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Oz

Bu arastirmada hava tasimacilig1 endiistrisinde yapilmis ve algilanan deger ile miisteri memnuniyeti arasin-
daki iliskiye odaklanan caligmalarin bulgularinin meta analizi ile sentezlenmesi amaglanmistir. Ayrica bu
iliskinin yoniiniin disinda giicliniin de ortaya ¢ikarilarak etki biiyiikliigiiniin saptanmasi hedeflenmistir. Bu
¢alismada WOS veri tabanindan PRISMA 2009 protokolii uygulanarak 163 ¢alisma arasindan dahil etme ha-
ri¢ tutma kriterleri ile birlikte 12 ¢aligma belirlenmistir. Daha sonra her ¢alismalardaki korelasyon katsayilari
(r) belirlenerek Fisher r-z doniistimii ve rastgele etkiler yontemleri kullanilmistir. Bunun sonucunda algila-
nan deger ile miisteri memnuniyeti arasinda pozitif yonde ve giiglii bir iliski oldugu saptanmastir (§ = 0.548, p
<.001). Mevcut arastirma ¢esitli calismalarin bulgularini birlestirerek genel etki biiytikligiinii belirleyerek
bu degiskenler arasindaki iliskinin giictinii daha saglam ve tutarli bir bigimde ortaya koymaktadir.
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Abstract

This study aims to synthesize the findings of research in the air transportation industry that examines the
relationship between perceived value and customer satisfaction through meta-analysis. It also intends to
determine the strength of this relationship by calculating the effect size. A total of 12 studies were selected
from the WOS database using the PRISMA 2009 guidelines from an initial pool of 163 studies based on the
inclusion and exclusion criteria. Correlation coeflicients (r) were extracted from each study and Fisher’s
r-to-z transformation and random effects methods were applied. The analysis revealed a positive and strong
relationship between perceived value and customer satisfaction (f = 0.548, p < .001). By combining the
findings of multiple studies, this research demonstrates the robustness and consistency of the relationship
between these variables through the overall effect size.
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Introduction

In today’s rapidly changing world, human mobility has increased significantly, with people eager to reach their
destinations as quickly as possible when traveling between cities or countries. As a result, air transportation
has emerged one of the most efficient ways to meet this need. However, speed alone is not enough to satisfy
customers (Suprapto and Oetama, 2023, p. 1493-1495). As the service industry has development, customer
expectations have increased significantly, and poor service can lead to dissatisfaction, causing customers to
turn to competitors (Tu, Li, & Chih, 2011; Tu, Lin, & Chang, 2011). This makes customer satisfaction (CS)
essential, particularly in the air transportation sector, where competition is intense and profit margins are
thin (Holloway, 2008, p. 7-10). Although all players in the industry strive to ensure passenger satisfaction,
only a few manage to achieve consistently high levels. These successful companies view CS as a strategic
tool and continually innovate to drive sustainable growth (Chien and Su, 2003, p. 345; N. Kumar, Scheer,
and Kotler, 2000, p. 138). In today’s competitive environment, where CS is paramount, innovations not
only differentiate companies from the competition, but also create added value. At this point, satisfaction
provides a competitive advantage and shapes perceived value (PV) — an important driver of CS (Bazan, 1998,
p. 23; Flint, Blocker, and Boutin, 2011, p. 226-227). The relationship between CS and PV can be examined
through the lens of expectancy-confirmation theory proposed by Oliver (1980). This theory posits that
perceived value, defined as the balance between service benefits and costs, establishes expectations that
subsequently influence satisfaction. Customers evaluate PV by comparing the quality of service they receive
to the sacrifices they make (Zauner, Koller, and Hatak, 2015, p. 4). Therefore, no matter how effective a
company’s innovations may be, their impact is equally dependent on customer perceptions. By examining
the relationship between PV and satisfaction, companies can better understand the effectiveness of their
services and the lasting impression they make on customers (Andersen and Weisstein, 2019, p. 361; Shen,
Xiao, and Wang, 2016, p. 20-21). Numerous studies have examined how PV is related to CS across different
aspects of air transportation services (Hussain, Al Nasser, and Hussain, 2015; Janawade, Bertrand, Leo, and
Philippe, 2015; Lee and Wu, 2011). However, these studies are conducted within specific contexts and focus
on particular topics, providing valuable insights into air transportation. Given the complex structure of the
aviation industry and the associated high customer expectations, systematically reviewing these studies is
essential to enriching the body of knowledge in this field. Calculating the overall effect size of such studies
is especially valuable for assessing the strength of the relationship and informing the development of new
strategies. This requires methods such as meta-analysis, which provide more robust and generalizable results.
Meta-analysis has raerly been applied within the aviation industry. For instance, Bakir (2023) investigated
how service quality impacts CS, whereas Erturgut and Giirler (2023) examined the relationship between
CS and loyalty. However, this study examines on the relationship between PV and CS. The unique aspect
of examining the relationship between PV and CS lies not only in addressing service quality, but also in
considering perceived cost-effectiveness more broadly. Rather than focusing exclusively on the long-term
relationship between CS and loyalty, PV plays a key role in understanding the early stages of CS development.
For this reason, emphasizing the connection between PV and CS is essential to developing value-based
strategies that go beyond traditional, quality-based methods. The aim is to determine the true effect size
of this relationship. Therefore, a meta-analysis was conducted to evaluate the variables in a more objective,
rigorous and unbiased manner (Alfi, 2023, p. 69). The study addresses the following research questions:

1. Does PV have significantly impact on CS in the air transportation industry?
2. What is the effect size of the relationship between PV and CS as indicated by the existing literature?

