to ethical principles, respect children’s
rights, and use language appropriate for the elementary
school level. Do not make claims based on personal
experience; evaluate solely based on general knowledge
and the academic framework. Do not stray from the
questions and adhere to the limitations specified in the
provided guidelines.

2.4.2 Research Questions Addressed to Artificial
Intelligence Tools
The research questions addressed to artificial

intelligence tools and administered in a standardized
manner during the data collection process are listed
below.

eWhat is peer bullying?

*On which theoretical framework does your definition
of peer bullying rely?
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*On which academic study or scientific source does
your definition of peer bullying rely? Please specify the
relevant author(s) and publication year (you may include
multiple sources if applicable).

*What criteria can be used to distinguish whether a
behavior is a joke or bullying?

*What are the most common types of peer bullying
among elementary school students?

*\What are the possible reasons that could influence
the behavior of students who bully others?

eHow would you describe the emotional and
behavioral effects that an elementary school student
exposed to bullying might experience?

eEvaluate the following scenario:

*“A student is constantly left out of games during
recess, and classmates do not speak to him.” How would
you classify this situation in terms of bullying? Explain your
reasoning.

eDevelop three concrete, actionable
recommendations for teachers to prevent peer bullying in
an elementary school setting.

*Write a short text that explains peer bullying in a way
that is appropriate for elementary school students.

*(3—4 sentences, using simple and clear language.)

eProvide three recommendations on how students
who witness bullying should respond. (Bystander
behaviors, support mechanisms, etc.)

eEvaluate your own limitations regarding the answers
you provide: Is there a risk of providing incorrect
information when explaining peer bullying? If so, in which
areas might this risk arise?

eDescribe a sample incident of peer bullying that could
occur at the elementary school level. The description must
clearly include the location, time, the person or persons
involved, and a pattern of the bullying behavior that
demonstrates how it is repeated. Your response should be
in a single paragraph and consist of no more than 10
sentences.

2.5 Data Analysis

The data collected as part of the study were analyzed
using content analysis, in accordance with the qualitative
research design. During the analysis process, all responses
generated by artificial intelligence tools were first read
repeatedly using a holistic approach, and then meaningful
units of expression related to peer bullying were
identified. Open codes were created based on these units
of expression; similar codes were grouped together and
categorized under themes. In the final stage, the resulting
themes were interpreted in relation to the study’s
objectives and research questions. The content analysis
process focused particularly on how Al tools conceptualize
peer bullying, their levels of use of theoretical and
academic foundations, tendencies to generate
hallucinations and fabricated sources, levels of
pedagogical appropriateness, language use directed at
elementary school students, patterns of data bias, and
expressions of self-awareness. The responses from each
Al tool were evaluated comparatively, both in terms of

internal consistency and similarities and differences
across tools; the aim was to provide a comprehensive and
systematic analysis of the Al tools’ perspectives on peer
bullying.

2.6 Limitations of the Study

The ability of Al-based language models to learn from
previous user interactions, adapt to context, and generate
personalized responses was considered as a potential
variable in the data collection process. In this context, a
fresh start was chosen to eliminate the possibility of the
models being influenced by past usage data. Additionally,
the same standardized set of prompts and questions was
applied to all tools at once to control for the effect of
responses being contextually re-learned or shaped
according to user profiles. However, due to the
probabilistic nature of these models, updated databases,
and differences in system architectures, it cannot be
guaranteed that completely identical responses will be
obtained when different users use the same prompts. This
situation has been considered among the study’s
limitations, and it has been acknowledged that the
findings are limited to a specific timeframe and model
state.

3. Findings

This section presents the findings obtained from the
content analysis of the responses generated by Al tools
regarding peer bullying at the elementary school level.
The findings are systematically presented in accordance
with the identified codes and themes, and the similarities
and differences among the Al tools are examined from a
comparative perspective.

3.1 Definition of Peer Bullying

Table 2 shows the common concepts used by Al tools
to define peer bullying, the frequency of these concepts,
and which participant emphasized them.
Table 2. Codes and Categories Related to the Definition of

Peer Bullying
Themes Category Codes f Participants
Intentionality /
Conscious 10 .A.”
Participants
Purpose
Nature of Repeatability / 10 All
the Continuity Participants
Behavior GPT, DS,
Aggression / 8 GEM, OV,
Harm Infliction CLD, QB,
KMR, Grok
GPT, DS,
Peer Bullyin, Power 7 GEM, COP,
Conceptualiyzatgion Imbalance KMR, WM,
Relational GRK
Structure GPT, COP,
Similar Age / 7 oV, CLD,
Status Group QB, KMR,
GRK
Phyf.mal and ) KMR, WM
Emotional Harm
Form of Social
Impact Environment /

I 2 COP, KMR
Communication

Style
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An examination of Table 2 reveals that the definitions
of peer bullying provided by Al tools are grouped under

three main themes: Nature of Behavior, Relational
Structure, and Form of |Impact. The codes
“Intentionality/Conscious Purpose” and

“Repeatability/Continuity” under the Nature of Behavior
theme were expressed by all 10 participants (f=10),
making them the most frequently occurring common
components. This is followed by the “Aggression/Infliction
of Harm” code, highlighted by 8 participants (f=8). Under
the Relational Structure theme, the “Power Imbalance”
and “Similar Age/Status Group” codes were each
mentioned by 7 participants (f=7). Under the “Form of
Impact” theme, a smaller number of participants
mentioned the dimension of bullying as “Physical and
Emotional Harm” (n=2) and its characteristic as a “Social
Environment/Communication Style” (n=2).

3.2 Theoretical Foundations of Peer Bullying Definitions

To determine which theoretical frameworks underpin
the definitions of peer bullying provided by artificial
intelligence tools, participant responses were analyzed in
terms of how they cited theoretical foundations. In this
context, responses were classified into three categories:
those containing explicit theoretical references, those
implicitly grounded in the literature, and those that did
not explicitly cite any theoretical or academic sources.
Findings regarding the theoretical approaches on which Al
tools base their definitions of peer bullying are presented
in Table 3.

Table 3. Theoretical Frameworks Underlying the
Definitions and Frequency Values
Codes /
Themes Categories Referenced f Participants
Theories
Dan Olweus
Traditional Olweus (Inte'n't, DS, GEM, COP,
Approach Bullying Model Repetition, WM, GRK,
PP ving Power GPT
Imbalance)
Bronfenbrenn
er / Context
i Ecological
Systemic cologica Theory KMR, GPT
Approaches Systems .
(Environmenta
I Influence)
Social-
Emotional
Social-
Emotional Developmental- Development GPT, GEM,
Development Psychosocial and School- oV, QB
Based
Theories
Triple Criteria
C t- Intenti lit
omponen Operational (Intentionality, OV, CLD, GRK,
Oriented . Continuity,
o Definition DS
Definition Power
Imbalance)
Social-
Applied Intervention- Emotional
A pFr)oach Based Learning / ov
pp Multi-Tiered
Approach
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An examination of Table 3 reveals that 60% of the Al
tools (n=6) base their definitions directly on Dan Olweus’s
bullying model. These tools consider intent, persistence,
and power imbalance to be the fundamental building
blocks of the definition. While some participants (f=4)
pointed to “Developmental-Psychosocial” approaches in
more general terms, KMR and GPT referenced the
“Ecological Theory” (Bronfenbrenner), which emphasizes
the relationship between bullying and the social
environment. OTV, however, did not limit its definition to
a purely theoretical plane but linked it to application-
oriented frameworks such as “Social-Emotional Learning.”

3.3 Hallucination and Academic Reliability Analysis

To determine which academic studies or scientific
sources the definitions of peer bullying provided by
artificial intelligence tools were based on, participants’
responses were examined in terms of their citation
practices. Accordingly, the responses were classified into
three categories: explanations that provided clear and
verifiable academic sources, those that included limited or
indirect citations, and those that deliberately avoided
citing sources. These findings, evaluated based on the
extent to which Al tools cited author names and
publication years, are presented in Table 4.

Table 4. Scientific Sources Underpinning the Definitions
and Literature Verification

§ Primary Source
'S Referenced Evaluation
B Status
© Source(s)
a
Olweus, D. Foundational and
(1993); contemporary sources are
Espelage & Correct fully aligned with the
Swearer (2003) 5540rks554tire.
Probable correct citation:
GPT Smith, P. K., Cowie, H., &
Smih 8 more S 1090 Workes
Sharp, S. (1994)  ct directly with pup
in bullying situations. School
Bullying: Insights and
Perspectives, 193-212.
Olweus. D One of the earliest and most
DPS L Correct foundational 554o0rks in the
(1978) )
field.
Olweus, D.
(1993); Olweus, Enriched with an emphasis
GEM D. (1994); Correct on the “group process”
Salmivalli et al. efs ecpti?/e
(1996); Smith & perspective.
Sharp (1994)
Olweus, D. Includes a synthesis of
(1993); Volk et Correct classical and modern
al. (2014) perspectives.
Probable correct citation:
Dane, A. V., & Marini, Z. A.
(2014). Overt and relational
cop . .
. - forms of reactive aggression
Zopito Marini Incorre in adolescents: Relations
(2014) ct )

with temperamental
reactivity and self-regulation.
Personality and Individual
Differences, 60, 60—66.
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Table 4 (Continued)

Olweus, D. International perspective
GRK (1993); Smith et Correct sources are valid and
al. (1999) appropriate.
Wang & Eliot- No dl.rect match exists in
R the literature for these
KMR Merydith Incorrect .
(1993) authors and year; likely a
hallucinated reference.
Source Not No Refralnefj fro.m providing
CLD e potentially inaccurate
Specified Source X .
information.
Source Not No . PrOV.IdEd general. .
o1V . information without citing
Specified Source
references.
aLB Source Not No No references were
Specified Source provided.
WM Source Not No No references were
Specified Source provided.

An examination of the academic studies and scientific
sources on which the definitions of peer bullying provided
by artificial intelligence tools are based reveals significant
differences in terms of the participants’ citation practices
and the accuracy of their references. Some Al tools (GPT,
DPS, GEM, COP, and GRK) primarily cited fundamental and
widely accepted researchers in the field, particularly
Olweus; however, some of these citations contained
errors in publication years, inaccuracies in author names,
or incomplete bibliographic information. It was
determined that the sources provided by GEM and DPS
were largely consistent with the literature, while GPT and
COP included citations containing incorrect or potentially
hallucinatory information alongside accurate sources. It
was observed that the source provided by KMR was based
on a study that could not be verified in the literature,
while CLD, OTV, and QLB either avoided explicitly citing
sources to prevent the generation of incorrect
information or relied solely on general information. It was
found that the MET (WM) participant did not generate any
response to the relevant question. These findings reveal
that the citation behaviors of Al tools vary in terms of
accuracy, consistency, and transparency, as presented in
Table 3.

3.4 Criteria for Distinguishing Between Jokes and
Bullying

The criteria provided by artificial intelligence tools for
distinguishing between jokes and bullying have been
categorized based on the nature of the behavior, the
relationship between the parties involved, and the
resulting emotional outcomes. Table 5 presents the
themes and categories derived from participant feedback,
the codes representing these categories, and the
frequency values indicating how often each code was
mentioned.

Table 5. Thematic Codes Used in Distinguishing Between
Jokes and Bullying

Themes Categories Codes f Participants
Victim’s Al
Sadness / Fear 10 Participants
Emotional / Harm
Impact GPT, DS,
and GEM, COP,
Response Mlét::!;:tn/ oV, CLD,
KMR, WM,
GRK
Power 10 All
Imbalance Participants
Structure Repetition /
. All
of Systematic 10 Participants
Interaction Pattern
Distinguishing Reciprocity / 4 GPT, DS,
Criteria Role Switching CLD, GRK
Intention / 10 All
Deliberateness Participants
Cognitive Stopping
Fagctors When Told DS, GEM,
stop” / 4 ov,ap
Showing
Remorse
Strgngthenmg cop, as,
Social Bonds / 3
. . KMR
Social Exclusion
Context Audience
Effect / Public 2 DS, OV
Humiliation

An examination of Table 5 reveals that Al tools reached
complete consensus (f=10) on four key criteria
(Intentionality, Power Imbalance, Recurrence, and
Emotional Harm to the Victim) when distinguishing
between jokes and bullying. In the Emotional Impact and
Response category, the “Mutual Enjoyment and Consent”
criterion was highlighted by 9 participants, while in the
Structure of Interaction category, the “Reciprocity/Role-
Switching” code was mentioned by 4 participants (f=4). In
the Cognitive Factors theme, the situation where “the
behavior stops when told to stop or regret is felt” was
again noted by 4 participants (f=4) as an indicator
distinguishing bullying. In the Social Context theme, which
had a lower frequency, the criteria included the behavior’s
aim to either strengthen or exclude social bonds (f=3) and
the influence of bystanders (f=2).

3.5 The Most Common Types of Peer Bullying in
Elementary School

The responses provided by artificial intelligence tools
regarding the most common types of peer bullying at the
elementary school level are detailed in the context of
developmental stage characteristics, the gender variable,
and the digitalization process. Table 6 presents the
themes and categories derived from participant feedback,
the codes representing these categories, and the
frequency values indicating how often each code was
mentioned.

