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Abstract. Due to a number of problems with online learning, the learn-
ers today are frequently disengaged. Among these problems, we find,
for example the quality of education provided through online programs
and distraction of learners in online learning, etc. So, in order to in-
crease learner engagement in the learning process, we can build e-learning
courses on a strong foundation provided by this area. With recently re-
leased papers, the major goal of this study is to give an overview that
focuses on learner engagement in higher education in e-learning. The
findings of the research studies cited in this article demonstrate the im-
portance of several elements, including gamification, digital integration,
learning management system (LMS) tools, etc. Furthermore, we try to
propose in this work an approach to improve learner engagement in on-
line learning environments.
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1 Introduction

Today, young people are often disengaged, despite the provision of certain places
of engagement; young people have always been mobilized, so we can say that
transformations are taking place in the forms of young people’s involvement. Like
previous generations of students, if global issues, such as the environment, push
students to mobilize, questions related to their identity or their environment
affect them just as much. Thus, the various organizations dedicated to their
interests allow them to grow and educate others [1].

In online learning, one of the first questions teachers have is about the qual-
ity of education provided through online programs. The most effective teachers
teach students, not technology. They recognize that the problem is not the tech-
nology per se, but rather how it is applied in course design and delivery. The
effectiveness of online learning depends on the teacher’s planning and under-
standing of students needs. If the instruction is poor, students will learn less
effectively.

Without the ability to engage face-to-face and without classmates who can
constantly remind the students of upcoming assignments, distraction is one of
the challenges of online learning. The likelihood of being distracted and losing
track of deadlines is high. Thats why online learning is not a good idea if students
tend to procrastinate and have trouble meeting deadlines. The majority of online
courses consist of endless reading followed by a long list of Multiple Choice
Questions that fail to inspire students. Many students who take online training
experience boredom with this type of course. And this lack of involvement and
dynamism is precisely one of the main reasons for the failure of online training.
Students, for example in MOOCs (Massive Open Ouline Courses), simply do not
see the point of continuing their education, do not engage on the platform, and
do not complete the course.

Low or absent student engagement is one of the major issues that arise during
the online learning process. In online learning environments, they may experi-
ence behavioral engagement, cognitive engagement, or emotional engagement
issues. It is believed that individualized metacognitive feedback support based
on learning analytics can address student engagement issues [9]. This area pro-
vides a solid foundation on which we can build e-Learning courses, increasing
learner engagement in the learning process.

There are several definitions of school engagement, as well as many meaning-
ful statements about the characteristics that this notion encompasses. In a study
conducted at the start of the high school year, [1] proposed that there are four
subtypes of engagement that need to be measured separately in order to build
a complete picture of student engagement. students: a) academic engagement
(credit accumulation, class attendance, homework completion); b) behavioral
engagement (voluntary attendance and participation in classroom activities);
¢) cognitive engagement (self-regulation, importance given to school, autonomy,
learning strategies); and d) emotional engagement (feeling of attachment, quality
of relationships with peers and teachers) [2]. And most researchers have catego-
rized engagement into three types: behavioral, cognitive, and emotional.
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In the literature, a large number of studies have examined whether computer-
assisted instruction in the form of e-learning and blended learning is better than
traditional face-to-face instruction. In online learning, blended learning is bet-
ter than traditional face-to-face teaching in terms of student learning outcomes
for example. However, comparative studies of teaching formats differ in their re-
sults, which may indicate that factors other than format alone influence learning
outcomes, student retention, etc.

In this review of the literature on learner engagement in higher education,
we present some research on learner engagement in online education in general.
Next, we review the literature on the different formats of engagement in online
teaching with traditional on-campus/face-to-face teaching and which expresses
students’ learning experiences in different online formats in Higher Education.
Finally, we present the first elements of a new approach to improve learner
engagement and we end this article with a conclusion.

2 Related works

Various studies on engagement have been carried out with elementary, secondary,
and higher education students. Some studies are carried out with university stu-
dents who have used the links between two models. The first model contains
seven types of motivation, each of them consisting of two types of extrinsic mo-
tivation ”External Motivation, Introjected External Motivation, Identified Ex-
ternal Motivation, Embedded External Motivation, and internal motivation to
knowledge, to accomplishment, to simulation, and the second model consists of
three modes of engagement behavioural, cognitive, affective of the multimodal
model of psychological engagement [3].

