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ABSTRACT

The aim of this study was to use the interval type-2 fuzzy TOPSIS method to select the best supplier
among a number of suppliers digitized by Industry 4.0 for a company operating in the garment
industry. The interval type-2 fuzzy TOPSIS method involves an interval of type-2 fuzzy sets and can
model uncertainties very well to solve fuzzy multi-criteria decision making problems. Alternatives
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were listed based on closeness indexes, and the best digital supplier was selected based on sensitivity

analysis. This is the first study to use the model in question to select the best digital supplier for a
company. We, therefore, believe that it will contribute to the literature. It is recommended that the

model in question be used in other industries as well.

1. INTRODUCTION

Revolution is a rapid, radical and noteworthy change in a
certain area [1]. The Industrial Revolution was one of the
most important revolutions in world history. The first phase
of the Industrial Revolution was the First Industrial
Revolution in the eighteenth century, in which human
power was replaced by steam power resulting in a dramatic
transformation in production. The second phase was the
Second Industrial Revolution in the twentieth century
which witnessed the integration of electricity into
production, marking the onset of mass production. The
third phase was the Third Industrial Revolution in which
advanced automation systems were introduced to
production in the 1970s. Today, we are on the verge of the
fourth phase, which is the Fourth Industrial Revolution,
involving smart factories that autonomously run entire
production processes [2, 3].

The Industrial Revolution has provided limitless
multiplication of goods and services [4]. Thus, enterprises

Industry 4.0, Digital Supply
Chain, Fuzzy TOPSIS,
Garment Industry

and countries that quickly adapt to new industrial
production concepts have achieved significant progress.
Benefiting from the First Industrial Revolution very
efficiently, western countries, the USA and Japan
monopolized production for a long time and achieved high
competitiveness while others generally turned into open
markets [5, 6, 7]. However, developed countries have lost
their competitive advantages to underdeveloped and
developing countries in the early 2000s due to aging
population and high labor costs etc. [8]. Developed
countries such as the US, Germany and the United
Kingdom had traditionally outsourced their production to
developing countries. They have, however, been adversely
affected by the global economic crisis in 2008, and
therefore, started to reshore their production back [6, 9].
Germany was the first to execute it. In 2011, German
Kagermann argued that the integration of sensors,
embedded-connected systems, digitization and information-
communication technologies into production promotes
smart production, which can provide competitive advantage
against low-cost manufacturing in Asia [7, 10, 11, 12]. The
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German National Science and Engineering Academy
developed this idea and defined it as Industry 4.0 in 2013
[8]. Industry 4.0 is based on such technologies as smart
robots, big data, internet of things (loT), 3-D printing and
cloud etc. [13, 14].

The Internet-based high automation in Industry 4.0
production connects machines, computers, suppliers and
customers in real time [15, 16]. Thus, each machine is
independently and autonomously involved in production,
adapt themselves to new demands, monitor production
processes, predict the current situation, analyze data,
perform tasks by themselves, and report or solve possible
operation and maintenance issues. Smart devices can be
placed on production lines to minimize production costs or
disruptions, artificial smart technologies can shorten
decision-making processes, data can be shared with systems
and related parties in real time, and interface can be used to
interact with people [7, 9, 15, 16, 17].

In Industry 4.0, while production is fast and modular
production principle, zero defective and high quality
production is planned with flexible production lines [7, 15].
The expected advantages of Industry 4.0 are as follows: A
decrease in production (10-30%), material, logistics (10-
30%) and quality management (10-20%) and labor and
investment costs; faster production, processing, delivery
and launch of new products; more flexible business
processes; higher sensitivity to customer demands;
customized production; difficulty of imitation; high quality,
competitiveness and efficiency (approx. 4.1% annually)
[10, 18, 19]. Ovaci [6] maintains that enterprises that invest
in Industry 4.0 can see a return on investment within three
to five years. Dalenogare et al [10] concludes that Industry
4.0 will change the competition rules of production, the
structure of industries and customer relations. Today,
Industry 4.0 is used in automotive, telecommunication,
health products, household appliances, electronics,
machinery and textile/ garment sectors [6, 7].

The garment sector is a branch of industry which
statistically analyzes the demand for clothing and meets
that demand through mass production [20]. The garment
sector emerged in developed European countries and North
America which witnessed the Industrial Revolution. Those
countries had monopolized the production of ready-to-wear
garments for a long time. After the Second World War,
Japan and the Far East countries turned to garment exports
using cheap labor and transferring technology, which
resulted in developed countries outsourcing their garment
production to developing Asian countries [21]. They have
also inspired developing countries such as Turkey to invest
in the sector. This has led to the globalization of the sector,
intensification of competition and reduction in profit
margins [22]. In that environment, it became imperative for
ready-to-wear companies wishing to dominate the market to
create powerful and responsive supply chains to provide
efficient operations and the best value to customers [23].

Although it is assumed that the mechanical mass production
and labor-intensive structure of today's garment industry
will prevent it from quickly adopting new technologies
[24], ready-to-wear companies have already started to
integrate such smart systems that provide decision and
support such as Expert Systems (ES), Genetic Algorithms
(GA), Artificial Neural Networks (ANN), Knowledge-
Based Systems (KBS), Decision Support Systems (DSS),
Fuzzy Logic Systems, Hybrid Systems into their supply
chains to achieve competitive advantage [25]. They have
also started to use artificial intelligence (Al), Internet of
Things (loT), 3D printing, wearable and soft engineering,
intelligent logistics, nanotechnology, advanced materials,
biotechnology, BPM (business process management),
virtual reality (VR), augmented reality (AR), cyber-
physical systems (CPS), cyber security, big data (BD),
autonomous robots, cloud computing and simulation
technologies, which constitute the basis of the Industrial
Revolution 4.0, of which we are on the verge [26, 27, 28].
Those new technologies have digitized supply chains and
increased the need for collaborating with digital suppliers.

With the development of information communication
technologies, digitalization has spread to every field. In the
future, digitalization is expected to become more
widespread. Under these circumstances, it can be said that
the adaptation time of the enterprises will determine their
future success. This can be achieved through the
digitization of the suppliers that directly affect the
performance of the enterprises. In the apparel industry
where information technologies are not used much, the
importance of digitalization has been realized and
digitalization has started. Accordingly, digital supplier
selection is a new topic in the clothing sector as in many
other sectors and there is not enough academic studies in
this field.

The aim of this study was, therefore, to select a supplier
that used Industry 4.0 technologies most effectively for a
company operating in the garment industry. An Interval
type-2 fuzzy TOPSIS (IT2F-TOPSIS) method, which is a
multi-criteria  decision making method modeling
uncertainties accurately, was used.

Different from the T2F AHP method, the IT2F-TOPSIS
method does not require pairwise comparison matrices,
which makes calculations easier. Moreover, the IT2F-
TOPSIS method yields more accurate results because it
does not have a hierarchical structure.

The rest of the study is organized as follows; the second
section of the study explained the digital supply chain. The
third section briefly addressed the IT2F-TOPSIS method
and presented the algorithm steps. The fourth section
evaluated the alternative suppliers. The last section
presented the findings of the research and made
evaluations.