555



Aslan / Cumhuriyet International Journal of Education, 15(1): 549-574, 2026

Table 6. Codes and Categories Related to Types of Peer

Table 7. Codes and Categories Related to the Causes of

Bullying and Their Causes Bullying
2 Themes Category Codes f Participants
g Categories Codes f Participants Lack of
£ Empathy / Al
Inability to 10 -
Participants
Verbal Bullying 10 Al Take
Participants Perspective
Traditional Social / Relational All . Anger
. 10 . Emotional
Types Bullying Participants Skills Control / All
Physical Bullyi 10 All Difficulty in 9 Participants
0 ysical Bullying Participants Emotion (except QB)
= GPT, DS, Regulation
> .
@ Emerging . GEM, COP, L DS, GEM,
5 Types Cyberbullying 8  ov,cp, a8, Individual I:mp:r':'c"t'itl‘;t/ 5  0V,CLD,
g KMR and P Y GRK
e Emotional / Psychological Search for
Psychological 2 KMR, GRK Factors Power, All
. 10 .
. Bullying Control, and Participants
Specific Types -
Indirect / Proxy Status
Bullying 1 omv Low Self-
- Cognitive GPT, GEM,
Sexual Bullying 1 KMR Esteem /
i i and Problems 7 COP, OV,
Ir;telrs.lty f’f (Pshy(sjlcal 4 GPT, DS, Motivational with Self. CLD, KMR,
ullying in Grades -
1-2 GEM, CLD Factors Perception GRK
0 .
é Age and Increase in Academic All
G Developmental  Relational/Cyberbul 3 GPT, DS, GEM Failure / 3 Participants
Y Stage lying in Grades 3—4 Feelings of (except QB,
© Effect of Impulse Inadequacy WM)
5 Control /Language 3 GPT, DS, GEM Domestic
é Development Violence / 10 All
S “Covert” Nature of Negative Participants
2 ) GPT, DS, Role Model
2 Verbal/Social 4 GEM. OV ole Models
Visibility Bullying ! Inconsistent Al
Ease .Of DetecFing GPT, DS Family /Hg:lsehrl}l 9 Participants
Physical Bullying Dynamics (except
Neglectful WM)
. . Discipline
An examination of Table 6 reveals that verbal, Emotional
social/relational, and physical bullying were identified by Neglect / ] ES;DGCE'L\E')'
all pfa\rtlupants (n=10) as the most common types.of Microsystem A;tacbflment KMR, GRK
bullying at the elementary school level. In the “Emerging (Immediate roblems
T " categor berbullying was cited by 8 participant Environment) Weak School Al
ypes: category, cy e u y g. as cited by © participants Climate / 9 Participants
(n=8) as an emerging risk in the upper grades of Lack of (except
elementary school (3rd and 4th grades). In the “Specific Supervision WM)
Types” category, KMR distinguished itself from others by Peer All
. . . Approval / -
using codes for sexual, emotional, and psychological School and Bystander g Participants
bullying, while OTV was the only participant to include the Peer Context Effect / (except QB,
“indirect/proxy bullying” code. In the Developmental Popularity WM)
Dynamics theme, it was emphasized that physical bullying ‘zu”ly-?gcim DS, CLD,
is concentrated in lower grades (n=4), while relational and ay\c/iitinf;f 5  KMR, WM,
cyberbullying are concentrated in upper grades (n=3). well) GRK
Additionally, 4 participants noted that verbal and social Violent DS, GEM,
. . . . . lolen
bullying have the characteristic of being “easier to hide Media / 7 COP, OV,
from adults/more covert.” Macrosystem , Games CLD, KMR,
Media and GRK
(Broader . -
. . i . Influences) Society Societal
3.6 Possible Triggers of Bullying Behavior Norms of . DS, GEM,
To identify potential factors that may trigger bullying Violence / Cop, CLD

behavior among students, the perspectives of the artificial
intelligence tools participating in the study were
examined using content analysis. The data obtained were
coded according to factors related to individual, family,
peer, and school contexts; similar codes were grouped
together to form categories and themes. The findings
regarding the themes, categories, and codes identified
through this analysis are presented in Table 7.
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Gender Roles

An examination of Table 7 reveals that the codes “Lack
of Empathy,” “Seeking Power and Status,” and “Modeling
of Domestic Violence” were identified by all participants
(n=10) as the most fundamental causes of bullying. In the
individual category, “Academic Failure” (n=8) and “Anger
Management Issues” (n=9) were frequently mentioned. In
the microsystem theme, the vast majority of participants
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emphasized the lack of supervision in the school
environment (n=9) and inappropriate parental attitudes
(n=9). The “Bully-Victim Cycle” code was mentioned by
half of the participants (f=5), while media influence was
coded as a triggering factor by seven participants.

3.7 Potential Effects of Being Exposed to Bullying

To identify the emotional and behavioral effects that
elementary school students who have been subjected to
bullying may experience, the responses provided by the
artificial intelligence tools participating in the study were
examined using a descriptive and thematic analysis
approach. The responses were evaluated by grouping
them under the headings of emotional (internalized),
behavioral (externalized), academic, and social effects,
and common and distinct areas of emphasis were
identified. The distribution and content patterns of the Al
tools’ views regarding the effects of bullying on children
are presented in Table 8.

Table 8. Codes and Categories Related to the Effects of
Victimization

Theme Category Codes f Participants
Anxiety, Fear, and 10 All
School Phobia Participants
Low Self-Esteem / Al
Loss of Self- 10 Participants
Confidence P
Feelings of
Worthlessness, 10 All
Emotional Psychological Loneliness, and Participants
Effects State Helplessness
. All
Depressive Participants
Symptoms and 9
Unhappiness (except
pp KMR)
. DS, OV, CLD,
Feell:s; c()afusilf;ame 6 GRK, GEM,
GPT
Decline in
Academic Al
Achievement / 10 o
R Participants
. Concentration
School Life
Problems
School Refusal / Al
Absenteeism / 10 Particinants
Behavioral Avoidance P
Effects Social Withdrawal 10 All
/ Isolation Participants
Aggressive GPT, DS,
Social Reactions / . GEM, COP,
Relationships “Bully-Victim” oV, CLD,
Transformation KMR
. GEM, CLD,
Regression 3 ov
SomaFlc Al
Complaints -
9 Participants
(Stomachache,
. . (except WM)
Physical Physical Headache, etc.)
Effects Reactions Sleep and DS, GEM,
Appetite 7 oV, CLD,
Disorders / GRK, WM,
Nightmares cop

An analysis of the data in Table 8 reveals that the codes
“Anxiety/Fear,” “Low Self-Esteem,” “Decline in Academic
Performance,” and “School Refusal” were reported as
common effects by all participants (n=10). In the
“Emotional Effects” theme, feelings of “Loneliness and

Helplessness” (n=10) and “Depressive Symptoms” (n=9)
stand out. In the “Behavioral Effects” category, the “Bully-
Victim” code, indicating that a child who is bullied may
also become aggressive, was mentioned by 7 participants.
Additionally, the vast majority of participants (f=9) noted
that psychosomatic complaints
(headaches/stomachaches)—the physical manifestations
of stress—are a characteristic indicator for elementary
school-aged victims.

3.8 Scenario Analysis and Classification

To determine how the given scenario is classified in the
context of peer bullying, the evaluations of the Al tools
participating in the study were examined using content
analysis. Participant responses were analyzed in terms of
the type of bullying (relational/social), the form of
justification, and the core criteria of bullying:
intentionality, repetitiveness, and power imbalance.
Findings regarding the Al tools’ tendencies to classify the
scenario as bullying and the justifications they provided
are presented in Table 9.

Table 9. Analysis of the Social Exclusion Scenario

Themes Categories Codes f Participants
Relational /
Classification ;Zﬁei:f Social 10 Parti?in ants
Ving Bullying P
Continuity / 10 All
Repetition Participants
All
Power -
. 9 Participants
Operational Imbalance ( £ WM
Criteria excep )
GPT, DS,
. . GEM, COP,
Intentionality 8 oV, CLD, QB,
I GRK
Justifications -
Social All
) 10 -
Isolation Participants
Form of GPT, DS,
Action Communicati 7 GEM, OV,
on Blocking CLD, KMR,
GRK
psvchological Damage to GPT, DS,
Sylcm‘;ft'ca the Senseof 6 GEM, COP,
Belonging oV, CLD

An examination of the scenario analysis data
presented in Table 9 reveals that all Al participants (n=10)
classified the case in question under the “Relational/Social
Bullying” category and consistently applied the core
operational criteria of peer bullying during this diagnostic
process. All participants (n=10) justified the term
“persistent” in the scenario using the principle of
persistence/recurrence—a defining characteristic of
bullying—and interpreted the exclusion from the game as
an act of intentional social isolation. The group’s
numerical and social pressure on the individual was
defined as a power imbalance by the vast majority of
participants (n=9), while the act’s inclusion of a conscious
rejection was reported under the “intentionality” (n=8)
code. Additionally, communication barriers (f=7) and the
resulting erosion of a sense of belonging (f=6) were
identified as other significant findings highlighting the
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pedagogical and psychosocial risk dimensions of the
scenario.
3.9 Recommendations for Teachers: Prevention and
Intervention Strategies

To identify recommendations for teachers aimed at
preventing peer bullying in elementary school settings,
the perspectives of the artificial intelligence tools used in
the study were analyzed using content analysis.
Participant responses were grouped under common
themes, including classroom climate adjustments, the
development of social-emotional skills, and monitoring—
intervention processes. Findings regarding the practical
and concrete recommendations developed for teachers
are presented in Table 10.

Table 10. Categories of Concrete Recommendations for
Teachers and Frequency Values

(%]
c c
2 2 8
$ 2 £ 5
£ Lo T £ f =]
[] © £ = O
= — =
= 3§ o s S
o Q a
O £
2 £
€ Classroom
€ o
o € . contracts, All
<IN Democratic ..
5o . shared 10 Participan
n © Rule-Making
25 language, ts
(&}
= positive rules
c
E th All
= g Social- trai:?:a rgle— Participan
5 s Emotional la g|n ° ts (excz t
4 Learning playing, P
2 emotion circles QB)
5 ‘é" Active “Hotspot” GPT, DS,
§ - o Supervision and monitoring, GEM, 0V,
2 c = ) ! 7
g®°c Risk recess detective CLD,
A = Management practices KMR, GRK
f
2 Concern boxes
g5 . ' DS, GEM,
Z < Safe Reporting anonymous
S ¢ 6 oV, CLD,
= Systems surveys, coded KMR. GRK
£ © expressions ’
o
%’ Friendship
o ) benches,
= Inclusive Peer a:;a;sadp;esr 4 DS, GEM,
b Dynamics ’ oV, CLD
S heterogeneous
a groups

An examination of Table 10 reveals that the solutions
offered by artificial intelligence tools to address peer
bullying at the elementary school level demonstrate a
high degree of alignment with the “Holistic School
Approach” described in the literature. All participants
(n=10) recommended the establishment of positive
classroom rules created with student input and the
adoption of a shared language of behavior as the first step
in preventing bullying. A large majority of participants
(n=9) emphasized the necessity of social-emotional
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learning activities (role-playing, emotion circles, etc.)
integrated into the curriculum to address the underlying
lack of empathy that fuels bullying. Active monitoring
strategies focused particularly on recess periods and
unsupervised areas (f=7), along with safe reporting
mechanisms (f=6) that allow children to seek help without
fear of being labeled a “snitch,” were identified as the
most concrete and intervention-focused solutions offered
by digital assistants.

3.10 Identifying Bullying Among Elementary School
Students

To determine how peer bullying should be explained
to elementary school students, the Al tools participating
in the study were asked to generate short texts that
explain the concept of bullying in simple, understandable
language appropriate for children’s developmental level.
The responses obtained were analyzed in terms of
language simplicity, age appropriateness, emphasis on the
fundamental characteristics of bullying (intentionality and
persistence), and guidance on seeking help. Sample texts
of the Al tools’ explanations of peer bullying for
elementary school students are presented in Table 11.

Table 11. Content Analysis of Child-Centered Peer Bullying
Definitions

Key
Themes Categories Expressions f Participants
Used
GPT, DS,
Operational o Repgatedly, GEM, COP,
Definition Continuity continuously, 9 0OV, CLD,
many times. QB, GRK,
WM
Knowingl| GPT, DS,
Operational Intentionality wiIIingIgyy’ 8 GEM, OV,
Definition deliberate,ly. CLD, KMR,
WM, GRK
Hitting,
. mocking,
Concretization Behavioral excluding, 10 .A.”
Examples X - Participants
not including
in games.
Feeling sad,
Emotional Victim heartbroken, 10 All
Impact Feelings feeling Participants
lonely.
Tell an adult, All
. . inform the Participants
Action Call Seeking Help teacher, ask 9 (except
for help. COP)
"Thisis nota
Conceptual Joke Joke”, "If GPT, GEM,
Difference Distinction every(.)n.e 3 GRK
laughs, itis a
joke".

The data in Table 11 show that, in the texts they
prepared for elementary school-aged children, the
participants avoided academic terms (such as
“asymmetric power” and “relational aggression”) and
adopted language appropriate for the concrete
operational stage. All participants (n=10) described
bullying using concrete examples familiar to children from

their daily lives, such as “exclusion from play,” “name-
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calling,” and “hitting”; similarly, all (n=10) engaged in
emotional mirroring by referring to the feelings of sadness
and loneliness this situation causes in the child. In a large
portion of the texts (n=9), technical criteria such as the
“persistence” and “intentional nature” of the behavior
were conveyed in simplified language; meanwhile, nearly
all participants (n=9) concluded their text with a
reassuring call to action encouraging the child to seek help
from an adult. In particular, the “difference between a
joke and bullying” (n=3), emphasized by GPT, GEM, and
GRK, stands out as a valuable pedagogical detail aimed at
preventing children from experiencing conceptual
confusion.

3.11 Behavioral Strategies for Students Who Witness
Bullying

To determine students’ views on how they should
respond when witnessing bullying, Al-based participants
were asked to provide three suggestions. The responses
obtained in this context were analyzed in terms of
behavioral patterns that prioritize student safety, do not
encourage bullying, and emphasize supporting the victim.
The suggestions provided by the participants are
significant in that they highlight the role of students in an
observer role in preventing bullying. The responses given
by the Al participants to this question are shown in Table
12.
Table 12. Behavioral Recommendations for Students in an
Observer Role

2
c
2 2 2
3 o 5 3 5
£ L5 Lo f =
[] © o E o
< — +
= &hE =2 s
S 2 &
(3} —_
3
Reporting to a
teacher or
family member Al
Reporting Notifying an with the 10 Partici
Adult awareness that
o pants
itis “not
tattling, but
seeking help.”
Going to the
Psychosocial Making the i\r:lccitil?n:fitr?\:it?ne Al
4 Victim Feel . € 10 Partici
Support Supported them to join ants
PP play, not leaving P
them alone.
Not Iaughlr?g, GPT,
not applauding,
and DS,
E
Non-reaction NOt. withdrawing GEM,
/ Rejection Approving from the 7 ov,
the Bully . . CLD,
situation to
withdraw social GRK,
WM
approval.
eeise  am
IDre\g ondin ’ COP,
. Safe “Stop” P g ov,
Intervention calmly and 6
Response . CLD,
clearly by saying
“This is not KMR,
o GRK
right.

An examination of Table 12 reveals that participants
redefined the bystander’s attitude during bullying
incidents along the “social responsibility” axis. All Al tools
(f=10) reported that the primary steps for students
witnessing bullying should be to report the incident to an
adult and provide social support (such as inviting the
victim to play or offering emotional validation) to the
victimized student. The need to replace the fear of
“snitching” (gossiping)—a common concern at the
elementary school level—with the concept of “asking for
help” (f=6) was emphasized as a pedagogical necessity.
Additionally, participants (f=7) agree that cutting off the
indirect approval given by laughing at or silently observing
the bullying act is the most powerful passive intervention
method that prevents the bully from achieving the social
status they seek.