The paper is organized as follows: Section 2 presents a review of the relevant literature, Section 3 outlines
the research methodology, and Section 4 details the findings of the analysis. The final section explores
the theoretical and practical implications of the study, as well as its limitations and suggestions for future
research.
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Literature Review

Perceived Value

PV is rooted in equity theory, where consumers compare their input/output ratio with that of the service
provider (Adeola and Adebiyi, 2014, p. 69). Although PV has various definitions, the commonly accepted
definition is “the consumer’s overall assessment of the utility of a product based on perceptions of what
is received and what is given” (Zeithaml, 1988, p. 14). According to this definition, PV can be viewed as a
balance in which customers weigh the quality, benefits and other factors they receive against the price and
other sacrifices they make (Mayr and Zins, 2012, p. 358). These sacrifices extend beyond monetary payments
to encompass non-monetary factors, including stress, energy expenditure, and time loss (Rungsrisawat,
Namdej, and Jermsittiparsert, 2019, p. 300). Thus, PV is determined by the balance between perceived costs
and benefits. In this context, it results from customers’ evaluation of the products or services they experience
(Huang, 2023, pp. 4-5).

PV influences purchase behavior by shaping customers’ preferences for products and services (Choi, Huang,
Choi, and Chang, 2020, p. 25). To maximize PV, companies should implement strategies aimed at enhancing it.
These strategies can include activities such as offering discounts and reducing purchase time. Such initiatives
are crucial for establishing a strong connection between the customer and the company;, as their interactions
generate value for the customer (Adeola and Adebiyi, 2014, p. 69). At this point, companies should focus
on addressing the real needs of consumers. Services developed with this approach can significantly increase
customer PV. In this context, there are numerous innovation opportunities for airlines (Huang, 2023, p. 3).
Although various initiatives have been undertaken to increase PV, identifying and measuring post-purchase
PV is essential for a comprehensive evaluation. In this context, researchers have developed several scales to
measure PV. A prominent example is the PERVAL scale by Sweeney and Soutar (2001, p. 216), which consists
of 19 items categorized into 4 dimensions: quality, emotional, price and social value. Over time, different
scales have emerged for different sectors. For example, a 22-item scale was developed to measure the PV of
sports services, focusing on social, functional, emotional and economic value (Sevilmis, Ozdemir, Garcia-
Fernandez, and Zhang, 2024, p. 15). Similarly, the MVAL-SCALE, developed to measure PV in mobile
commerce, covers the dimensions of utilitarian, interaction and credibility (Dastane, Goi, and Rabbanee,
2023, p. 18). When looking at the aviation sector, it is noticeable that no industry-specific scale has yet
been developed. However, PV in air transportation has been assessed by adapting scales from other studies.
These adaptations are tailored to the unique dynamics of the sector and allow researchers to explore the
relationship between PV and other variables. Studies on PV in air transportation have considered factors
such as expectations (C. E Chen, 2008), service quality (Boonchunone, Nami, Tus-u-bul, Pongthavornvich,
and Suwunnamek, 2021; L. Chen, Li, and Liu, 2019; Choi et al., 2020; Hapsari, Clemes, and Dean, 2016)
and brand awareness (L. Chen et al., 2019) as antecedents of PV. In other ways, word of mouth (Giirler and
Ertugut, 2018; Mayr and Zins, 2012; Pappachan, 2023), loyalty (Boonchunone et al., 2021; Llach, Marimon,
del Mar Alonso-Almeida, and Bernardo, 2013; Mayr and Zins, 2012), reputation (Mayr and Zins, 2012),
satisfaction (Adeola and Adebiyi, 2014; C. F. Chen, 2008; Choi et al., 2020; Giirler and Ertugut, 2018; Hapsari
et al., 2016; Mayr and Zins, 2012; J.-W. Park, Robertson, and Wu, 2006), image (J.-W. Park et al., 2006) and
repurchase intention (L. Chen et al., 2019) are observed as consequences of PV. The literature review shows
that the relationship between PV and CS is frequently studied. Therefore, a meta-analysis of these variables
is expected to provide important insights.

Customer Satisfaction

CS is a critical factor for success in competitive markets. It is considered a fundamental performance
standard for organizations striving to achieve their goals (Hussain et al., 2015, p. 167). In recent years, this
topic has attracted significant attention in the literature. Conceptually, CS is a cognitive response resulting
from the evaluation of a purchased service along with its cost (E. Park et al., 2019, p. 371). Satisfaction varies

186



AUSBD, 2025; 25(1): 183-200

depending on the service received and individual perception. Generally, satisfaction arises when a product
or service meets the customer’s needs, while dissatisfaction arises when those needs are not met. (Khan and
Khan, 2014, p. 64).

