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Abstract: Itis seen that many diseases, especially dermatological diseases, arise due
to bad weather conditions such as high temperature, dust, smoke, and sun in the
environment. The most common diseases are eczema caused by malnutrition, soil,
bacteria, bad food, and other factors, and risky moles, which are usually caused by
excessive sunlight or during childbirth. Due to all these environmental,
physiological, and chemical factors, it is important to quickly detect all existing skin
diseases, especially eczema and risky moles, and it has become inevitable to
establish a less costly diagnostic system with the help of doctors to prevent the
aggravation of the diseases. If eczema and risky skin problems progress, they will be
difficult to treat and take a long time. For this reason, the research aims to take an
image from the infection site and then process this image in many ways ina MATLAB
environment to obtain an output that can help doctors in their work. Decision trees
supported the currently used image processing and classification method, and the
results of both methods are also compared with this method. According to the
results obtained, the accuracy, sensitivity, and selectivity ratios of decision trees are
obtained compared to image processing. The software used gives a warning when
the image processing and decision tree methods give conflicting results. If this
occurs, it is necessary to stick to the doctor's data. The system in this study aims to
improve human life and make it safe by recognizing eczema and risky moles. In this
study, samples were selected from various layers of the body. In addition, a different
interpretation can be made in the normal situation. When this approach technique
is applied, more appropriate results have emerged in the process of detecting
eczema and risky moles. In addition, normal skin is also involved in the process.
Being able to define the normal state has been a contribution to science and it is
aimed in this study to facilitate the work of medical personnel.
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1. Introduction

When skin diseases are examined, it is seen that there are many causes. Examples of physical skin diseases are
wounds in the human body, burns, and cracks caused by cold. In addition, there are also skin diseases caused by
parasites. In addition, another type of skin disease is seen as allergic skin disease [1].

Dermatological diseases are frequently seen in the community as diseases with low mortality. These diseases are
thought to be important diseases due to their high morbidity, but it is seen that the number of patients with skin
diseases who apply for medical help is low. As the years progressed, it has been determined that there has been
an increase in the applications of patients with dermatological complaints to health institutions, of which society
has become conscious. Since dermatological diseases are long-term diseases and these diseases are costly diseases,
their importance is increasing [2].

When the studies on the subject are examined, it has been determined that the use of artificial intelligence and
data mining applications is used effectively in the field of health. At this point, in many areas; It is seen that alf
activity takes place in many fields such as medical disease diagnosis, follow-up, cost estimation, imaging analysis,
resource planning, emergency management, processing of unstructured data [3, 4, 5].

Artificial intelligence models, which are used as a result of bringing patient data in high dimensions to the
functional point, play an active role in increasing data reliability and quality [6, 7]. Regarding the use of artificial
intelligence in the field of health, legal and ethical processes are used effectively regarding the accuracy of clinical
data, data management, and data protection [8]. The processes regarding this issue differ from country to country

[9].

The use of artificial intelligence is especially used in the detection of diabetes. Different applications are used
concerning artificial intelligence in the detection of diabetes. In the study of Mujumdar and Vaidedi in 2019, large
data sources in the health management system are used to increase the accuracy rate in the detection of diabetes
[10].

A decision tree is defined as a model used in data mining to show classifiers and regressions. The decision tree
consists of some nodes and branches. In the classification carried out in the decision tree, leaves and classes are
specified. It has been determined that the decision is made according to one or more attributes in another node. A
decision tree is used extensively in data mining because it is simple and understandable. To interpret the output
in the decision tree, the entire content is explained one by one, independently of an expert. A graphical method
is applied in the decision tree. Since this method is used in the decision tree, it is seen that it is simpler than other

classification methods. Due to a large number of nodes in the decision tree, it can be difficult to display the graph
[11].
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Figure 1. Example of Decision Tree
When the decision tree model was examined, it was determined that the model consisted of several parts. These
parts:

- Creating node definitions to assign each record of the data set in the decision tree to a leaf node,
- Rules for assigning each record of the dataset to a leaf node,

- Revealing the posterior probabilities of the nodes of each leaf,

- A target level is assigned to each leaf node in the decision tree.

In this part, it was determined that node definitions were developed using the training data set. And it is specified
in terms of input ranges. Using the training dataset, posterior probabilities are calculated for each node. Finally,
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the target level found is assigned to each node and then the processis carried out using the training datasets within
the training phase [12].

