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ABSTRACT

The emergence of social media platforms is revolutionizing the distribution of information, creating a dynamic
environment where market sentiment can be conveyed quickly. Although many social media platforms exist, X
(Twitter) serves as a significant medium for people to share their feelings and thoughts easily. In fact, it is noted
that individuals' thoughts and demands shift based on interactions within this platform, leading to substantial
effects on savings and consumption behaviors. Similarly, herd behavior is observed due to these interactions.
This study is distinctive because it explores the interaction between X (Twitter) and NFT within the context of an
evolving technological landscape. Specifically, the research investigates the relationship between the sentiment
value derived from social media interactions on X (Twitter) and the sales price and sales volume of selected NFT
collections. Hacker Hatemi's (2010) causality test was employed, analyzing daily data from January 25, 2023, to
January 26, 2024. The findings reveal that the sentiment value influences the sales amount and price of NFT
collections.
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Introduction

Investing in financial markets is a complex process that requires a careful balance between risk
and reward, with decision-making playing a pivotal role in determining success. Investment
decisions are the foundation of economic prosperity and necessitate rigorous analysis and
strategic risk management. Successful investors recognise that each decision represents a
calculated move capable of influencing the trajectory of their portfolios. Originally introduced as
the foundational infrastructure for Bitcoin in 2008, blockchain technology has since transcended
its initial purpose, emerging as a transformative force across various industries. As a
decentralised, distributed ledger, blockchain ensures secure, transparent, and immutable
record-keeping. This technology continues to gain prominence as a novel investment
instrument within the digital economy. Social media increasingly influences investment
decisions in the contemporary financial landscape. Investors seeking to make informed choices
benefit from social media platforms that provide access to various market insights and
collective expertise. In recent years, social media has demonstrated a profound impact on
financial markets, with platforms such as Twitter, Reddit, and StockTwits facilitating the rapid
dissemination of information that can significantly affect stock prices and trading behaviors.
These platforms are real-time information hubs where investors share analyses, opinions, and
insights on various stocks and market trends. The availability of diverse perspectives extends
beyond traditional financial news sources, contributing to democratising investment knowledge.
This broad access to information has the potential to influence investor sentiment and,
consequently, investment decisions.
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Estimating investment instruments, such as non-fungible tokens (NFTs), is critical in the
dynamic and rapidly evolving stock market. Social media platforms have played an increasingly
significant role in shaping NFT price estimates in recent years. Investors, analysts, and financial
institutions rely heavily on accurate valuations to navigate market trends, assess risk
sensitivities, and identify emerging opportunities. Estimation models analyse historical data and
current market conditions to forecast potential fluctuations in investor sentiment. Generally,
fundamental analysts evaluate financial health by examining corporate financial statements,
earnings reports, and key economic indicators to determine a stock’s intrinsic value. This
approach aims to provide investors with data-driven insights, allowing for informed decision-
making based on a company’s fundamental strength. However, financial markets are often
subject to speculation, with investors occasionally basing decisions on unverified rumors rather
than empirical data (Baker & Wurgler, 2007, p. 129; Shiller, 2000). The inherently volatile nature
of financial markets further complicates accurate forecasting. Unanticipated events,
geopolitical tensions, and economic crises can swiftly alter market dynamics, undermining
conventional estimation models' reliability. In this context, social media, sentiment analysis, and
survey methodologies are essential for capturing market sentiment. Analysing market
sensitivity involves assessing market participants' collective opinions and emotions, which can
provide valuable insights into potential market movements. Given the significant influence of
social media on financial trends, relying solely on quantitative models for investment estimates
poses challenges. Therefore, incorporating social media data into studies on investment
estimation and consumer behavior—particularly about NFTs—can enhance analytical accuracy.
In other words, the rise of NFTs as digital assets has been accompanied by increasing discourse
on social media platforms. This study aims to establish the causal relationship between NFT
sales figures and prices and the discussions and sentiments expressed on social media. The
subsequent sections will provide an overview of NFTs and the role of social media platform X
(formerly Twitter), followed by an analysis of social media's impact on investment decisions.

Non-Fungible Tokens (NFTs)

The emergence of blockchain technology has laid the groundwork for creating irreplaceable
non-fungible tokens (NFTs), resulting in a paradigm shift in digital ownership. NFTs are primarily
utilised to identify unique crypto entities with distinct characteristics that do not substitute for
one another (Oztirk, 2022, p. 1154). This process involves several steps, including creating and
utilising immutable tokens (NFTs), selecting a blockchain, developing a smart contract, minting
tokens, and interacting with NFTs (Saygin & Hazelnut, 2021). Users incur a fee known as "GAS'
for the computational energy expended in recording and verifying transactions on the Ethereum
blockchain (Werner et al., 2020). In our daily lives, the variety of cryptocurrencies, with
transaction volumes increasing daily, has facilitated the advancement of qualified intellectual
title deeds (NFT) technology. Typically, NFTs are created according to standards on platforms
such as Ethereum, Blockchain, Binance Smart Chain, Polygon, Flow, and Tezos, which support
smart contracts. Smart contracts are computer protocols that facilitate and confirm
agreements between two or more users (Dukedom, 2021). This project, initiated by Ethereum's
developers three months after the launch of the Ethereum blockchain, was formulated from a
combination of hexagonal pieces. It paved the way for new initiatives, such as Cryptopunks,
Moncats, and Cryptokitties within blockchain technology (Valeonti, 2021, p. 4). Due to the nature
of the products sold in NFT marketplaces, specific mechanisms are vital to ensure that business
processes run smoothly. Smart contracts, self-executing transactions, and protocols determine
the ownership of the assets created on a blockchain network and facilitate the transfer of digital
assets to new owners upon sale. For Ethereum, standard ERC-721 (for unique tokens) or ERC-
1155is employed (Casale-Brunet et al., 2021). With its smart contract capabilities, the Ethereum
blockchain has emerged as the primary platform for NFT creation. Smart contracts embedded
in NFTs provide a continual source of income beyond the initial sale, allowing artists to receive
royalties automatically. A digital file constituting an NFT is transformed into a digital asset
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stored on the blockchain, and the resulting commodity can be released, purchased, sold, or
resold (Gri¢ar et al., 2023). NFTs, enabled by blockchain technology, have revealed new ways of
creating, selling, and experiencing artwork. Ethereum-based virtual platforms have facilitated
NFTs' creation, sale, and trade, enabling artists to reach a global audience directly. Although
NFTs have disrupted traditional

Visually, various works of art, digital illustrations, animations, and other digital art forms are
presented to collectors through NFTs. Artists can create NFTs by digitizing their works and
adding unique features. Original animations and digital illustrations allow art lovers to expand
their digital collections. Although artist Kevin McCoy is known for creating the first NFT on the
Namecoin blockchain in 2014, it is generally acknowledged as the first NFT (Fortnow et al,
2022). The early works and experiments with NFTs date back to 2012 when colourful coins,
known as Bitcoin 2%, were released. This currency refers to the method of representing and
managing real-world assets on a blockchain. The concept emerged as an attempt to extend the
functionality of blockchain technology beyond simple cryptocurrency transactions, utilising
users' shares, bonds, real estate, and commodities instead of cash. Though the idea of Coloured
Coins is an early initiative for encrypted digital assets, cryptocurrencies with more complex and
multifaceted standards and protocols, such as ERC-20 and ERC-721, have gained greater
popularity in society. These coloured coins, which hold equal value to a Satoshi, the smallest
unit of Bitcoin, are believed to represent a vast array of physical entities in digital form (Oduncu,
2022, p.198).

The marketplaces where NFT products are sold are built on the Ethereum network, and
OpenSea, Superrare, Rarible, Nifty Gateway, and Binance NFT Marketplace are among these
marketplaces. The products traded in the NFT market consist of Art (Art), collectibles
(Collection), Games (Games), Metaverse (Virtual Evren), Other (other), and Utility (Fortune)
(Nadini et al.,, 2021, p. 31). NFTs have made the art market more democratic by giving artists
direct access to a global audience. Platforms such as OpenSea and Rarible have encouraged
artists to exhibit and sell their work without needing an auction or gallery, encouraging
inclusiveness and diversity in the art ecosystem. In these digital marketplaces, all the processes
in which sales and purchases are included are carried out in cryptocurrencies. At the same time,
in these marketplaces, there are also options for payment with different cryptocurrencies. The
publishing of NFTs to eliminate the dependence on artists' works by removing the works of the
artists has provided the transfer and storage of digital works independently of the physical
environment. It has facilitated the access and purchasing of the broad masses of art that do not
have the opportunity to go to art galleries or auctions. NFTs, cryptographic tokens representing
the ownership of unique assets that cannot be exchanged, have gathered a wide range of
interests due to transformative potentials in various sectors, including art, games, and real
estate. The fact that NFTs cannot be divided and are unique due to design has enabled them to
be evaluated just like money by adding rarity and originality to digital assets. The future of NFTs
is closely related to the progress in the underlying blockchain technology and cryptocurrencies.
The visual diversity of NFTs opens the doors to more creativity in the art world and the
ownership of digital existence. With this system, artists or developers have gained more
freedom in designing and marketing digital works with unique visual features.

Social Media Platform X (Twitter)

Social media tools, which have become an integral part of modern communication, have
significantly affected individuals' connection, sharing information, and interaction with each
other. Social media refers to digital platforms and technologies that facilitate creating, sharing,
and exchanging information and ideas in virtual communities (Kim et al.,, 2010). These platforms
cover various services, including social network sites, microblogs, and multimedia-sharing
platforms. Social media's decisive feature is overcoming geographical boundaries and
promoting global connections and interactions. Numerous studies on social networking sites
show that it is compatible with the active user paradigm specified in mass communication
theories. In this paradigm, individuals are seen as active participants who actively shape the
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meaning of the media instead of consuming the media passively (Brown et al., 2014, p. 2).
Platforms like Twitter and Facebook allow users to share important content with large
audiences. This interactive environment contributes to the rapid rise of certain issues on the
agenda and reaches large audiences. The immediate feedback on these platforms and the likes,
comments, shares, etc., contribute to sustainable participation and interaction by creating a
dynamic environment where users are immediately satisfied. The first examples of social media
sites were Friendster and MySpace, which began in the early 2000s. Still, they became popular
with the widespread use of portable smart devices and sites like Facebook, Instagram, and
Twitter.