There are researches that have focused on behavioral indicators to improve
learner engagement, such as the number of clicks and connections, video view-
ing, and posting a question or answers on the forum in a MOOC. In the case of
online open courses, for example, a system is developed, which is called Learning
Intervention System for MOOC edX (edX-LIS) [4,5]. An indication of behav-
ioral engagement is interactions between students and their peers [6]. Clicks in
an e-learning environment can be used to gather data about how learners inter-
act with the content, such as how long they spend on a page, how many links
they click, how many enlarge buttons they click, and how many links to experts’
advice they click. The behavioral engagement of learners was enhanced because
these learning analytics data were correlated with pertinent MCQs [7].

Other researchers have studied cognitive indicators; for example, student satis-
faction is an essential indicator of student success, and it is measured for example
by a survey questionnaire. Satisfaction and engagement have a positive relation-
ship with their overall performance. As well as tutor support enhances student
experiences [6]. Also, the level of sharing, building, and creating knowledge is
an indicator of cognitive engagement [8]. The individual’s awareness and control
over learning is another metacognitive indicator of cognitive engagement through
Feedback messages for learner recommendation and guidance [9].
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Many systems support emotional engagement in collaborative learning identify
through indicators such as students’ confidence in their ability to use analytics or
their desire to use learning analytics to support their learning and their positive
opinions on the use of Learning Analytics, such as SLACK’s ”Searchable Log of
All Conversation and Knowledge” in student engagement in collaborative learn-
ing [11,12]. Another emotional indicator is students’ willingness to provide their
data for use by students. Learning Analytics varies depending on the contexts
of data use and the benefits of sharing [13, 14].

The use of Learning Analytics (LA) to boost student engagement in learning is
becoming more popular in higher education environments. Some research works
have shown that learning analytics (LA) systems have been created to influ-
ence student learning. For example, Moodle learning system (MEAP) deciphers
the complex interactions of students and provides information for the decision-
making process concerning learning and teaching, from these decisions it triggers
the sending of interventions to provide advice and feedback to students on time
[10,11].

Some research works use educational games as a tool to promote learner engage-
ment. When used in a flipped classroom, educational games can increase student
engagement, resulting in better learning outcomes, and encourage critical think-
ing. Furthermore, gamified applications, e.g., Socrative, Quizizz, and iSpring
Learn LMS, could significantly improve students’ performance and engagement
[23]. Game skills could not significantly influence the learning effect, but signif-
icantly increase students’ engagement in the game. The feature of challenging
strongly predicted the learning effect and extended learning retention [24]. Some
research works are based on the LudiMoodle project of a gamified learning envi-
ronment, the system can generate (directly involves teachers in the adaptation
process) a new game element recommendation to re-engage learners [25].

Some studies are based on quantitative data with a qualitative component to
supplement the data collected. Based on the CEG Learning Design Framework,
researchers [26]. have studied how learning analytics could help to evaluate pro-
gram delivery. This research discusses the importance of evaluating the success
of e-learning programs by analyzing learning analytics and student feedback
in the overall instructional context and program design. Quantitative research
explored student engagement with online activities that promoted low-level cog-
nitive skills (i.e., watching videos, reading materials, and listening to podcasts)
as well as high-level cognitive skills (i.e., participating in online forums and we-
binars) [26].

Other researchers use WEKA (Waikato Environment for Knowledge Analysis),
which is a toolkit used for machine learning and data mining. WEKA (Waikato
Environment for Knowledge Analysis) was used to run the K-means algorithm
to group students into different engagement level groups [27].

This literature review focused on the factors that enhance learner engagement
in online and blended learning in higher education. Studies show that blended
or online learning courses should be designed to promote consistency between
online and offline activities, and between campus-related and practice-related
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activities. Student engagement in blended or online learning methodologies is
significantly impacted by the roles and interactions between educators. Accord-
ing to research, students’ learning experiences in online or hybrid courses are
influenced by a number of different elements. According to the literature re-
view, factors that affect students’ learning outcomes and participation in higher
education are a major focus of educational research. To learn more about the
variables that are most likely to affect students’ participation in online learning,
more research is necessary.