Many methods are used in the image analysis process. These methods are morphologically processing the image,
extracting the image features, realizing the separation of the image into layers, identifying the patterns, and edge
detection methods.

When morphological image processing is examined, it has been determined that it is a type of image processing in
which the structure of objects in an image is changed. It is seen that three basic morphological processes,
expansion, erosion, and skeletonization method are used in this species.

In enlargement, it is ensured that an object is reduced uniformly by erosion as a result of uniform enlargement
within the spatial scale. In the skeleton method, especially an object is represented in the form of sticks [13].

It has been determined that there are activities to extract information such as high-level color and shape from
images to obtain the characteristics of an image. For this reason, when the applied processes are examined,shadow
detection, edge detection, contrast detection, motion detection, slope detection, and determination of the sequence
of movements are made to examine the image properties caused by the density difference. In the operations
applied in this framework, high- and low-level feature extraction operations are carried out. The basis of these
processes is based on the principle of shadow, edge, contrast determination, detection of motion, and slope and
determination of motion sequences depending on the image properties caused by the density difference [14].

It has been determined that especially machine learning increases the accuracy rate in the determination of
diseases. When the studies on this subject are examined, a study has been made on the determination of skin
diseases by using supervised machine learning algorithms because of the use of the data set on the patients,
especially in the Indian sample [15].

When the health management processes in which machine learning methods are used are examined, a study
related to the management of diabetes has been made. As a result of this examination, the prediction and
determination of the disease, the complications, the genetic history of the patients, management, and treatment
processes were examined. In this study, it is seen that 85% of classification and supervised algorithms are used in
prediction regarding the machine learning process. In this study, the most preferred algorithm is the Support
Vector Machine.

The reasons for the widespread use of machine learning techniques in the field of health sciences are listed as
follows. These are:

- Estimation,
- Diagnosis and determination of post-disease complications,
- [tis determined as providing quality service to patients by saving time and workload [16].

It is seen that a patient-oriented and artificial intelligence-based patient follow-up system is recommended for
providing comfort for patients with diabetes and improving treatment processes within the health management
processes [17].

In another study investigating the opportunities of machine learning in healthcare, a model classified according to
the risk groups of patients using hospital data was proposed, and it was determined that there was an
improvement in patient follow-up and related actions [18].

In another study, it is seen that an artificial intelligence model was created that identifies high-cost and risky
patients to determine the necessary treatments and steps in the treatment of diabetes [19].

In the study of Mercaldo et al. in 2017, it was determined that the Hoeffding Tree algorithm was used to diagnose
and classify diabetes [20].

Despite the availability of advancing technology, precisely diagnosing the symptoms of any skin disease is still a
major challenge for physicians. Many people suffer from serious skin conditions that require them to go to
hospitals and undergo expensive medical examinations that take days. In this study, a method that solves skin
diseases based on image processing and data science is used. Codes prepared on MATLAB help the above problem
to a certain extent, and can also identify two different skin diseases, eczema, and skin cancer. In addition to
previous studies, it can also provide an interpretation for normal skin. The study detects a range of symptoms in
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a matter of seconds and acts as a switch. It also makes the diagnosis more intuitive and realistic. This study aims
to classify different diseases and normal conditions based on images given as input. The study uses the MATLAB
software program. Images, Dermnet and DermWeb etc. It is collected from various publicly available databases
such as First, sample images of the two skin diseases and the normal condition need to be processed. Second, the
diseased parts of the images are identified, and the corresponding mathematical operations are performed. Based
on these, the characteristics of the two types of skin diseases and normal conditions are extracted, and the
associated feature tissue parameters of these diseases and pixels of the lesion areas are collected through image
segmentation. Finally, eczema and skin cancer symptoms are defined using the multiple support vector machine
(MultiSVM) method to increase the identification accuracy and provide an interface to the physicians, and the
normal state is not neglected either. It was created with 25 of 72 images in the Multi SVM image folder. However,
the system gives consistent results when any new image is introduced that does not form the database. Clinical
data of images were also collected from public databases such as Dermnet and DermWeb. Adding the decision tree
system to the study helps the other party in the accuracy analysis part. Decision trees use the clinical data of the
images to indicate that if the image is sick, it is sick or if it is normal, it is normal. The results of image processing
and decision trees are compared with each other and in case of conflict, the system warns the system
administrator.