Twitter, introduced in 2006 and notable for its unique characteristics, is considered an important
player in the social media landscape (Dorsey et al., 2006). As a microblogging platform, Twitter
has emerged as a powerful and dynamic force that reflects and actively shapes cultural
tendencies, speech, and perceptions. On July 22, 2023, Elon Musk, the new owner of Twitter,
changed the platform's name and logo to "X" (Stokel-Walker, 2023) as part of a rebranding effort
intended to transform it into a "super app." The logo features a bold, striped design that
represents the Unicode mathematical alphanumerical symbol for the letter "X." X (formerly
Twitter), which boasts over 330 million active users worldwide, is regarded as the most popular
microblogging platform, distinguished by unique features such as "hashtags (#)" that define
topics and a "Retweet" function that is limited to 280 characters (Holotescu et al., 2014).
Microblogs are miniature blogs that enable users to send concise messages or comments to a
specific network (Larson & Moe, 2012). Consequently, Twitter is a dynamic and effective force
in shaping contemporary popular culture. It actively contributes to the evolution of social
narratives and expressions, acting as a cultural mirror, trendsetter, and amplifying voice. The
interactive role of social media tools in the agenda-setting process warrants examination as a
crucial factor in shaping social issues and public opinion.

The Effect of Social Media on Investment Decisions

The basis of the right investment decisions requires attention to several factors, such as
economic conditions, sector trends, and company finances regarding assets or sectors. This
commitment to the research allows them to determine opportunities, evaluate risks, and make
conscious decisions per their financial objectives. Each investor must develop a suitable
investment strategy as risk tolerance, financial goals, and information levels differ. Investors
often find it difficult to choose between basic and technical analysis. The basic analysis aims to
evaluate the economic situation of a company, the management team, its position in the sector,
and several of its main and other values. The analysis uses past price data and graphic models
to estimate future price movements. A strategic mixture of these approaches can provide a
multi-faceted perspective in making investment decisions. Understanding the behavioural
economy's principles is integral to making solid investment decisions. Behavioural prejudices
such as excessive confidence, avoidance of loss, and herd mentality may lead to incorrect
investment decisions. Investors who understand these psychological nuances can develop
strategies to eliminate prejudices and make decisions based on rational analysis. Previous
studies have examined the impact of social media on the pricing of financial markets according
to many factors. Some studies suggest that social media sensitivity strongly indicates stock
price movements (Bollen et al.,, 2011; Zhang et al., 2011), while others argue that such emotions
have a minimal effect (Antweiler & Frank, 2004). One way for social media to affect investment
decisions is through the ability to shape market sensitivity. Positive or negative thoughts
expressed by effective figures, market analysts, or a wider community on social media can
create a collective mood that can affect their perceptions of investors. The spread of this
sensitivity may influence decisions and lead to re-evaluating investors' positions according to
social media interpretations. Many studies in this field show a direct correlation between certain
social media measurements and financial performance indicators (Broadstock & Zhang, 2019;
GEV., 2022). The findings emphasise the importance of complex interaction between social
media participation and the economic performance of companies. While a positive correlation
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is observed, nuances such as sector-specific differences and strategic social media
management need to emerge.

Social media contributes to the financial performance of companies by improving brand
reputation and equity beyond direct financial indicators. The positive emotions created on social
media platforms can affect consumer confidence, purchasing decisions, and general market
perception. On the contrary, negative social media narratives can damage reputations with later
financial repercussions. Investors often use social media platforms for real-time updates,
discussions, and sensitivity analyses. The collective and libertarian structure of social networks
is gathering financial news, market trends, expert opinions, and manipulators together and
presenting them to investors. Therefore, understanding the subtleties between social networks
and investor sensitivity is very important for understanding the modern dynamics of financial
markets. A single tweet or ship can become viral and reach a wide audience in seconds. In the
context of investments, this news (tweet) can lead to sudden changes in stock prices due to
investors' reacting to last-minute news, rumours, or discussions on social media. Existing
research has investigated the impact of social media on brand perception, customer loyalty, and
income creation (Kaplan & Haenlein, 2010; Smith et al., 2012). However, a comprehensive and
indirect impact on financial performance measurements such as investment return (ROI), stock
prices, and profitability is still under development. In all these issues, it is seen that the role of
social media should be examined in the evaluation of the financial performance of a new
investment instrument such as NFT (Non-Fungible Token).

Data Set and Method

In general, X (Twitter) data has been used to evaluate the trends in the NFT market and to
provide alternative information on the general health and potential effects of the NFT market. In
addition to the X (Twitter) contents of the NFT collection selected within the scope of the
research, information such as followers, likes, and comments are collected through Nodexl
software, which functions as an add-on of the Microsoft Excel program. Nodex| (Node Excel) is
a free and open-source network analysis and visualisation tool designed for Microsoft Excel.
Nodex! allows users to import data from various sources such as X (Twitter), Facebook,
YouTube, and e-mail and analyze social networks. With the coding list issued for the research,
the raw data obtained from the visual files were separated from the visual files, and unnecessary
characters (#, @, *) and repetitions (tweet, retweet, likes, etc.) were extracted to prevent the
analysis. To ensure the consistency of the data set, tweets in languages other than English are
filtered during the data collection process. Retweets and Mentions were removed from the data
set to prevent the repetition of the content. After this filtering, 15052 tweets were used within
the scope of the research.

The study period includes the range of January 25, 2023-17 January 2024, and daily data were
used in the study. Within the scope of the research, Bored APE Yacht Club and the
“#Boreredapeyc” hashtag were selected as the primary search query. Launched by Yuga Labs
on April 30, 2021, Bored APE Yacht Club (BAYC) is frequently included in academic research as
a popular NFT collection of 10,000 unigue monkeys (Cho et al., 2023). As the primary source of
the study, the data from the world’s largest NFT marketplace was used to get information about
price movements, trade volume, other technical indicators, market trends, and investor
sensitivities. OpenSea, founded in 2017 by Devin Finzer and Alex Atallah, is the world's largest
NFT marketplace where digital assets such as digital art, collections, and virtual real estate are
traded (Wilson et al., 2022).

In the study, a daily collection period selected from the OpenSea platform is considered a daily
sales price (USD), total sales amount (USD), and emotion analysis as a variable. The nature of
all variables except emotion value is taken, and the graphs of the variables used in the study are
presented in Figure 1.
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Figure 1 Time path graph of variables utilised in the study.
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While the economic news on social media provides valuable information for investors and
analysts, the larger data volume and insufficient data reliability lead to misconceptions in NFT
price estimation models. Multidimensional analytical approaches are applied to understand the
effect of social media on NFT shares. Machine learning algorithms and natural language
processing techniques are used to analyse articles, comments, and shares on social media
platforms, and hashtag analysis is used to monitor popular hashtags related to natural language
processing techniques, specific NFT projects, or crypto assets. News and activities on social
media provide an important resource for examining how they affect price fluctuations and
investor behaviors in the NFT market. Emotion analysis algorithms are applied to assess the
relationship between social media activity and the price performance of a particular NFT
collection. When the current literature on the NFT art field is examined, it is seen that there are
researches to understand the market dynamics of productivity, pricing, and market size
(Dowling, 2022; Nadini et al., 2021; Tetlock, 2007; Zhang et al.,, 2011). When examining the
financial literature, several models evaluate the effects on securities. Since investor sensitivity
cannot be detected directly in these studies, it is used to determine the use of various
information sources and variables, especially social media (GU & Kurov, 2020; Sul et al., 2017,
Nyakurukwa & Seetharam, 2023; Porter, 2009). This study examines the effect of comments
and shares on social media platforms in the NFT pricing process. For this purpose, X (Twitter)
platform, known for its wide and active user base, has been selected for analysis.

Emotion Analysis refers to identifying and understanding emotional content in a text, speech,
visual content, or other types of data (Du et al., 2020; Medhat et al., 2014). This analysis aims to
evaluate whether the text contains positive, negative, or neutral emotions by identifying
emotional tones in a particular text or content. Emotion Analysis uses Natural Language
Processing (NLP), Text Analysis, and Calculation Techniques, one of the artificial intelligence
techniques to automate the emergence or classification of emotion in the face of a situation
(Agarwal et al., 2015). Beyond the text data, this analysis includes voice expressions, emoji
usage, and emotional content in pictures or videos. Various software and a set of special
dictionaries and rules that support this software are used to assess whether the words and
expressions in the text are emotional. This study used the most successful and rule-based
dictionaries for emotion analysis: Valence Aware Dictionary and Sentiment Reasoner (Vader)
(Hutto & Gilbert, 2014). In the next stage, the interaction rate of each tweet with emotion analysis
was calculated, and the emotion score and interaction rate were multiplied (Angeles Oviedo-
Garcia et al,, 2014). Thus, the emotional impact power (emotion value) of each tweet tweeted in
the network was determined.

(mentions+ likes+ retweets)/Tweets

Emotion value = x 100 (M)

Total Number of Views



ODUSOBIAD
321

In this study, the time series analysis is used due to the use of daily data to determine the
relationship between the amount of sales and sales of the collection, as mentioned above in the
NFT. In order to avoid the spurious regression problem in the time series analysis, the
level/differences in which the variables are should be determined. Unit root tests are used for
this purpose. However, economic structural shocks can be observed while researching financial
markets. For this reason, unit root tests that consider structural breakdowns in econometric
methods should be used. In this study, the unit root tests that consider the structural breaks to
determine the relationship between the variables were used from the Zivot-Andrews (ZA) Unit
Root Test. As a result of the information obtained from here, the causality test to be used
between the variables is decided. In the study, Hacker and Hatemi (2010) investigated the
relationship between the number of sales and sales of a collection in NFT and the emotional
value obtained from emotion analysis (interaction rate). We used the Hacker and Hatemi (2010)
Causality Test to determine the causal relationship between the variables. This test can be used
if the variables are stationary at different levels and do not require the assumption of normal
distribution. Due to this flexibility, it has more features than other causal tests in the literature.

Findings

In this study, it was applied to emotional analysis with a Valley dictionary and software prepared
in Python, which is sensitive to Twitter content, especially emojis. In the Vader compound score,
values smaller than -0.05 are negative for each tweet, values between -0.05 and 0.05 are neutral,
and the software positively analysed values greater than 0.05. The study's results of emotion
analysis according to months are presented in Table 1.

