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ABSTRACT

The aim of this study is to try to explain the factors that are thought to affect consumers' attitudes towards online
advertisements guided by artificial intelligence. In this context, by utilizing the TAM model, innovation value,
trust and perceived risk variables were added to the research model developed to explain the attitudes of individuals
towards online advertisements guided by artificial intelligence. Although it is observed that the trust and perceived
risk factors added to the model do not have a significant effect on Al-directed ads, it is thought that the non-
significance of the two proposed hypotheses may be due to the data set. Because the literature in which the research
model was developed shows that the perceived risk factor has a negative effect on attitudes. In this current study,
it was observed that perceived risk had a negative effect on attitudes (R>=-0.038, p<,106) but the hypothesis test
was not significant. Similarly, although it was observed that trust had a positive effect on attitudes (R?=0.050, p<
,117), the hypothesis test was not significant. On the other hand, perceived usefulness (R?=-0,407 p< ,05),
perceived ease of use (R?=-0,507, p<,05), perceived novelty (R?>=-0,186, p<,05) positively affect attitudes towards
Al-directed advertisements

Keywords: Artificial Intelligence, Attitudes Towards Ai, Perceived Usefulness, Perceived Ease of Use, Novelty
Value, Trust to Ai, Perceived Risk.
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Tuketicilerin Yapay Zeka Tarafindan Yonlendirilen Reklamlara Yonelik Cevrimici Satin Alma
Tutumlarim Etkileyen Faktorler
0z
Bu ¢alismanin amact yapay zekanin yonlendirdigi ¢evrimigi reklamlara iliskin tiiketicilerin satin almaya yonelik
tutumlarini etkiledigi diisiiniilen faktorleri agiklamaya ¢aligmaktir. Bu kapsamda TAM modelinden yararlanilarak,
gelistirilen aragtirma modeline, yenilik degeri, giiven ve algilanan risk degiskenleri eklenerek, bireylerin yapay
zekanin yonlendirdigi ¢evrimici reklamlara yonelik tutumlart agiklanmaya ¢alisilmistir. Modele eklenen giiven ve
algilanan risk faktorlerinin yapay zekanm yonlendirdigi reklamlara yonelik anlamli bir etkisinin olmadig:
gozlemlense de Onerilen iki hipotezin anlamli olmamasinin veri seti kaynakli olabilecegi diisiniilmektedir. Ciinkii
arastirma modelinin gelistirildigi literatiir algilanan risk faktoriiniin tutumlar etkisi iizerinde negatif yonde etkisi
oldugunu gostermektedir. Bu mevcut ¢alismada da algilanan riskin tutumlar {izerinde negatif bir etkisi oldugu
(R2=-0,038, p<,106) ancak hipotez testinin anlaml ¢ikmadig1 goriilmiistiir. Yine benzer sekilde giivenin tutumlar
iizerinde pozitif bir etkisi oldugu goriilse de (R*=0,050, p<,117) hipotez testinin anlamli ¢ikmadig1 gézlenmistir.
Bu karsin algilanan kullaniglilik (R?=-0,407 p<,05), algilanan kullanim kolayligi (R?=-0,507, p< ,05) ve algilanan
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yenilik degerlerinin (R?=-0,186, p< ,05) yapay zekdnin yonlendirdigi reklamlara yonelik tutumlari pozitif yonde
etkiledigi goriillmiistir.

Anahtar Kelimeler: Yapay Zeka, Yapay Zekaya Ydnelik Tutumlar, Algilanan Kullaniglilik, Algilanan Kullanim
Kolayligi, Yenilik Degeri, Yapay Zekaya Giiven, Algilanan Risk.
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INTRODUCTION

Today's competition between businesses and rapid advances in technology have begun to
radically change the way organizations do business. As a result of these technological
developments, IS/IT research is increasing. Marketers have abandoned traditional methods of
shaping consumer behavior and turned to digital technologies. Individuals' adaptation to and
acceptance of newness involves a process and past research shows that even personality factors
are effective in the acceptance of innovation (Rogers 1995). Rogers (1995) explained the
process of adapting to the new situation in detail in his diffusion of innovation model (DOI)
and this model has been the subject of many studies (Demir 2006; Wooliscroft & Wooliscroft
2016; Cheng, Kao & Lin 2004; Leerapong 2013). Since behavioral intention to use a system
(INT) is the main determinant of the actual use of the system, intention-based models have been
developed to determine technology acceptance and use. Fishbein & Ajzen (1975) define
behavioral intention as a measure of the strength of the intention to perform a particular

behavior.

The Theory of Reasoned Action (TRA) model developed by Ajzen & Fishbein (1980)
is a popular intention model that can be used to examine behavioral intentions regarding
technology acceptance or use. In addition to these studies, Ajzen (1991) The Theory of Planned
Behavior (TPB) is another model that is highly accepted in explaining people's behaviors.
However, this model cannot fully measure the variables specific to people's technology use
(Marikyan, Papagiannidis & Stewart 2023). Therefore, there is a need to explain the
determinants that affect the use of technology and information systems. To address the
limitations related to the lack of a theoretical model and scales to measure technology
acceptance, Davis (1989) developed the Technology Acceptance Model (TAM) based on the
Theory of Reasoned Action (Marikyan et al. 2023). Today, this model is referenced by many
studies in exploring the stages of technology use (Rafique et al. 2020; Hubert et al. 2017; Miller
& Khera 2010).