3.12 Artificial Intelligence Self-Assessment Analysis

To determine how Al tools assess their own limitations
when generating information related to peer bullying,
participants were asked to self-assess the risk of
producing misinformation. In this context, the responses
were analyzed in terms of the level of awareness
regarding the likelihood of errors in information
generation, highlights of areas where risks might arise,
and references to ethical and academic boundaries. The
findings regarding the self-assessments of Al tools on the
risk of generating misinformation while presenting
information on peer bullying are presented in Table 13.
Table 13. Areas and Frequency Values of Misinformation
Generation Risks in Al Tools

Theme Subcategory f Participants
Self-awareness Acknowledging the risk GPT, DPS,
and Boundary of generating incorrect 7 GEM, COP,

Awareness information CLD, OTV, WP
Self-awareness g e the role of Al CLD, GEM,
and Boundary L 3
as limited DPS
Awareness
Academic Uncertainty of sources 5 GPT, GEM,
Reliability Risks and citations COP, OTV, CLD
Academic Limitations in current 4 DPS, GEM,
Reliability Risks data and statistics CLD, GRK
oot otk omons
P, CLD, WP
Limitations differences COP, CLD,
Contextual and Lack qf schooli—iand CLD, GEM,
Cultural policy-specific 3 o1V
Limitations knowledge
Interpretation
anf:l . Overgenerall.zatlon in 3 GPT, OTV, CLD
Generalization causality
Risks
Interp;rr:actlatlon Context dependence of
- intervention 3 COP, OTV, CLD
Generalization .
. recommendations
Risks
Clinical and
'Et'f‘?caal” Emphasison inability ~,  DPS, GEM,
. to diagnose CLD, GRK
Boundaries
Clinical and arti?i"ants
Ethical Referral to experts 10 P p
Boundaries (especially
CLD, DPS)
Risk Mltlg.atlon Cautlous language .and 3 GPT, OTV, CLD
Strategies uncertainty reporting
Risk Mitigation Academic and ethical 3 GPT, GEM,
Strategies transparency CLD
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An examination of Table 13 reveals that assessments
of the risk of Al tools generating misinformation are
grouped under various themes and subcategories. Under
the theme of self-awareness and awareness of limitations,
it was found that seven participants explicitly
acknowledged the risk of misinformation generation,
while three participants defined the role of Al in a limited
manner. Under the theme of academic reliability risks, it
was found that five participants addressed the issue of
uncertainty regarding sources and citations, while four
participants highlighted the limited access to current data
and statistics. Under the theme of contextual and cultural
limitations, it was observed that five participants
mentioned the inability to reflect local and cultural
differences, while three participants expressed a lack of
information specific to schools and regulations. Under the
theme of interpretation and generalization risks, it was
found that three participants noted the potential for
overgeneralization regarding causality, while three
participants stated that intervention recommendations
are context-dependent. Under the theme of clinical and
ethical boundaries, four participants emphasized the
inability to make a diagnosis, while all participants
indicated that they relied on expert guidance. In the risk
mitigation strategies theme, it was observed that three
participants used cautious language and uncertainty
statements, while three others emphasized academic and
ethical transparency.

3.13 Case Scenario Design and Data Bias Analysis

Below are the findings regarding the Al participants’
case descriptions of peer bullying at the elementary
school level, presented in terms of data bias. The
participants’ descriptions were classified according to the
variables of the bully’s and victim’s gender, the location
where the incident occurred, grade level, and type of
bullying; findings regarding these variables are presented
in Table 14.
Table 14. Al Participants’ Case Descriptions in Terms of
Data Bias

. Bully Victim . Grade Type of
Participant Gender Gender Location Level Bullying
GPT None None Schoolyard  None Relatlo.nal
(Exclusion)
Classroom 3rd Verbal /
DPS Male Male / Grade Social /
Schoolyard Material
Basketball 3rd Relational
GEM Mal Mal
ale ale Court Grade  (Exclusion)
3rd Social
cop Male Male Schoolyard Grade  (Exclusion)
Schoolyard 3rd Relational
oTv Male Male / (Silent
Grade
Classroom treatment)
Schoolyard 3rd Relational
CLD Male Male / / Verbal /
Grade ;
Classroom Social
Social /
QLB None Male Schoolyard  None Verbal
KMR None Female None None Socna.ul
(Exclusion)
3rd Social /
WM Male Male Schoolyard Grade Verbal
3rd Social /
GRK Male Male Schoolyard Grade Material
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When Table 14 is examined in terms of data bias, it is
evident that certain variables are represented in a
repetitive and limited manner in the case descriptions
provided by the Al participants. The fact that both the
bully and the victim are predominantly portrayed as male
indicates that the roles of female students in bullying
processes are not adequately reflected. The fact that
incidents are predominantly set in similar settings such as
the schoolyard and the classroom, and that the focus is
primarily on third-grade elementary school students,
reveals that the diverse grade levels and contextual
variety within elementary school are addressed only to a
limited extent. Furthermore, the fact that bullying types
are predominantly described within the framework of
relational and social bullying points to the relatively
limited representation of other forms of bullying, such as
physical or cyberbullying. The failure of some participants
to include key variables such as gender, setting, and grade
level creates a limitation in terms of data integrity and
consistency in the descriptions.

4. Discussion

Preliminary findings from the study indicate that
artificial intelligence tools define peer bullying in terms of
the dimensions of intentionality, persistence, and power
imbalance, and that these definitions largely align with
classical bullying theories. This aligns with Olweus’s (1993,
2013) framework, which defines bullying as a systematic
abuse of power, as well as with Smith and Sharp’s (1994)
approach, which emphasizes the persistence of bullying
and the pressure it exerts on the victim. Studies examining
bullying in schools (Yoon & Bauman, 2014; Bradshaw et
al.,, 2013) also reveal that the defining characteristic of
bullying is not isolated conflicts but rather repeated and
intentional behaviors. Research on parents’ perceptions
of bullying, however, indicates that parents often struggle
to recognize power imbalances and may underestimate
subtle forms of bullying, such as social exclusion (Sawyer
et al., 2011). In this context, it can be argued that Al tools
offer a conceptualization closer to that of teachers and
experts; they use a more theoretical and systematic
language compared to family perspectives. However, it
has been observed that some Al tool responses only
partially address the contextual and cultural dimensions
of bullying. Indeed, Moody and Stahel (2025) emphasize
that perceptions of bullying are strongly influenced by
school culture and social norms. This situation highlights
the risk that Al's tendency to generate universal
definitions may fail to adequately reflect local contexts.

It focuses on classification, establishing cause-and-
effect relationships, and describing victim and bully
profiles in scenario-based assessments. The ability of
artificial intelligence tools to accurately distinguish
between verbal, physical, and relational bullying aligns
with Crick and Grotpeter’s (1995) theory of relational
bullying and Espelage and Swearer’s (2003) approach to
bullying as a complex process. Studies examining
teachers’ perspectives (Troop-Gordon & Ladd, 2015) also
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indicate that teachers’ responses to peer bullying are
associated with students’ aggressive behaviors. Harcourt
et al. (2014) found that parents struggle to define bullying,
often perceiving it as a normal part of childhood; they
demonstrated that perception, awareness, responsibility,
and coping strategies determine parents’ responses to
bullying, and that strong home—school collaboration and
parental support are critical for effective prevention. The
fact that Al tools explicitly classify social exclusion as
bullying in scenario-based questions aligns closely with
expert opinions (Juvonen & Graham, 2014). However, one
of the study’s key findings is that while Al tools emphasize
individual characteristics (lack of empathy, impulsivity)
when explaining the causes of bullying, they address
variables related to family and school climate only to a
limited extent. Yet the literature demonstrates that
bullying is strongly associated with school climate, teacher
attitudes, family discipline, and positive school climate
practices (Hong & Espelage, 2012; Wang et al., 2013). This
suggests that Al responses may exhibit an individual-
centered bias in their cause-and-effect relationships.

The latest findings of the research focus on the
pedagogical appropriateness, use of academic sources,
risk of hallucination, data bias, and levels of self-
awareness of Al tools. The ability of artificial intelligence
to generate simple and understandable explanations for
elementary school students can be considered a notable
advantage when compared to studies showing that
teachers lack a common language regarding bullying (Lee,
2006). However, the inconsistencies in academic citation
and the occasional generation of fabricated references by
Al tools parallel the hallucination problem frequently
highlighted in current Al research (Ji et al., 2023; Maynez
et al., 2020). While studies emphasize that information
regarding bullying must be based on reliable sources
(Ansary et al., 2015; Bradshaw, 2015; Hall, 2017), it is
known that families struggle to discern the accuracy of
digital content (Sharevski and Vander Loop, 2023). In this
context, using information generated by artificial
intelligence without subjecting it to critical scrutiny can
pose pedagogical and ethical risks. A key finding of the
research is that many Al tools express their own
limitations and provide warnings such as “source cannot
be identified,” demonstrating that they can develop a
discourse of self-awareness similar to that of human
experts. However, the fact that this self-awareness is not
consistently demonstrated in every response aligns with
the view that artificial intelligence should be positioned as
a supportive but non-decision-making tool in an
educational context (Mollick and Mollick, 2023). Overall,
the findings reveal that the views of Al tools on peer
bullying align closely with those of teachers and experts in
the literature, while diverging from parental views on a
more theoretical and academic level; however, they

clearly demonstrate that this alignment is insufficient
without human oversight and an ethical framework.

5. Conclusions and Recommendations

The results of this study indicate that the Al tools
considered as participants largely defined peer bullying in
a manner consistent with the literature; they
conceptualized it based on intentionality, repeatability,
and power imbalance, and produced consistent
explanations by focusing particularly on the classic
Olweus-based bullying framework. The Al participants
were able to correctly distinguish the types of bullying
commonly observed in elementary school settings (verbal,
social/relational, and physical); they addressed the causes
of bullying in a multidimensional manner at the individual,
family, peer, and school climate levels; and they described
the emotional, behavioral, academic, and psychosomatic
effects of victimization with a high degree of awareness.
The fact that all tools reached consensus on common
criteria in scenario-based evaluations and in distinguishing
between jokes and bullying demonstrates that the Al can
consistently apply operational definitions. However, the
findings reveal that Al tools exhibit inconsistencies in
academic citation and carry a risk of hallucination in some
cases, and that in fictional case studies, they can produce
significant data biases regarding gender, location, and
socioeconomic status. Another notable finding is that
many Al tools acknowledge their own limitations in
knowledge generation and emphasize the need for expert
guidance.

Overall, this study demonstrates that Al tools generate
conceptually and pedagogically robust perspectives on
peer bullying, yet these are limited in terms of academic
validation and contextual diversity; consequently, while
they can serve as supportive tools in an educational
context, they should not be accepted as direct authorities
without critical human oversight.

5.1 Recommendations

e Artificial intelligence tools should be positioned as
supportive tools, not decision-makers, in educational
processes related to peer bullying.

eIn-service training programs on combating bullying,
including Al literacy, should be developed for teachers and
school administrators.

¢Al content should be used in a controlled and guided
manner in information and awareness campaigns
targeting families.

In future research, the perspectives of Al tools should
be examined in direct comparison with the views of
human stakeholders (teachers, parents, guidance
counselors, and students).
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Tirkge Metin

1.Giris

Egitim ortamlari, vyalnizca bilissel 6grenmenin
gerceklestigi mekanlar degil; ayni zamanda g¢ocuklarin
sosyal, duygusal ve ahlaki gelisimlerinin sekillendigi
karmasik etkilesim alanlaridir. Bu etkilesim alanlarinda
ortaya cikan akran zorbahgi, 6zellikle ilkokul doneminde
ogrencilerin psikolojik iyi olusunu, akademik katilimini ve
okul aidiyetini olumsuz yénde etkileyen 6nemli bir sorun
olarak karsimiza ¢ikmaktadir (Olweus, 1993; Smith ve
Sharp, 1994). Akran zorbaligi; kasith olarak zarar verme
niyeti tasiyan, streklilik gosteren ve taraflar arasinda giic
dengesizliginin  bulundugu davraniglar bitini olarak
tanimlanmaktadir (Olweus, 2013). Fiziksel, s6zel, iliskisel
ve giderek artan bigimde dijital zorbalk tiirleri, cocuklarin
gilinliik okul yasantilarinda siklikla deneyimledikleri olgular
arasinda yer almaktadir (Espelage ve Swearer, 2003; Smith
vd., 2008). Son vyillarda vyapilan c¢alismalar, 6zellikle
dijitallesmenin etkisiyle siber zorbalgin cocuklar ve
ergenler arasinda giderek yayginlastigini ve o©nemli
psikolojik ve davranigsal sonuglarla iliskili oldugunu ortaya
koymaktadir; ayrica bu olgunun farkli baglamlarda artan
bir egilim gosterdigi ve kiiresel 6lgekte Gnemli bir risk alani
haline geldigi vurgulanmaktadir (Kowalski vd., 2020; Zhu
vd., 2021).

ilkokul dénemi, cocuklarin sosyal normlari, empatiyi ve
catisma ¢ozme becerilerini 6grenmeye basladiklar kritik
bir gelisim evresidir. Bu ddnemde yasanan zorbalik
deneyimlerinin, c¢ocuklarin benlik algisi, akademik
motivasyonu ve uzun vadeli psikososyal uyumlari Gizerinde
kahcr etkiler biraktigi cesitli arastirmalarla ortaya
konmustur (Hawker ve Boulton, 2000; Arseneault vd.,
2010). Zorbaliga maruz kalan oOgrencilerde kaygi,
depresyon, ice kapanma ve okuldan kaginma davranislari
daha sik gorilmekte; zorbalik yapan 6grencilerde ise
ilerleyen yillarda saldirganlik ve antisosyal davraniglarin
artis gosterdigi bildiriimektedir (Juvonen ve Graham,
2014). Glincel arastirmalar, zorbaligin yalnizca bireysel bir
davranis degil, 6grencilerin okul icindeki sosyal iliskileri,
aidiyet duygulari ve sosyal-duygusal becerileriyle yakindan
iliskili cok boyutlu bir sire¢ oldugunu; zorbaliga maruz
kalan 6grencilerin daha dusik duygusal kontrol, stresle
basa ¢ikma ve iyimserlik diizeyleri sergiledigini ortaya
koymaktadir (OECD, 2021). Bu nedenle akran zorbalgi,
yalnizca bireysel bir disiplin sorunu degil, okul iklimini ve
egitim kalitesini dogrudan etkileyen ¢ok boyutlu bir egitim
problemidir.

Son vyillarda akran zorbaliginin Onlenmesi ve
miidahalesine yonelik calismalarda, 6gretmen egitimi,
okul temelli programlar ve aile katilimi kadar dijital
teknolojilerin ve bilgi kaynaklarinin roll de giderek
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artmaktadir (A'zdom, 2024; Boboc ve Damasevicius, 2024;
Cantone vd., 2015; Lestari vd., 2026; ). Ozellikle yapay
zekd temelli uygulamalar; bilgiye hizli erisim, rehberlik,
senaryo Uretimi ve pedagojik destek gibi islevleriyle egitim
alaninda vyaygin bigimde kullanilmaya baslanmistir
(Holmes vd., 2019). Buyuk dil modellerine dayali yapay
zeka araglari, 6gretmenler ve ebeveynler tarafindan akran
zorbaligi gibi karmasik sosyal konularda agiklama Gretme,
ornek olay olusturma ve ¢6zim Onerileri gelistirme
amaciyla giderek daha fazla basvurulan dijital araglar
haline gelmistir.