Table 1 Emotion Analysis Results by Months

N Mean Total Standard Deviation Min Max
January 2023 6 -33.6667 -202.00 5.95539 -44.00 -28.00
February 2023 28 -40.4286 -1132.00 31.86479 -180.00 -5.00
March 2023 31 -18.9032 -586.00 49.04172 -278.00 6.00
April 2023 30 -10.9000 -327.00 14.86804 -51.00 12.00
May 2023 31 -4.4839 -139.00 7.14083 -21.00 10.00
June 2023 30 -14.9000 -447.00 18.66095 -69.00 11.00
July 2023 31 -17.5484 -544.00 23.86188 -85.00 18.00
August 2023 31 -13.4576 -417.00 17.69150 -80.00 4.00
September 2023 30 -2.8333 -85.00 7.26391 -21.00 9.00
October 2023 31 -37.9355 -1176.00 31.49808 -110.00 4.00
November 2023 30 -33.6000 -1008.00 49.80348 -141.00 3.00
December 2023 31 -4.0323 -125.00 4.94964 -17.00 5.00
January 2024 25 -2.9600 -74.00 18.54832 -83.00 10.00

Traditional unit root tests determine whether the time series carries a unit root problem. The
expanded Dickey-Fuller Test (ADF), Phillips-Perron (PP), and KPSS tests are traditional unit root
tests. These tests are first considered in the study, and the findings obtained are given in Table
2. With these tests, the level/differences of the series are stable. The main point of econometric
analysis containing the time dimension begins by determining the level/differences that
variables are static. Although a variable is static, the problem of false regression is observed in
the estimated models. In other words, the reliability of the information obtained from the model
does not reflect the truth. For this reason, the starting point of econometric analyses with time
dimension begins with investigating the stagnation of variables. In addition, the descriptive
statistics of variables contain preliminary information in the correct selection of econometric
analysis. Therefore, in the study, the ADF, Philips-Perron, and KPSS unit root test results were
obtained from the descriptive statistics and traditional unit root tests of variables and presented
in Table 2.
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Table 2 Descriptive statistics of variables and unit root test results

SALES NUMBER SALE PRICE EMOTION VALUE

Mean 4.62 14.53 -0.35
Median 4.58 14.47 -0.32
Maximum 6.67 17.75 517
Minimum 3.25 1211 -6.14
Standard deviation 0.54 0.82 0.78
Jarque-Bera 15.28" 3.370 4428 39"
Number of Observations 365 365 365
ADF -6.00™ -3.81™ -11.05"™
Phillips-Perron -8.23™ -7.45™ -19.61™
KPSS 0.86 1.36 0.10™

Not: * The symbol states that the variables do not show normal distribution according to 1T % importance, and
**% i static at the level of the variables.

Table 2 shows that the sales price variable has the highest average and maximum value, the
number of sales variables has the lowest standard deviation, and the emotion value of the
variable has the lowest average and minimum value. According to the 1 %importance level, the
Jarque-Bera test in Table 2, where all variables except the sales price do not show normal
distribution, can be said from the test result. According to ADF and Phillips-Perron unit root tests,
all variables are stable at the level (I (0)). According to the KPSS unit root test, it was found that
all variables except emotion value (0) were not stable. These inconsistent results in traditional
unit root tests indicate the presence of structural shocks in variables. For this reason, we used
the Zivot-Andrews Unit Root Test, which took structural breaks into account in the study. Zivot-
Andrews Unit Root Test is a statistical test used to determine the presence of structural breaks
in time series. Structural breakage indicates a change or transformation at a certain point in the
time series. Zivot-Andrews Structural Breaking Unit Root Test Results are given in Table 3.

Table 3 Zivot -Andrews Unit Root Test Results

MODEL C
t statistics Break dates
SALESNUMBER -7.07" 17/08/2023
SALEPRICE -6.42 18/10/2023
EMOTION VALUE -11.44™ 05/10/2023
ANUMBEROFSALES -9.06™ 29/05/2023
ASALEPRICE -9.83™ 09/10/2023

Not: A the symbol, which states that the first difference of the variable is taken.

According to Table 3, it was concluded that the emotion value variable is stable for 1
%importance, and the sales price and custom variables are static in the first differences.
Therefore, since the emotion value is stable at different levels, such as | (0) and other variables
| (1), it is seen that there is a need to choose a causality test that takes into account this issue
in the investigation of the existence of the causal relationship between the variables that are the
focal point of the research. In this context, the causality relationship between variables was
investigated by Hacker and Hatemi-J's (2010) causal test. Hacker and Hatemi-J (2070)
developed the causality test to determine the causal relationship between two or more variables
in a particular economic or social context. In other words, it tries to determine whether the
change in a variable (independent variable) leads to a change in another variable (dependent
variable), and if it does, the direction and power of this causal relationship. In this context, the
presence of the causal relationship between variables was investigated by the Hacker and
Hatemi-J's causality test, and the related results are given in Table 4.
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Tablo 4 Hacker and Hatemi-J (2010) Causality test

Null Hypothesis Wald statistics %1 %5 %10
SALEPRICE #> EMOTIONVALUE 0.265 9.914 6.163 4.665
EMOTIONVALUE #> SALEPRICE 5.025" 9.826 6.092 4.590
SALESNUMBER #> EMOTIONVALUE 0.448 9.637 6.000 4.615
EMOTIONVALUE #> SALESNUMBER 4.982" 9.231 5.893 4.623
SALEPRICE #> SALESNUMBER 4.206 9.171 6.155 4745
SALESNUMBER #> SALEPRICE 0.128 9.333 6.020 4.590

Not: * The symbol shows the existence of causality to 10 %importance.

The information obtained from Table 4 shows that the emotional value of 10 % causes the NFT
sales price. In addition, the value of emotion at 10 % causes NFT sales. These unidirectional
findings indicate that emotional value significantly affects the sales amount and cost of the NFT
collection. However, no bidirectional causality was observed between the sales price and the
sales custom.

Conclusion and Discussion

Numerous studies have been conducted to ascertain investors’ sensitivity to requiring different
investment instruments in our evolving world. It is understood that some investors purchase
particularly profitable or fashionable products. With the growing popularity of digital art and
trading artworks in recent years, Non-Fungible Token (NFT) technology continues to garner
attention. This study explored the existence of a causal relationship between the sales price,
sales volume, and social media engagement of NFT collections, which are perceived as a new
trend beyond mere profit motives. Social media platforms have become crucial tools for
promoting and marketing NFT collections. Owners and artists actively utilise these platforms to
showcase their works and collections, capture interest, and engage potential buyers. The role
of social networks in shaping investor sensitivity has emerged as a multifaceted phenomenon
that profoundly influences investors' perceptions, decisions, and behaviours within the financial
sphere. The extensive and rapid flow of information on social networks plays a vital role in
enhancing market sensitivity. Its impact on formulating investment strategies and the evolution
of market dynamics escalates daily. As is known, social media is regarded as a valuable
information source, and individuals have demonstrated purchasing behaviours driven by this
information. Successful investment decisions necessitate a balanced assessment of various
factors, including thorough research, fundamental analysis, and risk management. Previous
studies have highlighted the influence of social media on financial markets. However, few
studies investigate the causal relationship between social media and NFT prices.

In this study, the presence of the causal bond between the sales price of a selected NFT
collection, the number of sales, and the emotion value obtained from the shares of X (Twitter)
were investigated using 25/01/2023-26/01/2024 daily data. In this study, the causal relationship
between X (Twitter) shipments and NFT prices was investigated by focusing on the impact of
social media on the cryptocurrency market. Hacker and Hatemi-J's (2010) causality test was
used to analyse this relationship, and the existence of one-way causality was observed as a
result of the study. It was found that emotional value caused both sales price and sales amount.
This finding indicates that in addition to NFT collections, which are seen as a new investment
tool, different social media interactions and the collection's price and sales are considered. It is
recommended that relevant research be developed. Thus, it is thought that the sources of price
mobility in NFT collections and abnormal prices that may occur in this field can be detected.

Sensitivity analysis of tweets can affect investors' decisions and provide information on market
sensitivity. Moreover, effective users, such as finance experts and analysts in X (Twitter), may
change NFT prices by directing market perceptions. This study reveals that X (Twitter)
shipments affect NFT prices and emphasizes the importance of social media in the
cryptocurrency market. This study also argues that monitoring social media activities can



ODUSOBIAD 324

provide information about market trends and potentially help investors make more conscious
decisions. The findings of this study show that impressive and interesting social media shares
increase the visibility of NFT collections, attract the attention of potential buyers, and increase
collection sales. Therefore, it is seen that social media strategies play an important role in the
success of NFT collections. As a result, the study's findings make inferences to investors,
policymakers, and researchers, particularly the above.
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Sosyal medya paylagimlari ile NFT koleksiyonlarinin fiyati ve
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Ugur Bakan' 2, Ozge Korkmaz?¥, Ufuk Bakan'

T]zmi(.Kétip Celebi Universitesi, Sanat ve Tasarim Fakiiltesi, Gorsel iletisim Tasarimi Béliimii, izmir, Tiirkiye; 2Malatya Turgut
Ozal Universitesi Sosyal ve Beseri Bilimler Fakiiltesi, Yonetim Bilisim Sistemleri Boliimi, Malatya, Tiirkiye.

OZET

Sosyal medya platformlarinin ortaya ¢ikisi, bilgi dagitiminda devrim yaratarak piyasa duygularinin hizla
aktarilabileceg@i dinamik bir ortam yaratmaktadir. Birgok sosyal medya platformu olmasina ragmen, insanlarin
duygu ve disiincelerini rahatca paylastiklari dnemli bir mecra olarak X (Twitter) goriilmektedir. Oyle ki, bu
mecradaki etkilesime gore insanlarin diglincelerinin ve taleplerinin degistigi, tasarruf ve tliketim davraniglarinda
anlamli etkilere yol actigI gorilmektedir. Benzer sekilde bu mecradaki etkilesim neticesinde, stirli davranislari
gozlenmektedir. Degisen ve gelisen diinyada teknolojik unsurlarin dikkate alinmasi gergegi neticesinde, bu
calisma X (Twitter) ve NFT etkilesimini incelemesi yonlyle 6zgin bir nitelik tasimaktadir. Bu baglamda
calismada, X (Twitter)'deki sosyal medya etkilesimlerinden elde edilen duygu degeri ile segilmis NFT
koleksiyonlarinin satis fiyati ve satis miktari arasindaki iliski incelenmektedir. Calismada Hacker Hatemi (2010)
nedensellik testinden yararlanilmis ve 25/01/2023-26/01/2024 donemi gunluk verileri ile ¢calisiimistir. Calisma
sonucunda duygu degderinin NFT koleksiyonunun satis miktarina ve satis fiyatina neden oldugu saptanmistir.