The majority of research works cited previously are presented in table 1.



a8ed 9xoUu UO ponuUIIUO))

our[uQ)

A397e138
UOTJUSAIINU] —

“TITNLIO)

U} U0 JIomsur

ue 10 uorsonb
® JO uonerqng —
JOMOTA OdPIA —

"SeTIATIOR
Surure9| sur
-mp SYOI

Jo  SUIpI02Y —

[7] sesimoo Surmmreidord
OATJRIOQR[[0D Po[qeud SHOON
Ul SOWO02IN0 JUIUIBI] PUB U
-o8e8ue sjuepn)s Juraorduwr 10
sondeue  gurures]  Suk[ddy

Ssseo-ul

SJUOPNYS AJISIOATUT
8]T [itm odreutor}
-sonb  110de1-Jeg

[¢] syuap
-S  AJISIOATUN UL JUOWOZe3Ud
pU® UOIJBAT}OU OTUIOPEOR TOIM)
-9 SYUI[ 9} PURISIOPUN I9339q
0} Suured Surstwoid ® :juew
-o8e8ue JO [opowl [epouwjnur
® pue AIOdT[} UOI)RUIULISIOP-J[OS

S. Zerdoudi et al.

adAT,

Spoy9oIA 23 senbruyoay,

euoowy
aAIIU30)
[eIotARyR

sar10393e))

oML

16

“TOT)RONPd IOYSIY Ul JUSWOSRIUS ISTIRI] U0 d[(R) ATRUIWING :T 9[(R],




17

Study of Learner’s Engagement in Online Learning Environments

a8ed 9XoU UO ponuUIUO))

[01] woryuaa
SO A8o SJUOPNS|-Iojul pasijeuosiod pue juowoges
"o -1eI)S UOTJUOAIOIU] - X X AYSIOATU() |-US JUepN)s :B[POOJN 10 ursnyd
SorjA[eue SUIULIRS] PoOURYUD UY
(%o S [6] Surures] sur[uO
auruQ) Xl X Ul JUomagesuo syuapngs sosoxdurt
-]eI)S UOTJUOAIOIU] - AYISIOATU()
: : T uorjueAIojUI  SOTjATRUR FUTUIROT
(s1sATeUR 8]
J— SUILIEOT TRHO0S) 100 SIUOPTN)S|SUOISSNOSTP SUI[UO UI JUIWFeIUd
"0 : o: o ovM w X X AYTSIOATU () [OAT}TUS0D[RIDOS STUOPNIS UO SUOT)
VIS o 3 2 -RZI[RNSTA JIOMIOU 9911} JO 1001
JUSUIUOIIA [2] waoyyerd Surures]
: SJUOpNIS :
autu() -U0 JUTUIRd] SUI[UO X| X|  fosionmun|UOHEINPR  [EOIpOW  Buruo  uE
JO SYOI[O paImboy - # i ur sorjA[eur SUIULIRI] [OAS-YII)
aIreu
: Aorjod Surures(-o [RUOI}
- £ - [9] Aot L !
J— qoﬁmw.ww SN\MMWE SIUOPN)S|-NJIYsUl 10 suoryedriduw] :ompouwt
0o weo wqw.s.pm oo X X AYISIOATU() [QUI[UO U UI sooueuLIojled pue
[ SULID SO MIOTOFeIUS ‘UOI)ORISIJRS IOUIRST
Jjo  SupIodvy - ’ ’
[g] woryeonpo Surieourdue ut
S A30 SIUOPN)S|APNIS YOIRISOI Y {WOISAS UOTIUIA
"o -)RI)S UOIJUSAIIU] - X X AYSIoATU() -I0UTl SutuIed] ® Juisn sHOON
ur Juewodesdus Ioures] Suraoxduy
adAT, [SPOoYILIA 73 senbruyosy,| yusweIeduy | sarro03oje)) ST

a8ed snorasid wioaj penurjuod — |

o[qeL,




S. Zerdoudi et al.

18

98ed 9xou WO panuIUO))