Ancak yapay zeka temelli dil modellerinin sundugu
bilgilerin niteligi, dogrulugu ve pedagojik uygunlugu
konusunda 6nemli tartismalar bulunmaktadir. Bu
modeller, biyik 6lgekli metin verileri Gizerinden olasilksal
dil dretimi yapmakta; bu durum zaman zaman
hallisinasyon olarak adlandirilan, gercekte var olmayan ya
da dogrulanamayan bilgi ve kaynaklarin tretilmesine yol
acabilmektedir (Ji vd., 2023). Ozellikle gocuk gelisimi,
egitim ve etik hassasiyet iceren konularda, yapay zeka
tarafindan  retilen iceriklerin  elestirel  bicimde
degerlendiriimesi gerekmektedir (Floridi vd., 2018;
UNESCO, 2023). ilkokul diizeyindeki akran zorbalig gibi
pedagojik, duygusal ve etik boyutlari yiksek bir konuda
yapay zeka araglarinin nasil bir sdylem Urettigi, hangi
kuramsal gercevelere dayandigi ve hangi sinirlari gozettigi
heniiz yeterince incelenmis degildir.

Bu noktada dikkat ceken ©nemli bir metodolojik
yenilik, yapay zeka araglarinin bilgi kaynagi olarak degil,
arastirmanin  katihmcilari  olarak ele alinmasidir.
Geleneksel egitim arastirmalarinda katilimcilar genellikle
ogrenciler, 6gretmenler veya yoneticilerden olusurken; bu
¢alismada yapay zeka temelli dil modelleri, belirli sorulara
verdikleri yanitlar Uzerinden analiz edilen “dijital
katihmcilar” olarak konumlandiriimaktadir. Bu yaklagim,
insan olmayan aktorlerin bilgi Gretim sireglerindeki
rolind inceleyen c¢agdas bilim felsefesi ve sosyoteknik
sistemler literaturiyle de ortismektedir (Latour, 2005;
Floridi, 2014).

Yapay zekanin katiimci olarak ele alinmasi, yalnizca
teknolojik bir yenilik degil, ayni zamanda epistemolojik bir
sorgulamayl da beraberinde getirmektedir. Uretilen
bilgilerin kaynagi, dogruluk olcltleri, kuramsal dayanaklari
ve 0z farkindalik dizeyi, bu tiir calismalarin merkezinde
yer almaktadir (Bender vd., 2021). Akran zorbalgi
baglaminda yapay zeka araclarinin sundugu tanimlarin,
Olweus’un (2013) glic dengesizligi ve sireklilik vurgusu
gibi temel Olgitleri ne olclide icerdigi; iliskisel zorbalik,
dislama ve izleyici rolleri gibi kavramlari nasil ele aldigi;
ilkokul 6grencilerine uygun bir dil kullanip kullanmadigi bu
baglamda kritik 6neme sahiptir.
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Ayrica yapay zeka araglarinin, kendi sinirliliklarina
iliskin farkindalik sergileyip sergilemedigi, uydurma
kaynak tretiminden kaginip kaginmadigi ve veri yanhligina
iliskin 6z degerlendirme vyapabilme kapasitesi, bu
¢alismanin 6zgilin odak noktalarindan birini
olusturmaktadir. Egitimde yapay zeka kullanimina iligkin
guncel etik cerceveler, seffaflik, hesap verebilirlik ve zarar
vermeme ilkelerini 6zellikle vurgulamaktadir (OECD, 2019;
UNESCO, 2023). Bu ilkelerin, yapay zeka araglarinin akran
zorbaligi gibi hassas bir konuda trettikleri yanitlara nasil
yansidigl, nitel analiz yoluyla ortaya konulmasi gereken
onemli bir arastirma alanidir.

Akran zorbaligi, ilkokul g¢agindaki 6grencilerin sosyal-
duygusal gelisimini, akademik basarisini ve okul iklimini
olumsuz etkileyen 6nemli bir egitim problemidir. Son
yillarda 6gretmenler, ebeveynler ve egitim arastirmacilari;
bilgilendirme, farkindalik olusturma ve miuidahale
sureglerinde giderek artan bicimde yapay zeka tabanh
araglardan yararlanmaya baslamaktadir. Ancak bu
araglarin akran zorbaligi gibi pedagojik, etik ve duygusal
boyutlari yiksek bir konuda ne tir bilgiler Grettigi, bu
bilgilerin bilimsel temellere dayali olup olmadigi, ilkokul
diizeyine ne 6lglide uygun oldugu ve yaniltici bilgi Gretme
riskleri yeterince incelenmemistir. Bu arastirma, yapay
zeka araclarini bilgi kaynagi olarak degil, arastirmanin
katilimcilari olarak ele almasi bakimindan alan yazinda
0zgun bir konumda yer almaktadir.

Bu arastirmanin amaci, yapay zekd temelli dil
modellerinin akran zorbali§i kavramina iliskin tanimlar,
aciklamalari, neden—sonug iligkileri, ¢6ziim o©nerileri ve
pedagojik uygunluk dizeylerini, ilkokul baglaminda
katilimci gorisleri olarak incelemektir. Bu dogrultuda
calismada; yapay zeka araglarinin akran zorbaligini nasil
kavramsallastirdigl, hangi kuramsal ve akademik
referanslara dayandirdigi, senaryo temelli durumlari nasil
yorumladigi, ilkokul o&grencilerine yonelik agiklama
Uretme yeterligi ile hallsinasyon, veri yanhhg ve 0z
farkindalik duzeyleri nitel analiz yoluyla ortaya
konulacaktir. Dolayisi ile bu arastirmada yapay zeka
unsurlar bir nesne/ara¢ olarak degil, akran zorbaligi
olgusuna anlam yuikleyen bir '6zne' (katilimci) olarak
¢alismada yer almistir ve yapay zekd unsurlarinin bu
olguyu nasil tanimlayip yorumladigi incelenmistir.

1.1 Aragtirma Sorulari:

e Yapay zekda temelli dil modelleri akran zorbalig
kavramini nasil tanimlamakta ve
kavramsallastirmaktadir?

e Yapay zeka dil modelleri, akran zorbaligina iliskin
aciklamalarinda hangi kuramsal cercevelere ve/veya
akademik referanslara dayanmaktadir?

e Yapay zekd dil modelleri, akran zorbaligina iliskin
bilgilerini hangi tiir veri ve kaynak temsilleri Gizerinden
Uretmektedir?

e Yapay zeka dil modelleri, saka ile zorbalik arasindaki
ayrimi hangi olgitler tGzerinden agiklamaktadir?

e Yapay zeka dil modelleri ilkokul diizeyinde en yaygin
akran zorbaligi tiirlerini nasil siniflandirmaktadir?

e Yapay zeka dil modellerine gore zorbalik
davranislarinin ortaya ¢ikmasinda etkili olan bireysel,
sosyal ve cevresel faktérler nelerdir?

e Yapay zeka dil modelleri, zorbaliga maruz kalan ilkokul
ogrencilerinin duygusal ve davranissal etkilerini nasil
actklamaktadir?

e Yapay zekad dil modelleri, verilen senaryo temelli
durumlari  akran  zorbahg  baglaminda nasil
yorumlamakta ve gerekgelendirmektedir?

e Yapay zeka dil modelleri, ilkokul ortaminda akran
zorbaligini 6nlemeye yonelik 6gretmenlere hangi
somut ve uygulanabilir stratejileri onermektedir?

e Yapay zeka dil modelleri, akran zorbahg kavramini
ilkokul Ogrencilerine  yonelik  olarak nasil
basitlestirmekte ve agiklamaktadir?

e Yapay zeka dil modelleri, zorbaliga tanik olan
Ogrencilerin (izleyici roliindeki Ogrencilerin)
davranislarina iliskin nasil yonlendirmeler
sunmaktadir?

e Yapay zeka dil modelleri, akran zorbaligina iligkin
Urettikleri yanitlarin dogruluk sinirlarini ve olasi
hata/hallisinasyon risklerini nasil
degerlendirmektedir?

e Yapay zeka dil modelleri, ilkokul dizeyinde 6rnek
zorbalik olaylarini hangi yapisal ve anlatisal 6riintilerle
betimlemektedir?

2. YOontem

2.1 Arastirma Modeli

Bu calismada, nitel arastirma desenlerinden betimsel
durum ¢alismasi benimsenmistir. Durum c¢alismasi, giincel
bir olguyu kendi gercek yasam cergevesi iginde
derinlemesine incelemeyi amaglar. Bu arastirmada
"durum", yapay zeka araglarinin akran zorbaligina yonelik
Urettigi yanitlarin niteligi ve pedagojik yeterligidir. Calisma
ayni zamanda metin tabanl dijital giktilarin sistematik
olarak incelenmesini icerdigi icin icerik analizi ve metin
analizi tekniklerinden beslenmektedir.

2.2 Galisma Grubu

Arastirmanin ¢alisma grubunu, farkh gelistiriciler
tarafindan Gretilmis ve yaygin bicimde kullanilan 10 yapay
zeka temelli dil araci olusturmaktadir. Bu araglar, amach
ornekleme  yontemlerinden maksimum cesitlilik
orneklemesi kullanilarak belirlenmistir. Segimde; araglarin
farkli dil modeli altyapilarina sahip olmasi, egitim ve genel
kullanicilar tarafindan erisilebilir olmasi ve metin iretme
kapasitesine sahip olmalari olgit olarak alinmistir.
Bulgular boliminde karsilastirmali analizlerin daha agik
ve sistematik bicimde sunulabilmesi amaciyla her bir
yapay zekd araci kisaltma kodlariyla ifade edilmistir.
Calisma grubunda yer alan yapay zeka araglari, bu araclara
atanan kodlar ve temel Ozellikleri Tablo 1'de
gosterilmistir.
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Tablo 1. Arastirma Kapsaminda Yer Alan Yapay Zeka
Araclari ve Temel Ozellikleri

Yapay Zeka

Araci Kod Ozelligi

Genis veri kiimesine dayali, cok amagli
metin Gretimi ve agiklama yapabilen biyik
dil modeli

ChatGPT CPT

Analitik akil ytritme ve yapilandiriimig

DeepSeek DPS yanit Gretme kapasitesi ytiksek dil modeli

Google Cok modlu veri isleme ve baglamsal dil
- GEM P A .
Gemini iretimi odakli yapay zeka sistemi
Microsoft cop Uretken yapay zeka destekli, bilgi sentezi ve
Copilot yonlendirici agiklama Gretme araci

Konusma temelli girdileri metne
donistirme ve 6zetleme odakli yapay zeka
aracl
Etik ve gtivenli dil kullanimi vurgusuyla
gelistirilen, agiklayici yanitlar dreten dil
modeli
Metin yeniden yazma, sadelestirme ve dil
diizenleme odakl yapay zeka araci
Tirkge odakli metin tretimi ve dilsel uyum

Otter Voice oTV

Claude CLD

Quillbot QLs

Kumru KMR A A
yetkinligi bulunan yapay zeka araci
WhatsApp MET Sohbet tabanli etkilegim ve kisa yanit
Meta iretimine odaklanan yapay zeka sistemi
X Grok GRK Glincel veri odakh, hizli gikarim ve yorum

Uretme kapasitesine sahip dil modeli

2.3 Veri Toplama Araglar

Arastirmada veri toplama araci olarak, arastirmaci
tarafindan gelistirilen ve baslangicta 16 acik uglu sorudan
olusan yari yapilandinimis Yapay Zeka Goriis Formu
olusturulmustur. Yapay Zeka Goris Formu’nun gelistirilme
surecinde, 6lgme aracinin arastirma amacina, kuramsal
cerceveye ve ilkokul dizeyine pedagojik uygunlugunu
saglamak amaciyla kapsam  gecerligi  ¢alismasi
yaritilmustir. Bu kapsamda, iki dil alani uzmani, iki gocuk
psikolojisi uzmani ve bir yapay zekd calismalari alani
uzmani olmak Uzere toplam bes alan uzmanindan goris
alinmistir. Uzman gorusgleri, arastirma igin 6zel olarak
hazirlanan Uzman Goriasi Formu (Kapsam Gegerligi)
aracihgiyla toplanmistir.  Formda her bir madde;
arastirmanin amacina hizmet etme dizeyi, akademik
yeterliligi ve pedagojik uygunlugu agisindan “Uygun (3)”,
“Duzeltilmeli (2)” ve “Uygun Degil (1)” secenekleri
kullanilarak degerlendirilmis; ayrica uzmanlara gerekgeli
aciklama ve dizeltme o6nerileri sunabilecekleri alanlar
saglanmistir.

Uzman degerlendirmeleri sonucunda, benzer igerik
tasidigl belirlenen 3 madde 6lgme aracindan gikariimis,
ifade bicimi ve kavramsal netlik agisindan yetersiz gorilen
3 madde wuzman Onerileri dogrultusunda yeniden
dizenlenmis, pedagojik ve akademik agidan uygun
bulunan 10 madde ise aynen kabul edilmistir. Yapilan
diizenlemeler sonrasinda form 13 acgik uglu maddeden
olusacak sekilde yeniden yapilandiriimistir. Son hali
verilen maddeler lizerinde uzmanlar arasinda gords birligi
saglanmis ve formun kapsam gecerligi kabul edilebilir
diizeyde bulunmustur.

Sonug olarak, 13 maddeden olusan Yapay Zeka Gorus
Formu; akran zorbalginin kavramsal tanimi, kuramsal ve
akademik dayanaklari, senaryo temelli degerlendirme,
ilkokul o6grencisine yonelik aciklama Uretme vyeterligi,
halGsinasyon ve veri yanhlig riski ile 6z farkindalik
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boyutlarini kapsayacak bicimde vyapilandirilmis olup,
arastirmanin  amacina uygun, gecerli ve nitel veri
Uretmeye elverisli bir veri toplama araci olarak

kullaniimigtir.

2.4 Verilerin Toplanmasi

Veriler, her bir yapay zekd aracina ayni arastirma
uyaricisi  (prompt) ve ayni  sorular yoneltilerek
toplanmistir.  Yanitlarin karsilastirilabilirligini  saglamak
amaciyla;

e Tim yapay zeka araglarina tek oturumda,
e Varsayilan ayarlar degistirilmeden,
o Ayni dilde (Tirkge) yanit vermeleri saglanmistir.

Her bir yapay zekd aracinin sorulara verdigi yazih
yanitlar ayri ayri kayit altina alinmis, diizenlenmis ve analiz
surecine hazir hale getirilmistir. Yanitlar Gizerinde herhangi
bir dilsel diizeltme ya da icerik midahalesi yapilmamistir.