CS can be further understood through expectancy disconfirmation theory (Oliver, 1980, p. 460). According
to this theory, consumers form certain expectations before purchasing a product or service (e.g. an airline
service). These expectations serve as a standard against which the actual service is compared. As a result,
consumers may experience confirmation (satisfaction) positive confirmation or disconfirmation depending
on the outcome (Sezgen, Mason, and Mayer, 2019, p. 66).

The slogan “The customer is always right” is often heard in everyday life and underlines the importance
of high CS. It is not enough to satisfy customers to a certain degree, but they must be extremely satisfied.
Achieving this can foster long-term relationships and result in customer loyalty (Hussain et al., 2015,
p. 167). It is crucial to remember that CS is dynamic and can change over time, so regular evaluation is
essential. If expectations are not continually met, customer attrition can occur. To avoid this, companies
must regularly measure customer expectations (Khan and Khan, 2014, p. 64).Various methods are used to
measure CS, particularly in the airline industry, where approaches such as the logit model (Agarwal and
Gowda, 2021; An and Noh, 2009), machine learning (S. Kumar and Zymbler, 2019; Mirthipati, 2024) and
structural equation models (Farooq, Salam, Fayolle, Jaafar, and Ayupp, 2018; Hussain et al., 2015; Simsek
and Demirbag, 2017) multiple criteria decision analysis (Chou, Liu, Huang, Yih, and Han, 2011; Tsafarakis,
Kokotas, and Pantouvakis, 2018) are used. These methods not only evaluate current satisfaction levels, but
also predict future trends.

In the air transportation industry, measuring CS is critical for five main reasons. First, it improves
communication with passengers from different customer segments. Second, it evaluates whether the services
meet expectations. Third, areas with potential for improvement are identified. Fourth, it enables airlines to
evaluate their strengths and weaknesses relative to their competitors. Finally, increased CS also increases
employee motivation (Lucini, Tonetto, Fogliatto, and Anzanello, 2020, p. 2).

Method
Meta-Analysis

This study used meta-analysis, a quantitative method for systematically analyzing and comparing results
from different studies, to examine the relationship between PV and CS and reveal the true relationships
between these variables. Its importance lies in providing a quantitative basis for selecting variables and
understanding their relationships for future research based on a comprehensive literature review (Zhu, Liu,
and Dong, 2022, p. 271).

Meta-analysis systematically combines different studies into a single design (Dekkers, 2018, p. 658). This
approach helps determine whether variations in effect sizes are attributable to a single population effect by
combining effect sizes from multiple studies (Alfi, 2023, p. 69). Essentially, it is a statistical analysis that aims
to produce generalizable results through the synthesis and reinterpretation of results from multiple studies
(Atalay, 2019, p. 434). This process allows for the elimination or reduction of errors within a single study,
and by minimizing interpretive discrepancies between studies, more universal conclusions can be drawn
(Zhu et al,, 2022, p. 271). Studies included in a meta-analysis must meet certain criteria. Studies must be
primarily experimental as meta-analyses cannot be used to summarize theoretical research (Atalay, 2019, p.
434). The methodology can be applied to different areas such as medicine and tourism and the results can
be transferred to a broader context.

To conduct a meta-analysis, several steps must be followed. First, the research question is defined, followed
by a thorough literature search. The data collected is then coded and statistically evaluated and the results
are finally discussed.
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Inclusion and Exclusion Criteria

The research included studies that examined the relationship between PV and CS in the air transportation
industry. Since the 1980s, with increasing competition in air transportation, customer perceptions of
services developed with a customer-centric approach have been measured. Therefore, the research focuses
on studies conducted between 1980 and 2024 and published in the Web of Science (WOS) database. Peer-
reviewed articles and book chapters within this time frame were included. In addition, proceedings and
review articles were excluded, and only full-text studies written in English were included.

Data Collection

Literature review studies often encounter biases or gaps in identifying all relevant research. The PRISMA
protocol, developed in 2009, is used to minimize this. This protocol systematically identifies studies based
on inclusion and exclusion criteria, ensuring a comprehensive scan of relevant research to answer specific
questions (Rethlefsen et al., 2021, p. 2). The PRISMA protocol was also used in this review. It serves as a
guide for authors to transparently document what they have done, found and planned as part of a review
(Sarkis-Onofre, Catala-Lopez, Aromataris, and Lockwood, 2021, p. 1).

Studies were retrieved from the WOS database, which was selected for its ease of accessibility, access and
indexed content. After logging in to WOS, the following search terms were used (“customer satisfaction”
or “satisfaction” or “consumer satisfaction” or “passenger satisfaction”) AND perceived value AND (“airline
industry” or “airline” or “air transportation” or “aviation” or “aviation industry” “airways”). The search
covered the years 1980 to 2024 and resulted in 163 documents. A duplication test was conducted to eliminate
duplicate documents. The results were exported from WOS and uploaded to Mendeley to ensure that no
duplicates remained. Proceedings and reviews were then excluded, focusing only on studies written in
English. After applying the necessary filters, 145 studies remained. Each study was then manually reviewed
according to systematic criteria. In order to ensure a systematic approach to this review, a specific set of
criteria must be followed. The literature review showed that the criteria were comprehensively addressed
in Bakur’s (2023, p. 237) study. In this study, the same criteria were applied to determine which studies to
include:

* If a correlation coefficient was not reported, the coeflicient of determination (R*) was converted to (r)
* The validity and reliability of the scales used were ensured.