Digital Supply Chain
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A supply chain (SC) consists of suppliers, manufacturers,
distributors and external resources and all processes
involved in the production of software and components [29,
30]. It is a global system of complex interconnected
networks that are widely distributed geographically [29].
Supply chain used to be a purely operational logistic
function that once gave information to sales or production
and focused on production lines and delivering products.
Today, it has become an independent supply chain
management (SCM) function managed by a separate unit in
some companies [31]. SCM means having the right
customers at the right place and time [30]. SCM operations
involve systems that manage the flow of information,
materials and services from suppliers to end consumers, and
are important for business operations. They, therefore, have
a significant impact on costs and profits [32]. However,
intense competition in global markets reduces companies’
capacity to use their supply chains to achieve workflow. SC
managers are desirable for cheaper, better and faster
product. However, traditional supply chains can be more
costly, complex and vulnerable [30]. To overcome these
challenges, there has been a paradigm shift towards what is
today known as Industry 4.0, which has led to the
automation and digitalization of supply chain functions
including supply, production and distribution [30, 31, 32].
The digitization has significantly altered SCM behavior and
led to the introduction of the concept of digital supply chain
(DSC) [33].

DSC encourages companies to rethink their supply chain
design to meet customer needs and expectations for the
improvement of procurement and service quality [34]. It
differs from traditional supply chains as the latter focus
mainly on minimizing manufacturing, transport and
logistics costs. DSC is a customer-centric platform model
that uses and maximizes real-time data flowing from
different sources and helps businesses collaborate by
integrating the entire supply network [35, 36, 37].

DSC has an outstanding performance that makes customers
very satisfied because it makes demand stimulation,
simulation, matching, detection and management possible
for the maximization of performance and minimization of
risks and ensures timely delivery of products and quick and
easy return at the end of their life cycle [35, 38, 39]. DSC
and high digitized operations can increase annual
productivity and revenues by 4.1% and 2.9%, respectively
[40].

DSC operations consist of such technologies as autonomous
robots, AR, additive manufacturing (AM), Al, high-tech
sensors, cloud computing, 10T, autonomous vehicle,
mobility and Big Data Analytics (BDA) as shown in Figure
1. [40, 41].
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Figure 1. Innovations in supply chain management [37]

AM describes the use of 3D technologies in different stages
of SC to achieve production flexibility, fast delivery,
individualized product and less inventory [41]. It is a
decentralized manufacturing technique that transforms the
distribution network. It reduces the complexity and load of
a product or supply chain, provides flexibility for the
production of a variety of products and renders the supply

chain more efficient. 3D printers help reduce the amount of
stock throughout the supply chain and also simplify some
manufacturing processes of technology (For example, a
module can be printed using a single 3D operation instead
of several components that require different supply chains)
[42].
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Driverless transportation systems (DTSs) minimize human
errors, and thus, provide greater operational reliability and
enhance storage and logistics efficiency and lower costs.
DTSs can be used for decades and integrated with smart
technologies that provide precise positioning, guidance,
route optimization, machine diagnostics or real-time
monitoring. These technologies can also support such
warehouse operations as safer loading of goods, more
efficient inventory management or faster collection cycles,
and therefore, have a positive effect on SCM operations as
well. These technologies also help operators with product
delivery, storage and dispatch, reduce the number of
accidents, enhance transportation visibility and help truck
drivers [41].

Information technologies (ITs) play a critical role in the
effective management of supply chains. They provide
communication and data transfer and improve supply chain
performance, and thus, integrate suppliers, processes and
customers. One of the most significant developments in
information technologies is 10T. The term IoT was coined
in 1999 by Kevin Ashton. loT is defined as the network of a
series of physical and virtual objects connected through a
network that enables communication, detection, interaction
and data collection and exchange [30]. An increase in the
number of 10T devices results in an increase in the number
of participants and actors in supply chains. The peak of 10T
is an output of supply chain systems characterized by low
energy consumption and cost and sometimes long term and
different levels of physical accessibility [29]. It helps to
maximize the effectiveness of operations across supply
chain partners [32], resulting in high transparency (supply
chain visibility) and integrity control in supply chains (right
products at the right time, place, quantity and cost) [43]. It
also helps monitor the logistics operations where asset
tracking or transit components are complex [32]

Today, a huge amount of data is being collected in various
domains including technology-oriented data sources such as
enterprise resource planning (ERP) systems, distributed
manufacturing environments, orders and shipment logistics,
social media, customer buying behavior, product life cycle
operations, global positioning systems (GPS), radio
frequency identification (RFID) technology, monitoring,
mobile devices and surveillance cameras. Enterprises are,
therefore, interested in large data sets characterized by 4V
(volume, variety, velocity, and veracity). The bigger the
data, the harder it is to manage and analyze it. Recent
studies on BDA have developed tools and techniques to
help make data-driven supply chain decisions [44]. BDA
operations in SCM are used in procurement processes,
dynamic vehicle routing, logistics, inventory management,
order collection and storage [41].

Cloud computing (a.k.a. cloud) refers to the use of a remote
server network to access shared resources such as data
servers, storage, applications, and other services. Cloud
computing allows supply chain users to store and process

their data in a private cloud or on a third-party server,
which makes the data easily accessible from almost
anywhere. It also enables companies and individuals to
minimize infrastructure and maintenance costs in
information technology [45]. Digitization is also used to
support routine resource acquisition activities such as
procurement and assessment. Digital indirect procurement
processes (maintenance or repair services, travel booking,
office furniture or supplies) reduce uncoordinated
procurement transactions [41].

Today, delivery of products can last for weeks or even
months. To know where products are at any given time,
they should be visible and transparent within supply chains,
and therefore, they should be geographically positioned.
RFID tags and GPS are used to track physical objects and
send that information to a central data center. Those
systems, which are fixed on products themselves or on
transport units (e.g. containers), collect a large amount of
data on weather, traffic, or telemetry of transportation
vehicles [37].

Robots can be used in manufacturing, logistics, retail
operations etc. Smart robots in retail or warehouse are used
for cycle counting (also in supermarkets) or logistic and
collection operations. Flying robots can be used to transport
goods and packages to hard-to-reach areas. For example,
Amazon conducted its first drone delivery test in the U.K.
[41]. Many companies from different sectors are also
investing in digitizing business operations and supply
chains. For example, DHL, a large logistics service
provider, follows trends that will affect the logistics
industry in the future. DB Schenker, another logistics
service provider, is investing in a digital mobility
laboratory. Such airlines as THY, Lufthansa and Emirates
with strong cargo operations are expanding paperless e-
freight offers with data cleaning for customers. Monsanto,
an agricultural company, is investing in sensor technology
to digitize its agricultural operations. Amazon and Alibaba,
global retailers, are investing in drones and robotics for
product transportation and delivery [46].

Type-2 fuzzy sets

Decision-making processes involve uncertainties, which are
generally due to excessive number of decision making
criteria, system behavior, and most importantly, decision-
makers' preferences. Decision-makers make subjective and
linguistic judgments, which do not yield accurate results.
Uncertain set theory has been integrated in decision-making
methods to deal with uncertain linguistic judgments.
Although most of the methods use type-1 fuzzy sets
(T1FSs) to model decision-makers' uncertain linguistic
judgments, those sets are not suitable for modeling words
[47] because words mean different things for different
people.