[9T] 103008
pIeoqsPeIg — UOIpeONPd I9YSIY oY) Ul SSIN'T
papuoIg moge  smomIjul| Y| X| X fnstoatup) UTY}IM S[00} SUTUIBI-O ITM JUOUT
poInjonIys-tueg - : : -o8e8Ue I9SN Jo9peR 9er) USSP
SINT Jo sjuowepe jueirodur oy T,
uoryeI)sIsar SINT-
PP sdnoas snaog XX Ayszoatup) won@vmmmmiﬁ@ ] ﬁwop W@opm
UM SMorAIoyu - quy sul "I Popuo[d seo(d
[g1] yuow
] sjuapnis|-o8esus Jo aAradsiod o) WO
oo Adams durruQ) XX X Ayszoatuq) |:yor]S Aq pojroddns Surureo] A1)
-RIOQR[[0D Ul SOIJATRUR FUTULIROT
£

HOTIIOAIONT m@:&pw [11] @a1y00ds
- B .m@%mw e Sur sjuapnis|-1od yjed orweproR Uy :SO1)ATRUR
o . mq.wp.:.am . X X X AYISIOATU() |SUTUIRO] [[}IM JUOUIOFRIUD JUOP
[ HUP S -ngs Surproddns 10§ suorye)oodxiy

Jo  Supioooy - : :

adAT, [SPOoYILIA 73 senbruyosy,| yusweIeduy | sarro03oje)) ST

a3ed snorssad woay psnurjuod — T 9[qe],




19

Study of Learner’s Engagement in Online Learning Environments

98ed 9xou WO ponurIUO))

[0g] Sururesy papuarq
SJUOPNYS|SUISN S[RLIOJN}-O [IIM JUOWITeI
Poptold Aoams omruo Xl X %.ﬁmpw\m: Nn|-us p:@%spm Jo \A?Mw dsed Y :UOIl)
-BONPO IOYSIY Ul ADRID] [RNII(]
syuopm)s —— [6T] yuoumoges
pepuolg uoryeonpo Y3 0g| X| X| X fnstoatun) -uf] SUIUIRST 9SBAIOU] O} UOIYed
JO A9AINS 9INYRIDNT : © ot -npg ur yoeoiddy uoryeoyrurer)
S9SINOD
auruo omT, -
(oanoope [R1] ¢Iueuradesus
pepuerg pue ‘OATIUB0D 110 Xl X X toneonpe Juepnjys ojenpreidiopun ozruldo
-owoypAsd)  seore A1epU099g 5 .
T —— oM UeD MOY :FUIUIRd] Popuolg
pepus[q IO} (00}
LAUHTY ® JO 98 -
"LT10¢ PU® ¥10¢
woamiaq  poaysiqnd
stoded pue soporjre [L1] yueuwre8eSuy pue UOTIOR]ST
peomoarasI-ad  Hf SyuopnIs -1eg JULpNIG ‘W02 () SUrLIRe|
pepuorg sopnpour pue L10F £nstoatup) 07 UOIJR[oY Ul SUIUIBYT Papualg
Arenue[ ur peojonp : © Y pue Sururesr -4 SUDULNPU] SI0)
-U0D  [OILISAI Olje -0B] 9} JO MOIADY OINJRIdNIT
-)SAS JO  MOlADI
poseq-oseqeye( -
adAT, [SPOoYILIA 73 senbruyosy,| yusweIeduy | sarro03oje)) ST

a3ed snorssad woay psnurjuod — T 9[qe],




S. Zerdoudi et al.

20

o8ed 9xou UO ponuIUO))

‘PUNOJ 9OUOPIAD T}
JO  MOIAIDAO  JOLIQ
® popmoid pue [7g] woryoeystyes
Suuo spewanol  pomoradl < %l x SJUOPNIS|pUL  ‘JUOWZRSUD  ‘UOIJRAI}OUL
: -1ood Ul suolyed AYISIOATU() |JUOPNYS ‘SOUWO0DINO  JFUIULIRD] UO
-1qnd Ppojoses sowres [eUOIJRONPd JO }00J0 OJ,
“RTIONLIO uorsnpo
-UI 9} U0 poseq
SMOTAIOYUI [RUOS <
QuIu() -od pue “sfoams X X| X SHIOPIIS JIOTSSISS® @>E@EHOMMNWM@WMM
’ aareuuorysenb-ysod AYSIOATU() : :
. -N[0S UOTJROYIUIRS SATJORIDIUI UY
sozzinb oAIyRULIO
[T¢] yuow
syuopngs|-dofosop [euorssojord 03 juew
oo Adamms owuO X X %ﬁ@@\mq n -wwmmqw Lﬁo@m& wSo@ :Surures]
00 euuo {4 I0] TRIS8Iq
adAT, [SPOoYILIA 73 senbruyosy,| yusweIeduy | sarro03oje)) ST