*  Variables were analyzed unidimensionally. For multidimensional operationalization, the correlation
coefficient of the general components had to be provided.

* Sample sizes were reported in the included studies.
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Figure 1. The Prisma Process

Based on these criteria, 12 studies were selected from the original pool of 145 studies for inclusion in the
meta-analysis. It is generally accepted that the inclusion of at least three studies in a meta-analysis is sufficient,
and it is considered adequate if the total sample size exceeds 999 (Herbison, Hay-Smith, & Gillespie, 2011,
p.145; Okan, 2024, p.201). Therefore, the selection of 12 studies is considered appropriate for this research.
Furthermore, the inclusion of 12 studies increases the validity and reliability of the findings and allows a
more comprehensive view of the results. The selected studies, along with their correlation coefficient (r)
values and sample sizes, are listed in Table 1.
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Table 1

Selected Studies on the Correlation Between Perceived Value and Customer Satisfaction

PERCIEVED Correlation
SATISFACTION S 1
VALUE Coefficient (r) ampre

(Shen et al., 2016) Perceived Value Passenger Satisfaction 0.438 642
(Andersen and Weisstein, Perceived service Passenger satisfaction 0.690 186
2019) value
(Wehr}er, Lop ez.—Bomlla, Perceived value Customer satisfaction 0.437 1523
and Lopez-Bonilla, 2022) Perceived '
(Lee and Wu, 2011) v:lrlj:lve service Service Satisfaction 0.470 715

<facts th ai
(Han, Yu, and Kim, 2018)  Perceived value Satisfaction wit L altp ort 0.629 375

) i ) duty-free shopping
(Forgas, Palau, Sanchez, Offline Perceived E_satisfaction 0.302 1203
and Huertas-Garcia, 2012) \lgalue_ d ) '
(Luo and Lee, 2011) V:lrlcl::we service Service Satisfaction 0.470 715
(2](3)ié§rra and Gomes, Perceived Value Passenger Satisfaction 0,062 335
(Choi et al., 2020) Perceived Value Satisfaction 0.784 556
Percei lue of isfacti ith
(Janawade et al,, 2015) ercelyed value o Satisfaction (Wlt' 0.429 97
the alliance respect to the alliance)

(Yuan et al., 2021) Perceived Value Passenger Satisfaction 0.630 1345
(Hussain et al., 2015) Perceived Value Satisfaction 0.378 253

Analysis and Findings

Data Analysis

The meta-analysis of the selected studies was conducted using the Jamovi program. Jamovi was chosen for
its accessibility as a free program and its user-friendly interface, which makes it easier for researchers to
conduct meta-analyses. To enable meta-analyses in Jamovi, the MAJOR plugin, which is also available free
of charge, was installed. Several key analyses were performed using this open-source statistical software,
including publication bias assessment, heterogeneity testing, and application of the random effects model.

Publication Bias Assessment

Meta-analyses can be affected by publication bias, where studies with significant results are more likely to be
included, while those with non-significant results may be excluded. Such selective inclusion can distort the
overall effect size, potentially inflating or underestimating the true effect (Erturgut and Gurler, 2023, p. 5).
This study used several techniques to assess publication bias, including the funnel plot, fail-safe N, Begg and
Mazumdar rank correlation, Egger’s regression, and trim and fill tests. These methods help ensure a more
comprehensive and unbiased representation of the studies included in the meta-analysis.
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Figure 2. Representation of Publication Bias Through a Funnel Plot

A funnel plot is a visual tool for assessing publication bias, with the dots representing individual studies and
providing insight into the symmetry and distribution of the data, thereby indicating the presence of bias
(Terrin, Schmid, and Lau, 2005, p. 894). In this study, no visible signs of publication bias were observed
when examining the funnel plot. The variations observed between studies appeared to be reasonable and
within expected limits. This suggests that the results are balanced and reliable. However, as the funnel plot
alone does not provide a definitive assessment of publication bias, other tests were used in this study to
ensure robustness.

Table 2

Publication Bias Assessment

Test Name value p
Fail-Safe N 9186.000 <.001
Begg and Mazumdar Rank Correlation 0.108 0.630
Egger’s Regression -0.039 0.969
Trim and Fill Number of Studies 0.000