1.1.Description of Diases

Eczema is in the form of red, inflamed, and itchy patches that appear during the heat increase in the skin. Skin
cancer, which occurs in the form of malignant moles, can suddenly appear on normal skin without any warning, or
it can develop on a pre-existing mole. Source of vitally serious skin cancer; cells called melanocytes. Melanocytes
produce the pigment melanin, which gives our skin its color and enables us to tan. Skin cancer occurs because of
the abnormal and uncontrolled proliferation of melanocytes.

1.1.1.Eczema

The best definition for eczema is an inflammatory skin reaction to various exogenous and/or endogenous stimuli
[21].

The main manifestations and symptoms of eczema in infants are itching, rash and extensors, and in older children,
skin deformities may occur. The occurrence of symptoms depends on the type of chronic recurrent eczema and
whether there is another atopic disease in the family, and dryness is another manifestation of this disease. Facial
pallor, various allergic shines, dermatographism, conjunctivitis, cataract, and skin prick test positivity can be seen
in these people.

Clinical findings consist of a severe itchy rash that presents as red dots, scaling, and papulovesiculation. This is a
generalization, but eczema progresses step by step, depending on many of the previously mentioned
characteristics such as the patient's disease history, age, immunity, and skin type.

1.1.2.Skin Cancer

It is necessary to know the location and appearance of moles in the body well to perceive the changes in the
following processes. It is possible to confuse malignant moles with other atopic moles. Sometimes skin cancer may
be mistaken for a normal mole, but there is a possibility that that mole has been skin cancer since its inception
[22].

Other warning signs; peeling, leakage, bleeding or swelling, or blistering on the mole. In addition, there may be
changes in feeling related to me such as itching, tenderness, and pain. However, the relevant physician (usually a
dermatologist) should advise on the necessity of removing an abnormal mole or following it closely.

It is recommended to consult a doctor if the following features are observed in a mole. These features are:

- If one half of the mole is not similar to the other half (in color and/or shape),

- If the borders of the mole are irregular (indented),

- If the color of the mole is not homogeneous (two or more of the colors such as brown, black, red, gray, white is
combined or have a mottled appearance),

- If the mole is larger than 6 mm in diameter (roughly larger than the diameter of an eraser pencil).
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2.Methods
2.1.Methodology

The method to be used for this study is the iterative model, which is a part of the software development lifecycle.
The iterative model is a method of breaking down the software development lifecycle of large applications into
smaller segments [23].

In addition, the iterative method starts with a small application of the software requirements branch and includes
stages that develop until the entire system is complete. In addition, the iterative approach gives the system the
ability to make some changes and add new practical capabilities. The main idea of this approach is to develop the
system over iterative loops in smaller chunks over a period of time.

“The key to successful use of an iterative software development lifecycle is rigorous validation of requirements
and validation and testing of each version of the software with those requirements in each cycle of the model.”
[24].

As the main features of the iterative method; In the model, it can be shown that results are obtained periodically
and early, can measure progress, develop in parallel, and do not have to change requirements or scope. On the
negative side, the methodology has a few disadvantages such as having too many resources and their management.
Figure 2 below shows an example of an iterative pattern diagram.

i Analysis and
Application
Planning

Start
Planning

Operating

Evaluation Test

Figure 2. Iterative model diagram
The main stages of the iterative model in this study were determined as follows. These are:

- The stage of collecting and analyzing the requirements.

- Design phase: This phase analyzes the system requirements collected in the first phase and processes the system
design by designing the block diagram, adjusting the MATLAB software to be used in this study to identify diseases.
- Implementation phase: In this phase, the work is implemented according to the current requirements and
information, and while the system is being implemented, the work is divided into small programs called units to
facilitate the implementation in MATLAB.

- Integration and testing phase.

- System deployment: After all functional and non-functional tests of the system are completed, the product is run
with real data in the working environment.

- Care.

analyzing the
requiernments

Maintenance

OoOperating the

system Design

Integration and
testing

Application

Figure 3. Iterative model stages of this study
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Progress with iterative means that bug fixes are done continuously, so the result is more likely to be delivered on
time and in higher-order as a result.

A function as an example: f(x)=x3-x-1

If we first write the equation x=¢(x)

a<b and f(a)-f(b)<0 the points a and b found.
If f(a) is closer than 0'af(b)

then x0=a, otherwise x0=b.

x1=¢(x0)

x2=¢(x1)

x3=d(x2)

is repeated until |f(xi)-f(xi-1) |~0

In the current algorithm, the newly added image is included in the function created by MultiSVM and the aim is to
obtain results with minimum error with the iterative model. The system repeats itself every time a new image is
uploaded to the system [25].