As the use of technology has become widespread in the world and access to technology
has become easier, studies in this field have also increased and gained importance. As in the

diffusion of innovation model, people's adaptation to technology involves certain stages in
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accepting and adapting to new technological developments and there are factors affecting this
acceptance process. Venkatesh et al. (2003) in The Unified Theory of Acceptance and Use of
Technology (UTAUT) model argues that four basic concepts (performance expectancy, effort
expectancy, social influence and facilitating conditions) are direct determinants of behavioral
intention and ultimately behavior, and that these concepts are regulated by gender, age,
experience and willingness to use, respectively. This theory emerged by critically examining
and synthesizing eight prominent theories and models, including the Theory of Reasoned
Action (TRA), the Technology Acceptance Model (TAM), the Motivational Model, the Theory
of Planned Behaviour (TPB), an amalgamation of TBP/TAM, the Model of PC Utilization,
Innovation Diffusion Theory (IDT), and Social Cognitive Theory (SCT) (Williams, Rana &
Dwivedi 2015: 444).

Past research has shown that people's acceptance of new technologies is often reluctant
at first, and this problem has long been discussed in management information systems (MIS)
(Ginzberg 1981; Swanson 1987). In addition to their theoretical importance, more effective
measures of predicting and explaining system usage can be of great practical benefit to vendors
seeking to assess user demand for new design ideas and to information systems managers of
user organizations seeking to evaluate these vendor proposals (Davis 1989: 319). In his
research, Davis (1989) developed the Technology Acceptance Model (TAM) to provide more
effective measures to better predict and explain the use of technology. According to TAM,
technology acceptance takes place in a three-stage process. In this process, external factors
(system design features) trigger cognitive responses (perceived ease of use and perceived
usefulness). These cognitive reactions in turn generate an emotional response (attitude/intention

to use technology), which in turn affects usage behavior (Davis 1989; Davis 1993).

As mentioned before, Rogers (1995) many models have tried to explain the process of
individuals' adaptation to new technologies (DOI - Diffusion of Innovation Model), Fisbein &
Ajzen (1975) (TRA - Theory of Reasoned Action), Davis (1989) (TAM - Technology
Acceptance Model, UTAUT (Venkatesh et al. 2003). However, explaining the adaptation
process of individuals requires considering different variables. For example, socio-
demographic characteristics (Rogers 2003; Quazi & Talukder 2010; Al Athmay 2015;
Mutengezanwa & Mauchi 2013; Keramati, Taeb, Larijani & Mojir 2012; Kumar Sharma, &
Madhumohan 2014) affect the adaptation process. The effects of psychographic characteristics

on adaptation to new technologies have also been investigated (Rogers 2003; Strebinger,
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Treiblmaier 2022; Basha, Aw & Chuah 2022; Sanguinetti, Karlin & Ford 2018; Gounaris &
Koritos 2008; Nasir, Wu, Yago & Li 2015).

In this current study, the factors affecting consumers' attitudes towards advertisements
and purchase recommendations guided by artificial intelligence algorithms are tried to be
explained with the research model developed. In this context, the factors that are thought to
affect attitudes are perceived usefulness, perceived ease of use, trust, perceived risk and novelty
value. By explaining the effect of these variables on attitudes, consumers' attitudes towards

advertisements and purchase recommendations guided by artificial intelligence are determined.
Literature Review

Innovation according to Rogers; “defined as an idea perceived as new by an individual or
organization. The newness of the idea means that individuals initially approach the innovation
with a good deal of uncertainty” (Rogers 1995: 26). The adaptation of individuals to innovation
involves certain stages and processes and this issue is discussed in many models such as TAM,
TRA, DOI. The use of artificial intelligence in the advertising sector is gradually included in
daily life and the benefits and harms that it can provide to the field of advertising, as in many

sectors, are being discussed both in academia and in the sector.

Today, it is a fact that advertising agencies in the advertising sector have also started to
benefit from artificial intelligence technologies. In a report prepared by McKinsey & Co., it is
emphasized that the use of artificial intelligence in advertising agencies has significant
potential. In an analysis of the use of artificial intelligence in nineteen sectors, researchers have
shown that the highest potential value of artificial intelligence belongs to advertising and sales-
related fields (Chui et al. 2018 cited in Leszczynski, Salamon, Zielinski 2022: 1). However, this
issue is still controversial. It is not correct to say that artificial intelligence is accepted by the
entire advertising sector and used in all areas. On the contrary, to ignore the existence of
artificial intelligence would be to deny the future. For this reason, it is a more accurate approach

to present the research on this subject in two dimensions.

At this point, Leszczynski et al. (2022), using the technology acceptance model (TAM)
to understand the factors affecting the acceptance of artificial intelligence, analyzed attitudes
towards the use of artificial intelligence, approaches to replacing human labor with artificial
intelligence, and the effects of artificial intelligence on the performance of advertising agencies
through in-depth interviews conducted among advertising agency executives. According to the

findings of the research, the participants exhibited both pessimistic and optimistic attitudes
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when estimating the role of artificial intelligence in their professions. Especially in terms of
creativity, it was seen that this work was evaluated as a human activity. As a general finding,
the intention of advertising agencies to implement solutions offered by artificial intelligence is
weak. Similarly, Zerfass, Hagelstein & Tench (2020) identified the major challenges and risks
in the adoption of Al technology as lack of organizational and individual capabilities, uncertain
responsibility, and apathy in Al adoption.