Type-2 fuzzy sets (T2FSs) are used to overcome this
problem because they treat uncertain linguistic judgments
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appropriately and have fuzzy membership functions, in
which the degree of membership of each element belongs to
a set. Thus, the modeling of an uncertainty is not limited to
linguistic variables in T2FSs but also takes part in the
definition of membership functions [48, 49]. The concept of
T2FSs was first presented as an expanded and extended
version of classical T1FSs [49]. T2FSs is used especially
when a full membership function cannot be defined for a
fuzzy set. Those sets are, therefore, very effective in
overcoming uncertainties [47].

The membership functions of T1FSs are two-dimensional
whereas those of T2FSs are three-dimensional. The new
third dimension of T2FSs provides additional degrees of
freedom and allows uncertainties to be modeled. Therefore,
if TIFSs are considered to be a first degree approach to
uncertainties in the real world, then type-2 fuzzy sets can be
regarded as a quadratic approach to uncertainty. T2FSs are
capable of performing well in the presence of noisy inputs
and in case of uncertainty on linguistic data, the meanings
of which may vary from expert to expert.

The membership functions of T1FSs are net sets. Therefore,
when the meanings of criteria are ambiguous, evaluators
have different views, resulting in a noisy evaluation
environment. T1FSs, therefore, fail to provide effective
decision support. In such cases, the problem can be
modeled using T2FSs with membership functions of T1FSs
[49]. As is known, linguistic information, usually from
expert knowledge, does not provide information on the
form of membership functions. In such cases, the effect of
linguistic or numerical uncertainties can be mitigated by
T2FSs as opposed to T1FSs. T2FSs involve more
uncertainties and yield more accurate and robust results
than T1FSs. Interval T2FSs are easier to calculate, and
therefore, used by most applications. Interval T2FSs are
used in real-world multi-criteria decision-making (MCDM)
problems [50].

Interval type 2 fuzzy TOPSIS methodology

The fuzzy TOPSIS method developed by Hwang and Yoon
(1981) is also widely used in MCDM problems. The fuzzy
TOPSIS method is based on the concept that the chosen
alternative should have the shortest distance from the

positive-ideal solution and the longest distance from the
negative-ideal solution. There are many studies using this
method to solve MCDM problems. However, the fuzzy
TOPSIS method is not always appropriate to represent
uncertainties because it is based on T1FSs [51, 52].

Chen and Lee [53] expanded the classical TOPSIS method
and developed the interval type-2 fuzzy TOPSIS method
involving T2FSs to solve fuzzy multi-criteria decision-
making problems. The IT2F-TOPSIS method uses T2FSs to
solve fuzzy multi-criteria decision-making problems, and
therefore, provides more rationality and flexibility to
calculate the weights and values of criteria [54]. Some of
the studies using the IT2F-TOPSIS method are as follows:

WASPAS and type-2 fuzzy TOPSIS method were used to
select a car sharing station [49]. Interval type-2 AHP and
TOPSIS methods were used to select an appropriate ship
loader type in maritime transport [50]. IT2F-TOPSIS
method was used to select a material [55], a new route from
five different destinations for one airline [48] a green
supplier [56], a supplier [51] and RFID for warehouses [52]
and to assess supplier performance for an airline [57] and
investment projects for development agencies [58].

The steps of the IT2F-TOPSIS method are as follows. Lee
and Chen [54] presented the concept of ranking values of
trapezoidal interval T2FSs. Let be an interval type-2 fuzzy
set (Figure 2),

where

A= (AY. AN )= ((2,a%,a%,a%; Hy(AY), H, (A1),

[
I
|
|
|
|
I
|
I
|

1

1

1

i
0 UL U =L L U L .U
a;1 431 G G Qi3Q3 Q33 Gy

Figure 2. A trapezoidal IT2FSs [53]

The ranking value of the trapezoidal interval type-2 fuzzy set is defined as follows [54]:

Rank (4= M, (A7 )+ M, (A2) 1 M, (A7 41, (32)+ M, (A7) 40, (A7)

,%(Sl(gy)”l (A7) + 5, (A7) 8, (A7) + 5, (A7) 5, (A7) 5, (A7) + 5, (47))+

H (A7) +H (A7) H,(47)+H,(47)

Where denotes the

M, (A))

average

@

of the elements ai{, and aij( p+1) 1

M, (A))=(a} +al,,)/2, 1< p<3,S,(A') denotes the standard deviation of the elements aijq and
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. ~ . . . 2 -~
ai‘(qﬂ), S, (A)) = \/%Zq”(ai{( _%Zq” alj . 1<q<3, S,(A’) denotes the standard deviation of the elements

q k=q K

o _ 1 ] ~
a8, 8,8, S, (A1) = \/42:1(% _4Zi1ai{<j :

H, (E\ij) denotes the membership value of the element aij(pﬂ) in the trapezoidal membership function A!, 1< p <2,
je{U,L}, and1<i<n.

In Eqg. (1), the summation of

Ml(,&iu ), Ml(,&iL), M Z(Aiu ) M Z(AL ), M S(AU ), MS(A—L ), Hl(;&iu ), Hl(,&iL ), HZ(AU )and HZ(,&].L) are referred to
as the basic ranking score, where we deduct the average of
Sl(Z\iU ) Sl(AiL ), Sz(;\iu ), SZ(;\,—L ), S, (Z\lu ), SS(AL) S4(Aiu )and S4(AL) from the basic ranking score to give the

dispersive interval type-2 fuzzy set a penalty, where 1 <i < n.

Assume that there is a set X of alternatives, where

_ (wP _ zp p:,,, zp
X ={X1,X2,..,,Xn},and that there is a set F of W, =(w, hxm_{wl W, Wm] “)

attributes, where F ={fl, | PR fm}. Assume  that

there are k decision-makers D;, D,,...,and D, . The set F W= (W) sy ©)

of attributes can be divided into two sets F; and F,, where - = =\ .
F1 denotes the set of benefit attributes while F, denotes the Where\;,i W W D..0w, Wi is an interval type-
set of cost attributes, F, "F, =¢, and F, UF, = F. K

The proposed method is now presented as follows:

2 fuzzy set, 1<i<m,1<p<Kk, and k denotes the
Step 1: Construct the decision matrix Y, of the pth  number of decision-makers.
decision-maker and construct the average decision

. . Step 3: Construct the weighted decision matriwi,
matrixY , respectively, as follows:

X% X, K X
[~p <P ~P ] V, V. sV,
fl f11 le e f13 ~ :1 il iz i3 (6)
) il=p =v <P (2 Y_:(N) Z oV Ve Vg |
YD = ( fup)mxn 2 A f 2 f 2 " pome : : : : :
fm ~ ~ ~
fm ~ P ~ P ~ P _le sz an_
L f 31 f ml f mn _| N B N
_ (= where V;, =Wi® f., 1<i<m,and1< j<n.
Y=|f, , @) j j
mxn Step 4: Based on equation (1), calculate the ranking value
. flef2e @ff| 3 _ Rank (v;) of the interval type-2 fuzzy set V;;,where
where, (f )= 21— 1 i f”- is an interval . } ] o )
Y k ’ 1< J<n. Construct the ranking weighted decision matrix
type-2 fuzzy set, 1<i<m,1<j<n,1<p<k,and k Yo,
denotes the number of decision-makers. — ~
Y, = (Rank(Vn)\J ) (7
Step 2: Construct the weighing matrix Wp of the attributes mxn

of the pth decision-maker and construct the average \ynere 1<i< m,and 1< j<n.