a8ed snorasid wioaj penurjuod — |

o[qeL,




21

Study of Learner’s Engagement in Online Learning Environments

*(sorrgewr
JuomoBesuo ¢l [Lg] sueowi-y ursn Jur
auIruQ) 1O Postq S3uopiys X| X SHIOPIIS -I91ST[)) :JUOWIUOIIATS FUTUIBS]-9
I9)STD 09 WYJLIOTZ[® AYSIOATU()
uR Ul [0A9] JUSUIDSRSUS JUIPNIS
sueow-3[) SurmIRa]
ouryoR gursn)
‘usisep Teosrdosepad
peoiq s ureidord [9g] sonyATeuy
— oY)} JO 9IX93U0D O} < sjuepn)s|3urtres] pue udSo(] JurlLIes]
: Ul Yoeqpooj Juop AYISIOATU() |BUIS() :SOWIWIRISOIJ Oul[u() Ul
-nys pue sonA[eue JIowWOZR3UG JUOpN}S SUISSOSSY
Surures] Suryenyeasy
‘sorjAeur
Surure9| gursn
SUOI)RPUSUIUIOIDT
uoryejdepe  or1je)s [gg] soryATeure
Suuo rerpiur  oaoxduwr 09 < %l x SIUOPIYS|SUTUIRI] YSNOIY) UOI}00}9D JUOUL
: posn st uoryejdepe AYISIOATU() [-98R3US UO Pase( YIoMaUIRIJ UOT)
OIWRUApP U9y} ‘posn -ejdepe  uoneOYIWRs OIURUA(]
st sorgoad IowIRSY
uo  poseq  UOIIR)
-depe o13e)s TRI)IU
adAT, [SPOoYILIA 73 senbruyosy,| yusweIeduy | sarro03oje)) ST

a3ed snorssad woay psnurjuod — T 9[qe],




22 S. Zerdoudi et al.

2.1 Discussions of Related Works: Findings and Insights

In this section, we discuss the related works summarized in Table 1 through
different points: (1) Domains used (Section 2.1.1); (2) Problems and solutions
(Section 2.1.2).

2.1.1. Domains used Figure 1 shows the domains considered in this paper.
From the works reviewed, we have drawn four domains:

— Pedagogical intervention strategy (to assist learners) in human learning en-
vironments.

— Use of learning analytics through systems developed to support learner en-
gagement.

— Use of learning analytics through systems developed to support learner en-
gagement.

— Works using educational games.

Fig. 1. Domains of research reviewed.

2.1.2. Problems and solutions We have drawn the following problems from
the works reviewed and propose some solutions for some of them:

— Lack of student demographic data: This does not allow us to conduct a quali-
tative analysis of the data based on demographic parameters such as gender,
education level, and ethnicity. In addition, the topics covered in the course
were not identified. This was done to ensure the complete anonymity of the
dataset following the university’s request. In addition, the dataset did not
offer any information about the content of the assignments, the content of
the forum posts, or the course content. Therefore, only a quantitative data
analysis process is performed in an attempt to assess student engagement in
the course. Additionally, due to the structure of the LMS (Learning Man-
agement System) used for the initial collection of the event log dataset, it
was not possible to measure time spent at the course platform because the
system does not record movement from one platform to another. Therefore,
the time students spent at the platform could not be accurately measured.
Therefore, to better assess student engagement, the total time spent on the
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course as well as the average time per session should be collected and ac-
counted for. This should be integrated into the university’s LMS (Learning
Management System) to record the times when students log into the course
and when they leave. This would also allow instructors to identify unengaged
students in the early stages of the course rather than having to wait for a
later stage. Another idea to explore is the impact of the considered engage-
ment metrics on student performance. The relationship between the metrics
and the grades that students earn can be studied to better understand the
importance of each metric on overall student performance.