On the other hand, Zerfass et al. (2020) stated that the impact of artificial intelligence in
the advertising sector will be significant. In a survey conducted among communication
professionals in Europe, it was found that the participants did not use artificial intelligence in
their daily lives, and based on these findings, it was stated that the ease of use and perceived
usefulness of artificial intelligence have not yet been adopted in the light of the technology
acceptance model. The perspective of the advertising sector on artificial intelligence remains
current as a separate research topic. In this research, the attitudes of consumers exposed to
advertising towards advertising content directed by artificial intelligence are investigated. In
this context, it is examined how perceived usefulness, perceived ease of use, trust, perceived

risk and novelty value affect consumer attitudes.
Impact of Socio-demographic Characteristics

There are many studies investigating the relationship between socio-demographic
characteristics of individuals and their acceptance of technological innovations. In the last
quarter century, there have been many developments in terms of technology and these
developments have digitized many manual issues. For example, digital citizenship has been
included in people's lives as a result of technological developments. Al Athmay (2015)
considered two dimensions, e-openness and e-participation, as demographic factors
determining citizens' perceptions of e-governance and found significant differences in gender,
age, education and employment type. Keremati et al. (2012) examined customers' adoption of
mobile payment (M-payment) services from a demographic and cultural perspective and
concluded that these two factors have a significant impact on customers (Keremati et al. 2012:
1494). Quazi & Talukder (2010) investigated demographic characteristics and individuals'
perception and adaptation process towards technological innovations in business life.
According to the findings, age is positively related, while education is the strongest determinant

of technological innovation perception and utilization. Mutengezanwa & Mauchi (2013) tried
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to determine the socio-demographic factors affecting the adoption of internet banking. The
findings of the study supported the hypotheses that age, occupation, income, gender and
education level have a positive relationship with internet banking adoption. Venkatesh et al.
(2003) also included demographic characteristics such as gender and age in the UTAUT model.
In the current study, the differences between demographic factors were not examined since
demographic characteristics are not suitable for Anova and T-testing due to the frequency
differences between the data to be compared.

Perceived Usefulness of Al

Perceived usefulness, a concept of the Technology Acceptance Model (TAM), refers to a
person's belief that work performance can be improved by using a particular technology.
Perceived usefulness is significantly related to usage, i.e. the more useful a technology is
perceived to be, the more likely it is to be adopted and used by users. Perceived usefulness is
one of the main determinants of an individual's intention to use a technology (Davis 1989). Park
& Chen (2007), using the TAM model to illustrate behavioral intentions associated with
smartphone acceptance among medical staff, found that attitude towards using a smartphone is
the factor that most strongly predicts the user's intention to use it. In addition, perceived utility

(PU) was the second strongest predictor.

Daugherty & Wilson (2017) stated in their research that in the acceptance of artificial
intelligence, which is not fully known, behaves like a “black box” and works with its
algorithms, this complete unknowability is a critical factor in the non-acceptance of the
technology. That is, while Al performance can be tested, it is impossible to explain its decision-
making mechanism in a given situation. Leszczynski et al. (2022) analyzed the following
factors to understand user acceptance of technology: The perceived ease of use of Al and the
perceived usefulness of Al as an innovative solution. The structured scenario for the interview
in the study relates to the following five areas: 1) the usefulness of the use of Al in an advertising
agency; 2) the ease of working with and using the new technology; 3) employees' attitudes
towards Al; 4) their reactions; and 5) external factors affecting the implementation of Al. Saadé
& Bahli (2005) proposed a model to explain the acceptance of online learning systems. The
results of the study supported that cognitive assimilation functions as a variable affecting TAM

variables.

H1: Perceiving Al-directed advertisements as useful positively affects attitudes towards

purchasing Al-directed products.
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Perceived Ease-of-Use Al

Perceived ease of use is a concept from the Technology Acceptance Model (TAM) that refers
to the degree to which a person believes that using a technology will be effortless. This variable
includes factors in terms of physical and mental effort requirement, clarity of use cases, ease of
learning to operate various uses, likelihood of making mistakes in terms of functional efficiency
of the use case, controllability, unexpected behavior and ease of recall, and user-friendliness of
guidance (Grover, Kar, Janssen & llavarasan 2019: 12). The easier a system is to use, the more
likely it is to be adopted by users (Davis 1989). There are studies in the literature for different
technologies in relation to perceived ease of use. A study on blockchain technology was
conducted by Grover et al. (2019) and Tsai, Wang & Lu (2011) investigated the use of mobile
technologies within the scope of TAM; the use of information technologies was re-evaluated
within the scope of TAM. There are many studies in the literature that incorporate the TAM
model into the research method. In this context, the following research hypothesis was

developed in the current study.

H2: The belief that Al-directed advertisements facilitate purchasing positively affects

attitudes towards purchasing Al-directed products.
Trust to Al

Trust is the foundation for the use of first-party data in smart advertising. More importantly,
smart ads should be presented to the user voluntarily rather than being forced (Li 2019: 335).
In addition, trust has been identified as a fundamental element for the effective functioning of
marketing relationships (Ennew, Kharouf & Devlin 2014). Individuals' personal beliefs play an
important role in perceived privacy risk. Individuals should accept a certain level of risk when
sharing personal information; however, many consumers do not fully understand what personal
information companies collect and how they use it (Hasan, Shams & Rahman 2021: 2). Nagy
& Hadju (2021) addressed the issue of trust and consumers' acceptance of Al in online retail,
using the Technology Acceptance Model (TAM) as a theoretical foundation. As a result of the
research, trust was found to be one of the main factors affecting consumers' attitudes towards
Al.