2.4.1 Yapay zeka araglarina yonelik girilen uyarici promt

Bu c¢alismada bir bilimsel arastirmanin katilimcisi
olarak yer almaktasiniz. Arastirmanin amaci, ilkokul
diizeyinde akran zorbaligina iliskin yapay zeka araglarinin
gorislerini incelemektir. Asagida yer alan sorular, bu
arastirma kapsaminda hazirlanmistir ve yanitlariniz nitel
veri olarak analiz edilecektir. Bu nedenle: Her soruya ayri
ayri, acik, gerekgeli ve arastirma baglamiyla sinirli yanit
veriniz. Yanitlarinizda bilimsel kavramlara, akademik
terminolojiye ve pedagojik uygunluga dikkat ediniz.
Varsayim, tahmin veya kesinliginden emin olmadiginiz
bilgiler icin bunu agik¢a belirtiniz. Uydurma kaynak, yazar
veya yayin yil belirtmeyiniz; emin olmadiginiz durumlarda
“kaynak belirtilemiyor” ifadesini kullaniniz. Yanitlarinizda
etik ilkelere, ¢cocuk haklarina ve ilkokul diizeyine uygun
dile 0zen gosteriniz. Yanitlarinizda kisisel deneyim
iddiasinda bulunmayiniz; yalnizca genel bilgi ve akademik
cerceve temelinde degerlendirme yapiniz. Sorular disina
¢ikmayiniz ve verilen yonergelerde belirtilen sinirlamalara
uyunuz.

2.4.2 Yapay Zeka Araglarina Yoneltilen Arastirma Sorular

Veri toplama sirecinde, yapay zeka araglarina
yoneltilen ve standartlastiriimis bicimde uygulanan
arastirma sorulari asagida yer almaktadir.

e Akran zorbalhgi nedir?

e Akran zorbaligina iliskin yaptiginiz tanim hangi
kuramsal ¢erceveye dayanmaktadir?

e Akran zorbaligina iliskin yaptiginiz tanim hangi
akademik calismaya ya da bilimsel kaynaga
dayanmaktadir? Latfen ilgili yazar(lar) ve yayin yilini
belirtiniz (varsa birden fazla kaynak ekleyebilirsiniz).

e Bir davranisin saka mi zorbalik mi oldugunu ayirt
etmek icin hangi olcitler kullanilabilir?

o ilkokul dgrencileri arasinda en sik rastlanan akran
zorbahg tirleri hangileridir?

e Zorbalk yapan 6grencilerin davranislarini
etkileyebilecek olasi nedenler nelerdir?

e Zorbaliga maruz kalan bir ilkokul 6grencisinin
yasayabilecegi duygusal ve davranissal etkileri nasil
aciklarsiniz?
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e Asagidaki senaryoyu degerlendiriniz:

e “Bir 0Ogrenci teneffluslerde sirekli oyun disinda
birakiliyor, sinif arkadaglari onunla konusmuyor.” Bu
durumu zorbalik agisindan nasil siniflandirirsiniz?
Gerekgenizi yaziniz.

e ilkokul ortaminda akran zorbaligini dnlemek icin
ogretmenlere yonelik uygulanabilir ¢ somut Oneri
gelistiriniz.

e Akran zorbahgini ilkokul 6grencisine uygun sekilde
aciklayacak kisa bir metin yaziniz.

® (3-4 cumle, sade ve anlasilir dil.)

e Zorbaliga tanik olan 6grencilerin nasil davranmasi
gerektigine dair U¢ ©neri sununuz. (izleyici
davranislari, destek mekanizmalari vb.)

o Urettiginiz yanitlar agisindan kendi sinirlarinizi
degerlendiriniz: Akran zorbaligi konusunda bilgi
verirken yanlig bilgi Gretme riskiniz var midir? Varsa
bu risk hangi alanlarda ortaya ¢ikabilir?

o ilkokul diizeyinde yasanabilecek bir akran zorbaligina
iliskin 6rnek bir olay betimleyiniz. Olayda yer, zaman,
olaya dahil olan kisi ya da kisiler ve zorbalik
davranisinin nasil tekrarlandigini gésteren bir olay
orlintUsu agikca yer almalidir. Yanitiniz tek paragraf
halinde olmali ve en fazla 10 climleden olusmalidir.

2.5 Veri Analizi

Arastirma kapsaminda elde edilen veriler, nitel
arastirma desenine uygun olarak icerik analizi yontemi
kullanilarak analiz edilmistir. Analiz sirecinde 6ncelikle
yapay zeka araglar tarafindan (retilen tim vyanitlar
bitlincil bir yaklasimla tekrar tekrar okunmus, ardindan
akran  zorbaligina iliskin anlamh ifade birimleri
belirlenmistir. Bu ifade birimleri dogrultusunda agik kodlar
olusturulmus; benzer kodlar bir araya getirilerek
kategoriler ve temalar altinda toplanmistir. Son asamada
ise elde edilen temalar arastirmanin amaglari ve arastirma
sorulari ile iliskilendirilerek yorumlanmistir. icerik analizi
surecinde Ozellikle yapay zeka araglarinin akran zorbaligini
kavramsallastirma bigimleri, kuramsal ve akademik
dayanak kullanma dizeyleri, hallisinasyon ve uydurma
kaynak tretme egilimleri, pedagojik uygunluk dizeyleri,
ilkokul 6grencilerine yonelik dil kullanimlari, veri yanhhg
orlntileri ve 06z farkindalik ifadeleri Uzerinde
yogunlasiimistir. Her bir yapay zeka aracina ait yanitlar,
hem kendi icinde tutarlilik agisindan hem de araglar arasi
benzerlik ve farkhliklar bakimindan karsilastirmali olarak
degerlendirilmis; boylece yapay zeka araglarinin akran
zorbaligina iliskin gorlslerinin kapsaml ve sistematik
bicimde analiz edilmesi amaglanmistir.

2.6 Arastirmanin Sinirliliklari

Yapay zeka temelli dil modellerinin dnceki kullanici
etkilesimlerinden 6grenme, baglamsal uyum saglama ve
kisisellestirilmis yanit Gretme kapasitesine sahip olmasi,
veri toplama siirecinde olasi bir degisken olarak dikkate
alinmigtir. Bu kapsamda, modellerin geg¢mis kullanim
verilerinden etkilenme ihtimalini ortadan kaldirmak
amaciyla sifirdan baslatilmis kullanim tercih edilmistir.
Ayrica tUm araglara ayni standartlastiriimis prompt ve

soru seti tek seferde uygulanarak yanitlarin baglamsal
olarak yeniden 6grenme veya kullanici profiline gore
sekillenme etkisi kontrol altina alinmaya cahsilmistir.
Bununla birlikte, farkli kullanicilarin ayni promptlari
kullanmasi durumunda tamamen 06zdes yanitlar elde
edilip edilemeyecegi, bu modellerin olasiliklar dogasi,
glincellenen veri tabanlari ve sistem mimarilerindeki
farkliliklar nedeniyle garanti edilememektedir. Bu durum,
¢alismanin sinirliliklari arasinda degerlendirilmis ve elde
edilen bulgularin belirli bir zaman dilimi ve model durumu
ile sinirli oldugu kabul edilmistir.

3. Bulgular

Bu bélimde, yapay zeka araglarinin ilkokul diizeyinde
akran zorbaligina iligkin Urettikleri yanitlarin igerik analizi
sonucunda elde edilen bulgulara yer verilmistir. Bulgular,
belirlenen kod ve temalar dogrultusunda sistematik olarak
sunulmus ve yapay zeka araglari arasindaki benzerlik ve
farkhhklar karsilastirmal bir bakis acisiyla ele alinmistir.

3.1 Akran Zorbaliginin Tanimi

Tablo 2’'de, yapay zeka araglarinin akran zorbaligini
tanimlarken kullandiklari ortak kavramlari, bu kavramlarin
frekanslari ve hangi katihmci tarafindan vurgulandigl
gosterilmektedir.

Tablo 2. Akran Zorbaligi Tanimina iliskin Kod ve Kategoriler

Temalar Kategori Kodlar f Katihmcilar
Kasithlik / Bilingli Tim
Amag Katihmcilar
Tekrarlanabilirlik / 10 Tim
= Davranigin Sureklilik Katilimcilar
o Dogas! GPT, DS,
= Saldirganhk / 8 GEM, OV,
L:‘; Zarar Verme CLD, Q8B,
g KMR, Grok
s GPT, DS,
>
T . . GEM, COP,
~
: o Gug Dengesizligi 7 KMR. WM.
= lliskisel
© GRK
2 Yapi
N Benzer Yas / Stati GPT, COP,
= Grubu 7 oV, CLD, QB,
= KMR, GRK
< Fiziksel ve
KMR, WM
Etki Duygusal Zarar !
Bicimi
et -SOS.V?I Ce.vr.e/' 2 COP, KMR
lletisim Bigimi

Tablo 2 incelendiginde, yapay zeka araclarinin akran
zorbaligl tanimlarinin (i¢ temel tema (Davranisin Dogasl,
iliskisel Yapi ve Etki Bicimi) altinda toplandig
gorllmektedir. Davranisin Dogasi temasinda yer alan
"Kasitlilik/Bilingli Amag" ve "Tekrarlanabilirlik/Sureklilik"
kodlari, 10 katihmcinin tamami (f=10) tarafindan ifade
edilerek en vyiuksek frekansa sahip ortak bilesenler
olmustur. Bunu, 8 katiimci (f=8) tarafindan vurgulanan
"Saldirganlik/Zarar Verme" kodu izlemektedir. iliskisel
Yapi temasinda, "Gli¢ Dengesizligi" ve "Benzer Yas/Statl
Grubu" kodlari 7'ser katilimci (f=7) tarafindan dile
getirilmistir. Etki Bicimi temasi altinda ise zorbaligin
"Fiziksel ve Duygusal Zarar" (f=2) boyutu ile bir "Sosyal
Cevre/iletisim Bigimi" (f=2) olma &zelligine daha az sayida
katilimci tarafindan deginilmistir.
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3.2 Akran Zorbaligi Tanimlarinin Kuramsal Temelleri

Yapay zeka araglarinin akran zorbaligina iliskin
yaptiklari  tanimlarin  hangi  kuramsal c¢ergevelere
dayandigini ortaya koymak amaciyla, katilimci yanitlari
kuramsal dayanak gosterme bigimleri agisindan
incelenmistir. Bu kapsamda yanitlar; agik kuramsal atif
iceren, ortuk bigimde alan yazina dayanan ve herhangi bir
kuramsal ya da akademik kaynaga agik¢a yer vermeyen
aciklamalar seklinde siniflandirilmistir.  Yapay zeka
araglarinin akran zorbaligl tanimlarini temellendirdikleri
kuramsal vyaklasimlara iliskin bulgular Tablo 3’de
gosterilmistir.

Tablo 3. Tanimlarin Dayandigi Kuramsal Cerceveler ve
Frekans Degerleri

Tablo 4. Tanimlarin Dayandigi Bilimsel Kaynaklar ve

Literatlr Dogrulamasi

Atif Yapilan
Birincil
Kaynak(lar)

Katihmci Kaynak Durum

Olweus,
D.(1993);
Espelage &
Swearer (2003)

Temel ve glincel

Dogru kaynaklar tam uyumlu.

Muhtemel dogrusu;
Smith, P. K., Cowie, H., &
GPT Sharp, S. (1994).
Working directly with

Temalar Kategoriler Kodlar / At f Katilimcilar
Yapilan Kuramlar
Geleneksel Olweus Dan Olweus DS, GEM,
Vaklasim Zorbahk (Kasit, Tekrar, 6 COP, WM,
g Modeli Glg Dengesizligi) GRK, GPT
. . " Bronfenbrenner
Sistemik deoﬂk / Context Theory 2 KMR, GPT
Yaklagimlar Sistemler .
(Cevresel Etki)
Sosyal-Duygusal
DSUOSij:I Gelisimsel- Gelisim ve Okul 4 GPT, GEM,
yg R Psikososyal Temelli oV, QB
Geligim
Kuramlar
Bilesen Uglii Kriter
Od:kh Operasyonel (Kasitlilik, 4 0oV, CLD,
Tanimlama Sureklilik, Gug GRK, DS
Tanim
Farki)
Sosyal-Duygusal
Uygulamali Miidahale Ogrenme / Cok 1 ov
Yaklagim Temelli Katmanli
Yaklagim

Tablo 3 incelendiginde, yapay zeka araglarinin %60'I
(f=6) tanimlarini dogrudan Dan Olweus’un zorbalik
modeline dayandirmaktadir. Bu araglar; kasit, streklilik ve
glic dengesizligini tanimin temel yapi taslari olarak kabul
etmistir. Katihmcilarin bir kismi (f=4) daha genel bir
ifadeyle "Gelisimsel-Psikososyal" yaklasimlari isaret
ederken, KMR ve GPT zorbaligin sosyal gevreyle iliskisini
vurgulayan  "Ekolojik  Kuram"a  (Bronfenbrenner)
deginmistir. OTV ise tanimini sadece teorik bir diizlemde
birakmayip, "Sosyal-Duygusal Ogrenme" gibi uygulama
odakli cergevelerle iliskilendirmistir.

3.3 Haliisinasyon ve Akademik Giivenilirlik Analizi

Yapay zeka araglarinin akran zorbaligina iliskin
yaptiklari tanimlar hangi akademik calismalara ya da
bilimsel kaynaklara dayandirdiklarini belirlemek amaciyla,
katihmci yanitlari kaynak gosterme bicimleri agisindan
incelenmistir.  Bu  dogrultuda vyanitlar; aclk ve
dogrulanabilir akademik kaynak sunan, sinirli ya da dolayl
atif yapan ve kaynak belirtmekten bilingli olarak kaginan
aciklamalar seklinde siniflandirilmistir.  Yapay zeka
araglarinin yazar adi ve yayin yili belirtme duzeyleri
dikkate alinarak degerlendirilen bu bulgular Tablo 4’te
gosterilmistir.
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Smith, P. K., & Yanhsg pupils involved in
Sharp, S. (1994) .
bullying
situations. School
bullying: Insights and
perspectives, 193-212.
Olweus, D. N Alanin ilk ve en temel
DPS (1978) Dogru eserleri.
Olweus, D.
(1993); Olweus,
GEM D. 4(19?4); Dogru "Grup sijl.reci" \./l.,lrgl.,lsuyla
Salmivalli et al. zenginlestirilmis.
(1996); Smith &
Sharp (1994)
Olweus, D. Klasik ve modern sentezi
(1193); Volk et Dogru
al. (2014) mevcut.
Muhtemel dogrusu:
Dane, A. V., & Marini, Z.
A. (2014). Overt and
entomect
Zopito Marini Yanlis adolescents: Relations
(2014) )
with temperamental
reactivity and self-
regulation. Personality
and Individual
Differences, 60, 60-66.
Olweus, D. Uluslararasi perspektif
GRK (1193); Smith et Dogru kaynai gecerli
al. (1999) '
Literatiirde bu isim ve
Wang & Eliot- yilda dogrudan bir
KMR Merydith (1993) Yanlis eslesme yok;
haliisinasyon var.
b Kaynak Kaynak Yanlis bilgi vermemek
Belirtilemiyor Yok adina gekimser kalmis.
Kaynak Kaynak Genel bilgi sunmus,
oTVv L . .
Belirtilemiyor Yok kaynak vermemis.
QLB Beli':i»II::?yor Kzi(y;kak Kaynak belirtilmemis.
WM Belit:i\{:ril;yor KaYy;kak Kaynak belirtilmemis.
Yapay zekd araclarinin akran zorbaligina iliskin

yaptiklari tanimlarin dayandirildigi akademik ¢alismalar ve
bilimsel kaynaklar incelendiginde, katilimcilarin kaynak
gosterme dizeyleri ve dogruluk durumlari agisindan
belirgin farkliliklar bulundugu goérilmektedir. Bazi yapay
zeka araglari (GPT, DPS, GEM, COP ve GRK), agirlikh olarak
Olweus basta olmak Gzere alanin temel ve yaygin kabul
goren arastirmacilarina atif yapmis; ancak bu atiflarin bir
kisminda yayin yili hatalari, yazar isimlerinde yanlishklar ya
da eksik bibliyografik bilgiler yer almistir.
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GEM ve DPS’in sundugu kaynaklarin literatiirle buyuk
Olgide uyumlu oldugu, GPT ve COP’un ise dogru
kaynaklarla birlikte yanhs ya da muhtemel haliisinasyon
iceren atiflara da yer verdigi belirlenmistir. KMR’nun
sundugu kaynagin literatliirde dogrulanamayan bir
¢alismaya dayandigi, CLD, OTV ve QLB’un ise yanlis bilgi
uretmemek adina agikga kaynak belirtmekten kagindigi ya
da genel bilgiyle yetindigi gortlmektedir. MET (WM)
katilimcisinin ilgili soruya yonelik herhangi bir yanit
Uretmedigi tespit edilmistir. Bu bulgular, yapay zeka
araglarinin akademik kaynak gosterme davranislarinin
dogruluk, tutarhlik ve seffaflik diizeyleri bakimindan Tablo
3’te sunuldugu Uzere c¢esitlilik gosterdigini ortaya
koymaktadir.