A comparative research method has been applied to this study, which helps the original image acquisition, feature
extraction, and classification process based on MultiSVM. Previous studies discuss the use of colors and their effect
in recognizing the surface of the human skin using the RGB YCrCb-HSV technique, distinguishing changes in the
ratio of colors present on all four sides of the skin.

As the work progresses, there are clear differences in the feature extraction method part. Previous studies aimed
to identify the skin area directly, which means that the primary goal was to know the location and surface of the
skin. In recent studies, it is possible to follow the method of finding colors and extracting energy values from the
image to detect diseases. The system in this study, which we have done, has the capacity to do this. What will be
achieved in this work is to consider the extraction of multiple features, to improve the performance of the study,
and to increase the capacity of the detection system to extract color features. Unlike other studies, the skin with
eczema and skin cancer is also determined as normal skin. Unlike other studies, MultiSVM was used. In addition,
unlike other works, MultiSVM was created with only lines of code without using MATLAB GUI. This system aims
to increase the success of image classification every time the user uploads a new image.

2.2.Design and Analysis

Using the flowchart in Figure 4, the full functioning of the system can be seen.

¢

| Run Matlab |
¥

| Input image I
TF

I Image processing

i

I Feature extraction

| Feature comparison |

Matching
disease

I Disease name I

S

I Decision trees

Figure 4. System flow chart
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2.3.0peration and algorithm

The algorithm runs the system regularly with piecemeal progression logic. First, it is necessary to define RGB and
grayscale images.

A digital color image is a type of image in which each pixel contains color information. Visually acceptable. For
results, it is important to declare three color channels for each pixel, which in some color spaces are also
interpreted as coordinates. In the computer environment, RGB color space is widely used. In a color image, each
pixel has three values (or channels) that measure the chromaticity and intensity of the light. Luminance
information in the spectral band is considered as real information stored in digital image data [26].

In grayscale, the value of each pixel is a single sample. A grayscale image is different from a single-bit two-tone
black and white image. The grayscale digital image only gives density information. Also known as black and white,
this image type consists of shades of gray ranging from black to white, with white at the strongest and black at the
weakest. Grayscale images have many shades of gray, usually, grayscale images are produced by measuring the
intensity of light in each pixel of a single band of the electromagnetic spectrum and exhibit monochromatic
behavior only when a certain frequency is captured. Grayscale images can also be synthesized from a full-color
image [26].

Converting RGB to grayscale; The main reason for this process is to process the brightness information of the
image or to make an operation with the color information, for example, it can be examined whether an object is
the same color in two different images or edge detection can be performed. To do this, it is necessary to separate
the luminance information from the color information; this is mostly done using RGB to grayscale. Comparing
colors in the grayscale color space is much easier than in RGB. For this reason, programmers prefer grayscale over
RGB color space [27].

Feature extraction; means extracting features from images of processed lesion regions. The complexity of the
classification problem in the processed images can be reduced by this method. The problem area can be
distinguished from the background through certain features such as geometry and color. Feature extraction is very
important to improve the accuracy of results in biomedical image processing, it is a necessary step to improve the
quality of the processed image [28].

Image segmentation: It is defined as the process of dividing the image into several parts by converting the
representative image into an easy form to make it more meaningful and easier to analyze [29].

The segmentation steps using K-means are as follows:

Step (1): Image reading.

Step (2): Converting the image from RGB color space to L*a*b* color space: The image used contains different
colors. To distinguish these colors, it is necessary to convert the image from color space to L*a*b* space. All the
color information of the space consisting of the L luminosity layer and a* b* chromaticity layer are in a* and b*
layers.

Step (3): Classification of colors in a* b* space using the K-means clustering system. Clustering is a method of
dividing the data into a set of clusters, this is done when the data is used without defined groups, the purpose of
this algorithm is to find the groups in the data used, then the image will be divided into 3 clusters using the
euclidean distance metric.

Step (4): An array is created to store the results of the clustering, the cluster containing the ROI to be converted to
grayscale is selected, and then the GLCM is generated.

ROI: This name means "region of interest" containing a subset of samples selected from a dataset defined for a
specific purpose [30]. The concept of ROI is widely used in many application areas. A region of interest (ROI) is a
piece of the image on which filtering or other processing can be performed. More than one ROI can be identified
in a single image [31].