Some potential ethical concerns may arise regarding the use of artificial intelligence

applications in advertising, such as privacy, manipulation, transparency, discrimination, and
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consumer trust. The use of Al in advertising may raise concerns about consumers' privacy,
particularly with respect to the collection and analysis of personal data, and Al-assisted
advertising techniques, such as personalized content delivery, may raise concerns about the
potential manipulation of consumers' emotions and behaviors. Other ethical concerns include
transparency, discrimination and consumer trust. The transparency of Al algorithms used in
advertising may raise concerns about the lack of transparency about how consumers' data is
processed and used to target ads. On the other hand, artificial intelligence algorithms used in
advertising, if not carefully designed and monitored, can unconsciously perpetuate bias and
discrimination, especially in targeted advertising. In addition, over-reliance on Al in advertising
can erode consumer trust if consumers feel that their privacy has been violated or perceive the
ad content as manipulative or misleading (Helsloot et al. 2018; Wang et al. 2018; Larsson &
Heintz 2020 as cited in Gao et al. 2023: 12). Therefore, dealing with these ethical concerns
requires the responsible and transparent use of Al in advertising as well as its compliance with
privacy regulations and ethical codes. Thus, it can be said that compliance with privacy
regulations and ethical rules may enable consumers to increase their trust in advertisements that

include artificial intelligence applications.

A current topic of debate in the literature on trust is manipulated advertising, which is
becoming an increasingly common phenomenon in advertising. Techniques such as deepfakes
and GANs use artificial intelligence and machine learning to produce convincing, realistic
synthetic ads that are almost impossible for consumers to detect (Campbell, Plangger, Sands &
Kietzmann 2022). Aguirre, Mahr, Grewal, Ruyter & Wetzels (2015) show that click-through
rates drop significantly when consumers realize that their personal information was collected
without their consent. To examine the personalization paradox, this study uses three
experiments that confirm that how customers react to online personalized ads is a critical
determinant of a firm's information collection strategy from social media sites. They find that
when firms overtly collect information, participants exhibit greater intention to click on
personalized ads compared to their reactions when firms covertly collect information (Aguirre

et al. 2015). The research hypothesis developed in this context is as follows:

H3: Trust in Al-directed advertisements positively affects attitudes towards purchasing

Al-directed products.

Perceived Risk of Al
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Hasan, Shams & Rahman (2021) created a conceptual model to determine the impact of
consumer trust, interaction, perceived risk, and novelty value on brand loyalty for Al-enabled
devices. In the study, data was collected from 675 Apple iPhone users using the MTurk
platform. The findings showed that perceived risk had a significantly negative impact on brand
loyalty; however, other factors were found to have a significantly positive impact on brand
loyalty. Araujo et al. (2020) investigated people's risk perceptions towards decision-making
processes automated by artificial intelligence. In this study, they distinguished between
different application domains such as media, health and medicine. For each application domain,
two different scenarios were developed: high impact (high impact scenario) and low impact
(low impact scenario). The study focused on the comparison of decisions made by human
experts and decisions automated by artificial intelligence. The findings show that there is no
significant difference in risk perception between the automated decisions made by Al and the
decisions made by human experts in all three application domains. In high-impact scenarios,
the Al's automated decisions were generally perceived as less risky. However, no significant
difference was detected in low-impact scenarios. Furthermore, a positive relationship was found
between the age of the participants and the perceived level of risk. This can be interpreted as
participants perceived the decisions made by Al as more risky with increasing age (cited in
Klein, Depping, Wohlfahrt et al. 2023: 1-2).

Scheuer (2020) “Akzeptanz von Kiinstlicher Intelligenz Grundlagen intelligenter Kl-
Assistenten und deren vertrauensvolle Nutzung ” in his book, deals with the technological and
psychological aspects of Al, examining users' interaction with and acceptance of Al. He also
emphasizes the use of psychological models and the differences between emotional and rational
use when Al is perceived as a personality or a complete person. In addition to TAM3 model,
the study also considers other determinants such as system characteristics, intelligence level of
the system, physical properties of the system, and societal implications. These determinants are
expected to have varying degrees of influence on the acceptance of Al, depending on the
specific context and individual differences. The study also examines the perception of the
system as a personality or technology, which is expected to moderate the relationship between

the determinants and the acceptance of Al.

In their study, Al-Gasawneh et al. (2022) examined the regulatory role of influencer
recommendations and perceived financial benefits in the relationship between financial

artificial intelligence services and perceived risk. The findings indicate that perceived risk has
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a negative impact on financial artificial intelligence services and, simultaneously, influencer
recommendations and perceived financial benefits have a moderating effect on the relationship
between perceived risk. These results can guide companies in reducing perceived risk to
encourage individuals to use business intelligence applications. Based on the literature review,

the proposed research hypothesis is as follows:

H4: The belief that sharing personal information with artificial intelligence is dangerous
negatively influences attitudes towards purchasing products guided by artificial intelligence.