— Student engagement is a complex issue that also depends on factors such
as teaching experience, course design, teaching style, and course concepts.
These factors need to be further investigated in the context of student en-
gagement. In addition, some studies have mainly adopted content analysis
without statistical support, which may reduce the reliability of the results.
Hence, we plan to evaluate the total number of student clicks for each as-
sessment, course design, teaching experience, and teaching style in an open
online course, and then use collaborative filtering to recommend materials
and lectures for low-engagement students. This will help students achieve
higher scores on the final exam.

— Educational games could be used not only to impart knowledge but also to
assess knowledge acquisition. They should highlight learning analytics and
data mining techniques of educational game-based learning and try to find
solutions to solve various problems to improve the effectiveness of educational
games. The learning results, student motivation, engagement, and pleasure
in game-based learning could all be improved by designers and educators.

We have presented a literature review about learner engagement. We have ob-
served that each research has its own focus on indicators of the dimensions of
engagement. Furthermore, the majority of the studied works focus on the use
of learning analytics. Some of them use Al (artificial intelligence) techniques,
and this is explicit. But, this work aims to improve student engagement by us-
ing the traces to help students improve their engagement through automatic
recommendations.

So, from the digital traces left by the learners, we could first generate dash-
boards intended to support their self-regulation, then the possibility of dialoguing
with those learners who would be in the process of disengagement.

Research can be conducted for different courses on self-reflective (self-regulated)
learning skills to improve student engagement.

3 Proposal of an approach to improve learner engagement

In this section, we present our proposal concerning a new approach to improve
learner engagement in an online collaborative environment. This approach is
based on collaborative learning. The latter is a method of learning that involves
a group of students working together to achieve a common goal (e.g. to solve
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a problem, complete a challenge, answer a question or share knowledge). Fur-
thermore, this approach supports the positive relationship of interdependence
between students, i.e. often encourages positive interactions and collaborations,
such as The Seeing, The Voice, The Listening and The Notice through chat
rooms, discussion forums, and online conferences.

Students are challenged to increase their engagement through collaboration.
When students feel like they are heard and their ideas and thoughts are val-
ued as they study, so their motivation and engagement increase.

In e-learning platforms, learning activities can be effectively assessed through
online courses to increase learner engagement using traces.

The proposed approach illustrated in Figure 2 should meet the following goals:

1. Build a performance-based model for each learner in the learning environ-
ment.

2. Calculate the learner’s engagement using the traces available in the built
model.

3. Evaluate a set of advice/recommendations for each learner to improve their
engagement on time.

In this approach, we collect the learners traces from the learner model, which can
be updated at any activity of the learner. Then, the learner models are stored in
the ”Learner Model Database” and used by other modules. The ”Engagement
Calculation Module” calculates the engagement for each learner in order to assess
his status in real time. If disengagements are detected, it sends a message to the
”Recommendations Module”. The latter will intervene with the learner and take
appropriate action. This module provides learners with suggestions to help them
in their learning.

3.1 Behavioral Module

The behavioral module analyzes the learner’s behavioral actions such as access
actions, consultation actions, and social actions (chatting with other learners,
sharing class progress,etc.). These actions are connecting to the platform, ac-
cessing the forum, messaging, chatting, asking questions, sending or answering
a question, consulting publications posted and shared by the learner, messages
sent and answered by the learner, and consulting or downloading educational
resources. The latter refreshes on the learner’s model.

3.2 Cognitive module

The cognitive module analyzes the actions left by the learner when performing
self-assessments, e.g. the completion of the MCQ (Multiple Choice Questions),
the number of exercises performed, etc. It stores these actions in the learner’s
model.
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Traces Behavioral

management Module
system Learner

Model
D.B Cognitive
Module
. Engagement
Recommendation Calculation
Module

Module

Proposed Approach

AA

Learner

Fig. 2. General Architecture of the system adopting the proposed approach.

3.3 Traces management system

Through this module, the system analyzes these traces as Sassi and Laroussi [22]
say, "the follow-up of the learner’s training is a fundamental element of distance
learning, which proposed the analysis of the learner’s traces by a platform”.
The traces are organized with the help of a module, a program running in the
background that filters and organizes the traces according to simple principles
to complete the learner’s profile. An overview of the actor’s activity is provided
in the profile that has been developed [22]. Then, this module sends these traces
to the engagement calculation module to calculate the level of engagement.