The Gray Level Co-occurrence Matrix (GLCM) method is a method by which second-order statistical texture
properties can be extracted. A GLCM is a matrix in which the number of gray levels in the image is equal to the
number of rows and columns. A matrix element of two pixels with relative frequency (a, b | Ac, Ad) is separated
from these pixels by a pixel distance (Ac, Ad), this matrix belonging to a certain neighborhood is formed at the
density "a" and the other has density "b" [32].
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Reading the image
Converting the image
to a*b*L space

Classifying the color in a*b*L
space using k-Means

A

Creating an array to store
clustering results

r

Selecting the cluster number of
the ROI area then converting them
into the grayscale

Calculate the affected area and
build the GLCM

Figure 5. Block diagram of image segmentation

Image
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reading to gray
form
Feature
extraction

a*b*L space with k-means

Select ROl and
generate the GLCM

Seperating
the subject
from the

background

|Classify the image in

Figure 6. General block diagram of the proposed technique

2.4.MultiSVM and feature extraction

The mathematical background of the multiclass SVM (MCSVM) problem, typically with noise: (x1,y1), ..., (xN, yN),
where xi: i = n length vectors from 1 to N and yi€ {1, ... represents the class of M} instances. The classical approach
strategy for solving MCSVM classification problems is to think of the problem as a kind of combination of binary
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classification problems. In the “One Support Vector Machine All” method, M classifiers are created, one support
machine one for each class. The Mth classifier creates a hyperplane between the m class and the remaining M - 1
class. A new test sample is assigned to the class at which the distance from the positive boundary is maximum. By
minimizing the optimization problem, it can be generalized to the following [33]:

®(W' S):%szl(WmT' Wm) +C Zivzl Zmiyi Sim/
s.t. Wy, . X)) +by; 2(Wp, " X )by +2-6,™,
g™M=20,fori=1,..,N: me{l,.. M} \{i}.
The decision boundary can be written as:

f(x)= arg max,[(wy,T.x)+b,,] form=1,.., M;

The optimization problem will be solved by finding Lagrange's saddle point. The final classifier is as follows:
F(X)= Z a; xl'T + bm

There are only N coefficients in the above equation (regardless of the number of classes, M), and the editing directly

tries to reduce the nonzero number of a. In this study, the MultiSVM Struct structure is obtained by processing the

2 disease states and normal states with the obtained features without extracting the features. The extracted

features show different properties from each other for the disease states and the normal state found in the study.

Therefore, this is very important for classification. It is necessary to examine these attributes and how they are

extracted.

When examining the properties of the gray level formation matrix, we obtain the values of contrast, correlation,
energy, and homogeneity. These values show different properties for each image [29].

Contrast: Returns a measure of the intensity contrast between a pixel and its neighbor over the entire image.
Dli- il pG))
Lj

Correlation: Returns a measure of how related a pixel is to its neighbor over the entire image.

Z (—u)( —w)p@.j)
L

O'l'O']'

Energy: Returns the sum of the squared elements in the gray level formation matrix;
> pGp?
ij

Homogeneity: Returns a value that measures the closeness of the distribution of elements in GLCM to the GLCM
diagonal.
p(.j)
= 1+1i—J|

Apart from these four features, there are different features obtained by using the RGB matrix form of the picture.
For instance:

Kurtosis: A measure of how outlier-prone a distribution is.

_E(x-w)*

a4

k

Here p is the mean of X, o is the standard deviation of x, and E(t) represents the expected value of quantity t.
Skewness: A measure of the asymmetry of the data around the sample mean.

E(x-u)3
g= —

a3

Here p is the mean of X, o is the standard deviation of x, and E(t) represents the expected value of quantity t.
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Variance: Returns the variance of the A elements along with the first array size whose size is not equal to 1.
For a random variable vector, A consisting of N scalar observations, the variance is defined as:

—_L ywN
V= s [Ai — ul?

where | is the mean of A,

1y
U=y ii=g A

Some definitions of variance use a normalization factor N instead of N, which can be specified by setting w to 1.
Smoothness: The sum of all elements of the RGB matrix is set to a value and the formula 1-(1/(1+a)) is used. For all
kinds of diseases and normal conditions, the operation where the distribution of color values in the RGB image is
different will produce different results.

RMS (Root-mean level): Root-square-mean level of a vector x;

with aggregation carried out along the specified size.
Entropy: A statistical measure of randomness that can be used to characterize the texture of the input image.
Entropy is defined as -sum(p.*log2(p)); p contains the normalized histogram numbers returned from imhist.