weighing matrix W , respectively, as follows:
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Step 5: Determine the positive ideal solution
X" = (vl*,vz*, ...... v ) and the negative-ideal solution
X = (vl’,v;, ...... Vi, ) where
rlgj?n({rank(vij )}, if feF, .
v o= i ®)
E\jlgrl{rank(vi,- )} if f eF,
and
{gjigrl{rank(vij )} if f,eF .
v = i 9)
EQ&)ﬂ({rank(vij )}, if f,eF,

where F; denotes the set of benefit attributes, F, denotes
the set of cost attributes, and 1< i <m

Step 6: Calculate the distance d*(X;) between each

alternative X; and the positive ideal solution (PIS) X" as
follows:

d+(xj)=\/i(Rank(\7i,-)—v;)2 (10)

i=1
where 1< j <n. Calculate the distance d ™ (X;) between
each alternative X; and the negative-ideal solution (NIS)

X", as follows:

d(xj):\/Zm:(Rank(\:/ij)—vi*)2 (11)

where 1< j <n.

Step 7: Calculate the relative degree of closeness C(x;) of
X; with respect to the positive ideal solution X", as follows:

d=(x;)

, (12)
d”(x;)+d"(x;)

C(x,) =

where 1< j<n.

Step 8: Rank the values of C(Xj) in a descending sequence,
where 1< j <n. The larger the value of C(X;), the higher

the preference of the alternative X;, where 1<j<n.

2. MATERIAL AND METHOD
2.1 Material and Method

The aim of this study was to select the best supplier among a
number of suppliers for a company that has been operating in the
Turkish garment industry and selling women's, men's, children's
and baby clothes under its own brand in over 1000 stores in over
40 countries for 30 years. The company makes very little of the
products that it sells. But instead, they are manufactured by
domestic and foreign apparel manufacturers. The company has a
very large supply network that maintains its production structure
and wants to select the best supplier (digital supplier) using
Industry 4.0 technologies to overcome the problems of
communication and supply chain management. To this end, IT2F-
TOPSIS method, which is a multi-criteria decision making
method, was used. The literature review in Section 2 (Digital
Supply Chain) was used to determine the criteria for digital
supplier selection. The company experts (IT specialist, supply
chain manager, quality manager, sales-marketing manager) were
also consulted for their opinions. Alternative digital suppliers were
determined by the company, and a hierarchical selection model
was developed given in Figure 3.

Digital Production Systems

* Robot-aided production
* Additive production-3D
printing and scanning
* Auto coordinated production
* Simulation in production
processes

Information and
Communication
Technologies

* Internet of things and cloud
computing
* Information integration and
sharing
* Information security
* Uzing mobile apps

Digital Supplier-1

Digital Supplier Selection

Intelligent Logistics and
Inventory Systems

* Using int=llizent forklifts,
pallet carriers and cranss
* Aptomatic material placement
and monitoring technolomy
* Shipping optimization
*Usinz Avemented and virtual
raality technolosy
* Rzal-time monitoring

technolomy

Digital Supplier-2

Maintenance and Repair
Systems

Management Systems

*® Digital performance
* Predictive maintenance management
* Using cloud technology in * Online transparency
maintenance services *Big data based quality
* Augmented maintenance and management
repair procedures * Process standardization and
automation

Digital Supplier-3

Figure 3. Hierarchical model for the selection of the best digital supplier
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In order to evaluate the suppliers and the criteria, a team of
5 persons working in the purchasing, quality and production
departments of the company was organized. They are
university graduates and have been working in the company
for at least 5 years. In addition to their expertise, the team
also has extensive knowledge in digital technologies. A
team of five people consisting of the company's own
experts and experts in digital technologies were formed.

Based on the team’s feedback, the selection criteria and
alternatives were evaluated according to the above-
described steps of the IT2F-TOPSIS method.

Step 1: The criteria used in the selection of DS were
assessed using the linguistic terms in Table 1 based on the

team’s feedback, and the resulting weight matrix is given in
Table 2.

Table 1. Linguistic terms and interval T2FSs

Linguistic terms

Interval T2FSs

Very Low (VL)

((0,0,0,0.1;1, 1), (0, 0,0,0.05; 0.9, 0.9))

Low (L)

Medium Low (ML)
Medium (M)
Medium High (MH)
High (H)

((0,0.1,0.1,0.3; 1, 1), (0.05, 0.1, 0.1, 0.2; 0.9, 0.9))
((0.1,0.3,0.3,05;1, 1), (0.2, 0.3, 0.3,0.4; 0.9, 0.9))
((0.3,05,05,0.7; 1, 1), (0.4, 0.5, 0.5, 0.6; 0.9, 0.9))
((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7, 0.7, 0.8; 0.9, 0.9))
((0.7,0.9,0.9, 1; 1, 1), (0.8, 0.9, 0.9, 0.95; 0.9, 0.9))

Very High (VH)

((0.9,1,1,1;1,1), (0.95, 1, 1, 1; 0.9, 0.9))

Table 2. Linguistic assessment of digital supplier selection criteria and weight matrix

Criteria Linguistic 1T2FSs
rm

Digital Production Systems (DPS) e 5206280072800778800831019)09))
Robot- aided production (RAP) H ((0.7,0.9,0.9,1;1, 1), (0.8,0.9,0.9,0.95; 0.9, 0.9))
Additive production-3D printing and scanning (AP) M ((0.3,05,05,0.7; 1, 1), (0.4,0.5,0.5, 0.6; 0.9, 0.9))
Auto coordinated production (ACP) VH ((09,1,1,1;1,1),(0.95,1,1,1,0.9,0.9)
Simulation in production processes (SPP) MH ((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7,0.7,0.8; 0.9, 0.9))
Information and Communication ((0.8,0.95,0.95,1,1,1)
Technologies (ICT) (0.88,0.95,0.95,0.98,0.9,0.9))
Internet of things and cloud computing (ICC) H ((0.7,0.9,0.9,1;1,1),(0.8,0.9,0.9,0.95; 0.9, 0.9))
Information integration and sharing (I1S) VH ((09,1,1,1;12,1),(0.95,1,1,1,0.9,0.9)
Information security (1S) VH ((09,1,1,1;1,1),(095,1,1,1;0.9,0.9)
Using mobile apps (UMA) H ((0.7,0.9,0.9,1;1,1),(0.8,0.9,0.9,0.95; 0.9, 0.9))
Intelligent Logistics and Inventory Systems (ILIS) ((0.74,09,0.9.0.98.1,1)

(0.82,0.9,0.9,0.94,0.9,0.9))
Using intelligent forklifts, pallet carriers and cranes (IFC) H ((0.7,0.9,09,1;1,1),(0.8,0.9,0.9,0.95; 0.9, 0.9))
Automatic material placement and monitoring technology (AMP) H ((0.7,0.9,09,1;1,1),(0.8,0.9,0.9,0.95; 0.9, 0.9))
Shipping optimization (SO) VH ((0.9,1,1,1;1,1),(0.95,1, 1,1; 0.9, 0.9))
Using Augmented and virtual reality technology (AVR) MH ((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7, 0.7, 0.8; 0.9, 0.9))
Real-time monitoring technology (RTM) VH ((0.9,1,1,1;1,1),(0.95,1, 1, 1; 0.9, 0.9))
Maintenance and Repair Systems (MRS) ((050.7,0.7,08,1,1)