ANAHTAR KELIMELER

NFT, Sosyal medya, (X) Twitter, Duygu analizi, Hacker-Hatemi nedensellik testi.
Girig

Finansal piyasalara yatirim yapma davranisl, karar vermenin basariyi belirlemede énemli bir rol
oynadigi risk ve odul arasindaki karmasik bir strectir. Yatinm kararlar finansal basarinin can
damaridir ve hassas bir analiz ve risk yonetimi dengesi gerektirir. Basarili yatinmcilar her kararin
portfoylerinin gidisatini sekillendirebilecek stratejik bir hareket oldugunun bilincindedir. 2008
yilinda Bitcoin'in temel altyapisi olarak tasarlanan Blockchain teknolojisi, ilk uygulamasini asarak
cesitli endustrilerde donusturtcu bir guc haline gelmistir. Blockchain 6zinde guvenli, seffaf ve
degismez kayit tutmayi saglayan merkezi olmayan, dagitilmis bir defteri temsil etmektedir. Bu
varlik her gegen gun cesitlenerek dijitallesen dinyanda yeni bir yatinm araci olarak onemini
surdurmektedir.

Sosyal medyanin yatinm kararlarini sekillendirmedeki roli glnidmuzin dinamik finansal
ortaminda giderek daha onemli hale gelmektedir. Surekli olarak bilin¢li karar almak isteyen
yatinmcilar, diger piyasa katiimcilarinin zengin bilgi ve goruslerine erismek icin sosyal medya
araclarindan yararlanmaktadir. Son yillarda sosyal medyanin finansal piyasalari sekillendiren bir
guc oldugu gozlenmektedir. Bilginin Twitter, Reddit ve StockTwits gibi platformlarda
yayllmasinin anlik ve yaygin yapisi, hisse senedi fiyatlarini ve alim satim davraniglarini dnemli
Olclde etkileme potansiyeline sahiptir. Twitter, Reddit gibi sosyal medya platformlari ve finansal
forumlar, yatinmcilarin ¢esitli hisse senetleri ve piyasa trendleri hakkindaki i¢gorulerini,
analizlerini ve goruslerini paylastigi gercek zamanli bilgi merkezleri olarak hizmet vermektedir.
Cesitli perspektiflerin erisilebilirligi, yatirimcilarin geleneksel finansal haber kaynaklarinin
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Otesinde bilgi toplamasina olanak tanir. Bilginin demokratiklesmesi, yatirnmci duyarliigini ve
dolayisiyla yatinnm kararlarini etkileme potansiyeline sahiptir.

NFT gibi yatirim araglarinda tahmin, borsanin dinamik ve strekli gelisen diinyasinda ¢ok onemli
bir rol oynamaktadir. Son yillarda NFT fiyat tahminlerinin sekillenmesinde sosyal medya
sitelerinin rolt 6nem kazanmaya baslamistir. Yatirimcilar, analistler ve finansal kurumlar yatirm
faaliyetleri buyuk olcide dogru tahminlere dayanmaktadir. Piyasa egilimlerini ve duyarlhgini
anlamak, ortaya ¢ikan firsatlardan yararlanmak isteyen yatinrmcilar igin gok onemli bir kaynak
olusturmaktadir. Tahmin modelleri, duyarliliktaki potansiyel degisimleri tahmin etmek icin
gecmis verileri ve mevcut piyasa kosullarini analiz edilmektedir. Genellikle temel analistler,
sirketlerin mali tablolarini, kazang raporlarini ve ekonomik gostergelerini inceleyerek mali
sagligina odaklanmaktadir. Bu yontem, bir hisse senedinin gergek degerini degerlendirmeyi ve
yatinmcilarin sirketin temel esaslarina gore karar vermelerine yardimci olmayl amaclamaktadir.
Finansal piyasalarda bazen yatinmcilar verilerin disinda rasyonel olmayan soylentilere gore bazi
kararlar alabilmektedir (Baker ve Wurgler 2007, s. 129; Shiller, 2000). Finansal piyasalar dogasi
geregdi degisken yapisi yatinmcilarin tahmin yapmalarini zorlastirmaktadir. Beklenmedik olaylar,
jeopolitik gerilimler veya ekonomik krizler piyasa dinamiklerini hizla degistirerek tahminlerin
guvenilirligini azaltabilmektedir. Bu noktada sosyal medya, haber duyarliligi analizi ve anketler
piyasanin genel ruh halini degerlendirmek icin kullanilan arag gorevi Ustlenmektedir. Piyasa
duyarliigini analiz etmek, piyasa katilimcilarinin duygularini ve goruaslerini dlgmeyi icermektedir.
Sosyal medya araclari piyasa hareketlerinde rol oynamakta ve tahmin igin yalnizca niceliksel
modellere glivenmeyi zorlastirmaktadir. Bu sebeple, NFT alaninda yatirim tahminleri veya
tuketici davranisini etkileyen faktorleri inceleyen arastirmalarda sosyal medyanin da goz ontinde
bulundurulmasi gerekmektedir. Bir diger ifadeyle, NFT'lerin dijital varlik olarak ylkselisine sosyal
medya konusmalarindaki artis eslik etmektedir. Bu baglamda, sosyal medya tartismalarinin ve
duyarhlklarinin NFT koleksiyonlarin satis miktari ve fiyati arasindaki nedenselligin varligini ortaya
koymak bu c¢alismanin odak noktasidir. Calismanin bundan sonraki kisminda NFT ve sosyal
medya platformu X (Twittter) hakkinda bilgiler sunulacak, ardindan sosyal medyanin yatirim
kararlari Uzerine etkisine deginilecektir.

Nonfungible Tokens (NFTs)

Blokzincir (Blockchain) teknolojisinin ortaya c¢ikisi, takasi mimkin olmayan tokenlarin (jeton,
bozuk para) yaratiimasinin temelini atmis ve dijital mulkiyet kavraminda bir paradigma
degisikligi yaratmistir. Nonfungible Tokens (NFTs) daha gok bireysel 6zellikleri ile 6n plana gikan
ve biri digerinin yerine ge¢gmeyen, esi olmayan/biricik kripto varliklar tanimlamak amaciyla
kullaniimaktadir (Oztiirk, 2022, s. 1154). Degistirilemez Tokenlarin (NFT'ler) olusturulmasi ve
kullaniimasi, bir blok zincirinin secgilmesi, akilli sdzlesmenin olusturulmasi, tokenlarin basiimasi
ve NFT'lerle etkilesime gecilmesi dahil olmak Uzere birkac¢ adimi igermektedir (Saygin ve Findikli
20217). Ethereum blok zincirindeki islemlerin kaydedilmesi ve dogrulanmasinda kullanilan bilgi
islem enerjisi icin “Gas” adi verilen bir Gcret kullanicilardan tahsil edilmektedir (Werner vd., 2020).
Gunltk yasantimizda islem hacminin her gegen gun buyudugu farkli kripto para birimleri, Nitelikli
Fikri Tapu (NFT) teknolojisinin gelisimini saglamistir. NFT'ler genellikle akilli sozlesmelerini
destekleyen Ethereum, Blockchain, Binance Smart Chain, Polygon, Flow ve Tezos gibi
platformlarinda standartlara uygun olarak olusturulmaktadir. Akilli sozlesmeler, iki veya daha
fazla kullanici arasinda bir sozlesmenin yurittlmesini kolaylastiran ve dogrulayan bir bilgisayar
protokolind tanimlamak amaciyla kullanilmaktadir (Dukedom, 2021). Ethereum blok zincirinin
ortaya ¢cilkmasindan 3 ay sonra Ethereum’un gelistiricileri tarafindan baslatilan projede kara ve
okyanuslar altigen pargalarin bir araya gelmesiyle sekillenmistir. Bu proje blok zincir
teknolojisinde CryptoPunks, Mooncats ve CryptoKitties gibi yeni projelerin, ERC-721 ve ERC-
1155 gibi standartlarin veya terimlerin ortaya cikmasina zemin hazirlamistir (Valeonti, 2021, s.4).
NFT pazar alanlarinda satilan Grdnlerin dijital olmasindan oturu buradaki is streclerinin saglikli
bir sekilde yuritebilmesi icin belli mekanizmalara ihtiyac dogmustur. islemleri kendi kendine
yuruten ve protokoller olan akilli s6zlesmeler, bir blok zinciri agi Uzerinde yaratilan varligin
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sahibini belirlemekte bir satis gerceklestiginde dijital varliklari yeni sahiplere devredebilmesine
imkan saglamaktadir. Ethereum icin en yaygin olarak standart ERC-721 (benzersiz tokenlar igin)
veya ERC-1155 kullaniimaktadir (Casale-Brunet vd., 2021). Akilli sozlesme yetenekleriyle
Ethereum blok zinciri, NFT olusturma igin birincil platform olarak ortaya c¢ikmistir. NFT'lere
yerlestirilmis akilli sozlesmeler, sanatcilarin telif Geretlerini otomatik olarak almasini saglayarak
ilk satisin otesinde surekli bir gelir kaynagi saglamaktadir. NFT olusturmak igin dijital bir dosya,
blok zincirinde depolanan dijital bir varliga donustiridlmekte ve ortaya ¢cikan emtia piyasaya
surilmekte, satin alinabilmekte, satiimakta veya yeniden satilabilmektedir (Gri¢ar vd., 2023).
Blockchain teknolojisinin - mumkin kildigi NFT'ler sanat eseri yaratmanin, satmanin ve
deneyimlemenin yeni yollarini ortaya ¢ikarmistir. Ethereum tabanli sanal platformlar, NFTlerin
olusturulmasini, satisini ve ticaretini kolaylastirarak sanatgilara kiresel bir izleyici kitlesine
dogrudan erisim olanagr sunmustur. NFT'ler, geleneksel modelleri bozarak, sanatcilar ve
koleksiyoncular igin yeni firsatlar sunarken, enerji tuketimi, telif ihlali ve etik gibi dikkatle
degerlendiriimesi gereken bircok zorlugu da ortaya cikarmistir.