Standard deviation: Returns the standard deviation of A elements along with the first array size whose size is not

equal to 1.

__1 yvn 2
s=1—; N4 —ul

where p is the mean of A,
1 on
u== 2., 4;

The standard deviation is the square root of the variance. Some definitions of standard deviation use the
normalization factor N instead of N-1, which you can specify by setting w to 1.

Mean: For a random variable vector A consisting of N scalar observations, the mean is defined as:
u=% X1 4
IDM: Gets the measure of the distribution of GLCM elements to the GLCM diagonal.
2.5.Evaluation of the methods used
Image Processing and Decision Trees; The mean value of each feature in all images was calculated to examine the
extracted features and to determine which disease they correspond to. In Table 1 below, the average value was

found by moving through only 3 pictures of eczema. This shows the reader how MultiSVM is running in the
background.

Table 1. Feature Inference Results and Averages of Three Skin Infected With Eczama

A B C D E
1 | Parameters Average
2 | Contrast 0,67704 |0,43435 |0,77974 ]0,63037
3 | Correlation |0,87741 |0,88214 |0,9015 0,88701
4 | Energy 0,57749 |0,63881 |0,2442 0,56794
5 | Average 32 23 65 40
Standard
6 | Deviation 66 53 73 64
7 | Entropy 3 2 5 3,33333
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RMS 7 6 11 8
Homogenity | 0,95079 |0,96476 |0,90031 0,93
10 | Variance 3,81E+18| 2,20E+18| 4,71E+18 | 3,58E+18

11 | Smoothness | 1 1 1 1

12 | Kurtosis 2 2 0,60633 |1,33333
13 | Distortion |6 7 2 5

14 | IDM 255 255 255 255

X
Figure 7. MultiSVM's determination of planes and boundaries [32]

Figure 7 represents the operating system of MultiSVM. In the real system, there are data taken from 25 images. Three
planes have been created: Eczema, Skin Cancer, and Normal condition. Since the skin condition with the highest number
of 25 images that make up the Multi SVM is skin cancer, the blue dots symbolize the skin cancer, the pink dots symbolize
the normal state, and finally, the black dots with the least number symbolize the eczema disease. For each point, the health
status of the skin is written in the relevant matrix. MultiSVM classification (fitcecoc) is performed.

The parameters appearing in TABLE 1 are extracted again for each added image, whether or not it is out of 25 photographs
in the database, and its location in the MultiSVM plane is determined by the ‘predict ()' estimation method. As a result,
when a new image is given to the system, the system will determine how close it is to these three regions and accordingly
classify whether it is one of the diseases or normal.

There are 51 stored images for skin cancer, 11 for eczema, and 10 for normal skin. It has the advantage of having many
images. The values obtained from the images of these two diseases and normal skin in the database were compared with
the data in the 'Diseasesetyeni. mat' file.
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Figure 8. The matrices and their contents in Diseasesetyeni.m
Footnote: Skin cancer= Cilt kanseri, Eczama= Egzama

'Diseasesetyeni. mat' and its matrix and their values were created with 25 of the 72 images already in the system. However,
the system gives consistent results when any new image that does not create the database is introduced. As mentioned
before, the predict () function is used during the simulation.
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Studies are carried out to find the feature with similarities, to know the obtained similarities, and to reveal the percentages.
There is a limited amount of data on 'diseasesetyeni. mat'. However, this data set was sufficient to reveal the purpose and
results of the current study. In the future, the study can be made more detailed by increasing the data set. The data of all
images are not saved in 'Diseasesetyeni. mat'. In the study, it has been tried to prove that it gives correct results for the
newly added images. For each image entered, the values are always extracted again and compared with 'Diseasesetyeni.
mat'.

The values of skin cancer and eczema disease and normal skin are found in the matrices in the 'Diseasesetyeni. mat' file.
The database contains all the necessary information that helps the user in the search process. The process consists of
checking the values from 1 to 25 for each image and using the MultiSVM planes created from them to classify the image
with the appropriate group and achieve the required similarity ratio.

The situations processed in the background of the code are:

Image is taken from the outside and displayed inside the system. The features of the image are extracted and saved in the
workspace. The 'disease feat' and 'disease type' matrices in the 'Diseasesetyeni. mat' file is subjected to the MultiSVM
training function and the 'svmStructDisease' structure is created. It is shown in Figure 8. Finally, the predict the disease
function is performed, a match is made between the new image and the database, and the results of the predictions of the
diseases or the normal state are given.