Novality Value

Novelty value refers to the special value that users derive from the introduction or adoption of
a new product, service or technology. The concept of novelty is defined by focusing on
consumers' desire to learn about new products and technologies, and it is also explained as the
desire to seek the new and different by associating it with the innate search for novelty
(Hirschman 1980: 284-285 as cited in Sebastian, George & Jackson 2023: 3). The concept of
novelty in advertisements is defined as the combination of unexpected and advertisement-
related stimuli (Besemer & O'Quin 1986, 1987, 1999 as cited in Mercanti-Guérin 2008: 99).
Therefore, it can be stated that perceived novelty value is a concept related to how a product,
service or technology is perceived and evaluated by users. On the other hand, from a consumer
perspective, it is known that the perception of novelty offers a strong and positive value to the
consumer (Snelders & Hekkert 1999 as cited in Mercanti-Guérin 2008: 101). It can be said that
this value can be based on a number of emotional reactions such as benefit, satisfaction or
surprise that the user feels when they start using the product or service. Perceived novelty may
arise from various factors such as the uniqueness of the physical attributes of the product or
service, the uniqueness of its physical location and the way it is presented (Constantin &
Grigorovici 2004 as cited in Hopp & Gangadharbatla 2004). Hopp & Gangadharbatla 2016:
115). The novelty value of technological products or services or advertising campaigns
integrated with technology is a very important element. Hedman & Gimpel (2010: 168) found
in their research that the novelty value of technological devices emerges as an important factor
in the adoption process, arouses curiosity in users, and that users are eager to learn the uses of

devices and experience the latest technologies.

Sheinin, Varki and Ashley (2011) found that advertising novelty and message usage
affect attitude towards the brand and have a mediating role on attitude towards advertising. In

addition, it was revealed that perceived novelty value helps short-term ad recall. Sebastian,
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George & Jackson (2023) found that communication strategies play an important role in gaining
the trust of users and increasing customer satisfaction in the promotional activities of artificial
intelligence-based products, while innovativeness and perceived novelty value contribute to the
adoption and preference of the product by a wider audience. The research hypothesis developed

in this context is as follows:

H5: Considering advertisements directed by artificial intelligence as an innovation

positively influences attitudes towards purchasing products guided by artificial intelligence.

Figure: 1. Proposed Theoretical Model

Perceived Usefulness

Perceived Ease of Use

Aftitude Towards Al
Directed Ads

Perceived Risk

Trust

N\

Novelty Value

Research Methology
Data Collection, Sample and Survey Instrument

In the research, the survey method was utilized during the data collection process. A total of
412 individuals participated in the survey. As no missing data was encountered in the data
collection process, all surveys were included in the analysis. The surveys were conducted online
via Google Forms between September 2023 and December 2023. As a convenience sampling
method was employed in the research, research surveys were applied to anyone accessible.
Since participation in the surveys was based on voluntary participation, participants were first

asked whether they voluntarily participated in the survey, and after answering affirmatively,
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they proceeded to other questions. Ethical approvals were obtained for the research as the
survey method was applied?.

In this study, structural equation modeling (SEM) was employed as a quantitative
research method. Structural equation modeling is a general term used to describe various
statistical models used to assess the validity of fundamental theories with experimental data.
SEM adopts a confirmatory (hypothesis testing) approach for the multivariate analysis of a
structural theory indicating causal relationships among multiple variables (Lei & Wu 2007: 33-
34). To test the reliability of the scales used in the research, Cronbach's alpha analysis was
initially applied. Confirmatory factor analysis was also employed to assess the internal

consistency of the scales.

AMOS (Analysis of Moment Structures) software was used for SEM analysis, providing
a robust environment for testing the hypothesized relationships among variables. To test the
reliability of the scales used in the research, Cronbach's alpha analysis was initially applied.
Confirmatory factor analysis was also employed to assess the internal consistency of the scales.
The Cronbach's alpha values for each scale exceeded the acceptable threshold of 0.70,

indicating good internal consistency (Nunnally 1978).

In addition to Cronbach's alpha, composite reliability (CR) and average variance
extracted (AVE) were calculated to further verify the reliability and validity of the constructs.
For the CR values to be considered adequate, they should exceed 0.70, and for AVE, the values
should exceed 0.50 (Fornell & Larcker 1981).

The survey instrument included questions designed to measure participants' attitudes
toward Al-directed advertisements, perceived usefulness, perceived ease of use, perceived risk,
trust in Al Technologies and novelty value. These variables were operationalized using
previously validated scales. For instance, the perceived usefulness and perceived ease of use,
trust to Al and attitude towards Al scales were adapted from (Nagy & Hadju 2021), while the
perceived risk scale was adapted from Zhou (2011) and novelty value scale was adapted from
Prebensen & Xie (2017).

Data analysis was performed in two stages: preliminary analysis and main analysis.
Preliminary analysis involved data screening, checking for normality, and addressing any

potential issues with multicollinearity. The main analysis involved testing the hypothesized

2 Ethics Committee permission for this study was obtained from Yozgat Bozok University Social Sciences and Humanities
Ethics Committee with the decision dated September 20, 2023 and Decision Number 06/04.
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structural model using SEM. Model fit was assessed using multiple fit indices, including the
Chi-square statistic, Root Mean Square Error of Approximation (RMSEA), Comparative Fit
Index (CFI), and Tucker-Lewis Index (TLI).

RESULTS

A total of 412 people participated in the research. 146 of the participants are men and 266 are
women. When the average age of the participants is examined, it is observed that the majority
is in the 18-30 age range. The other majority is between the ages of 31-45. It was determined
that the people aged 46-55 and 56 years and above who participated in the research constituted
a majority of 7 percent in total. When the educational status of the participants was examined,
it was seen that the majority of them had a bachelor's degree. While 11.9 percent of the other
participants have a high school level education, 15.8 percent have a master's or PhD education
level. When the participants were asked about their income levels, the majority of them said
they had a medium to high income level. While there is a group of 2.7 percent who declare that
they have a very good income level, there is a total of 11.9 percent who declare that they have

a very bad and bad income level (See table 1).