3.4 Engagement Calculation Module

The learner consults, for example, the educational resources (video, course text,
illustrative image, etc.), thus, he participates in communication activities (Com-
munication by messaging, Communication by the forum, etc.). At this point, the
engagement calculation module begins to calculate the behavioral engagement
percentage for each learner.

For testing his acquisition of the knowledge of the courses, the learner passes
the self-assessment exercise, when he answers the questions of the exercises. At
this point, the engagement calculation module begins to calculate the percentage
of cognitive engagement for each learner for each exercise. If the percentage of
learner engagement (behavioral or cognitive) is high, then he will be considered
more engaged. Otherwise, if the learners engagement percentage is low, then he
will be considered unengaged. In the latter case, this module sends this difficulty
to the recommendation module.
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3.5 Recommendation Module

This module receives the difficulty detected by the engagement calculation mod-
ule, and therefore it displays automatic advice (recommendations) to the learner
to improve it according to the type of engagement. If the advice /recommendation
is helpful, then this module can consider it and evaluate it as a useful recommen-
dation. If it is not, this recommendation is evaluated as useless and so the next
advice/recommendation is displayed. The process continues until the difficulty
is marked as resolved.

4 Conclusion

This literature review focused on factors that enhance learner engagement in on-
line and blended learning in higher education. Thus, studies reveal that blended
or online learning courses should be designed to promote consistency between
online and offline activities, and between campus-related and practice-related
activities. Regarding the roles and relationships between educators, they have a
significant influence on student engagement in blended or online learning strate-
gies.

This literature contains works where each one has its own objective according
to the indicators of the dimensions of engagement. Therefore we want to extract
the most relevant indicators and the suggestion of new indicators in order to
measure the engagement of the learners and improve it by using learning ana-
lytics techniques to help students improve their engagement using advices and
recommendations. We can ensure that recommendation messages are sent au-
tomatically which are widely accepted and effective for the learners. Therefore,
feedback based on learning analytics should be designed, and we must identify
what should be included in the content and nature of feedback from one side,
and from the other side what learning analytics parameters should be included.
This will help to develop the idea of a student-centered analysis of learning.

References

1. Plante, Sarah-milie. ”Enjeu local, cause globale. Lengagement tudiant au sein du
Collectif de Minuit 1Universit Laval.” Francophones et citoyens du monde (2014):
231.

2. Brault-Labb, Anne, and Lise Dub. ”Engagement scolaire, bien-tre personnel et au-
todtermination chez des tudiants luniversit.” Canadian Journal of Behavioural
Science/Revue canadienne des sciences du comportement 42.2 (2010): 80.

3. Brault-Labb, A., et al. " Thorie de lautodtermination et modle multimodal dengage-
ment: un pairage prometteur pour mieux comprendre les liens entre motivation et
engagement scolaires chez des tudiants universitaires.” European Review of Applied
Psychology 68.1 (2018): 23-34.

4. Lu, Owen HT, et al. ” Applying learning analytics for improving students engage-
ment and learning outcomes in an MOOCs enabled collaborative programming
course.” Interactive Learning Environments 25.2 (2017): 220-234.



Study of Learner’s Engagement in Online Learning Environments 27

5. Cobos, Ruth, and Juan Carlos RuizGarcia. ”Improving learner engagement in
MOOCs using a learning intervention system: A research study in engineering edu-
cation.” Computer Applications in Engineering Education 29.4 (2021): 733-749.

6. Rajabalee, Yousra Banoor, and Mohammad Issack Santally. ” Learner satisfaction,
engagement and performances in an online module: Implications for institutional
e-learning policy.” Education and Information Technologies 26.3 (2021): 2623-2656.

7. Cirigliano, Matthew M., Charles D. Guthrie, and Martin V. Pusic. ”Click-level
learning analytics in an online medical education learning platform.” Teaching and
learning in medicine 32.4 (2020): 410-421.

8. Ouyang, Fan, Si Chen, and Xu Li. "Effect of three network visualizations on stu-
dents’ socialcognitive engagement in online discussions.” British Journal of Educa-
tional Technology 52.6 (2021): 2242-2262.