Gorsel olarak gesitli sanat eserleri, dijital illistrasyonlar, animasyonlar ve diger dijital sanat
formlari NFT'ler araciligiyla koleksiyonculara sunulmaktadir. Sanatgilar, eserlerini dijital olarak
isleyerek ve benzersiz 6zellikler ekleyerek NFT'ler olusturabilmektedir. Ozgiin animasyonlar ve
dijital illustrasyonlar, sanat severlerin dijital koleksiyonlarini genisletmelerine olanak
tanimaktadir. Sanatgi Kevin McCoy tarafindan 2014 yilinda Namecoin blok zincirinde yaratilan,
“Quantum” adli sanat eseri genellikle ilk NFT olarak bilinmesine ragmen, teknik acidan ilk NFT
olarak kabul edilmemektedir (Fortnow vd., 2022). NFT'de ilk dretilen galismalar ve deneyler
Bitcoin 2X olarak da bilinen renkli coinlerin piyasaya suruldigu 2012 yilina kadar uzanmaktadir.
Bu paralar, gergek dunya varliklarini bir Blockchain tzerinde temsil etme ve yonetme yontemini
ifade etmektedir. Konsept, Blockchain teknolojisinin islevselligini basit kripto para birimi
islemlerinin Otesine genisletme girisimi olarak ortaya ¢ikmis ve kullanicilarin hisse senetleri,
tahviller, emlak ve emtialar gibi varliklarin alim-satiminda para yerine kullaniimistir. Renkli paralar
(Colored Coins) kavrami sifrelenmis dijital varliklara yonelik erken bir girisim olsa da ERC-20 ve
ERC-721 gibi daha karmaslk ve ¢ok yonlu standartlar ve protokollere sahip kripto para birimleri
toplum tarafindan kabul gorerek daha fazla populerlik kazanmistir. Bitcoin'in en kiigik degerdeki
birimi olan Satoshi ile es bir dedere sahip olan bu renkli coinler, ¢ok gesitli fiziksel varliklarin
dijitaldeki temsili olarak varsayilmaktadir (Oduncu, 2022, s.198).

NFT Urdnlerinin satildii pazar yerleri Ethereum agi Uzerine insa edilirken bu pazar yerleri
arasinda OpenSea, SuperRare, Rarible, Nifty Gateway, Binance NFT Marketplace on planda yer
almaktadir. NFT pazarinda islem goren Urilnler, koleksiyonlara gore art (sanat), collectible
(koleksiyonluk), games (oyunlar), metaverse (sanal evren), other (diger) ve utility (fayda)'den
olusmaktadir (Nadini vd., 2021, s. 31). NFT'ler, sanatgilara kiresel bir izleyici kitlesine dogrudan
erisim saglayarak sanat piyasasini daha demokratik bir hale getirmistir. OpenSea ve Rarible gibi
platformlar, sanatcilarin calismalarini mUizayede ya da galeriye ihtiyagc duymadan
sergilemelerine ve satmalarina olanak taniyarak sanat ekosisteminde kapsayiciligi ve ¢esitliligi
tesvik etmistir. Bu dijital pazar yerlerinde satis ve alis islemlerinin igerisinde yer aldigi tim
sUrecler kripto paralar Uzerinden gerceklesirken bu pazar yerlerinde, farkli kripto para birimleriyle
O0deme secenekleri de bulunmaktadir. NFT'ler bunlara uygun pazarlarin yayinlasmasi
sanatcilann eserlerini sergiledigi mekanlara bagimlig ortadan kaldirarak fiziksel ortamdan
bagimsiz olarak dijital eserlerin transferini ve depolamasini saglamistir. Sanat galerilerine ya da
muzayedelere gitme imkani olmayan genis Kkitlelerin sanat eserlerine ulasmasini ve satin
almasini kolaylastirmistir. Degis tokus edilemeyen benzersiz varliklarin sahipligini temsil eden
kriptografik tokenler olan NFT'ler, sanat, oyun ve emlak dahil olmak Uzere cesitli sektorlerdeki
donusturtcu potansiyelleri nedeniyle genis capta ilgi toplamistir. NFT'lerin tasarm geregi
bolinemez ve benzersiz olusu dijital varliklara nadirlik ve 6zgunluk katarak tipki para gibi
degerlendiriimelerini saglamistir. NFT'lerin geleceginin ne olacagi sorusu bu teknolojinin altinda
yatan blok zinciri teknolojisi ve kripto para birimlerinde yasanan ilerlemelerle yakin iliskili bir
durum olarak kabul edilmektedir. NFT'lerin gorsel cesitliligi, sanat dinyasinda ve dijital varlik
sahipliginde daha fazla yaraticiigin kapilarini agmaktadir. Bu sistemle sanatcilar veya
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gelistiriciler, benzersiz gorsel ozelliklerle dijital eserlerini tasarlamak ve pazarlamak konusunda
daha fazla 6zgurlige kavusmustur.

Sosyal Medya Platformu X (Twitter)

Modern iletisimin ayrilmaz bir parcasi haline gelen sosyal medya araglari bireylerin baglanti
kurma, bilgi paylasma ve birbirleriyle etkilesim kurma seklini onemli dlgtde etkilemistir. Sosyal
medya, sanal topluluklarda bilgi ve fikirlerin olusturulmasini, paylasilmasini ve aligverisini
kolaylastiran dijital platformlari ve teknolojileri ifade etmektedir (Kim vd., 2010). Bu platformlar,
sosyal ag siteleri, mikroblog platformlari ve multimedya paylasim platformlari dahil olmak tzere
cok gesitli hizmetleri kapsamaktadir. Sosyal medyanin belirleyici 6zelligi, cografi sinirlari asma,
kuresel baglantilari ve etkilesimleri tesvik etme yeteneginde yatmaktadir. Sosyal ag siteleriyle ile
ilgili cok sayida calisma, kitle iletisim teorilerinde belirtilen aktif kullanici paradigmasiyla uyumlu
oldugunu gostermektedir. Bu paradigmada bireyler, medyayi pasif bir sekilde tiketmek yerine,
medyanin anlamini aktif olarak sekillendiren aktif katilimcilar olarak gorilmektedir (Brown vd.,
2014, s. 2). Twitter ve Facebook gibi platformlar, kullanicilarin Gnemli bulduklari igerikleri aninda
paylasmalarina ve bu icerikleri genis kitlelere iletmelerine olanak tanimaktadir. Bu etkilesimli
ortam, belirli konularin hizla gindemde ytkselmesine ve genis kitlelere ulasmasina katkida
bulunmaktadir. Bu platformlardaki geri bildirimlerin, begdenilerin, yorumlarin ve paylasimlarin
aninda gergeklesmesi, kullanicilarin aninda memnuniyet aldigi dinamik bir ortam yaratarak
surdurulebilir katiima ve etkilesime katkida bulunmaktadir. Sosyal medya sitelerinin ilk ornekleri
20000 yillarin basinda sunulan Friendster ve MySpace oldugu kabul edilsede Facebook,
Instagram ve Twitter gibi sitelerin yani sira tasinabilir akilli cihazlarin yayginlasmasiyla birlikte
populer hale gelmistir. 2006 yilinda kullanima sunulan ve kendine 6zgu ozellikleri bulunan
Twitter, sosyal medya diinyasinda 6nemli bir aktor olarak kabul edilmektedir (Dorsey vd., 2006).
Bir mikroblog platformu olarak Twitter, kilttrel egilimleri, konusmalari ve algilari yalnizca
yansitan degil ayni zamanda aktif olarak sekillendiren gicli ve dinamik bir glc olarak ortaya
cikmistir. 22 Temmuz 2023 tarihinde Twitter'n yeni sahibi Elon Musk tarafindan “stper
uygulama” olarak yeniden markalastirmak amaciyla Twitter ismini ve logosunu “X" olarak
degistirmistir (Stokel-Walker, 2023). Logo, “X” harfinin Unicode matematiksel alfa sayisal
sembolinu temsili olarak kalin ¢ift ¢izgili bir tarzda tasarlanmistir. Dinya capinda aylik 330
milyondan fazla aktif kullanicisi olan X (Twitter), 280 karakterle sinirll “Tweet” ve “Retweets”
olarak bilinen mesajlarin yani sira konularin tanimlandidi “Hashtags (#)” gibi benzersiz 6zelliklere
sahip en poptler mikroblog platformu olarak gortlmektedir (Holotescu vd., 2014). Mikrobloglar,
daha klcuk mesajlarin veya yorumlarin belirli bir aga gonderilmesine olanak taniyan mini bloglar
olarak tanimlanmaktadir (Larsson ve Moe, 2012). Sonug olarak Twitter, cagdas popdler kiltirin
sekillenmesinde dinamik ve etkili bir gli¢ olarak karsimiza ¢ikmaktadir. Twitter, kdlturel bir ayna,
trend belirleyici ve seslerin yukselticisi roltyle toplumsal anlatilarin ve ifadelerin siregelen
evrimine aktif olarak katkida bulunmaktadir. Sosyal medya araclarinin gindem belirleme
surecindeki etkilesimli rolt, toplumsal konularin sekillenmesinde ve kamuoyu olusturmada
onemli bir faktor olarak incelenmesi gerekmektedir.