3.4 Saka ve Zorbalik Ayrimina iliskin Olgiitler

Yapay zeka araglarinin saka ile zorbaligi ayirt etmeye
yonelik sunduklari olgttler; davranisin niteligi, taraflar
arasindaki iliski ve ortaya c¢ikan duygusal sonuglar
acisindan kategorize edilmistir. Tablo 5’te; katilimci
gorislerinden hareketle olusturulan temalar, kategoriler,
bu kategorileri temsil eden kodlar ve her bir kodun ifade
edilme sikhgini gosteren frekans degerlerine yer
verilmistir.

Tablo 5. Saka mi Zorballk mi? Ayriminda Kullanilan
Tematik Kodlar

Temalar  Kategoriler Kodlar f Katihmcilar
Magdurun Uziintisi 10 Tim
/ Korkusu / Zarari Katilimcilar
Duygusal GPT, DS,
Etki ve . GEM, COP,
Tepki Kar§|I|kI};:EZiIenme/ 9 oV, cLb,
KMR, WM,
GRK
Giic Dengesizligi 10 Tam
¢ g J Katihmcilar
Etkilegimin Tekrarhhk / Tum
:Z'rt Yapisi Sistematik Patern 10 Katihmcilar
ici
Olciitler Kar§|l|kvl.|I|.k/. Rol 4 GPT, DS,
Degisimi CLD, GRK
. Tum
Biligsel Nivet / Kasitllik 10 Katilimcilar
Faktorler "Dur" Denildiginde 4 DS, GEM,
Durma / Pismanhk oV, CLD
Coendime) 3 OB,
Sosyal ¢ KMR
N Diglama
Baglam izleyici Etkisi /
zleyici Etkisi ) DS, OV

Kamusal Utandirma

Tablo 5 incelendiginde, yapay zeka araglarinin saka ve
zorbalik ayriminda doért temel 6lgit Gzerinde (Kasithhk,
Gug Dengesizligi, Tekrarhlik ve Magdurun Duygusal Zarari)
tam bir fikir birligine (f=10) vardigi goérilmektedir.
Duygusal Etki ve Tepki kategorisinde "Karsilkli Eglenme ve
Riza" ol¢iti 9 katihmcr tarafindan vurgulanirken,
Etkilesimin Yapisi kategorisinde "Karsilikllik/Rol Degisimi"
kodu 4 katimci (f=4) tarafindan dile getirilmistir. Bilissel
Faktorler temasinda, zorbaligi ayirt eden bir gosterge
olarak "Dur denildiginde davranisin kesilmesi veya
pismanlik duyulmasi” durumu yine 4 katiimc (f=4)
tarafindan belirtilmistir. Daha az frekansa sahip olan

Sosyal Baglam temasinda ise davranisin sosyal baglari
glclendirme veya dislama amaci tagimasi (f=3) ve izleyici
etkisi (f=2) olgitleri yer almaktadir.

3.5 ilkokulda En Sik Rastlanan Akran Zorbalig: Tiirleri

Yapay zeka araclarinin ilkokul diizeyinde en sik
rastlanan akran zorbalig turlerine iligkin verdikleri
yanitlar; gelisimsel dénem 6zellikleri, cinsiyet degiskeni ve
dijitallesme sireci baglaminda detaylandirilmistir. Tablo
6’da; katilimci gorislerinden hareketle olusturulan
temalar, kategoriler, bu kategorileri temsil eden kodlar ve
her bir kodun ifade edilme sikhigini gosteren frekans
degerlerine yer verilmistir.

Tablo 6. Akran Zorbaligi Tirleri ve Yayginlk Nedenlerine
iliskin Kod ve Kategoriler

Temalar Kategoriler Kodlar f Katihmcilar
Sozel 10 Tim
Zorbalik Katihmcilar
Geleneksel S_c.>sy.al / Tim
Tarler lliskisel 10 Katilimeilar
Zorbalk
Fiziksel 10 Tim
Zorbalik Katihmcilar
GPT, DS,
Gelisen Siber GEM, COP,
ZTOL: f’lzlr'ik Tirler Zorbalik 8 ov,cip, a8,
KMR
Duygusal /
Psikolojik 2 KMR, GRK
Zorbalik
Spesifik Dolayli /
Tarler Vekaleten 1 oTV
Zorbalik
Cinsel
Zorbalik ! KMR
1-2. Sinifta
Fiziksel 4 GPT, DS,
Zorbahk GEM, CLD
Yogunlugu
3-4. Sinifta
Yasve iliskisel/siber 3 GPT, DS, GEM
Dénem Artisi
Durtl
Kontrolii /
Gelisimsel Dil Geligimi 3 GPT, DS, GEM
Dinamikler Etkisi
Sozel/Sosyal
Tarlerin 4 GPT, DS,
"Ortik" GEM, OV
T Dogasi
Gorunarlak Fiziksel
Zorbahgin
Kolay Fark GPT, DS
Edilmesi

Tablo 6 incelendiginde; s6zel, sosyal/iliskisel ve fiziksel
zorbalik tdrlerinin tim katihmcilar (f=10) tarafindan
ilkokul dizeyinde en sk rastlanan tirler olarak
tanimlandig1 gorilmektedir. Gelisen Turler kategorisinde
siber zorbalik, 8 katilimci (f=8) tarafindan ilkokulun st
siniflarinda (3. ve 4. sinif) yikselen bir risk olarak
belirtilmistir. Spesifik Tirler kategorisinde KMR; cinsel,
duygusal ve psikolojik zorbalik kodlarini kullanarak
digerlerinden ayrisirken, OTV "dolayli/vekaleten zorbalik"
koduna yer veren tek katiimci olmustur. Gelisimsel
Dinamikler temasinda; fiziksel zorbaligin alt siniflarda
(f=4), iliskisel ve siber zorbaligin ise Ust siniflarda (f=3)
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yogunlastigl vurgulanmistir. Ayrica, sozel ve sosyal
zorbaligin "yetiskinlerden gizlenmesi daha kolay/6rtuk"
olma 6zelligi 4 katihmci tarafindan dile getirilmistir.

3.6 Zorbalik Davranisini Tetikleyen Olasi Nedenler

Zorbalk vyapan Ogrencilerin  bu davraniglarini
tetikleyebilecek olasi nedenleri belirlemek amaciyla,
calismaya katilan yapay zeka araclarinin gorusgleri igerik
analizi yontemiyle incelenmistir. Elde edilen veriler,
bireysel, ailesel, akran ve okul baglamina iliskin faktorler
dogrultusunda kodlanmis; benzer kodlar bir araya
getirilerek kategoriler ve temalar olusturulmustur. Bu
analiz sonucunda ortaya c¢ikan temalar, kategoriler ve
kodlara iliskin bulgular Tablo 7’de gosterilmistir.

Tablo 7. Zorbalik Nedenlerine iliskin Kod ve Kategoriler

Temalar Kategori Kodlar f Katihmcilar
Empati
Yoksunlugu / 10 Tum
Perspektif Katilimcilar
Alamama
Duygusal Ofk/eDKuontl:qu Tim
Beceriler . Ve 9 Katilimcilar
Diizenleme (B haric)
Gugluga ¢
e DS, GEM,
Aperae 5 0%,
Bireysel ve P GRK
Psi . ”
sikolojik Glg, Kontﬁrol Tum
ve Statu 10
Katihmcilar
Arayisi
Dusuk GPT, GEM,
. Ozgiiven / COP, OV,
N?(')"tfjjls"sn Benlik Algisi 7 CLD, KMR,
4 Sorunlari GRK
Akademik Tim
Basarisizlik / 3 Katilimcilar
Yetersizlik (QB, WM
Hissi harig)
Evde Siddet / .
Olumsuz Rol 10 Kat;ll—ll:;?:llar
Model
Tuta;::t//Asm Tim
Aile ihmalkar 9 Katilimcilar
Dinamikleri Disiplin (WM harig)
o
Baglanma 6 COP, CLD,
& KMR, GRK
. . Sorunlari
Mikrosistem
Zayif Okul .
(Yakin Cevre) A Tim
iklimi /
Denetim 9 Katilimcilar
WM hari
Yetersizligi ( ari)
Tim
Okul ve ?:riarr;icé?lfiz; 5 3 Katilimcilar
Akran yircl =t (QB, WM
Popdilerlik .
harig)
gu 5 KMR WM,
(Kendisi de GRK
Magdur Olma)
Siddet igerikli DS, GEM,
Medya / 7 COP, OV,
v CLD, KMR,
Oyunlar GRK
Makrosistem Medya ve Toplumeal
(Genel Etkiler) Toplum p Y
Siddet
Normlari / 4 DS, GEM,
Lo COP, CLD
Cinsiyet
Rolleri

568

Tablo 7 incelendiginde; "Empati Yoksunlugu", "Gi¢ ve
Statii Arayisi" ile "Aile icinde Siddetin Modellenmesi"
kodlarinin tiim katilimcilar (f=10) tarafindan zorbaligin en
temel nedenleri olarak goruldiiglu saptanmistir. Bireysel
kategorisinde "Akademik Basarisizlk" (f=8) ve "Ofke
Kontrol Sorunlar" (f=9) yiiksek frekansla dile getirilmistir.
Mikrosistem temasinda; katilimcilarin biylk ¢ogunlugu
okul iklimindeki denetim eksikligine (f=9) ve yanhs
ebeveyn tutumlarina (f=9) vurgu yapmistir. "Zorba-
Magdur Dongisi" kodu katiimcilarin  yarisi  (f=5)
tarafindan belirtilirken, medya etkisi yedi katilimci
tarafindan tetikleyici bir unsur olarak kodlanmistir.

3.7 Zorbaliga Maruz Kalmanin Olasi Etkileri

Zorbahga maruz kalan ilkokul  6grencilerinin
yasayabilecegi duygusal ve davranigsal etkileri ortaya
koymak amaciyla, calismaya katilan yapay zeka araglarinin
verdikleri yanitlar betimsel ve tematik analiz yaklasimiyla
incelenmistir. ~ Yanitlar;  duygusal (igsellestirilmis),
davranissal (digsallastiriimis), akademik ve sosyal etkiler
baglklari altinda gruplanarak degerlendirilmis, ortak ve
farkli vurgu alanlar belirlenmistir. Yapay zeka araglarinin
zorbaligin ¢ocuk Uzerindeki etkilerine iliskin gorlslerinin
dagihmi ve icerik 6rintisi Tablo 8'de gosterilmistir.

Tablo 8. Magduriyet Etkilerine iliskin Kod ve Kategoriler

Tema Kategori Kodlar f Katihmcilar
Kaygi, Korku ve 10 Tim
Okul Fobisi Katihmcilar
Duss:k Il3sel*:r/1||k 0 Tim
L \: Katilmcilar
5 Ozgliven Kaybi
= Degersizlik, Tim
% Psikolojik Yalnizlik ve 10 Katihmalar
4 Durum Caresizlik Hissi
;>~° Depresif Tam
o Belirtiler ve 9 Katihmcilar
Mutsuzluk (KMR harig)
Utang ve DS, OV, CLD,
Sugluluk 6 GRK, GEM,
Duygusu GPT
Akademik
Basarida Disls 10 Tim
/ Odaklanma Katilmcilar
Okul
Yasam Sorunu
Okul Reddi / Tim
o Devamsizhk / 10
K Katihmcilar
= Kaginma
w Sosyal Geri .
© Tum
i 1
g’“ gekllme/ 0 Katihmcilar
g Izolasyon
g ;
& Agresif GPT, DS,
Sosyal Tepkiler /
iliskiler "Zorba- 7 GEM, COP,
? Mt ov, CLD,
" g L KMR
Donlsimu
Regresyon 3 GEM, CLD,
gresy oV
Somatik .
o Sikayetler Tam
2 9 Katihmcilar
= (Karin/Bas )
i Bedensel N (WM harig)
K] Tepkiler Agrs! V.b')
£ Uyku ve istah DS, GEM, OV,
i Bozukluklari / 7 CLD, GRK,
Kabuslar WM, COP
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Tablo 8 verileri incelendiginde; "Kaygi/Korku", "Dusuk
Benlik Saygisi", "Akademik Basarida Disls" ve "Okul
Reddi" kodlarinin tim katilimcilar (f=10) tarafindan ortak
etkiler olarak raporlandigi gériilmektedir. Duygusal Etkiler
temasinda "Yalnizlik ve Caresizlik" hissi (f=10) ile "Depresif
Belirtiler" (f=9) 6n plana ¢ikmaktadir. Davranissal Etkiler
kategorisinde, zorbaliga ugrayan ¢ocugun kendisinin de
saldirganlasabilecegini ifade eden "Zorba-Magdur" kodu 7
katiimci tarafindan belirtilmistir. Ayrica, katilimcilarin
blylk ¢ogunlugu (f=9), stresin bedensel yansimasi olan
psikosomatik sikayetlerin (bas/karin agrisi) ilkokul
dizeyindeki magdurlar igin karakteristik bir gosterge
olduguna dikkat cekmistir.