Note: Fail-safe N Calculation Using the Rosenthal Approach

Table 2 shows the results of the tests used for publication bias assessment, with the exception of the funnel
plot. The Fail-Safe N test estimates how many studies with null or negative effect sizes would need to be
included in the meta-analysis to invalidate its results (Fragkos, Tsagris, and Frangos, 2014, p. 2). According
to Rosenthal’s Fail-Safe N approach, 9,186 studies would need to be added to invalidate the significance of
this meta-analysis. This large number suggests that the results of the study are robust and not affected by
publication bias. The Begg and Mazumdar rank correlation test assesses the relationship between effect sizes
and standard errors (Cassey, Ewen, Blackburn, and Moller, 2004, p. 452). For this test, a p-value of 0.05 or
lower in this test indicates a statistically significant relationship between effect sizes and standard errors,
suggesting the potential presence of publication bias (Begg & Mazumdar, 1994, p. 1095). The test showed
a very low correlation coefficient of 0.108 and a non-significant p-value of 0.630, indicating no evidence of
publication bias. Egger’s regression test evaluates the asymmetry of the funnel plot to detect publication bias
(Ye, Huai, Ding, Chen, and Sun, 2013, p. 8785). The p-value of this test was 0.969, which is greater than 0.05,
indicating no significant asymmetry and therefore no publication bias (Okan, 2024b, p. 203). In addition,
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the coefficient of -0.039, which is very close to zero, suggests that the funnel plot is highly symmetric. Finally,
the Trim and Fill test estimates how many studies are missing from the funnel plot to ensure symmetry
(Duval and Tweedie, 2000, p. 456-457). The analysis found zero missing studies, indicating that no studies
are missing, further supporting the absence of publication bias. In summary, the combination of a high fail-
safe N, the non-significant results of the Begg and Mazumdar and Egger’s regression tests, and the zero Trim
and Fill number strongly suggests that there is no or minimal publication bias in this meta-analysis.

The heterogeneity test is an important part of meta-analysis and serves as a key factor in interpreting
research findings and ensuring the reliability of the results (Friede, Rover, Wandel, and Neuenschwander,
2017; Kulinskaya, Dollinger, and Bjorkestel, 2011). This test assesses the extent to which the effect sizes of
the included studies differ, thus revealing the consistency or inconsistency of the findings. It also helps to
determine whether a fixed-effects or random-effects model should be used in the meta-analysis. Therefore,
the heterogeneity test plays an important role in selecting the appropriate model and improving the quality
of the meta-analysis (Borenstein, 2023, p. 1-3).

Table 3
Heterogeneity Statistics
Tau Tau?® I? H? df Q P
0.258 0.0666 (SE= 0.0295 ) 97.68% 43.021 11.000 389.911 <.001

Table 3 shows the results of the heterogeneity statistics. Tau and Tau® are commonly used to measure
heterogeneity. Tau® estimates the variance in effect sizes across studies, while Tau is the standard deviation
of this variance (Swargiary and Kadali, 2023, p. 6). In this study, the Tau® value of 0.0666 indicates some
heterogeneity, although it is not extremely high. The Tau value of 0.258 reflects the average deviation of
the study effects from the overall mean effect size. I measures heterogeneity as a percentage and indicates
how much of the total variation in effect size is due to heterogeneity rather than chance (Naaktgeboren et
al., 2016, p. 6). In this case, an I? value of 97.68% suggests that almost all of the variation between studies
is due to heterogeneity, which means that there are significant differences in the study results. H* assesses
the proportion of heterogeneity that is due to true differences between studies rather than sampling
variability (Xu, Deng, Xu, and Gu, 2024, p. 8). An H? value greater than 1 indicates heterogeneity, and
in this study the H? value of 43.021 suggests that a substantial proportion of the variation is due to real
differences between studies rather than random chance. Finally, the Q test assesses whether the observed
heterogeneity is statistically significant (Erdogan and Kanik, 2011, p. 75). In this study, the Q-test results
(Q (11) = 389.911, p < .001) indicate significant heterogeneity (Xu et al., 2024, p. 8). The threshold value
for 11 degrees of freedom at the .05 significance level (x*) is 22.362, confirming that the heterogeneity is
statistically significant. Given the high heterogeneity observed, the random effects model was considered
appropriate for this meta-analysis. The results of the Tau?, I?, H? and Q tests together indicate considerable
variability between studies, suggesting that the differences are due to real variation in research results rather
than random sampling error.

Random Effects Model

The distribution of data in the study determines the analysis model to be applied. A random effects model
is used for heterogeneous data distributions, while a fixed effects model is applied for homogeneous data
distributions (Okan & Agag, 2023, p. 383). The relationship between PV and CS was analyzed using the
random effects model, which combines effect sizes from various studies to calculate a reliable average. This
model considers variability across studies by assigning weights to each, enabling a more precise estimation
of the average effect size (Benligiil, Bektas, and Arslan, 2022, p. 91). This study investigated effect sizes that
represent the relationship between PV and CS, using correlation coefficients to quantify the effect size. Effect
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sizes reflect the strength of the relationship between two variables, and their interpretation depends on the
size. According to Cohen et al. (2007), an effect size of 0-0.10 indicates a small effect, 0.10-0.30 a modest
effect 0.30-0.50 a moderate effect 0.50-0.80 a strong effect, and >0.80 a very strong effect.

Table 4
Random Effect Model
Estimate SE Z p CI Lower Bound CI Upper Bound
Intercept 0.548 0.0760 7.21 <.001 0.399 0.697

Note. Tau? Estimator: Restricted Maximum-Likelihood

Table 4 presents the results of the effect size calculations using the random effects model. The overall effect
size was found to be 0.548 and ranges from 0.50 to 0.80, suggesting a strong effect. Consequently, the results
of the meta-analysis show a robust association between PV and CS.
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Figure 3. Forest plot

The forest plot visually represents the effect sizes of each individual study. Each row in the plot represents
a study and shows the effect size (black square) and associated confidence interval (black bar). Effect sizes
range from 0 to 1, and the forest plot provides a visual comparison of these values (Lewis and Clarke, 2001,
p. 1479). Choi et al. (2020) show a high effect size of 1.06 [0.97, 1.14], indicating a very strong relationship
between PV and CS in their results. In contrast, Bezerra and Gomes (2019) report a much smaller effect
size of 0.06 [-0.05, 0.17], indicating a weak or negligible effect. In terms of confidence intervals, studies with
narrower confidence intervals have more reliable results (Andersen and Weisstein, 2019), while those with
wider intervals indicate less certainty in the findings (Bezerra and Gomes, 2019; Janawade et al., 2015).
At the bottom of the forest plot is the overall effect size and confidence interval, which in this study was
calculated as 0.55 [0.40, 0.70]. This overall result aligns with the findings of the random effects model,
further reinforcing the conclusion of a strong relationship between PV and CS.