Sosyal Medyanin Yatinm Kararlarina Etkisi

Dogru yatinm kararlarinin temeli ilgilenilen varlik veya sektor hakkinda ekonomik kosullar, sektor
trendleri, sirket finansallari gibi bir dizi faktore dikkat etmeyi ve analiz yapmayi gerektirir.
Arastirmaya olan bu bagllik, firsatlari belirlemelerine, riskleri degerlendirmelerine ve finansal
hedefleriyle uyumlu bilingli kararlar almalarina olanak tanimaktadir. Her yatirmcinin risk
toleransi, finansal hedefleri ve bilgi seviyesi farkli oldugundan kisisel duruma uygun bir yatirm
stratejisi gelistirmesi gerekmektedir. Yatirimcilar siklikla temel ve teknik analiz arasinda secim
yapmakta zorlanmaktadir. Temel analiz, bir sirketin mali durumunu, yonetim ekibini ve
sektordeki  konumunu de@erlendirmeyi ve sirketin asil dederini ortaya c¢ikarmayi
amaclamaktadir. Ote yandan teknik analiz, gelecekteki fiyat hareketlerini tahmin etmek icin
gecmis fiyat verilerine ve grafik modellerine dayanmaktadir. Bu yaklasimlarin stratejik bir
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karisimi, yatinm kararlarinin  alinmasinda ¢ok yonli bir perspektif saglayabilmektedir.
Davranissal ekonominin ilkelerini anlamak, saglam yatirim kararlari almanin ayrilmaz bir parcasi
olarak gorulmektedir. Asiri gliven, kayiptan kacinma iggudusu ve sUru zihniyeti gibi davranissal
onyargilar hatali yatinm kararlarinin alinmasina yol acabilmektedir. Bu psikolojik ntanslari
kavrayan yatinmcilar, onyargilari ortadan kaldiracak stratejiler gelistirebilir ve rasyonel analize
dayall kararlar alabilmektedir. Onceki arastirmalar, sosyal medyanin finansal piyasalarin
fiyatlamasi Uzerindeki etkisini incelemis bircok faktore gore ele almistir. Bazi calismalar, sosyal
medya duyarliliginin hisse senedi fiyat hareketlerinin guclu bir gostergesi oldugunu 6ne surerken
(Bollen vd., 2011; Zhang vd., 2011), digerleri ise bu tir duygularin minimum etkiye sahip
oldugunu ileri sirmektedir (Antweiler ve Frank, 2004). Sosyal medyanin yatirim kararlarini
etkilemesinin bir yolu da piyasa duyarliigini sekillendirme yetenegidir. Etkili figUrler, piyasa
analistleri veya sosyal medyada daha genis bir topluluk tarafindan ifade edilen olumlu veya
olumsuz duslnceler, yatirrmci algilarini etkileyebilecek kolektif bir ruh hali yaratabilmektedir. Bu
duyarlih@in yayilmasi kararlari etkileyebilir ve yatinmcilarin sosyal medya yorumlarina gore
konumlarini yeniden degerlendirmesine yol agabilmektedir. Bu alanda yapilan bir¢cok ¢alismada,
belirli sosyal medya olgimleri ile finansal performans gostergeleri arasinda dogrudan bir
korelasyon oldugunu gostermektedir (Broadstock ve Zhang 2019; Ge vd. 2020; Gomez-
Carrasco ve Michelon, 2017; Hailiang Chen vd., 2011; Lazzini vd., 2022). Bulgular, sosyal medya
katihmi ile sirketlerin finansal performansi arasindaki karmasik etkilesimin  6nemini
vurgulamaktadir. Pozitif bir korelasyon gozlenirken sektore ozel farkliliklar ve stratejik sosyal
medya yonetimi ihtiyaci gibi ntanslar ortaya ¢ikmaktadir.

Sosyal medya, dogrudan finansal gostergelerin Otesinde, marka itibarini ve ozsermayeyi
gelistirerek sirketlerin - finansal performansina katkida bulunmaktadir. Sosyal medya
platformlarinda olusturulan olumlu duygu, tiketici glivenini etkileyerek satin alma kararlarini ve
genel pazar algisini etkileyebilmektedir. Tersine, olumsuz sosyal medya anlatilari, daha sonraki
mali yansimalariyla birlikte itibarin zedelenmesine yol acabilmektedir. Yatirimcilar gercek
zamanli guncellemeler, tartismalar ve duyarliik analizleri icin siklikla sosyal medya
platformlarindan yararlanmaktadir. Sosyal aglarin kolektif ve 6zgurlik¢l yapisi finansal
haberleri, piyasa egilimleri, uzman gorusleri ve manipulatorleri bir araya toplayarak yatirimciya
sunmaktadir. Bu yuzden sosyal aglar ile yatirimci duyarlihgr arasindaki incelikli etkilesimi
anlamak, finansal piyasalarin modern dinamiklerini anlamak igin gok onemlidir. Tek bir tweet
veya gonderi viral hale gelerek saniyeler icinde genis bir yatirmc kitlesine ulasabilmektedir.
Yatirimlar baglaminda bu haber (tweet), yatirrmcilarin sosyal medyadaki son dakika haberlerine,
soylentilere veya tartismalara tepki vermesi nedeniyle hisse senedi fiyatlarinda ani degisimlere
yol agabilmektedir. Mevcut arastirmalar sosyal medyanin marka algisi, musteri sadakati ve gelir
yaratma Uzerindeki etkisini arastirmistir (Kaplan ve Haenlein, 2010; Smith vd., 2012). Ancak
yatinm getirisi (ROI), hisse senedi fiyatlari ve karlilik gibi finansal performans olgimleri
dzerindeki dogrudan ve dolayli etkilere iliskin kapsamli bir anlayis hala gelisme asamasindadir.
TUm bu hususlar 6zelinde, NFT (Non-Fungible Token) gibi yeni bir yatirm aracinin finansal
performansinin  degerlendirilmesinde sosyal medyanin rolinin incelenmesi gerektigi
gorulmektedir.

Veri Seti ve Yontem

Genel olarak NFT piyasasindaki trendleri de@erlendirmek, NFT piyasasinin genel saglgr ve
potansiyel etkileri konusunda alternatif bir bilgi sadlayabilmek igin X (Twitter) verileri
kullanilmistir. Arastirma kapsaminda secilen NFT koleksiyonuna ait X (Twitter) iceriklerinin yani
sira takipgi, begeni, yorum gibi bilgiler Microsoft Excel programinin bir eklentisi olarak islev goren
NodeXL yazilimi yoluyla toplanmistir. NodeXL (Node Excel), Microsoft Excel igin tasarlanmis
dcretsiz ve acik kaynakli bir ag analizi ve gorsellestirme araci olarak kullaniimaktadir. NodeXL,
kullanicilarin X (Twitter), Facebook, YouTube ve e-posta gibi cesitli kaynaklardan veri ige
aktarmasina ve sosyal aglari analiz etmesine olanak tanimaktadir. Arastirmanin amacina yonelik
dizenlenen kodlama listesi ile elde edilen ham veriler gorsel dosyalardan ayrilarak Microsoft
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Excel ile gereksiz karakterler (#, @, *) ve tekrarlar (tweet, retweet, bedeni vb.) analizi
etkilememesi icin cikarilimistir. Veri setinin tutarliigini saglamak amaclyla, veri toplama
surecinde ingilizce disindaki dillerdeki tweetler filtrelenmistir. icerigin tekrarlanmasini onlemek
icin retweet ve mention’lar veri kimesinden c¢ikariimistir. Bu filtreleme sonrasinda 15052 tweet
arastirma kapsaminda kullaniimistir.

Arastirmanin zaman periyodu 25 Ocak 2023- 25 Ocak 2024 araligini kapsamaktadir ve
calismada gunluk veriler kullaniimistir. Arastirma kapsaminda ornek koleksiyon olarak Bored
Ape Yacht Club ve birincil arama sorgusu olarak “#BoredApeYC" hashtag'i secilmistir. 30 Nisan,
2027'de Yuga Labs tarafindan piyasaya strtilen Bored Ape Yacht Club (BAYC), 10.000 benzersiz
maymundan olusan popduler bir NFT koleksiyonu olarak akademik arastirmalarda orneklem
olarak siklikla yer almaktadir (Cho vd. 2023). Arastirmanin birincil kaynagdi olarak fiyat hareketleri,
ticaret hacmi ve diger teknik gostergeler, piyasa egilimleri ve yatirimci duyarliliklarn hakkinda
bilgileri alabilmek i¢in dinyanin en buyuk NFT pazar yeri olan OpenSea'den verilerinden
yararlaniimistir. Devin Finzer ve Alex Atallah tarafindan 2017'de kurulan OpenSea, dijital sanat,
koleksiyon parcalari, sanal gayrimenkul gibi dijital varliklarin islem gordtgu dinyanin en buyuk
NFT pazar yeri olarak kabul edilmektedir (Wilson vd., 2022).

Calismada OpenSea platformundan secilen koleksiyona ait bir yillik periyotta gunltk olarak satis
fiyati (USD), toplam satis miktari (USD) ve duygu analizinden elde edilen duygu dederi (etkilesim
orani) degisken olarak ele alinmistir. Duygu dederi hari¢ tim degiskenlerin dodal logaritmasi
alinmistir ve galismada kullanilan degiskenlere ait grafikler Sekil 1'de sunulmustur.
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Sekil 1 Calismada Kullanilan Degiskenlere Ait Zaman Yolu Grafigi

Sosyal medyada yer alan ekonomik haberler yatirimci ve analistler icin degerli bilgiler saglarken,
veri hacminin buylk ve veri guvenirliginin yetersiz olmasi NFT fiyat tahmin modellerinde
yanilgilara yol agmaktadir. Sosyal medyanin NFT hisseleri Uzerindeki etkisini anlamak icin gok
yonlU analitik yaklasimlar uygulanmaktadir. Sosyal medya platformlarindaki yazilari, yorumlari
ve paylasimlari analiz etmek icin makine ogrenimi algoritmalari ve dogal dil isleme teknikleri,
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belirli NFT projeleri veya kripto varliklarla ilgili populer hashtag'leri izlemek igin ise hashtag
analizinden vyararlanilmaktadir. Sosyal medyada yer alan haberler ve etkinlikler, NFT
piyasasindaki fiyat dalgalanmalarina ve yatirnmci davraniglarina nasil etki ettigini incelemek igin
onemli bir kaynak sunmaktadir. Sosyal medya etkinligi ile belirli bir NFT koleksiyonunun fiyat
performansi arasindaki iliskiyi degerlendirmek icin ise duygu analizi algoritmalari
uygulanmaktadir. NFT sanat alanina iliskin mevcut literatur incelendiginde gogunlukla verimlilik,
fiyatlandirma ve pazar buyukltgune iliskin pazar dinamiklerini anlamaya yonelik arastirmalarin
oldugu gorilmektedir (Dowling, 2022; Nadini vd., 2021; Tetlock, 2007; Zhang vd., 2011). Finans
literatirt incelendiginde menkul kiymet fiyatlari Gzerindeki etkilerini degerlendirmek amaciyla bir
dizi model bulunmaktadir. Bu arastirmalarda yatinmci  duyarliliyi  dogrudan tespit
edilemediginden, genellikle basta sosyal medya olmak uzere gesitli bilgi kaynagi ve degisken
kullanilarak yatirnnmer duyarlilidi belirlenmeye calisiimaktadir (Gu ve Kurov, 2020; Sul vd., 2017,
Nyakurukwa ve Seetharam, 2023; Porter, 2009). Bu galismanin amaci NFT fiyatlandirma
surecinde, sosyal medya platformlarindaki yorumlar ve paylasimlarin etkisini incelemektir. Bu
amac dogrultusunda genis ve aktif kullanici tabaniyla bilinen X (Twitter) platformu analiz icin
secilmistir.