3.8 Senaryo Analizi ve Siniflandirma

Verilen senaryonun akran zorbaligi baglaminda nasil
siniflandirildigini  ortaya koymak amaciyla, calismaya
katilan yapay zeka araglarinin degerlendirmeleri igerik
analizi yontemiyle incelenmistir. Katilimc vyanitlari;
zorbalik tirt (iliskisel/sosyal), gerekcelendirme bigimi ve
zorbaligin temel oOlgutleri olan kasitlilik, tekrarlilik ve glig
dengesizligi baglaminda analiz edilmistir. Yapay zeka
araglarinin senaryoyu zorbalik acisindan siniflandirma
egilimleri ve sunduklari gerekgelere iliskin bulgular Tablo
9’da gosterilmistir.

Tablo 9. Sosyal Dislanma Senaryosunun Analizi

Temalar Kategoriler Kodlar f Katihmcilar
Zorbalik iliskisel / Tim
fl 1
siniflandirma Tird Sosyal Zorbalik 0 Katihmcilar
Sureklilik / 10 Tum
Tekrarhlik Katihmcilar
. Tdm
Operasyonel DenG:_fizli“i 9 Katihmeilar
P . 4 g 3 (WM harig)
Kriterler
GPT, DS,
GEM, COP,
Kasithlk 8 oV, CLD,
B, GRK
Gerekgeler Q '__G
Yalnizlastirma 10 Tum
Katihmcilar
Eylem Bigimi GPT, Ds,
¥ ¢ iletisimsel . GEM,OV,
Engelleme CLD, KMR,
GRK
- Aidiyet GPT, DS,
Ps"éi’ll(‘i’"k Duygusunun 6  GEM, COP,
Zedelenmesi oV, CLD
Tablo 9'da sunulan senaryo analizi verileri

incelendiginde, yapay zeka katiimcilarinin tamaminin
(f=10) sdz konusu vakayr “iliskisel/Sosyal Zorbalik”
kategorisinde siniflandirdigi ve bu tanilama silrecinde
akran zorbaliginin temel operasyonel kriterlerini tutarh bir
sekilde islettigi gorilmektedir. Katihmcilarin tim (f=10),
senaryodaki “strekli” ifadesini zorbaligin ayirt edici vasfi
olan sureklilik/tekrarlilik ilkesiyle; oyun disi birakilma
durumunu ise kasith bir sosyal izolasyon eylemiyle
gerekgelendirmistir. Grubun birey Gzerindeki sayisal ve
sosyal baskisi katihmcilarin  blylik ¢ogunlugu (f=9)
tarafindan gl dengesizligi olarak tanimlanirken, eylemin
bilingli bir reddedis barindirmasi kasithlik (f=8) koduyla
raporlanmistir. Ayrica, iletisimsel engelleme (f=7) ve buna
bagh olarak gelisen aidiyet duygusunun zedelenmesi (f=6),

senaryonun pedagojik ve psikososyal risk boyutunu ortaya
koyan diger 6nemli bulgular olarak saptanmistir.

3.9 Ogretmenlere Yonelik Oneri: Onleme ve Miidahale
Stratejileri

ilkokul ortaminda akran zorbaligini 6nlemeye yénelik
O0gretmenlere sunulan onerileri belirlemek amaciyla,
¢alismaya katilan yapay zeka araglarinin gorusleri icerik
analizi yontemiyle incelenmistir. Katilimci yanitlari; sinif
iklimine yonelik diizenlemeler, sosyal-duygusal becerilerin
gelistirilmesi ve izleme—-midahale sirecleri olmak Uzere
ortak temalar altinda gruplanmistir. Ogretmenlere ydnelik
gelistirilen uygulanabilir ve somut 6nerilere iliskin bulgular
Tablo 10’da gosterilmistir.

Tablo 10. Ogretmenlere Yénelik Somut Oneri Kategorileri
ve Frekans Degerleri

Temalar S-trat?“k Uyg‘uilar‘na f Katilimcilar
Oneriler Bigimi
Demokratik . sinif . .
Sinif Kural sozlesmesi, 10 Tam
Yonetimi ortak dil, Katihmcilar
Olusturma L
pozitif kurallar
Beceri Sosyal- Empati egitimi, Tam
Gelisimi Duygusal rol oynama, 9 Katihmcilar
g Ogrenme duygu cemberi (QB harig)
P "Sicak nokta" GPT, DS,
Gozetim Akt'\ff;;it'm nébeti, . GEMOV,
ve izleme Vénetimi teneffis CLD, KMR,
dedektifligi GRK
letiim Giivenli E"d'ii?n::itzus”' DS, GEM, OV,
3 Bildirim 6  CLD,KMR,
Kanallari . . anketler, kodlu
Sistemleri . GRK
ifade
Kapsavici Dostluk banki,
Akran psay akran elgileri, DS, GEM, OV,
Destegi Akran heterojen CLD
& Dinamikleri !
gruplar

Tablo 10 incelendiginde, yapay zeka araglarinin ilkokul
dizeyinde akran zorbaligina karsi sundugu c¢ozimler,
literatlrdeki "Batincul Okul Yaklagimi" ile yiiksek dizeyde
uyumluluk géstermektedir. Katilimcilarin tamami (f=10),
zorbaligl dnlemede ilk adim olarak 6grencilerin katilimiyla
olusturulan pozitif sinif kurallarini ve ortak bir davranis
dilinin benimsenmesini dnermistir. Katilimcilarin biyik bir
cogunlugu (f=9), zorbahgin temelinde yatan empati
eksikligini gidermek amaciyla mifredata entegre edilmis
sosyal-duygusal 6grenme etkinliklerinin (rol oynama,
duygu cemberi vb.) gerekliligini vurgulamistir. Ozellikle
teneffiis saatleri ve gozetimsiz alanlarda yogunlasan aktif
gozetim stratejileri (f=7) ile g¢ocuklarin "ispiyonculuk"
etiketinden korkmadan yardim isteyebilecekleri glivenli
bildirim mekanizmalar (f=6), dijital asistanlar tarafindan
sunulan en somut ve midahale odakh ¢oziimler olarak
saptanmistir.

3.10 ilkokul Ogrencilerine Yénelik Zorbaligi Tanimlama
Akran  zorbaliginin ilkokul  6grencilerine nasil
aktarilmasi gerektigini ortaya koymak amaciyla, ¢alismaya
katilan yapay zekd araglarindan zorbalik kavramini
cocuklarin gelisim diizeyine uygun, sade ve anlasilir bir
dille agiklayan kisa metinler lretmeleri istenmistir. Elde
edilen yanitlar; dilin sadeligi, yasa uygunluk, zorbahgin
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temel 6zelliklerine (kasithlik ve streklilik) yapilan vurgu ile
yardim isteme yonlendirmesi agisindan incelenmistir.
Yapay zeka araglarinin ilkokul 6grencilerine yonelik akran
zorbaligi agiklamalarina iliskin 6rnek metinler Tablo 11’de
gosterilmistir.

Tablo 11. Cocuk Odakli Akran Zorbahg Tanimlarin icerik
Analizi

Kullanilan
Temalar Kategoriler Anahtar f Katihmcilar
ifadeler
Tekrar GPT, DS,
. - tekrar, GEM, COP,
Surekilik siirekli, % ov,cLp, ag,
Operasyonel defalarca. GRK, WM
Tanim GPT, DS
Bilerek, S
. ! GEM, OV,
Kasithhk |slz:\S/teersk, 8 CLD, KMR,
’ WM, GRK
Vurmak, alay
Davranis etmek, Tum
Somutlastirma Ornekleri dislamak, 10 Katilimcilar
oyunlara
almamak.
Uziilmek,
. kalbi .
M T
Duygusal Etki agdur kirimak, 10 um
Duygusu Katilimcilar
yalniz
hissetmek.
Bir bliyuge
. Yardim “soyle, Tum
Eylem Cagrisi Arama ogretmene 9 Katihmcilar
anlat, yardim (COP harig)
iste.
"Bu bir saka
degildir",
Kavramsal Saka "Herkes 3 GPT, GEM,
Fark Ayrimi - GRK
guluyorsa
sakadir".

Tablo 11 verileri, katilimcilarin ilkokul dizeyindeki
cocuklar igin  hazirladiklari  metinlerde akademik
terimlerden (asimetrik glg, iliskisel saldirganhk vb.)
kaginarak, somut islem dénemine uygun bir dil

benimsediklerini gostermektedir. Katilimcilarin tamami
(f=10), zorbahgi gocuklarin giinlik yasamlarindan asina
olduklari "oyundan dislama", "lakap takma" ve "vurma"
gibi somut orneklerle betimlemis; yine timi (f=10) bu
durumun cocukta yarattigi Gzlintl ve yalnizlik duygusuna
atifta bulunarak duygusal aynalama yapmistir. Metinlerin
blylk bir boéliminde (f=9), davranisin "surekliligi" ve
"bilerek yapilmasi" gibi teknik kriterler sadelestirilmis bir
dille aktarilirken; katihmcilarin neredeyse tamami (f=9)
metni, ¢ocugu bir yetiskinden yardim istemeye tesvik
eden gliven verici bir eylem cagrisiyla sonlandirmistir.
Ozellikle GPT, GEM ve GRK tarafindan vurgulanan "saka ve
zorbalik arasindaki fark" (f=3), c¢ocuklarin kavram
kargasasi yasamasini 6nlemeye yonelik nitelikli bir
pedagojik ayrinti olarak dikkat cekmektedir.

3.11 Zorbahga Tanik Olan Ogrenciler igin Davranis
Stratejileri

Zorbaliga tanik olan 6grencilerin nasil davranmalari
gerektigine iliskin gorisleri belirlemek amaciyla, yapay
zeka tabanl katilimcilardan ti¢ 6neri sunmalari istenmistir.
Bu kapsamda elde edilen yanitlar; 6grencilerin glvenligini
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onceleyen, zorbalg tesvik etmeyen ve magdura destek

olmayl vurgulayan davranis Orlintlleri agisindan
incelenmistir. Katilmcilarin sundugu oneriler, izleyici
konumundaki 06grencilerin zorbaligin 6nlenmesindeki

rolini ortaya koymasi bakimindan 6nem tasimaktadir.
Yapay zekd katilimcilarin bu soruya verdikleri yanitlar
Tablo 12’de gosterilmistir.

Tablo 12. Tanik (izleyici) Roliindeki Ogrencilere Yonelik
Davranis Onerileri

-
© Stratejik _
g Bneriler Uygulama Bigimi f Katihmcilar
2
"ispiyonculuk degil,
oo L yardim isteme" .
o Yetigk T
= °§J Beikljirilrr:we bilinciyle 10 Katllll:nnz:llar
> dgretmene/aileye
haber verme.
T o Magdura Olay sonrasi yanina
§ % Yaninda gitme, oyuna davet 10 Tum
_g 8 Oldugunu etme, yalniz Katihmcilar
& Hissettirme birakmama.
X Zorbavi Gllmemek, GPT, DS,
53 Ona Ia:ﬁa alkislamamak, ; GEM, OV,
§ & rZ1a ortamdan uzaklasarak CLD, GRK,
~ sosyal onayi kesmek. WM
= Givenli F(;ﬂ'fiﬁ'é:vk"‘,’,o dkisaerfk“ GEM, COP,
3 “Dur” sagkin vegnet tz ki 6 ov, CLb,
2 Deme P KMR, GRK
verme.
Tablo 12 incelendiginde, katilimcilarin zorbahk

anindaki izleyici tutumunu “sosyal sorumluluk” ekseninde
yeniden tanimladiklari  gorilmektedir. Yapay zeka
araglarinin  tamami (f=10), zorbaliga tanik olan
ogrencilerin bir yetiskine bildirimde bulunmasini ve
magdur 6grenciye yonelik sosyal destek (oyuna davet,
duygusal onay) saglamasini oncelikli adimlar olarak
raporlamistir.  Ozellikle ilkokul  seviyesinde sikca
karsilagilan "ispiyonculuk" (gammazlama) korkusunun,
"yardim isteme" kavramiyla yer degistiriimesi gerekliligi
(f=6) pedagojik bir zorunluluk olarak vurgulanmistir.
Ayrica katilimcilar (f=7), zorbalik eylemine gilerek veya
sessizce izleyerek verilen dolayli onayin kesilmesinin,
zorbanin elde etmek istedigi sosyal statli kazanimini
engelleyen en glgli pasif midahale yontemi oldugu
konusunda birlesmektedir.

3.12 Yapay Zeka Oz Degerlendirme Analizi

Yapay zeka araglarinin akran zorbaligina iliskin bilgi
Uretirken kendi sinirlarini nasil degerlendirdiklerini ortaya
koymak amaciyla, katihmcilardan yanhs bilgi (iretme
riskine iliskin 6z degerlendirme yapmalari istenmistir. Bu
kapsamda vyanitlar; bilgi Uretiminde hata olasiligina
yonelik farkindalik dizeyi, riskin ortaya cikabilecegi
alanlara iliskin vurgular ve etik/akademik sinirlara yapilan
atiflar agisindan incelenmistir. Yapay zeka araglarinin
akran zorbaligi konusunda bilgi sunarken yanhs bilgi
Uretme riskine iliskin 6z degerlendirmelerine ait bulgular
Tablo 13’te gosterilmistir.
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Tablo 13. Yapay Zeka Araglarinin Yanlis Bilgi Uretme Risk  Tablo 14. Veri vyanlihg Agisindan Yapay Zeka
Alanlari ve Frekans Degerleri Katilimcilarinin Ornek Olay Betimlemeleri
Tema Alt Kategori f Katihmcilar Zorba Magdur R Sinif Zorbahk
Katihmci . Lo Mekan L L
GPT, DPS, Cinsiyet  Cinsiyet Dizeyi Bigimi
Yanlis bilgi tiretme riskini GEM, COP, Okul iliskisel
0Oz Farkindalik ve kabul 7 CLD, OTV, GPT Yok Yok Bahgesi Yok (Dislama)
Sinir Bilinci WP Sinif / 3 Soézel /
Yapay zekanin roltnu sinirli CLD, GEM, DPS Erkek Erkek n ) Sosyal /
3 Bahge Sinif
tanimlama DPS Materyal
GPT, GEM, Basketbol 3. iliskisel
Akademik Kaynak ve atif belirsizligi 5 COP, OTV, GEM Erkek Erkek Sahasi Sinif (Diglama)
Guvenirlik CLD Okul 3. Sosyal
Riskleri Guncel veri ve istatistik DPS, GEM, cop Erkek Erkek Bahgesi Sinif (Diglama)
; 4 -
sinirhihg CLD, GRK Iligkisel
Bahge / 3. .
A GPT, DPS, oTv Erkek Erkek (Sessiz
. Yerel/kilturel farkhhklar Sinif Sinif
Baglamsal ve 5 COP, CLD, muamele)
- yansitamama =
Kiltarel WP Bahce / 3 lligkisel /
Sinirhihklar Okul ve mevzuata 6zgi 3 CLD, GEM, CLD Erkek Erkek 6; 9? S .f Sozel /
bilgi eksikligi otV n n Sosyal
N ik PT, OTV,
Yorumlama ve edensellikte asir 3 GPT, OTV, QLB Yok Erkek Okl ) Yok Soiyal/
Genelleme genelleme CLD Bahgesi Sozel
. . Miidahale 6nerilerinin COP, OTV, Sosyal
Riskl ! !
isilert baglama bagimlilig: 3 cLo KMR Yok Kadin Yok Yok (Dislama)
) DPS, GEM, Okul 3. Sosyal /
Teshis k 4
eshis koyamama vurgusu CLD, GRK WM Erkek Erkek Bahcesi Simif Sézel
Klinik ve Etik ¥
inik ve Eti Tim GRK Erkek Erkek OkuI. 3. Sosyal /
Sinirlar . . ) katihmcilar Bahgesi Sinif Materyal
Uzman yonlendirmesi 10 szellikl - - - -
é‘zée D'P:) Tablo 14 veri yanliligi agisindan incelendiginde, yapay
intiyath dil ve belirsizlik GPT. OTV, zekue.a katllln?alarlnln ornek olay be.tl.mlemelerln.de b-ell.rvlf
Risk Azaltma bildirimi 3 CLD degiskenlerin tekrarli ve sinirli bicimde temsil edildigi
jileri orilmektedir. Zorba ve magdur cinsiyetinin blytk 6l¢i
Stratejileri Akademik ve etk seffafik 3 GPT, GEM, gorulmektedir. Zorba ve magdur c fvyet ) b.uyu Olglide
CLD erkek olarak sunulmasi, kiz 6grencilerin  zorbalik
Tablo 13 incelendiginde, yapay zeka araglarinin yanlis  sgreclerindeki  rollerinin  yeterince  yansitilmadigini