(0.6,0.7,0.7,0.8,0.9,0.9))
Predictive maintenance (PM) MH ((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7, 0.7, 0.8; 0.9, 0.9))
Using cloud technology in maintenance services (CTM) MH ((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7, 0.7, 0.8; 0.9, 0.9))
Augmented maintenance and repair operations (AMR) MH ((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7, 0.7, 0.8; 0.9, 0.9))
Maragemant Systens (4) 0680.72072015072072)
Digital performance management (DPM) VH ((0.9,1,1,1;1,1),(0.95,1, 1,1, 0.9, 0.9))
Online transparency (OT) H ((0.7,0.9,09,1;1,1),(0.8,0.9,0.9,0.95; 0.9, 0.9))
Big data based quality management (BQM) MH ((0.5,0.7,0.7,0.9; 1, 1), (0.6, 0.7,0.7,0.8; 0.9, 0.9))
Process standardization and automation (PSA) VH ((0.9,1,1,1;1,1),(0.95,1, 1, 1; 0.9, 0.9))
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The arithmetic mean of the weights of the sub-criteria was
determined to calculate the weights of the main criteria [59].

matrix

Table 3. Linguistic assessment of alternative digital suppliers and decision

Main Criteria

Sub-Criteria

Alternatives Digital Suppliers

Step 2: Three alternative digital suppliers were assessed using the DS-1 DS-2 DS-3
linguistic terms (Table 1) again based on the team’s feedback, and RAP L L M
the resulting decision matrix is given in Table 3. DPS AP VL VL VL
ACP L L MH
Step 3: After linguistic evaluation of alternative digital Isgg k/”_ k/”_ m
suppliers, these linguistic evaluations are converted to their IS ML ML MH
corresponding Interval T2FSs on the scale in Table 1, IcT IS ML M H
which developed by Lee and Chen [54] and used in the UMA ML MH H
interval type-2 fuzzy TOPSIS method. The converted fﬁp mt m:j E
matrix is given in Table 4. ILIS SO L M H
N AVR VL L L
After the decision matrix was developed, f ij values were E,\TAM t mL ME
calculated using equation (3), and the fuzzy decision matrix =~ MRS CIM vL L ML
was obtained as illustrated in Table 5 AMR VL VL ML
: DPM L ML H
oT L ML H
MS BQM L ML MH
PSA ML M H
Table 4. Converting the evaluation of alternatives into interval type-2 fuzzy numbers
Main Sub- Alternatives Digital Suppliers
Criteria Criteria DS-1 DS-2 DS-3
RAP ((0,0.1,0.1,03; 1, 1), ((0,0.1,0.1,0.3; 1, 1), ((0.3,05,05,0.7; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.4,05,05,0.6; 0.9, 0.9))
AP ((0,0,0,0.1;1,1), ((0,0,0,0.1; 1, 1), ((0,0,0,0.1;1, 1),
DPS (0,0,0,0.05; 0.9, 0.9)) (0,0,0,0.05; 0.9, 0.9) (0,0,0,0.05; 0.9, 0.9))
ACP ((0,0.1,0.1,0.3; 1, 1), ((0,0.1,0.1,0.3; 1, 1), ((0.5,07,0.7,09; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.05,0.1,0.1,0.2; 0.9, 0.9) (0.6,0.7,0.7,0.8; 0.9, 0.9))
Spp ((0,0.1,0.1,0.3; 1, 1), ((0,0.1,0.1,0.3; 1, 1), ((0.3,05,05,07; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.05,0.1,0.1,0.2; 0.9, 0.9) (0.4,0.5,0.5,0.6; 0.9, 0.9))
- ((0.1,0.3,0.3,0.5; 1, 1), ((0.1,03,0.3,05; 1, 1), ((0.3,05,05,07; 1, 1),
(0.2,0.3,0.3,0.4; 0.9, 0.9) (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.4,05,0.5,0.6; 0.9, 0.9)
s ((0.1,0.3,0.3,05; 1, 1), ((0.1,03,0.3,05; 1, 1), ((0.5,07,0.7,09; 1, 1),
T (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.6,0.7,0.7,0.8; 0.9, 0.9))
s ((0.1,0.3,0.3,05; 1, 1), ((0.3,05,05,07; 1, 1), ((0.7,09,0.9, 1; 1, 1),
(0.2,0.3,0.3,0.4; 0.9, 0.9) (0.4,0.5,0.5,0.6; 0.9, 0.9) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
UMA ((0.1,0.3,0.3,05; 1, 1), ((0.5,07,0.7,09; 1, 1), ((0.7,09,0.9, 1; 1, 1),
(0.2,0.3,0.3,0.4; 0.9, 0.9) (0.6,0.7,0.7,0.8; 0.9, 0.9)) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
IFC ((0.1,0.3,0.3,0.5; 1, 1), ((0.5,07,0.7,09; 1, 1), ((0.7,09,0.9, 1; 1, 1),
(0.2,0.3,0.3,0.4; 0.9, 0.9) (0.6,0.7,0.7,0.8; 0.9, 0.9)) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
AMP ((0.1,0.3,0.3,05; 1, 1), ((0.1,03,0.3,05; 1, 1), ((0.7,09,0.9, 1; 1, 1),
(0.2,0.3,0.3,0.4; 0.9, 0.9) (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
ILIS e ((0,0.1,01,03; 1, 1), ((03,05,05,0.7; 1, 1), ((0.7,09,0.9,1; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.4,05,0.5,0.6; 0.9, 0.9) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
AVR ((0,0,0,0.1; 1, 1), ((0,0.1,0.1,0.3; 1, 1), ((0,0.1,0.1,0.3; 1, 1),
(0,0,0,0.05; 0.9, 0.9)) (0.05,0.1,0.1,0.2; 0.9, 0.9) (0.05,0.1,0.1,0.2; 0.9, 0.9))
RTM ((0,0.1,0.1,0.3; 1, 1), ((0.3,05,05,07; 1, 1), ((0.5,07,0.7,09; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.4,0.5,0.5,0.6; 0.9, 0.9) (0.6,0.7,0.7,0.8; 0.9, 0.9))
oM ((0,0.1,0.1,0.3; 1, 1), ((0.1,03,0.3,05; 1, 1), ((0.1,03,0.3,05; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9))
MRS oTM ((0,0,0,0.1;1, 1), ((0,0.1,0.1,0.3; 1, 1), ((0.1,03,0.3,05; 1, 1),
(0,0,0,0.05; 0.9, 0.9)) (0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9))
AMR ((0,0,0,0.1;1, 1), ((0,0,0,0.1; 1, 1), ((0.1,03,0.3,05; 1, 1),
(0,0,0,0.05; 0.9, 0.9)) (0,0,0,0.05; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9))
DPM ((0,0.1,0.1,03;11, 1), ((0.1,03,0.3,05; 1, 1), ((0.7,09,09, 1; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
oT ((0,0.1,0.1,0.3;11, 1), ((0.1,03,0.3,05; 1, 1), ((0.7,09,0.9, 1; 1, 1),
MS (0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
BOM ((0,0.1,0.1,0.3;11, 1), ((0.1,03,0.3,05; 1, 1), ((0.5,07,0.7,09; 1, 1),
(0.05,0.1,0.1,0.2; 0.9, 0.9)) (0.2,0.3,0.3,0.4; 0.9, 0.9) (0.6,0.7,0.7,0.8; 0.9, 0.9))
PSA ((0.1,0.3,0.3,05; 1, 1), ((0.3,05,05,07; 1, 1), ((0.7,09,0.9, 1; 1, 1),
(0.2,0.3,0.3,0.4; 0.9, 0.9) (0.4,0.5,0.5,0.6; 0.9, 0.9) (0.8,0.9, 0.9, 0.95; 0.9, 0.9))
TEKSTIL ve KONFEKSIYON 30(1), 2020 69