Duygu analizi, bir metin, konusma, gorsel icerik veya diger veri turleri Gzerinde duygusal icerikleri
tanimlama ve anlama sirecini ifade etmektedir (Du vd., 2020; Medhat vd., 2014). Bu analiz, belirli
bir yazidaki veya icerigin genelindeki duygusal tonlari belirleyerek, metnin pozitif, negatif veya
notr duygular icerip icermedigini degerlendirmeyi amaclamaktadir. Duygu analizi bir durum
karsisinda duygunun ortaya c¢ikarilmasini veya siniflandiriimasini otomatiklestirmek icin yapay
zeké tekniklerinden biri olan Dogal Dil isleme (NLP), metin analizi ve hesaplama tekniklerinden
yararlanmaktadir (Agarwal vd., 2015). Bu analiz, metin verilerinin 6tesinde, sesli ifadeler, emoji
kullanimi, resimler veya videolardaki duygusal icerikleri de kapsamaktadir. Metindeki kelimelerin
ve ifadelerin duygu yukld olup olmadigini degerlendirmek igin gesitli yazilimlar ve bu yaziimlari
destekleyen ozel bir sozluk ve kurallar seti kullaniimaktadir. Bu calismada duygu analizi icgin
sOzluk ve kural tabanli en basarili sozltk olan Valence Aware Dictionary and Sentiment Reasoner
(VADER) kullaniimistir (Hutto ve Gilbert, 2014). Sonraki asamada duygu analizi yapilmis her bir
tweetin ag icindeki etkilesim orani hesaplanarak duygu skoru ve etkilesim orani garpilmistir
(Angeles Oviedo-Garcia vd., 2014). Boylece elde edilen her bir tweetin ag icindeki duygusal etki
gucl (duygu degeri) tespit edilmistir.

. . bahsetmeler+begeniler+ retweetler)/tweetler
Duygu degeri = ( £ i x 100 (1)

Toplam gosterim sayist

Bu calismada NFT ozelinde yukarida bahsedilen koleksiyonun satis miktari ve satis adeti ile
duygu degeri arasindaki iliskinin tespitinde gunltk veriler kullanilmasi nedeniyle zaman serisi
analizinden vyararlanilmaktadir. Zaman serisi analizlerinde temel nokta sahte regresyon
sorunundan kacinmak amaciyla, degiskenlerin duragan oldugu seviye/farklarin belirlenmesi
gerekmektedir. Bu amagla birim kok testlerinden yararlanilmaktadir. Ancak finansal piyasalar
Ozelinde arastirmalar yaparken, ekonomide ortaya c¢ikan vyapisal soklarin varligi
gozlenebilmektedir. Bu nedenle ekonometrik yontemlerde yapisal kirilmalari dikkate alan birim
kok testlerinin kullaniimasi gerekmektedir. Bu ¢alismada degiskenler arasindaki iliskinin dogru
tespit edilebilmesi igin yapisal kirllmalari dikkate alan birim kok testlerinden Zivot-Andrews birim
kok testinden yararlanilmistir. Zivot ve Andrews (1992), kirllma zamanini digsal bir olay olarak
kabul ederek Perron (1997) testini elestirerek, orijinal testinin gesitlemesini onerdikleri alternatif
olarak kirilma tarihinin i¢sel olarak belirlendigi Zivot-Andrews (ZA) birim kok testini
gelistirmiglerdir. Zivot ve Andrews, her noktayl potansiyel bir kirlma tarihi (TB) olarak
degerlendirir ve olasi her kirilma tarihi icin regresyon olusturmaktadir. Buradan elde edilen bilgiler
neticesinde degiskenler arasinda kullanilacak olan nedensellik testine karar verilmektedir.
GCalismada NFT'de bir koleksiyonun satis miktari ve satis adeti ile duygu analizinden elde edilen
duygu dederi (etkilesim orani) arasindaki iliskisinin arastiriimasinda Hacker ve Hatemi (2010)
nedensellik testinden yararlaniimistir. Nedensellik testindeki degiskenler arasindaki nedensel
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iliskiyi belirlemek igin Hacker ve Hatemi (2010) tarafindan gelistirilen bu model temelde Enders
(2004) tarafindan onerilen birim kok modeli normal dagdiimi riskine karsin secim stratejisini
Monte Carlo deneyleri yoluyla degerlendirmektir. Clinkd bu test degiskenlerin farkli seviyelerde
duragan olmasi  durumunda  kullanilabilmekte ve normal dagilim  varsayimini
gerektirmemektedir. Bu esneklikler nedeniyle literattrdeki diger nedensellik testlerinden daha
esnek bir ozellige sahiptir.

Bulgular

Bu calismada duygu analizinde basta emojiler olmak Uzere Twitter iceriklerine hassas olan
Vader sozIlugu ve Python dilinde hazirlanan bir yazilimla uygulanmistir. VADER bilesik skorunda
her bir tweet icin -0.05'ten kuguk degerler negatif, -0.05 ile 0.05 arasinda olan degerler notr ve
0.05'ten buyUk degerler ise pozitif olarak yazilm tarafindan analiz edilmistir. Arastirmada aylara
gore duygu analiz sonuclari Tablo 1'de sunulmustur.

Tablo 1 Aylara Gore Duygu Analiz Sonuglari

N Ortalama Toplam Standart Sapma Minimum Maksimum
Ocak 2023 6 -33.6667 -202.00 5.95539 -44.00 -28.00
Subat 2023 28 -40.4286 -1132.00 31.86479 -180.00 -5.00
Mart 2023 31 -18.9032 -586.00 49.04172 -278.00 6.00
Nisan 2023 30 -10.9000 -327.00 14.86804 -51.00 12.00
Mayis 2023 31 -4.4839 -139.00 7.14083 -21.00 10.00
Haziran 2023 30 -14.9000 -447.00 18.66095 -69.00 11.00
Temmuz 2023 31 -17.5484 -544.00 23.86188 -85.00 18.00
Agustos 2023 31 -13.4516 -417.00 17.69150 -80.00 4.00
Eylil 2023 30 -2.8333 -85.00 7.26391 -21.00 9.00
Ekim 2023 31 -37.9355 -1176.00 31.49808 -110.00 4.00
Kasim 2023 30 -33.6000 -1008.00 49.80348 -141.00 3.00
Aralik 2023 31 -4.0323 -125.00 4.94964 -17.00 5.00
Ocak 2024 25 -2.9600 -74.00 18.54832 -83.00 10.00

Geleneksel birim kok testleri, bir zaman serisinin birim kok problemi tasiyip tasimadigini
belirlemek igin kullaniimaktadir. Genisletilmis Dickey-Fuller Testi (ADF) testi, Phillips-Perron (PP)
testi ve KPSS testi geleneksel birim kok testlerindendir. Calismada ilk olarak bu testler dikkate
alinmis ve elde edilen bulgular Tablo 2'de verilmistir. Bu testler ile serilerin duragan olduklari
seviye/farklar belirlenmektedir. Zaman boyutu iceren ekonometrik analizlerin temel noktasi
degiskenlerin duragan olduklari seviye/farklari belirlemekle baglamaktadir. Gunkd bir degiskenin
duragan olduguna bakmaksizin tahminlenen modellerde sahte regresyon sorunu
gozlenmektedir. Bir diger ifadeyle, modelden elde edilecek bilgilerin gtvenirligi gercegi
yansitmamaktadir. Bu nedenle zaman boyutu olan ekonometrik analizlerin baslangi¢c noktasi
degiskenlerin duraganliginin arastirilmasi ile baslamaktadir. Ayrica degiskenlere ait tanimlayici
istatistiklerin de ekonometrik analizlerin dogru segilmesinde on bir bilgi icermektedir. Dolayisi ile
calismada degiskenlere ait tanimlayici istatistikler ve geleneksel birim kok testlerinden ADF,
Philips-Perron ve KPSS birim kok testi sonuclari elde edilmis ve Tablo 2'de sunulmustur.

Tablo 2 Degiskenlere Ait Tanimlayici Istatistikler ve Birim Kok Testi Sonuglari

SATISADETI SATISFIYATI DUYGUDEGERI
Ortalama 4.62 14.53 -0.35
Medyan 4.58 14.47 -0.32
Maksimum 6.67 17.75 5.17
Minimum 3.25 1211 -6.14
Standart Sapma 0.54 0.82 0.78

Jarque-Bera 15.28" 3.370 4428.39"
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Gozlem sayisl 365 365 365
ADF -6.00™ -3.81™ -11.05"™
Phillips-Perron -8.23™ -7.45™ -19.61™
KPSS 0.86 1.36 0.10™

Not: * simgesi de@iskenlerin %1 6nem dlizeyine gore normal dagilim gostermedigini,
*** ise deg@igkenlerin diizey degerinde duragan oldugunu ifade etmektedir.