As a result, the system will notify the other party of the disease type or normal state. If the result of the image
processing differs from the result of the decision trees, this will also be reported as an upstream message.

Table 2. Decision Tree Method

KAY |T3 |TST |TSTT |TSH | MADTSH Goriintii Isleme Karar agac
1 11319,9 |3,1 2 5,90 cilt kanseri egzama

2 105(7,3 |[1,5 1,5 (0,10 cilt kanseri cilt kanseri
3 114199 |[2,4 1,5 5,70 cilt kanseri cilt kanseri
4 106 4,2 |1,2 1,6 [1,40 cilt kanseri normal

5 112181 (1,9 3,7 12,00 cilt kanseri cilt kanseri
6 11184 (1,5 0,8 |1,20 cilt kanseri cilt kanseri
7 11571 1,3 1,3 [2,00 cilt kanseri cilt kanseri
8 109(10,4 (1,9 0,4 (0,10 cilt kanseri cilt kanseri
9 100(6,1 |2,4 1,8 3,80 cilt kanseri cilt kanseri
10 105(11,1 |2 1 1,00 cilt kanseri cilt kanseri
11 116 (11,1 |2 1,2 (2,30 cilt kanseri cilt kanseri
12 117112,2 (1,9 1,2 (3,90 cilt kanseri cilt kanseri
13 106(9,4 (1,5 0,8 |0,50 cilt kanseri cilt kanseri
14 1211(10,1 (2,4 0,8 3,00 cilt kanseri cilt kanseri
15 121(13,5(1,5 1,6 (0,50 cilt kanseri cilt kanseri
16 10910 1,3 1,8 [4,30 cilt kanseri cilt kanseri
17 118(8,1 (1,9 1,5 (13,70 cilt kanseri normal

18 115(8,1 (1,7 0,6 |2,20 cilt kanseri cilt kanseri

Footnote: Skin cancer= Cilt kanseri
Eczama= Egzama
Image processing= Goriintii isleme
Decision tree= Karar agaci

Record= Kayit
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DT1 Y11 DT1+YT1

Y12 DM2 YT24DT2
DT1+YT2 YT1+DT2 DT1+YT1+YT24DT2
Accuracy= (DT14DT2)/  (DTIYT1+YT2+DT2)
Sensivity= (DT1)/ (DT14YT2)
Selectivity= (DT2)/ (YT1+DT2)
ROCH(CittK.) ROC2(Egzama) ROC3(Normal) Sum
ACCURACY: 0916666667 0958333333 0958333333 034
SENSIVITY: 0,94 0833333333 09 0,39
SELECTIVITY:  0,863636364 0983333333 0967741935 094
OTl: 47 10 9
oT2: 19 59 60
Y11 3 1 2
Y12: 3 2 1
n n n

Figure 9. Calculation of Sensitivity, Accuracy and Selectivity

Footnote: Skin cancer= Cilt kanseri, Eczama= Egzama

Table 2 and Figure 9 show the use of the decision tree method. DT1 is the number of images in which image
processing for normal skin images yields parallel and accurate results against decision trees. DT2 is the number of
images where image processing for skin cancer and eczema skin images yields parallel and accurate results across
decision trees. YT1 is the custom of images where image processing for skin cancer and eczema skin images yields
inconsistent and incorrect results against decision trees. YT2 is the custom of images where image processing for
normal skin images gives opposite and wrong results against decision trees. Relevant clinical data used for decision
trees Sakarya Uni. Taken from the lecture notes of the Data Mining course. In addition, the code lines in the system
are the version of the Plant Disease Classification study in MathWorks File Exchange, developed with the decision
tree method. In the excel data in Table 2, only some of the clinical data of 72 images in the picture folder are shown
as representative. The health status of the skins was started to be classified by placing the limit of 5.2000 on the TST
data found in clinical data. Decision trees progress step by step. Obtaining entropy information at each stage shows
the user how well the separation progresses, and the closeness of entropy to 0 shows the opposite side that the
process steps are approaching the end. Of the values included in the classification, T3 is the result of the blood test
used when measuring the level of thyroid hormone, TST is the thyroid gland serum hormone test, TSH is the thyroid-
stimulating hormone test, TSTT is the tubing scopic threshold test, MADTSH is the absolute difference from the
thyroid-stimulating hormone test based on.