Table 5. Fuzzy decision matrix

Main Alternatives Digital Suppliers

Criteria DS-1 DS-2 DS-3

DPS (0,0.08,0.08,0.25,1,1) (0,0.08,0.08,0.25,1,1) (0.3,0.4,0.4,0.53,1,1)
(0.04,0.08,0.08,0.16,0.9,0.9) (0.04,0.08,0.08,0.16,0.9,0.9) (0.35,0.4,0.4,0.46,0.9,0.9)

T (0.1,0.3,0.3,05,1,1) (0.25,0.45,0.45,0.65,1,1) (0.55,0.75,0.75,0.9,1,1)
(0.2,0.3,0.3,0.4,0.9,0.9) (0.35,0.45,0.45,0.55,0.9,0.9) (0.65,0.75,0.75,0.83,0.9,0.9)

LIS (0.04,0.16,0.16,0.34,1,1) (0.24,0.42,0.42,0.62,1,1) (0.52,0.7,0.7,0.84,1,1)
(0.1,0.16,0.16,0.25,0.9,0.9) (0.33,0.42,0.42,0.52,0.9,0.9) (0.61,0.7,0.7,0.77,0.9,0.9)

MRS (0.23,0.3,0.3,0.4,1,1) (0.03,0.13,0.13,0.3,1,1) (0.1,0.3,0.3,05,1,1)
(0.27,0.3,0.3,0.35,0.9,0.9) (0.08,0.13,0.13,0.22,0.9,0.9) (0.2,0.3,0.3,0.4,0.9,0.9)

MS (0.03,0.15,0.15,0.35,1,1) (0.15,0.35,0.35,0.55,1,1) (0.65,0.85,0.85,0.98,1,1)
(0.09,0.15,0.15,0.25,0.9,0.9) (0.25,0.35,0.35,0.45,0.9,0.9) (0.75,0.85,0.85,0.91,0.9,0.9)

Step 4: Then, a weighted fuzzy decision matrix given in Table 6 was obtained using equation (6).

Table 6. Weighted fuzzy decision matrix

Main Alternatives Digital Suppliers

Criteria DS-1 DS-2 DS-3

DPS (0,0.06,0.06,0.23,1,1) (0,0.06,0.06,0.23,1,1) (0.18,0.31,0.31,0.47,1,1)
(0.03,0.06,0.06,0.14,0.81,0.81) (0.03,0.06,0.06,0.14,0.81,0.81) (0.24,0.31,0.31,0.39,0.81,0.81)

1T (0.08,0.29,0.29,0.5,1,1) (0.2,0.43,0.43,0.65,1,1) (0.44,0.71,0.71,0.9,1 1)
(0.18,0.29,0.29,0.39,0.81,0.81) (0.31,0.43,0.43,0.54,0.81,0.81) (0.57,0.71,0.71,0.8,0.81,0.81)

ILIS (0.03,0.14,0.14,0.33,1,1) (0.18,0.38,0.38,0.61,1,1) (0.38,0.63,0.63,0.82,1,1)
(0.08,0.14,0.14,0.24,0.81,0.81) (0.27,0.38,0.38,0.49,0.81,0.81) (0.5,0.63,0.63,0.72,0.81,0.81)

MRS (0.12,0.21,0.21,0.36,1,1) (0.02,0.09,0.09,0.27,1,1) (0.05,0.21,0.21,0.45,1,1)
(0.16,0.21,0.21,0.28,0.81,0.81) (0.05,0.09,0.09,0.17,0.81,0.81) (0.12,0.21,0.21,0.32,0.81,0.81)

MS (0.02,0.11,0.11,0.27,0.8,0.8) (0.11,0.25,0.25,0.43,0.8,0.8) (0.49,0.61,0.61,0.76,0.8,0.8)
(0.06,0.11,0.11,0.19,0.65,0.65) (0.17,0.25,0.25,0.34,0.65,0.65) (0.5,0.61,0.61,0.68,0.65,0.65)

Step 5: A ranked weighted decision matrix (Table 7) was calculated using equation (1).

Table 7. Ranked weighted decision matrix

Alternatives Digital Suppliers

Main Criteria

DS-1 DS-2 DS-3
DPS 3.97 3.97 5.41
ICT 5.20 6.03 7.68
ILIS 4.44 5.77 7.21
MRS 4.84 4.17 4.80
MS 4.24 5.05 6.46

Steps 6: Positive and negative ideal solutions (Table 8)
were calculated using equations (8) and (9).

Table 8. PIS and NIS

Main Criteria  Positive ideal solution Negative ideal solution
DPS 541 3.97
ICT 7.68 5.20
ILIS 4.44 7.21
MRS 4.84 417
MS 6.46 424

Step 7: The distance of each alternative to the positive

(d +) and negative (d-) ideal solutions was calculated using

equations (10) and (11). Closeness indexes C{x;) were
calculated using equation (12) and shown in Table 9.

Table 9. Distance of each alternative to PIS and NIS and closeness indexes

Alternatives Digital

Suppliers d+ d- C{x;)  Ranking
DS-1 3.625 2.857 0.441 2
DS-2 2.997 1.856 0.383 3
DS-3 2777 3.68 0.570 1

According to the closeness indexes, the preferred order of
alternative digital suppliers were ranked as DS-3, DS-1 and
DS-2. Afterwards, a sensitivity analysis was performed

depending on the scenarios given in Table 10 to determine
whether the ranking of alternatives would be different
according to different criteria weights. The results are given
in Figure 4.

Table 10. Combinations of scenarios with different criteria weights

Scenarios Combinations
Scenario 1 Current
Scenario 2 DPS Very Low, The Rest current
Scenario 3 ICT Very Low, The Rest current
Scenario 4 ILIS Very Low, The Rest current
Scenario 5 MRS Low, The Rest current
Scenario 6 MS Very Low, The Rest current
Scenario 7 DPS Very High, The Rest current
Scenario 8 ICT Very High, The Rest current
Scenario 9 ILIS Very High, The Rest current
Scenario 10 MRS Very High, The Rest current
Scenario 11 MS Very High, The Rest current
t 1 1 1 1 1 1 11 11
w 2 2% N2 2 2 2 2 2 2 2
£ DS-1
53 3 3 X3%3 3 3 3 3 3 3 DS-2
DS-3

1 2 3 4 5 6 7 8 9 10 11
Scenarios

Figure 4. Changes in sensitivity analysis results

The sensitivity analysis results show that DS-3 is the best
digital supplier in all scenarios, except for Scenario 3,
where the weight of criterion ICT was changed. This result
indicates that the IT2F-TOPSIS results are sensitive and
that supplier DS-3 is the most suitable digital supplier.
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3. RESULTS AND DISCUSSION

In recent years, companies have been using competitive
strategies to survive in the market, to meet the changing
needs of their customers and to ensure sustainable
development in the business world. They adopt Industry 4.0
technologies such as autonomous robots, 3D printing, 10T,
BDA, cloud computing, augmented reality, cyber physical
systems and simulation in order to create an innovative
business  environment.  These technologies have
fundamentally changed business processes and models and
SCM. Consequently, the traditional supply chain has been
transformed into DSC, which has started to improve the
overall performance of companies.