9. Karaoglan Yilmaz, Fatma Gizem, and Ramazan Yilmaz. ”Learning analytics inter-
vention improves students engagement in online learning.” Technology, Knowledge
and Learning 27.2 (2022): 449-460.

10. Liu, Danny Yen-Ting, et al. ” An enhanced learning analytics plugin for Moodle:
student engagement and personalised intervention.” ASCILITE 2015-Australasian
Society for Computers in Learning and Tertiary Education, Conference Proceedings.
2019.

11. Silvola, Anni, et al. ”Expectations for supporting student engagement with learn-
ing analytics: An academic path perspective.” Computers & Education 168 (2021):
104192.

12. Zhang, Xi, et al. ”Learning analytics in collaborative learning supported by Slack:
From the perspective of engagement.” Computers in Human Behavior 92 (2019):
625-633.

13. Schumacher, Clara, and Dirk Ifenthaler. ”Features students really expect from
learning analytics.” Computers in human behavior 78 (2018): 397-407.

14. Slade, Sharon, Paul Prinsloo, and Mohammad Khalil. ” Learning analytics at the
intersections of student trust, disclosure and benefit.” Proceedings of the 9th Inter-
national Conference on learning analytics & knowledge. 2019.

15. Sahni, Jolly. ”Does blended learning enhance student engagement? Evidence from
higher education.” Journal of E-learning and Higher Education 2019.2019 (2019):
1-14.

16. Zanjani, Nastaran. " The important elements of LMS design that affect user en-
gagement with e-learning tools within LMSs in the higher education sector.” Aus-
tralasian Journal of Educational Technology 33.1 (2017).

17. Nortvig, Anne-Mette, Anne Kristine Petersen, and Sren Hattesen Balle. ” A liter-
ature review of the factors influencing elearning and blended learning in relation
to learning outcome, student satisfaction and engagement.” Electronic Journal of
E-learning 16.1 (2018): pp46-55.

18. Morton, Caroline E., et al. ”Blended learning: how can we optimise undergraduate
student engagement?.” BMC medical education 16.1 (2016): 1-8.

19. Mohamad, Siti Nurul Mahfuzah, Nur Syafiatun Safwana Sazali, and Mohd Azran
Mohd Salleh. ”Gamification approach in education to increase learning engage-
ment.” International Journal of Humanities, Arts and Social Sciences 4.1 (2018):
22-32.

20. McGuinness, Claire, and Crystal Fulton. ” Digital literacy in higher education: A
case study of student engagement with e-tutorials using blended learning.” Journal
of Information Technology Education: Innovations in Practice 18 (2019): 001-028.



28 S. Zerdoudi et al.

21. Noria, G. O. U. Z. I., and M. A. Z. A. R. Yamina. ”"Le numrique au service du co
apprentissage en ligne du FLE: de lengagement personnel la formation profession-
nelle. Cas du dpartement de franais luniversit africaine-Adrar Digital Technology at
the Service of Online Co-learning of FFL: from Personal Commitment to Vocational
Training. Case of the Department of.”

22. Sassi, M. Ben, and Mona Laroussi. ” Analyse des traces dans Moodle.” Proc. Con-
frence on Environnements Informatiques pour lApprentissage Humain. 2009.

23. Zainuddin, Zamzami, et al. "The role of gamified e-quizzes on student learning
and engagement: An interactive gamification solution for a formative assessment
system.” Computers & Education 145 (2020): 103729.

24. Yu, Zhonggen, Mingle Gao, and Lifei Wang. " The effect of educational games on
learning outcomes, student motivation, engagement and satisfaction.” Journal of
Educational Computing Research 59.3 (2021): 522-546.

25. Hallifax, Stuart, et al. ”Dynamic gamification adaptation framework based on en-
gagement detection through learning analytics.” Companion Proceedings of the 11th
International Conference on Learning Analytics & Knowledge LAK21. 2021.

26. Toro-Troconis, Maria, Jesse Alexander, and Manuel Frutos-Perez. ” Assessing stu-
dent engagement in online programmes: Using learning design and learning analyt-
ics.” International Journal of Higher Education 8.6 (2019).

27. Moubayed, Abdallah, et al. ”Student engagement level in an e-learning environ-
ment: Clustering using k-means.” American Journal of Distance Education 34.2
(2020): 137-156.