Entropy: It is mostly defined as randomness and disorder in a system and is used in many fields from statistics to
technology. Ris seen as aresource. It is assumed that this resource can generate n messages as {m1, m2, m3,..., mn}.
All messages are generated independently of each other and the probability of generating mj messages is pj.

The entropy H(R) of the R source that produces messages with probability distribution P= {p1, p2, p3,..., pn} is as
follows.

H(R)=-Y1, pi * log2(pi) or H(R)=-X1, pi * log(i)

Finally, when the classification with decision trees is completed, the sensitivity, accuracy, and selectivity analysis of
the system are performed according to the image processing by using the above formulas. It describes the results
of the comparison of simulative data and numerical data.
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3.Results

The operation of any system depends on the probability of occurrence of a particular event, this study includes a
wide range of possibilities, it is necessary to compare images of a particular disease and define the category to
which it belongs. Reference is made to studies that can compare a database of pathological images with images
from outside the database and work with several models. While working on the identification and classification of
diseases, it was observed that insufficient information was collected for the database, and the success of the
process was low when only the image processing technique was used in the process. The database is very
important and dermatology medicine needs to focus on improving the content of the database so that it is easier
to identify any disease with images stored in its system. Moreover, adding the decision tree system to the study
helps the user in the accuracy analysis part.

This problem was solved by extensive research on various websites associated with the idea of the study, and a
sufficient number of images were found in terms of the number and quality of images. A series of images have been
collected to be used directly in the database and by comparing them according to the inputs to be presented, the
desired results can be obtained. In addition, all data and images were collected from public databases.

Skin diseases seriously affect people's lives and health. This study proposes an effective approach to identifying
skin diseases. To increase the diagnostic accuracy of many types of dermatological diseases, it is necessary to
replace traditional methods and develop automated methods. In this study, two types of skin diseases were
defined, namely Eczema and Skin Cancer diseases, and it can also determine normal skin. The decision tree method
adds strength to this study and distinguishes it from other studies. The program will detect and identify
dermatological diseases. It was designed through the MATLAB program. This study will serve a large segment of
society and will solve the problems in identifying and distinguishing the types of skin diseases in humans due to
the similar effects and symptoms that humans are exposed to and will certainly contribute to the early diagnosis
and treatment of skin diseases.

The detection of skin diseases has gone through several testing stages to make more accurate image processing.
Simulations were made on two different diseases and normal conditions using the MATLAB program. This study
is very useful in increasing the understanding of programming by using MATLAB software. After relying on the
similarity rate for eczema and skin cancer diseases, the system was tested with new images. As expected, the result
of the system will be an assistant for all users, including doctors and nurses. It is used with MATLAB software
technology. The system can be used by any person, be it a professional, a programmer, or a regular person.

In the first part, the aim is to match the images to one of the selected diseases and to reach the basic principles for
estimating the similarity ratio when an image is uploaded to the system, and a training model that can always be
improved has been successfully obtained. The number of items in the database has been increased and since this
study will help many people in the hospital, the system has been designed with an easy-to-use interface to make it
much easier to use, and this section has been completed very successfully. Apart from the professionally working
GUI interface of MATLAB, uniquely written codes were used, and this helped a lot in recognizing the backside of
the process. Energy feature extraction and extraction of other features were used on images of different diseases
taken from the user and not included in the database system, but which will be compared with this particular
database.

The use of skin diseases detection methods will positively affect the field of medicine in terms of early detection
of the disease. Since the patients will not have to stay in the hospital for a long time to perform the examination
procedures, the number of patients will be improved. It also saves time for nurses and doctors, making the process
go faster, and more time is allocated for other diseases that require more than one procedure to complete the
examination. In all its aspects, the importance of developing a skin disease detection system is how to extract
features from the images, including the acquisition phase of the images, and increase the accuracy of the study,
which will make a significant difference to community users. It certainly has benefits and reduces diseases and it
is recommended that government or private organizations working in the medical field support and invest in this
method for the following reasons. These reasons:

1. Increasing number of skin diseases

2. Ability to use multiple features for higher resolution such as contrast,

3. Ability to extract entropy, correlation, and homogeneity features,

4. Purpose of using a camera that takes pictures of the patient directly in the future

5. Application of different images of a different disease,

6. Itis listed as the purpose of having the function of determining the amount and type of drug-assigned to
the patient in the future.
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