The use of digital smart systems in DSC renders supply
chains more transparent and efficient. Real-time analysis
and evaluation in DSC helps companies make better and
faster decisions to meet customer needs. It also reduces
costs and risks and helps companies make their supply
chain management more efficient and useful than before.

DSC will be much more effective in the next two and three
years. The expected advantages of DSC are up to a 30%
reduction in operating costs, a 75% less loss on sale and up
to 75% reduction in inventory. Parent companies, therefore,
want to work with suppliers that use digital technologies in
all their activities.

The aim of this study was to determine the supplier using
digital technologies most effectively among a number of
suppliers of a company operating in the garment sector in
Turkey and working with numerous domestic and foreign
suppliers. Supplier selection involves numerous criteria.
The IT2F-TOPSIS was, therefore, the method of choice in
this study because it is an MCDM method that analyzes
uncertainties better than IT1FSs. The best DS was chosen

REFERENCES

1. Schwab K. 2017. The fourth industrial revolution, Davos: World
Economic Forum, 51-59.

2. Yildiz A. 2018. Digital supply chain integrated with industry 4.0, Business
& Management Studies: An International Journal, 6(4), 1215-1230.

3. Roach S. 2018. 26 Nov. The 4th Industrial Revolution, Retrieved from
https://kemptechnologies.com/blog/the-4th-industrial-revolution/

4. Hobshawm E. 2010. Age of revolution: 1789-1848, Hachette UK.

5. Aksoy S. 2017. Changing Technologies and Industry 4.0: An
Introduction to Understand Industry 4.0, SAV Katki, 4, 34-40.

6. Ovaci C. 2017. Endiistri 4.0 ¢aginda agik inovasyon, Maliye Finans
Yazilari, (Ozel Say1), 113-132.

7. Bagc1 E. 2018. Industry 4.0: Understanding The New Production Style,
Giimiishane University Electronic Journal of the Institute of Social
Science, 9(24), 122-146.

8. Toker K. 2018. Industry 4.0 Declaration and its Effects on
Sustainability, Institute of Business Administration-Management
Journal, 29(84), 51-64.

9. Firat SU, Firat, OZ. 2017. Sanayi 4.0 devrimi iizerine karsilagtirmal bir
inceleme: Kavramlar, kiiresel gelismeler ve Tiirkiye, Toprak Isveren
Dergisi, 114, 10-23.

10.Dalenogare LS, Benitez GB, Ayala NF, Frank AG. 2018. The expected
contribution  of Industry 4.0 technologies for industrial
performance, International Journal of Production Economics, 204,
383-394.

as a result of the evaluations made according to the
application steps of the method. As a result, the benefits of
the company in the case of working with this selected
supplier are listed below:

e Information flow between the supplier and the company
will be manageable, resulting in more workflow and
collaborations.

e Integration between the supplier and the company will
make purchasing processes more predictable and
resulting in optimum stock control, and thus, low
inventory costs.

e The company and the supplier will have more mutual
data collection opportunities and analyze data to find
solutions to various problems.

e Preventive maintenance activities carried out by the
supplier will increase the efficiency of the lines,
enabling the company to meet demands without delay.

e In conclusion, Industry 4.0 technologies will increase
the flexibility, quality and efficiency of suppliers and
reduce their costs and improve their decision-making
processes. In this way, companies will be able to make
customized products, design virtual clothing, meet
customer demands more rapidly and launch new
products and services more frequently. This
improvement will move companies towards better levels
of performance in terms of quality, flexibility and cost.

Finally, the study is the first study in the literature to
determine a DS. The sensitivity analysis results show that
the selection model and method are sensitive. Therefore,
companies that wish to select and assess the best supplier
among their suppliers that use industry 4.0 technologies can
use the selection model and method proposed in this study.

11.Rojko A. 2017. Industry 4.0 concept: background and overview,
International Journal of Interactive Mobile Technologies (iJIM), 11(5),
77-90.

12.Tsai WH. 2018. Green production planning and control for the textile
industry by using mathematical programming and industry 4.0
techniques, Energies, 11(8), 2072.

13.Tansan B, Gokbulut A, Targotay C, Eren T. 2016. Tiirkiye’nin kiiresel
rekabeteilifi i¢in bir gereklilik olarak sanayi 4.0 gelismekte olan
ekonomi perspektifi, TUSIAD Raporu.

14.Sheader G. 2018. 8 March. SME Manufacturers Adopting Industry 4.0
Technologies, Retrieved from https://www.manufacturersalliance.
€0.uk/2018/03/08/sme-manufacturers-adopting-industry-4-0-
technologies/

15.Bulut E, Akgact T. 2017. Industry 4.0 and Within The Scope Of
Innovation Indicators Analysis Of Turkey, ASSAM International
Refereed Journal, 4(7), 55-77.

16.Tsai WH, Lai SY. 2018. Green production planning and control model with
ABC under industry 4.0 for the paper industry, Sustainability, 10(8), 2932.

17.Duarte  AYS, Sanches RA, Dedini FG. 2018. Assessment and
technological forecasting in the textile industry: From first industrial
revolution to the Industry 4.0, Strategic Design Research
Journal, 11(3), 193-202.

18.Chen Z, Xing M. 2015. Upgrading of textile manufacturing based on
Industry 4.0, In 5th International Conference on Advanced Design and
Manufacturing Engineering. Atlantis Press.

TEKSTIL ve KONFEKSIYON 30(1), 2020

71



19. Algin S. 2016. A New Theme For Production: Industry 4.0. Journal of
Life Economics, 3(2), 19-30.

20.0zbek A. 2005. Structure export and future of Turkish apparel industry
in terms of sample firms (Unpublished master’s thesis), Marmara
University Graduate School of Natural and Applied Sciences, Istanbul.

21.0zbek A. 2009. Review Of Future Export Performance Based On
Sample Product (Denim Pants) in The Turkish Clothing Industry
(Unpublished PhD Thesis), Marmara University Graduate School of
Natural and Applied Sciences, istanbul.

22.0zbek A. 2018. Turkish Ready-Made Trade Analysis Based on Sub-
Sectors. International Journal of Humanities and Education, 4(7), 161-183.

23.Mageean L. 2019. 9 January. 5 Reasons to Adopt Digital Workflows
Across the Supply Chain, Retrieved from https://www.whichplm.
com/5-reasons-to-adopt-digital-workflows-across-the-supply-chain/

24.Wang B, Ha-Brookshire J. 2018. Perceived usefulness and perceived
ease of use of new technologies described by Chinese textile and
apparel company owners and managers, International Textile and
Apparel Association (ITAA) Annual Conference Proceedings, 60, 1-3.