Table: 1. Demographics

Characteristics %o of Sample % of Population
Sex
Male 146 64,6
Female 266 354
Age
18-30 278 67,5
31-45 101 24,5
46-55 25 6,1
56 or over 8 1,9
Education
High school 49 11,9
graduate
College 298 72,3
degree
Master’s or 65 15,8
PhD degree
Income
Very bad 18 4,4
Bad 31 7,5
Middle 263 63,8
Good 89 21,6
Very good 11 2,7
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In the research, after asking the participants questions about their demographic characteristics,
they were asked about their artificial intelligence awareness, knowing the usage areas of
artificial intelligence in their daily lives, and whether they were aware of the online artificial
intelligence guidance in their daily lives. As can be seen from Table 2, the majority of the
participants stated that they know what artificial intelligence is, that they are aware of its usage
areas in daily life, and that they are aware of the online guidance of artificial intelligence. On
the other hand, there is a group of 2.2 percent who do not know what artificial intelligence is, a
group of 19.7 percent who do not know the using area of artificial intelligence in daily life, and
a group of 22.3 percent who are not aware of the guidance of artificial intelligence in online

environments (See table 2).

Table: 2. Other Descriptive Statistics

% of Sample % of Population
Yes No Yes No
!(novyledge of artificial 403 9 97,8 2,2
intelligence
To know the usage areas of
artificial intelligence in daily | 331 81 80,3 19,7
life
Being aware of the online
directions of artificial 320 92 71,7 22,3
intelligence

Research Scales

The study employed six different scales within its scope. The statements in the scales were
measured using a 5-point Likert scale (1 Strongly Disagree — 5 Strongly Agree). Summary
information for the research scales, including cronbach's alpha, composite reliability, average
variance extracted (AVE), and standardized regression coefficient values, is provided in the
table below (See Table 3).

Table: 3. Confirmatory Factor Analysis Results, Cronbach’s Alpha, Composite Reliability and
Average Variance Extracted

Scale Name Scale Items Scale aCronbach B CR AVE
The use of Al in retail Items
PU1 (shopping ads and 838
webshops) allows me Nagqy & ,805 '
Perceived to find the best deals. gy
- — Hadju ,933 93 | 77
Usefulness The use of Al in retail (2021)
PU2 enhances my 869 901
effectiveness in
purchasing.
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The use of Al in retail
is useful to me.

The use of Al in retail
PU4 saves time for me. 836 895

Al-powered shopping
PEU1 apps and webshops ,888 ,939
are easy to use.
Shopping does not
require a lot of my
mental efforts if
PEU2 supported by Al ,796 ,812
(alternatives are
offered by Al).

PU3 ,857 ,891

Perceived Shopping is not so Nagy &
Ease of complicated if Al Hadju ,940 93 |75
Use PEUS offers products to me. | (2021) 831 ,860

Learning how to use
Al-powered shopping
apps and webshops is
easy for me.

It is easy to become
skilful at using Al-
powered shopping
apps and webshops.

It is risky to provide
RISK1 personal information ,876
to Al*

There will be much
uncertainty associated
RISK2 with providing
personal information
to Al*

There will be much
potential loss

RISK3 associated with ,870 ,904
providing personal
information to Al*

I am convinced that
Al in retail is used to
TRUST1 | provide customers Nagy & 752 848
Trust with the best Hadju
offerings.

I trust in apps and (2021) 858 85 | .75
TRUST2 webshops that use Al. 152 886

PEU4 ,860 ,894

PEUS ,820 ,844

,913

907 951

Zhou 945

(2011).

Perceived
Risk

Using Al is a unique

NOV1 .
experience

818 ,851

Novelty NOV2 Using Al is a once-in- Prebensen

Value a-lifetime experience. g(ﬁ% 174 809
Using Al is an ,935 93 | ,74
NOV3 educational ,857 ,889
experience.
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The experience of
NOV4 using Al satisfies my ,831 877
curiosity

Using Al provides an
NOV5 authentic/genuine ,848 ,884
experience.

Shopping in a
webshop/shopping
app that is powered by
Al is a good idea

ATT1 886 914
Attitude P
Towards Shopping in a i Nagy &
Al ATT? webshop/shopping Hadj

Directed e that is powered by | (501)
Ads is a wise idea

| am positive towards
webshop/shopping
app that is powered by
Al

1926 ,92 | ,80

,855 ,886

ATT3 ,807 897

Notes: Probability level of 0.05; *reverse-coded

As a result of the analysis, it was determined that the Cronbach Alpha coefficient of the
research scales was above the threshold value of 0.70 stated in the literature (Hair et al. 2014:
123). Therefore, all scales can be considered reliable. In addition, their convergent validity was
examined in terms of construct validity. AVE and CR values were found to be above the
threshold value recommended in the literature (AVE: 0.50; CR: 0.70). Therefore, it can be said
that construct validity was achieved (Hair et al. 2019: 788). As a result of confirmatory factor
analysis, CMIN/DF (3.945), NFI (.926), RFI (.911), IFI (.943), TLI(.932), CFI (.943), RMSEA
(.085) were reported. Therefore, it was observed that the goodness of fit values of the scales
obtained were at an acceptable level (Hu & Bentler 1999: 23-28; Tabachnick & Fidell 2012:
721-724).