Conclusion

The study contributes to the literature by providing an industry-specific perspective, examining the
relationship between PV and CS within the air transportation industry. The effect size of 0.548 highlights
the central role of PV in enhancing CS and strengthens the applicability of theoretical models in this
context. These findings are also consistent with previous studies (C. E Chen, 2008; Lopentus & Erdiansyah,
2020; Okan, 2024b, 2024a). The results enrich the literature in several ways. First, the identification of
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an effect size of 0.548 highlights the significant role of PV in shaping CS. These findings are consistent
with Zeithaml’s (1988, p. 4) theoretical models, which suggest that customers continually evaluate the cost
of a product or service against the benefits received, ultimately resulting in satisfaction or dissatisfaction.
Zeithaml points out that customer value is a primary driver of satisfaction, and this study confirms the
validity of this argument. Secondly, the findings support the expectancy confirmation theory of CS, which
posits that satisfaction is largely based on customer expectations (Oliver, 1980, p. 460). Since PV is a critical
factor in shaping these expectations, the theory suggests that PV directly affects CS. As PV increases, CS also
increases. This study is notable for quantifying the effect size of this relationship in the air transportation
industry. Third, the relationship between PV and CS also supports models that emphasize the role of value-
based approaches in influencing satisfaction. For example, the value-satisfaction-loyalty chain model argues
that PV drives satisfaction, which in turn influences post-purchase behavior, including loyalty. In particular,
it is emphasize that increased CS promotes loyalty (Gallarza, Arteaga-Moreno, Del Chiappa, & Gil-Saura,
2016;Gallarza, Arteaga, & Gil-Saura, 2019; Gallarza, Gil Saura, & Arteaga Moreno, 2013). In this context,
PV can be considered a key lever for increasing satisfaction in the airline industry.

The research provides valuable insights for both airport and airline managers. By providing a broader
perspective on the relationship between PV and CS, the study provides managers with comprehensive
information to implement improvements in various areas. These efforts should focus on increasing CS
through a value-based approach, which includes strategies such as value pricing and loyalty programs.
Looking at processes from the perspective of value creation offers opportunities in all areas of the air
transportation industry. For instance, value-based pricing can contribute to profitability by improving the
customer experience. Moreover, introducing new experiences that delivery value to customers can increase
PV while meeting their needs and desires. In addition, offering various promotions and benefits through
loyalty programs can strengthen long-term relationships with customers, further increasing PV. A customer-
centric approach, particularly in areas that involve direct contact with passengers, is essential to effectively
communicate value. By focusing on these areas, PV can be increased, leading to higher CS. This in turn can
help maintain a competitive advantage and improve profitability.

As with any research, this study has certain limitations. First, it focuses exclusively on the air transportation
industry and only includes English full-text articles and book chapters available in the WOS database.
Future studies that include studies in other languages and from other databases are essential to obtain
more comprehensive results. In addition, extending the research to other sectors such as tourism, banking
and retail would lead to a more comprehensive understanding of the relationship between PV and CS.
Secondly, this study only focuses on the relationship between PV and CS. Future research could explore the
influence of other variables, such as trust, on CS. Factors such as business model, culture and gender could
also be investigated as potential moderator variables to assess their impact on CS. Thirdly, this study used
the Jamovi program for the meta-analysis. While Jamovi is sufficient for basic meta-analysis purposes, more
complex analyses may require additional software. Programs such as Stata and R could expand the scope of
the analyses and provide more detailed and nuanced results.
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Genisletilmis Ozet
Amag

Hava tasimaciliginin farkl alanlarindaki hizmetlere iligkin olarak algilanan deger ile miisteri memnuniyeti
degiskenleri arasindaki iligkiyi ele alan ¢ok sayida ¢aligma yapilmistir. Ancak, bu ¢alismalarin sistematik bir
sekilde incelenmesi ve mevcut bilginin daha derinlemesine gelistirilmesi kritik bir 5neme sahiptir. Ozellikle
bu alandaki ¢aligmalarin genel etki biiyiikliigiiniin hesaplanmasi, iliskinin kuvvetini belirleme ve yeni
stratejiler gelistirme agisindan oldukea faydalidir. Bu arastirma, algilanan degerin miisteri memnuniyeti
tizerindeki etkisini ve gercek etki biiyiikliigiinii anlamay1 amaglamaktadir. Ilgili degiskenler arasindaki
iliskiyi daha nesnel, saglam ve yanliliktan uzak bir bicimde degerlendirebilmek i¢cin meta-analizinin
yapilmasi hedeflenmistir. Bu dogrultuda arastirma, “Algilanan deger, hava tasimacilig1 endiistrisinde miisteri
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memnuniyeti tizerinde 6nemli bir etkiye sahip midir?” ve “Mevcut alan yazina dayanarak algilanan deger
ve miisteri memnuniyeti degiskenleri arasindaki iliskinin genel etki biyiikliigli nedir?” sorularina cevap
aramastir.