25.Ngai EWT, Peng S, Alexander P, Moon KK. 2014. Decision support
and intelligent systems in the textile and apparel supply chain: An
academic review of research articles. Expert Systems with
Applications, 41(1), 81-91.

26.Kagermann H. (2014). How Industrie 4.0 will coin the economy of the
future: The results of the german High-tech strategy's and Strategic
initiative Industrie 4.0, Royal Academy of engineering, London,
Retrieved from http://www.raeng.org.uk/publications/other/henning-
kagerman-acatech-presentation, Accessed 20.02.2019

27.Chiarello F, Trivelli L, Bonaccorsi A, Fantoni G. 2018. Extracting and
mapping industry 4.0 technologies using wikipedia, Computers in
Industry, 100, 244-257.

28.Xu LD, Xu EL, Li L. 2018. Industry 4.0: state of the art and future
trends. International Journal of Production Research, 56(8), 2941-
2962.

29.0mitola T, Wills G. 2018. Towards mapping the security challenges of
the internet of things (IOT) supply chain, Procedia Computer
Science, 126, 441-450.

30.Abdel-Basset M, Manogaran G, Mohamed M. 2018. Internet of Things
(1oT) and its impact on supply chain: A framework for building smart,
secure and efficient systems, Future Generation Computer Systems, 86,
614-628.

31.Alicke K, Rexhausen D, Seyfert A. 2017. Supply chain 4.0 in consumer
goods, Mckinsey & Company, 1-11.

32.Manavalan E, Jayakrishna K. 2019. A review of Internet of Things
(1oT) embedded sustainable supply chain for industry 4.0
requirements, Computers & Industrial Engineering, 127, 925-953.

33.Luthra S, Mangla SK. 2018. Evaluating challenges to Industry 4.0
initiatives for supply chain sustainability in emerging economies,
Process Safety and Environmental Protection, 117, 168-179.

34.Nagy G, Illés B, Banyai A. 2018. Impact of Industry 4.0 on production
logistics, XXIII  International Conference on Manufacturing
(Manufacturing 2018), IOP Conf. Series: Materials Science and
Engineering, 448, 1-9.

35.Bailey G, Moss C, Whittaker J. 2015. Digital supply chains: a frontside
Flip, The Center for Global Enterprise.

36.Korpela K, Hallikas J, Dahlberg T. 2017. Digital supply chain
transformation toward blockchain integration. In proceedings of the
50th Hawaii international conference on system sciences, 4182-4191.

37.Farahani P, Meier C, Wilke J. 2017. Digital supply chain management
agenda for the automotive supplier industry. In Shaping the digital
enterprise, 157-172.

38.Yildiz A, Karakoyun F, Parlak IE. 2018. Industry 4.0 Based Digital
Supply Chain, Miihendislik Alaninda Akademik Arastirmalar, 1, 416-
426.

39.Guarraia P, Gerstenhaber G, Athanassiou M, Boutot PH. 2015. The
intangible benefits of a digital supply chain. Bain & Company, 1-2.

40.Biiyiikozkan G, Goger F. 2018. Digital supply chain: literature review
and a proposed framework for future research. Computers in
Industry, 97, 157-177.

41.Ivanov D, Tsipoulanidis A, Schonberger J. 2019. Digital Supply Chain,
Smart Operations and Industry 4.0, Global Supply Chain and
Operations Management. Springer, Cham, 481-526.

42.Chan HK, Griffin J, Lim JJ, Zeng F, Chiu AS. 2018. The impact of 3D
Printing Technology on the supply chain: Manufacturing and legal
perspectives, International Journal of Production Economics, 205, 156-162.

43.Barreto L, Amaral A, Pereira T. 2017. Industry 4.0 implications in
logistics: an overview, Procedia Manufacturing, 13, 1245-1252.

44.Govindan K, Cheng TCE, Mishra N, Shukla N. 2018. Big data
analytics and application for logistics and supply chain management,
Transportation Research Part E, 114, 343-349.

45.Stank T, Scott S, Hazen B. 2018. A savvy guide to the digital supply
chain, The Global Supply Chain Institute White Papers, 1-56.

46.Biiyiikozkan G, Goger F. 2018. An extension of ARAS methodology
under interval valued intuitionistic fuzzy environment for digital supply
chain, Applied Soft Computing, 69, 634-654.

47.Baykasoglu A, Goélciik 1. 2017. Development of an interval type-2
fuzzy sets based hierarchical MADM model by combining DEMATEL
and TOPSIS. Expert Systems with Applications, 70, 37-51.

48.Deveci M, Demirel NC, Ahmetoglu E. 2017. Airline new route
selection based on interval type-2 fuzzy MCDM: A case study of new
route between Turkey-North American region destinations, Journal of
Air Transport Management, 59, 83-99.

49.Deveci M, Canitez F, Gokasar 1. 2018. WASPAS and TOPSIS based
interval type-2 fuzzy MCDM method for a selection of a car sharing
station, Sustainable Cities and Society, 41, 777-791.

50.Celik E, Akyuz E. 2018. An interval type-2 fuzzy AHP and TOPSIS
methods for decision-making problems in maritime transportation
engineering: the case of ship loader, Ocean Engineering, 155, 371-381.

51.Yildiz A, Karakoyun F, Parlak IE. 2018. The most suitable mobile RFID
reader selection by using interval type-2 fuzzy topsis method, Sigma:
Journal of Engineering & Natural Sciences, 36(3), 717-729.

52.Yildiz A. 2016. Interval type 2-fuzzy TOPSIS and fuzzy TOPSIS
method in supplier selection in garment industry, Industria
Textila, 67(5), 322.

53.Chen SM, Lee LW. 2010. Fuzzy multiple attributes group decision-
making based on the ranking values and the arithmetic operations of
interval type-2 fuzzy sets, Expert Systems with applications, 37(1),
824-833.

54.Lee LW, Chen SM. 2008. A new method for fuzzy multiple attributes
group decision-making based on the arithmetic operations of interval
type-2 fuzzy sets, In2008 International Conference on Machine
Learning and Cybernetics, 6, 3084-3089.

55.Liao TW. 2015. Two interval type 2 fuzzy TOPSIS material selection
methods, Materials & Design, 88, 1088-1099.

56.Mousakhani S, Nazari-Shirkouhi S, Bozorgi-Amiri A. 2017. A novel
interval type-2 fuzzy evaluation model based group decision analysis
for green supplier selection problems: A case study of battery
industry, Journal of cleaner production, 168, 205-218.

57.Gorener A, Ayvaz B, Kusakct AO, Altinok E. 2017. A hybrid type-2
fuzzy based supplier performance evaluation methodology: The
Turkish Airlines technic case, Applied Soft Computing, 56, 436-445.

58.Kilic M, Kaya 1. 2015. Investment project evaluation by a decision
making methodology based on type-2 fuzzy sets. Applied Soft
Computing, 27, 399-410.

59.Akyuz E, Celik E. 2018. A quantitative risk analysis by using interval
type-2 fuzzy FMEA approach: the case of oil spill, Maritime Policy &
Management, 45(8), 979-994.

72

TEKSTIL ve KONFEKSIYON 30(1), 2020