Structural Equation Modelling and Research Hypotheses Results

According to the proposed research model, it has been observed that trust and perceived risk
added to the model developed according to the proposed research model do not have a
significant effect on attitudes towards advertisements directed by artificial intelligence.
However, it is observed that perceived risk has a negative effect on attitudes in the research
model. In the same way, it is determined that trust has a positive effect on attitudes, but the p-
value is not significant. The insignificant p-value means that the available data do not support
a particular hypothesis, but it does not indicate that this hypothesis is absolutely false. When a
hypothesis results in a nonsignificant p value, it means that the data set does not support that
hypothesis, but it does not mean that the hypothesis is completely invalid. Johnson (2012) points
out in his article that a nonsignificant p-value of a hypothesis is not sufficient to falsify that
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hypothesis, therefore, a nonsignificant p-value alone does not constitute sufficient evidence to
falsify the hypothesis. Since the studies in the literature support the proposed hypotheses, it is
anticipated that the proposed research model may yield different results with different data sets.
Since the studies in the literature support the proposed hypotheses, it is anticipated that the
proposed research model may yield different results with different data sets. For example,
Gelman (2013) suggests that researchers should focus on estimates and confidence intervals
rather than relying solely on p-values to better understand the potential variability and
uncertainty associated with their findings. This approach is in line with the idea that repeated
studies with different data sets may reveal important effects that initial studies did not reveal
and emphasizes the importance of replication and accumulation of evidence in scientific

research.

Other findings of the study show that perceived usefulness (R*= 0.407, p <0.001),
perceived ease of use (R?>= 0.507, p <0.001) and novelty value (R?>= 0.186, p <0.001) have a
significant effect on attitudes towards purchase of Al-directed advertisements (See table 4). At
the same time, it is seen that perceived usefulness, perceived ease of use and novelty value have
a positive effect on Al-directed ads. At this point, it can be said that when consumers think that
the advertising content they encounter while spending time in online channels is useful for
them, when they believe that it offers them an innovation or when they think that it is easy to

use these directions, it can be said that advertisements can have a positive effect on consumers.

Table: 4. Structural Equation Modelling Analysis Estimates

Estimate S.E. C.R. P
Attitude Towards Al <--- Perceived Usefulness | ,407 042 9,714 ***
Directed Ads
Attitude Towards Al -
Directed Ads <--- Trust 050 032 1567 117
Auitude Towards Al <--- Perceived Ease of Use | ,507 ,045 11,339 <+
Directed Ads
Attitude Towards Al . -
Directed Ads <--- Novelity Value ,186 ,029 6,317
Attitude Towards Al < Perceived Risk 038 024 615 106%*
Directed Ads

Notes: *Probability level of 0,001 (two-tailed), ** 0,05 level (two-tailed).
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Figure: 2. Research Model

The goodness-of-fit results obtained from the structural equation model path analysis
indicate that the model's fit indices are at an acceptable level. Reported as, CMIN/DF: (985,477/
194), NFI (894), IFI (913), TLI (896), CFI (913), RMSEA (,085) (Hu & Bentler 1999;
Schermelleh-Engel, Moosbrugger & Muller 2003).

Table: 5. Structural Equation Modelling Results, Composite Reliability and Average Variance

Extracted
Scale Name B SE |CR | AVE
PUL ,872 | ,073
Perceived
Usefulness | PU2 924 | 074 |94 | .70
PU3 847 | 0,71
PU4 698

PEU1 ,932 | 0,39
Perceived | PEU2 ,815 | 0,47
Ease of PEU3 ,862 | 0,43 | ,94 | |75
Use PEU4 ,895 | 0,43
PEU5 ,850
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Perceived RISK1 ,913 | 0,34

Risk RISK?2 ,952 | 0,32 94 | 85
RISK3 ,904 ’ '

Trust TRUST1 | ,870 | 0,59
TRUST?2 | ,857 ,85 | ,75
NOV1 ,834 | 0,43
NOV2 ,793 | 0,47

Novelty

Value NOV3 888 | 0,42 | 92 | 72
NOV4 ,874 | 0,42
NOV5 ,870

Attitude ATT1 ,926 9 | 81

Towards ATT?2 ,896 |1 0,33 |’ '

Al

Directed ATT3 ,881 | 0,33

Ads

DISCUSSION AND CONCLUSION

Innovative applications are mostly in the field of technology, and it is more difficult for a target
audience that is not comfortable with technology to accept new applications. Applications in
the field of artificial intelligence are developing day by day and new applications are offered to
users. However, “with every technological leap, various questions and concerns come to the
fore. How do consumers, the target audience of advertisements, react to the Al-oriented
approach? Do they appreciate the personalized touch? Or is this approach perceived as too
intrusive for them? Do consumers have a sense of trust in the algorithms that decide which ads
they see? Or is skepticism predominant? And perhaps most importantly, do they understand the
role Al plays in the ads they encounter in their daily lives? There are a limited number of
empirical studies examining consumers' acceptance of artificial intelligence in advertisements
using the Technology Acceptance Model (TAM)” (Sarp 2023: 162-163). In this context, this
current research aims to contribute to this area in the literature.