Tasarim ve Yontem

Bu arastirma, algilanan degerin miisteri memnuniyeti iizerindeki etkisini incelemek amaciyla meta-analiz
yontemini kullanmistir. Meta-analiz, genel olarak alan yazindaki farkli ¢aligmalarin sonuglar1 arasindaki
farkliliklar: sistematik bir sekilde analiz etmek, karsilastirmak ve degiskenler arasindaki gercek iliskileri
ortaya koymak i¢in yapilan bir niceliksel analizdir. Meta-analizinin 6nemi, alan yazin taramas: temelinde
sonraki yapilacak calismalar icin degiskenlerin secimi ve degiskenler arasindaki mevcut iligki icin nicel bir
temel saglamasidir. Dolayisiyla, arastirma uygulamali bir ¢alisma niteliginde olup kesisimsel bir tasarim
benimsemistir. Bu tasarim ile mevcut alan yazininda yer alan farkli ¢aligmalardan elde edilen bulgular:
sistematik olarak bir araya getirerek daha genellenebilir sonuglar elde etmeyi amaglamaktadir. Arasgtirmanin
ana kiitlesini, hava tasimacilig1 alaninda algilanan deger ve miisteri memnuniyeti arasindaki iligkiyi ele alan
hakemli tam metin galigmalar kapsamaktadir. Bu arastirmada, 1980-2024 yillar1 arasinda hava tagimacilig
alaninda yapilmis, Web of Science (WOS) veri tabanindaki Ingilizce tam metin makalelere ve kitap
boliimlerine odaklanilmigtir. Veri toplama siirecinde PRISMA protokolii uygulanmis ve bu sayede alan
yazindaki ¢alismalar belirli bir sistematik temelde taranmigtir. WOS veri tabaninda gergeklestirilen tarama
sonucunda 163 calismaya ulagilmistir. Daha sonra elde edilen ¢aligmalar arasinda herhangi bir benzerlik
olup olmadig1 konusunda Mendeley programi kullanilarak kontrol saglanmistir. Sonraki siirecte, belirlenen
kriterler dogrultusunda arastirmaya dahil edilecek ¢aligmalar saptanmigtir. Bu dogrultuda, 12 ¢alismanin
belirlenen kriterleri sagladig1 ve arastirma igin uygun oldugu belirlenmistir. Meta-analizde, etkilerin
bitytikliigiint belirlemek amaciyla farkli caliymalardan elde edilen korelasyon katsayilar: (r) kullanilmustir.
Bu kapsamda, analizler Jamovi yaziliminin MAJOR eklentisi araciligiyla gerceklestirilmistir.

Bulgular

Jamovi programi kullanilarak yapilan meta analizi kapsaminda, yaymn yanliliginin ve heterojenligin
degerlendirilmesi amaciyla ¢esitli testler uygulanmistir. Degerlendirme sonucunda elde edilen huni grafigi,
belirgin bir yanlilik goézlemlenmedigini gostermektedir. Bu durumu desteklemek i¢in huni grafiginin
yani sira farkli testler de gergeklestirilmistir. Ayrica, Rosenthal'in Fail-Safe N yaklasim: kullanilarak,
arastirmanin sonuglarini zayiflatmak ve anlamliligi ortadan kaldirmak icin 9186 ek calismaya ihtiyag
duyuldugu saptanmis; elde edilen sonuglarin yayin yanliligina dayanarak ¢arpitilmadigi belirlenmistir.
Begg and Mazumdar sira korelasyon testi ile calismalarin etki biiytikliikleri ile standart hatalar1 arasindaki
iliski incelenmis ve korelasyon katsayisinin 0.108 oldugu, dolayisiyla ¢ok diisiik bir iliski bulundugu
belirlenmistir. Huni grafiginin asimetrisini incelemek amaciyla Egger’in regresyon testi uygulanmis ve
0.969’luk p degeri ile asimetri tespit edilmemistir. Trim and Fill saysi sifir olarak bulunmus, boylece huni
grafiginde herhangi bir yanlilik olmadig1 ortaya konmustur. Daha sonra heterojenlik testi ile ¢alismalardan
elde edilen etki biyikliklerinin farklilik gosterip gostermedigi incelenmistir. Bu test sonucunda
(Q(13)=327.760, p<.001) olarak belirlenmis ve (x2) tablosunda 13 serbestlik derecesi igin esik degeri .05
(a) anlamlilik diizeyinde 22.362 olarak bulunmustur. Boylece Q testi ile ¢alismalar arasinda heterojenlik
gozlemlenmistir. Bu nedenle, meta analizine ait modelin rastgele etkiler modeline gore incelenmesi gerekli
goriilmiistiir. Rastgele etkiler modeli, ¢alismalardan elde edilen etki biiyiikliiklerini birlestirerek ortalama
deger hesaplanmasinda kullanilmaktadir. Rastgele etkiler modeli ile yapilan analiz sonucunda, algilanan
deger ile miisteri memnuniyeti arasindaki etki bityiikliigii 0.548 olarak hesaplanmistir. Bu deger, Cohen’in
etkilerin siniflandirmasina gore giiclii bir etkiyi temsil etmektedir. Arastirmada ayrica, orman grafigi ile her
bir ¢aligmanin etki biyiikliikleri ve giiven araliklar: ortaya konmustur.
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Sinirliliklar