Tablo 2'den hareketle, satis fiyati degiskeninin en yiksek ortalamaya ve maksimum degere
sahip oldugu, satis adedi degiskenin standart sapmasinin en dusuk oldugu ve duygu dedgeri
degiskenin en dusuk ortalamaya ve minimum degere sahip oldugu soylenebilmektedir. %1 onem
dlizeyine gore, satis fiyati hari¢ tum degiskenlerin normal dagihm gostermedigi Tablo 2'deki
Jarque-Bera test sonucundan hareketle soylenebilmektedir. ADF ve Phillips-Perron birim kok
testlerine gore tim degiskenler dizeyde (1(0)) duragandir. KPSS birim kok testine gore ise, duygu
degeri hari¢ tim degiskenlerin 1(0)da duragan olmadigi tespit edilmistir. Geleneksel birim kok
testlerindeki bu tutarsiz sonuglar, degiskenlerde yapisal soklarin varligina isaret etmektedir. Bu
nedenle galismada analize yapisal kirilmalari dikkate alan Zivot-Andrews yapisal kirilmali birim
kok testi ile devam edilmistir. Zivot-Andrews yapisal kirilmali birim kok testi, zaman serilerinde
yapisal kiriimalarin varligini belirlemek icin kullanilan bir istatistiksel testtir. Yapisal kiriima,
zaman serisinde belirli bir noktada bir degisiklik veya donidsim oldugunu gostermektedir. Zivot-
Andrews yapisal kirilmali birim kok testi sonuglari Tablo 3'te verilmistir.

Tablo 3 Zivot-Andrews Birim Kok Testi Sonugclar

MODEL C
t istatistigi Kirllma Tarihi
SATISADETI -7.07" 17/08/2023
SATISFIYATI -6.42 18/10/2023
DUYGUDEGERI -11.44™ 05/10/2023
ASATISADET] -9.06™ 29/05/2023
ASATISFIYATI -9.83™ 09/10/2023

Not: A simgesi degiskenin birinci farkinin alindigini ifade etmektedir.

Tablo 3'e gore, %1 onem duzeyi i¢in duygu deg@eri degiskeninin dlzey degerinde duragan oldugu,
satis fiyati ve satis adeti degiskenlerinin ise birinci farklarinda duragan oldugu sonucuna
variimistir. Dolayisi ile duygu degerinin 1(0) ve diger degiskenlerin I(1) gibi farkl seviyelerde
duragan olmasi nedeniyle, arastirmanin odak noktasi olan degiskenler arasindaki nedensel
bagin varliginin arastiriimasinda bu hususu dikkate alan bir nedensellik testinin secilmesinin
gerektigi gortlmektedir. Bu baglamda c¢alismada degiskenler arasindaki nedensellik iliskisi
Hacker ve Hatemi-J (2010) nedensellik testi ile arastiriimistir. Hacker ve Hatemi-J (2010)
tarafindan gelistirilen nedensellik testi, belirli bir ekonomik veya sosyal baglamda iki veya daha
fazla degisken arasindaki nedensel iliskinin belirlemede kullaniimaktadir. Baska bir deyisle, bir
degiskendeki (bagimsiz degisken) degisimin baska bir degiskende (bagimli degisken) degisime
yol acip acmadigini, eger oyleyse bu nedensel iliskinin yoninu ve gucunu tespit etmeye
calismaktadir. Bubaglamda galismada son olarak, degiskenler arasindaki nedensel bagin varhgi
Hacker-Hatemi J Nedensellik testi ile arastirilmis ve ilgili sonuglar Tablo 4'te verilmistir.

Tablo 4 Hacker ve Hatemi-J (2010) Nedensellik Testi

Temel Hipotez Wald istatistigi %1 %5 %10
SATISFIYATI#DUYGUDEGERI 0.265 9.914 6.163 4.665
DUYGUDEGERI#> SATISFIYATI 5.025" 9.826 6.092 4.590
SATISADETI#>DUYGUDEGERI 0.448 9.637 6.000 4.615
DUYGUDEGERI#> SATISADET! 4.982" 9.231 5.893 4.623
SATISFIYATI#> SATISADETI 4.206 9.171 6.155 4.745
SATISADETI #> SATISFIYATI 0.128 9.333 6.020 4.590

Not: * simgesi %10 6nem diizeyine nedenselligin varligini gostermektedir.
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Tablo 4'ten elde edilen bilgiler neticesinde, %10 onem duzeyinde duygu degerinin NFT satis
fiyatina neden oldugu gorulmektedir. Ayrica %10 onem dlzeyinde duygu degerinin NFT satis
adetine neden oldugu saptanmistir. Tek yonld elde edilen bu bulgular duygu degerinin NFT
koleksiyonun satis miktari ve fiyati tzerinde anlamli bir etkisi olduguna isaret etmektedir. Ancak
satis fiyati ve satis adeti arasinda karsilikli bir nedenselligin yani etkilesimin olmadigi
gozlenmistir.

Sonug ve Tartigma

Degisen ve gelisen dinyada farkli yatinm enstrimanlarina ihtiyag duyan yatirnimcilarin
duyarliigina yonelik birgok calisma yapiimaktadir. Kar amaci 6zelinde ya da trend olan Urdnleri
satin alma ozelinde yatinmcilarin var oldugu bilinmektedir. Son yillarda dijital sanatin ve sanat
eserlerinin alim satiminin giderek populer hale gelmesiyle birlikte, Non-Fungible Token (NFT)
teknolojisi de dikkatleri Uzerine gekmeye devam etmektedir. Bu galismada kar amacindan ote
yeni bir trend olarak gorilen NFT koleksiyonlarinin satis fiyati, satis miktari ve sosyal medya
etkilesimi arasindaki nedensellik iliskisinin varligi arastiriimistir. Sosyal medya platformlari, NFT
koleksiyonlarinin tanitimi ve pazarlamasinda onemli bir ara¢ haline gelmistir. Koleksiyon
sahipleri ve sanatgilar, eserlerini ve koleksiyonlarini tanitmak, ilgi cekmek ve potansiyel alicilari
cekmek icin sosyal medya platformlarini aktif olarak kullanmaktadir. Sosyal aglarin yatirimci
duyarliigini sekillendirmedeki rold, finansal ortamda yatinmcilarin algilarini, kararlarini ve
davraniglarini onemli dlgude etkileyen ¢ok yonlu bir olgu haline gelmistir. Sosyal aglarin genis ve
hizli bilgi akigl, piyasa duyarliliginin guclendiriimesinde onemli bir rol oynayarak yatirim
stratejilerinin belirlenmesinde ve piyasa dinamiklerinin degisiminde etkisi her gecen gun
artmaktadir. Bilindigi Uzere, sosyal medya degerli bir bilgi kaynagi olarak gortilmekte ve bireylerin
bu bilgilere gore satin alma davranislar gercgeklestigi saptanmaktadir. Elbette basarl yatirim
kararlari, kapsamli arastirma, temel analiz ve risk yonetimi dahil olmak tzere gesitli faktorlerin
dengeli bir sekilde degerlendirilmesini gerektirir. Onceki arastirmalar sosyal medyanin finansal
piyasalari etkilemedeki roltind vurgulamistir. Sosyal medya ile NFT fiyatlari arasindaki nedensel
iliskiyi 6zel olarak inceleyen ¢cok az calisma bulunmaktadir.

Bu calismada, secilmis bir NFT koleksiyonun satis fiyati, satis miktari ve X (Twitter)
paylasimlarindan elde edilen duygu dederi arasindaki nedensel bagdin varligi 25/01/2023-
26/01/2024 gunluk verileri kullanilarak arastiriimistir. Bu galismada, sosyal medyanin kripto para
piyasasi Uzerindeki etkisine odaklanarak X (Twitter) gonderileri ile NFT fiyatlari arasindaki
nedensel iligki arastirlmistir. Bu iligkiyi analiz etmek igin Hacker ve Hatemi-J (2010) nedensellik
testi kullaniimis ve calisma sonucunda tek yonlu nedenselligin varligi gozlenmistir. Duygu
degerinin hem satis fiyatina hem de satis miktarina neden oldugu bulgusuna ulasiimistir. Bu
bulgu, yeni bir yatinm araci olarak gorulen NFT koleksiyonlari 6zelinde, koleksiyonun fiyati ve
satis miktar disinda farkli sosyal medya etkilesimlerinin de dikkate alinmasina isaret etmektedir
ve ilgili arastirmanin gelistiriimesi onerilmektedir. Boylelikle, NFT koleksiyonlarindaki fiyat
hareketliliginin kaynaklarinin ve bu alanda olusabilecek anormal fiyatlarin saptanabilecedi
dusunutlmektedir.

Tweetlerin duyarlilik analizi, yatirnmcilarin kararlarini etkileyerek piyasa duyarliligina iliskin bilgiler
saglayabilmektedir. Ustelik X (Twitter)'deki finans uzmanlari ve analistler gibi etkili kullanicilar
piyasa algilarnni yonlendirerek NFT fiyatlarinin degisimini etkileyebilmektedir. Bu c¢alisma, X
(Twitter) gonderilerinin NFT fiyatlarini etkiledigini ortaya koymakta ve kripto para piyasasinda
sosyal medyanin onemini vurgulamaktadir. Ayrica bu ¢alisma, sosyal medya faaliyetlerini
izlemenin piyasa egilimleri hakkinda bilgi saglayabilecegini ve potansiyel olarak yatirimcilarin
daha bilingli kararlar almasina yardimci olabilecegini one surmektedir. Galismadan elde edilen
bulgular, etkileyici ve ilgi c¢ekici sosyal medya paylasimlarinin, NFT koleksiyonlarinin
gorundrlagund artirdigini, potansiyel alicilarin ilgisini ¢ekebildigini ve koleksiyon satiglarinin
artmasini  saglayabildigini gostermektedir. Dolayisi ile, sosyal medya stratejilerinin NFT
koleksiyonlarinin basarisinda onemli bir rol oynadigi gortlmektedir. Sonug¢ olarak, ¢alismanin
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bulgularinin yatinmcilara, politika yapicilara ve arastirmacilara yukarida ifade edilen hususlar
0zelinde gikarimlarda bulundugu soylenebilmektedir.

Yazar Katki Oranlari

Calismaya 1. Yazar: %35, 2. Yazar: %35, 3. Yazar: %30 oraninda katki saglamistir.

Cikar Gatigmasi Beyani

“Sosyal Medya Paylasimlari ile NFT Koleksiyonlarinin Fiyati ve Satis Miktari Arasindaki iliskinin
Ekonometrik Analizi” baslikli makalemizin herhangi bir kurum, kurulus, kisi ile mali ¢ikar
catismasi yoktur. Yazarlar arasinda da herhangi bir ¢cikar catismasi bulunmamaktadir.
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