There are many studies in different fields that investigate the factors affecting people's
attitudes in the process of acceptance of technological innovations. For example, Sharma &
Govindaluri investigated the factors affecting the adoption of internet banking in urban areas
of India. Perceived usefulness, perceived ease of use, social influence, awareness, quality of
internet connectivity and computer self-efficacy are the key determinants of attitude towards
the use of internet banking in urban India (Sharma & Govindaluri 2014). Quazi & Talukder
(2010) found that employees' positive attitudes towards innovation lead to adoption of
technological innovations in the workplace. Najib & Fahma (2020) suggest that the intention to

use digital payments is determined by perceived ease of use, perceived usefulness, digital
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payment attitude and trust. As supported by other studies in the literature, it is accepted that the
ease of use and usefulness of an innovation positively affect the attitudes towards the innovation
in the adoption of an innovation by users (Park 2009; Suki & Suki 2011).

Argan, Ding, Kaya & Argan (2022) examined the behaviors of social media users
towards Al-based advertisements in their study titled Artificial Intelligence (Al) in Advertising:
Understanding and Schematizing the Behaviors of Social Media Users. The study emphasizes
the importance of psychological variables such as perception and learning that affect
consumers' reactions to Al ads. The study suggests that understanding users' reactions to Al ads
can provide managers with opportunities to improve the ad creation process. This is with the
aim of enhancing the customer experience by creating more relevant and compelling advertising

messages.

Today, online retailers need a deeper understanding of how consumers perceive, accept
and trust the use of Al in their web stores. They also need to know how to use Al most
effectively to increase online spending and frequency of online purchases. Because the
importance of time and cost efficiency in shopping has recently become even more critical
(Nagy & Hadju 2021: 156). In this change, the role of advertising content delivered by Al has
become an important factor. Artificial intelligence is increasingly being used in advertising
strategies, offering consumers several advantages. First of all, Al-supported advertising content
draws attention with its ability to offer personalized experiences to consumers. Personalized
ads, which are created by analyzing consumers' past shopping habits, preferences and
behaviors, address users' needs in a more relevant and engaging way. In addition, artificial
intelligence enables better understanding and segmentation of the target audience. This gives
advertisers the opportunity to create a more effective and focused marketing strategy. Thus,
advertising budgets can be used more efficiently and the likelihood of reaching the right

audiences increases.

However, in addition to the advantages of Al-supported advertisements, there are also
some negatives. Consumers may be concerned about the use of their personal data and have
privacy concerns. Moreover, fully automated advertising processes can have a cold effect due
to the lack of human touch. As a result, the integration of Al into advertising strategies must be

carefully managed and designed to provide a valuable experience for consumers.

This study examines the factors affecting consumer attitudes towards advertisements

guided by artificial intelligence. Our study shows some similarities and differences when
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compared with the existing studies in the literature. The findings of this study provide important
contributions to understanding consumer attitudes towards artificial intelligence (Al)-driven
advertisements. As a result of the analysis, perceived usefulness, perceived ease of use and
novelty value were found to have significant and positive effects on consumer attitudes.
However, trust and perceived risk factors did not have a significant effect. These findings are

consistent with some studies in the existing literature, but show some differences.

Our finding that perceived usefulness and perceived ease of use positively affect
attitudes towards Al-directed advertisements is consistent with Davis' (1989) Technology
Acceptance Model (TAM). According to Na Seunguk et al. (2023) technological and
organizational factors positively influence perceived usefulness and perceived ease of use in
Al-based technologies adoption, with higher satisfaction levels leading to higher intention to
use. According to Ho, Yi-Hui et al. (2022) perceived usefulness and ease of use significantly
affect behavioral intention in the adoption of Al-powered online service in the tourism and

hospitality sector.

The finding that perceived novelity value also positively affects consumer attitudes is
in line with Rogers' (2003) Diffusion of Innovations Theory. According to Rogers, perceived
novelty value plays an important role in the adoption of innovations. The fact that Al-directed
ads are perceived as innovative by consumers leads to the development of positive attitudes
towards these ads. This finding suggests that the use of artificial intelligence technologies in
advertising can have a positive impact on consumers. Al technologies in advertising improve
efficiency and meet market demand, consisting of four steps: consumer insight discovery, ad
creation, media planning and buying, and ad impact evaluation (Qin & Jiang 2019).

The lack of a significant effect of trust and perceived risk factors differs from some
studies in the literature. For example, McKnight & Chervany (2001) stated that trust has a
significant effect on consumer behavior in online shopping. However, the lack of a significant
effect of trust factor on attitudes towards artificial intelligence-guided advertisements in this
study may be due to the fact that these technologies are not yet fully understood. This suggests
that consumers do not yet fully trust artificial intelligence-based advertisements and therefore

trust does not have a significant effect on attitudes.

Recent studies show that the use of artificial intelligence technologies in advertising is

increasing and that these technologies have significant effects on consumer attitudes. For
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example, Leszczynski, Salamon & Zielinski (2022) studied the acceptance of artificial
intelligence technologies by advertising agencies and the impact of these technologies on
performance. This study shows that the use of Al technologies in advertising positively affects

consumer attitudes.

In this previous study provides important data to understand consumer attitudes towards
Al-directed ads. The findings highlight the positive effects of perceived usefulness, ease of use
and novelty value, while the effects of trust and perceived risk are not significant. In future
research, it is important to confirm and extend these findings using different datasets and
methodological approaches. Furthermore, to increase consumer trust, Al technologies need to

be better understood and promoted in a transparent manner.
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