Her calismanin sahip oldugu bir takim sinirliliklar bu ¢alismada da bulunmaktadir. Ilk olarak, bu ¢alisma
yalnizca hava tasimacilifi endiistrisine odaklanmig ve WOS veri tabaninda yer alan Ingilizce tam metin
makaleler ile kitap boliimlerini igermistir. Gelecek arastirmalarda, farkl dillerdeki ve veri tabanlarindaki
calismalarin da dahil edilmesiyle daha kapsamli sonuglar elde edilebilir. Ayrica, turizm, bankacilik ve
perakendecilik gibi farkli sektorlerde yapilacak ¢alismalar, algilanan deger ile miisteri memnuniyeti arasindaki
iliskiyi daha iyi agiklamak agisindan kritik 6neme sahiptir. Ikinci olarak, bu ¢caligma sadece algilanan deger ve
miisteri memnuniyeti degiskenleri arasindaki iliskiye odaklanmistir. Gelecek aragtirmalar, giiven gibi farkli
degiskenlerin miisteri memnuniyeti {izerindeki etkilerini inceleyebilir. Ayrica, is modeli, kiiltiir ve cinsiyet gibi
faktorler, moderator degiskenler olarak ele alinarak incelenebilir. Ugiincii olarak, bu ¢aligmada meta-analizin
uygulanmasinda Jamovi programi kullanilmistir. Jamovi, meta-analiz i¢in yeterli bir program olmakla birlikte,
daha karmasik analizler icin gelecekteki calismalarda Stata ve R gibi programlar da kullanilabilir.

Oneriler

Aragtirmadan elde edilen sonuglar, hem havayolu hem de havaalani yoneticileri i¢in 6nemli katkilar
saglamaktadir. Arastirma bulgulari, algilanan deger ve miisteri memnuniyeti degiskenleri arasindaki iligkiye
dair kapsamli bilgiler sunarak genis bir perspektif ortaya koymaktadir. Bu dogrultuda, yoneticilerin degiskenler
arasindaki gii¢lii iliskiye dayanarak cesitli alanlarda hizmet iyilestirmeleri yapmalar1 miimkiindiir. Deger
temelli bir yaklasimin benimsenmesi, fiyatlandirmadan miisteri sadakati programlarina kadar bir¢ok alanda
miisteri memnuniyetini artirmay1 gerektirmektedir. Deger temelli yaklagim, hava tagimacilig1 endiistrisinde
birgok firsat sunmaktadir. Miisterilere sunulan deneyimlerin iyilestirilmesi, deger temelli fiyatlandirma
stratejilerinin gelistirilmesine yardimci olabilir ve bu da kéarlilig1 olumlu yonde etkileyebilir. Ayrica, sadakat
programlari araciligiyla miisterilerle uzun vadeli iliskiler kurmak i¢in gesitli kampanya ve firsatlar sunulmast,
algillanan degeri artiran 6nemli unsurlar arasinda yer alabilir. Sonug olarak, 6zellikle yolcularla temas edilen
durumlarda, onlara deger sunabilecek miisteri merkezli bir bakis agisina ihtiya¢ duyulmaktadir. Bu yaklasim,
hem algilanan degerin artirilmasina hem de miisteri memnuniyetinin saglanmasina katkida bulunacaktir.
Boylece, artan karlilikla birlikte rekabet¢i avantaj stirdiirtilebilir hale gelecektir.

Ozgiin Deger

Bu ¢alismanin 6zgiin degeri, hava tasimacilig1 endiistrisinde ilgili degiskenler arasindaki iliskiyi nicel olarak
ortaya koymasidir. Meta-analiz sonucunda belirlenen bu iliski, 0.548’lik bir etki biiytikligi ile degiskenler
arasindaki pozitif yondeki giiclii iliskiyi net bir sekilde ortaya koymaktadir. Bu dogrultuda, algilanan degerin
miisteri memnuniyeti tizerindeki 6nemli roliinii vurgulayarak alan yazina dnemli katkilar saglamaktadr.
Bunun yaninda, ¢alismanin diger bir 6zgiinliigii, hava tasimacilig1 endiistrisinde yapilmis ¢alismalar: bir
araya getirip kapsamli bir degerlendirme sunmasi ve bunu meta-analiz yontemiyle yapmasidir. Boylece
metodolojik olarak, degiskenler arasindaki iligkiyi daha saglam ve giivenilir bir sekilde ortaya koymasi
bakimindan degerlidir. Son olarak, aragtirma bulgularinin beklenti dogrulama teorisi gibi modellerle
uyumlu olmasi hava tagimacilig1 endiistrisinde ilgili degiskenler arasindaki iliskiyi daha derinlemesine
anlama olanag1 saglamaktadir.
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