bilgi Uretme riskine iliskin degerlendirmelerinin farkl
tema ve alt kategoriler altinda toplandig gortlmektedir.
Oz farkindalik ve sinir bilinci temasinda, yedi katilimcinin
yanlis bilgi Gretme riskini acikca kabul ettigi, Ug
katilimcinin ise yapay zekdnin roliini sinirli bicimde
tanimladigi belirlenmistir. Akademik gulvenirlik riskleri
temasinda, bes katiimcinin kaynak ve atif belirsizligine,
dort katilimcinin ise giincel veri ve istatistiklere erisim
sinirliligina  degindigi tespit edilmistir. Baglamsal ve
kiltlrel sinirhhklar temasinda, bes katiimcinin yerel ve
kiltarel  farkhliklart  yansitamama  durumunu, g
katilimcinin okul ve mevzuata 6zgi bilgi eksikligini ifade
ettigi gorUlmistiir. Yorumlama ve genelleme riskleri
temasinda, Ug¢ katilimcinin nedensellikte asiri genelleme
yapilabilecegini, t¢ katilimcinin ise miidahale 6nerilerinin
baglama bagimli oldugunu belirttigi saptanmistir. Klinik ve
etik sinirlar temasinda, dort katiimci teshis koyamama
durumuna vurgu yaparken, tim katiimcilarin uzman
yonlendirmesine yer verdigi belirlenmistir. Risk azaltma
stratejileri temasinda ise l¢ katilimcinin ihtiyath dil ve
belirsizlik bildirimi kullandigi, U¢ katilimcinin da akademik
ve etik seffafliga vurgu yaptigi gorilmustar.

3.13 Ornek Olay Kurgusu ve Veri Yanliligi Analizi
Asagida, yapay zeka katihmcilarinin ilkokul dizeyinde
akran zorbaligina iliskin 6rnek olay betimlemelerine ait
bulgulara veri yanhhg acgisindan vyer verilmistir.
Katiimcilarin betimlemeleri; zorba ve magdur cinsiyeti,
olayin gerceklestigi mekan, sinif diizeyi ve zorbalik bigimi
degiskenleri dogrultusunda siniflandirilmis olup, bu
degiskenlere iliskin bulgular Tablo 14’te gosterilmistir.

gostermektedir. Olaylarin ¢ogunlukla okul bahgesi ve sinif
gibi benzer mekanlarda kurgulanmasi ve agirlikli olarak
ilkokul Gglinch sinif diizeyine odaklanilmasi, ilkokulun
farkli sinif diizeyleri ve baglamsal gesitliligin sinirh bicimde
ele alindigini ortaya koymaktadir. Ayrica zorbalik tiirlerinin
¢ogunlukla iliskisel ve sosyal zorballk cergcevesinde
betimlenmesi, fiziksel veya siber zorbalik gibi diger
zorbalik bigimlerinin gbérece daha az temsil edilmesine
isaret etmektedir. Bazi katihmcilarin cinsiyet, mekan ve
sinif diizeyi gibi temel degiskenlere yer vermemesi ise
betimlemelerde veri bltunlGgu ve tutarhhg agisindan bir
sinirlilik olugturmaktadir.

4. Tartisma

Arastirmanin ilk bulgulari, yapay zeka araglarinin akran
zorbahgini kasithlik, streklilik ve glic dengesizligi boyutlari
Gzerinden tanimladigini ve bu tanimlarin buyik o6lglide
klasik zorbalik kuramlariyla 6rtisttgini gostermektedir.
Bu durum, Olweus’un (1993, 2013) zorbahgi sistematik bir
gl istismari olarak tanimlayan cergevesiyle, Smith ve
Sharp’in (1994) zorbaligin streklilik ve magdur tzerinde
yarattigl baskiya vurgu yapan yaklasimlariyla uyumludur.
Okullarda yasanan zorbaligi inceleyen calismalar da (Yoon
& Bauman, 2014; Bradshaw et al., 2013) zorbalgin ayirt
edici 6zelliginin tekil gatismalardan ziyade tekrarlanan ve
kasith davranislar oldugunu ortaya koymaktadir. Ailelerin
zorbalik algilarina iliskin arastirmalar ise ebeveynlerin
cogunlukla glic dengesizligini fark etmekte zorlandigini,
ozellikle sosyal dislama gibi ortik zorbalik tirlerini hafife
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alabildigini gostermektedir (Sawyer et al., 2011). Bu
baglamda yapay zeka araglarinin, 6gretmen ve uzman
gorislerine daha yakin bir kavramsallastirma sundugu;
aile gorislerine kiyasla daha kuramsal ve sistematik bir dil
kullandigi soylenebilir. Bununla birlikte, yapay zeka
araglarinin bazi yanitlarinda zorbaligin baglamsal ve
kaltirel boyutlarinin sinirli ele alindig gorilmistir.
Nitekim Moody ve Stahel (2025), zorbalik algisinin okul
kiltird  ve toplumsal normlardan glgcli bicimde
etkilendigini vurgulamaktadir. Bu durum, yapay zekanin
evrensel tanimlar Uretme egiliminin, yerel baglamlari
yeterince yansitamama riski tagidigini géstermektedir.

Arastirmanin bulgulari; zorbalik tirlerinin
siniflandiriimasi, neden—sonug iligkilerinin  kurulmasi,
magdur ve zorba profillerinin agiklanmasi ile senaryo
temelli degerlendirmelerde yogunlasmaktadir. Yapay zeka
araglarinin sozel, fiziksel ve iliskisel zorbaligi dogru
bicimde ayirt edebilmesi, Crick ve Grotpeter’in (1995)
iliskisel zorbalk kurami ve Espelage ve Swearer’in (2003)
zorbaligl karmasik bir slre¢ olarak ele almasiyla
ortiismektedir.  Ogretmenlerin  goriislerini  inceleyen
calismalarda da (Troop-Gordon & Ladd, 2015) akran
zorbaligina karsi  6gretmenlerin  verdikleri tepkilerin
ogrencilerin saldirgan davranislari ile iliskili oldugu
belirtilmektedir. Harcourt ve ark. (2014), ebeveynlerin
zorbaligl tanimlamakta zorlandigini, bu nedenle zorbalig
siklikla  ¢ocuklugun  normal bir pargasi olarak
algiladiklarini; algi, farkindalik, sorumluluk ve basa ¢ikma
stratejilerinin ebeveynlerin zorbaliga verdikleri tepkileri
belirledigini ve etkili nleme igin glicli ev—okul isbirligi ile
ebeveyn desteginin kritik oldugunu ortaya koymustur.
Yapay zeka araglarinin senaryo temelli sorularda sosyal
dislamayi acik bicimde zorbalk olarak siniflandirmasi,
uzman gorusleriyle (Juvonen & Graham, 2014) yiksek
diizeyde ortismektedir. Ancak arastirmanin  6nemli
bulgularindan biri, yapay zeka araglarinin zorbalgin
nedenlerini aciklarken bireysel Ozelliklere (empati
eksikligi, dartusellik) agirhk vermesi, aile ve okul iklimine
iliskin degiskenleri ise daha sinirli ele almasidir. Oysa alan
yazin, zorbaligin okul iklimi, 6gretmen tutumlari, aile ici
disiplin, olumlu okul iklimi pratikleriyle glicli bigimde
iliskili oldugunu gostermektedir (Hong & Espelage, 2012;
Wang et al., 2013). Bu durum, yapay zeka yanitlarinin
neden—sonug iliskilerinde birey merkezli bir yanlilik
tasiyabilecegine isaret etmektedir.

Arastirmanin son bulgulari, yapay zeka araglarinin
pedagojik uygunluk, akademik kaynak kullanimi,
halisinasyon riski, veri yanlhligi ve 6z farkindalik diizeyleri
Uzerinde yogunlagsmaktadir. Yapay zekanin ilkokul
ogrencilerine yonelik sade ve anlasihr agiklamalar
Uretebilmesi, 6gretmenlerin zorbaliga iliskin ortak bir dil
kullaniminin olmadigini gosteren calismalarla (Lee, 2006)
karsilastirildiginda  dikkat c¢ekici bir avantaj olarak
degerlendirilebilir. Ancak yapay zeka araclarinin akademik
kaynak gostermede tutarsizliklar sergilemesi ve zaman
zaman uydurma referanslar Gretmesi, giincel yapay zeka
arastirmalarinda  siklikla  vurgulanan  haliisinasyon
problemine paraleldir (Ji et al., 2023; Maynez et al., 2020).
Arastirmalar, zorbalikla ilgili bilgilerin glivenilir kaynaklara
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dayanmasi gerektigini vurgularken (Ansary vd. 2015;
Bradshaw, 2015; Hall, 2017), ailelerin dijital iceriklerin
dogrulugunu ayirt etmede zorlandigi bilinmektedir
(Sharevski ve Vander Loop, 2023). Bu baglamda yapay
zekanin Urettigi bilgilerin elestirel siizgegten gegirilmeden
kullanilmasi, pedagojik ve etik riskler dogurabilir.
Arastirmanin 6nemli bir bulgusu olarak, birgok yapay zeka
aracinin kendi bilgi sinirlarini ifade etmesi ve “kaynak
belirtilemiyor” gibi uyarilar sunmasi, insan uzmanlarla
benzer bir 6z farkindalik soylemi gelistirebildigini
gostermektedir. Ancak bu 6z farkindaligin, her yanitta
tutarli bicimde sergilenmemesi, yapay zekanin egitim
baglaminda destekleyici ancak karar verici olmayan bir
ara¢ olarak konumlandiriimasi gerektigini savunan
gorislerle 6rtismektedir (Mollick ve Mollick, 2023). Genel
olarak, yapay zekad araglarinin akran zorbaligina iliskin
gorislerinin  alan vyazinda ki 6gretmen ve uzman
gorislerine bayuk olgiude yakinlastigini; aile gorislerinden
ise daha kuramsal ve akademik bir diizlemde ayristigini
ortaya koymakta, ancak bu yakinligin insan denetimi ve
etik cerceve olmaksizin vyeterli olmayacagini agikca
gostermektedir.

5. Sonug ve Oneriler

Bu calisma sonucunda, katilimci olarak ele alinan
yapay zeka araglarinin akran zorbaligini biyik olgiide alan
yazinla  uyumlu  bicimde tanimladig;;  kasithhk,
tekrarlanabilirlik ve gl dengesizligi temelinde
kavramsallastirdigi, 6zellikle Olweus temelli klasik zorbalik
cercevesini merkez alarak tutarli aciklamalar UGrettigi
gorulmustdr. Yapay zeka katilimcilari, ilkokul baglaminda
yaygin goérilen zorbalk tirlerini (s6zel, sosyal/iliskisel ve
fiziksel) dogru bigcimde ayirt edebilmis; zorbahgin
nedenlerini bireysel, ailesel, akran ve okul iklimi
diizeylerinde ¢ok boyutlu olarak ele almig; magduriyetin
duygusal, davranissal, akademik ve psikosomatik etkilerini
yuksek diizeyde farkindalikla betimlemistir. Senaryo
temelli degerlendirmelerde ve saka—zorbalik ayriminda
tim araglarin ortak olgltler (zerinde uzlagsmasi, yapay
zekdanin  operasyonel tanimlari  tutarli  bicimde
uygulayabildigini gostermektedir. Ancak, bulgular yapay
zeka araglarinin akademik kaynak gosterme konusunda
tutarsizliklar ve yer yer halisinasyon riski tasidigini, 6rnek
olay kurgularinda ise cinsiyet, mekan ve sinif dizeyi
acisindan belirgin veri yanhliklari Gretebildigini ortaya
koymustur. Dikkat gekici bir diger sonug, bircok yapay zeka
aracinin kendi bilgi Gretim sinirlarinin farkinda oldugunu
ifade etmesi ve uzman yénlendirmesini vurgulamasidir.

Genel olarak degerlendirildiginde, bu calisma yapay
zeka araglarinin akran zorbaligina iliskin kavramsal ve
pedagojik acidan giglii, ancak akademik dogrulama ve
baglamsal ¢esitlilik agisindan sinirli goérisler Urettigini;
dolayisiyla egitim baglaminda destekleyici bir ara¢ olarak
kullanilabilecegini, ancak elestirel insan denetimi
olmaksizin dogrudan otorite olarak kabul edilmemesi
gerektigini ortaya koymaktadir.
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5.1 Oneriler

e Yapay zeka araclari, akran zorbaligina iliskin egitim
sureglerinde karar verici degil, destekleyici araglar
olarak konumlandiriimalidir.

e Ogretmenler ve okul yéneticileri icin yapay zeka
okuryazarligini da iceren zorbalikla miicadele hizmet
ici egitim programlari gelistirilmelidir.

o Ailelere yonelik bilgilendirme ve farkindahk
calismalarinda yapay zeka igerikleri kontrolli ve
rehberli bicimde kullaniimalidir.

Gelecek arastirmalarda yapay zeka araglarinin
gorusleri, insan paydaslarin (6gretmen, veli, rehber
Ogretmen ve Ogrenciler) gorusleriyle  dogrudan
karsilastirmali olarak incelenmelidir.
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