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Abstract Foreign language education is one of the prominent requirements. Undergraduate students at the Faculty
of Tourism are offered the opportunity to learn a second foreign language, which will contribute to their
professional lives. However, this second foreign language, which is taught from the beginner level, cannot
contribute to the students’ professional lives at a desired level unless it includes professional technical
terms related to their profession. For this reason, foreign language education books should include field
words related to the professional field to a certain extent. This study examines the suitability of foreign
language education books used at the basic level in Russian and Japanese courses from the scope of
their field speciality. First, the frequently used words in the fields of “Tourism and Hotel Management”
and “Tourism Guidance” were determined and set as the keywords. Then, depending on these keywords,
other frequently used words were obtained using machine learning and natural language processing
techniques. For this purpose, we used Python’s Gensim library, and we established corpuses of word
vectors consisting of both the keywords and the near-distanced words to these keywords in each field with
the help of pre-trained word vector models. This study revealed statistically to what extent the textbooks
currently used contain the domain-specific vocabulary in the field.
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Tourism is a rapidly growing sector worldwide and in Turkey. The increase in the number of tourists
coming to Turkey and the growth in the income obtained from the sector at the same rate are also related
to the employees’ foreign language skills to a certain extent. Inadequate language education can negatively
affect tourist satisfaction and country promotion. In this regard, Balci (1998) mentioned that foreign
language education is not provided at a sufficient level in higher education institutions in our country.
Therefore, sector employees cannot sufficiently satisfy tourists coming to the country, and thus, our country
cannot be fully promoted (see isigiizel, 2013; Balci, 1998).

Foreign language education is one of the most important elements in business life. The efficiency of
foreign language education depends on many factors, such as the methods used, teaching staff, physical
conditions, and the use of the right materials, as well as on the acquisition of vocabulary appropriate for
the targeted sector. Textbooks are at the center of the education process and provide content for students.
In this context, foreign language textbooks prepared for tourism undergraduate students are also required
to include relevant knowledge, skills, and relevant vocabulary as well.

Related Studies

This study examines the suitability of basic-level Japanese and Russian textbooks taught as elective
second foreign languages in Tourism Faculties for the field of tourism. Many studies have been conducted
on the suitability analysis of textbooks (see Demirel, 2013; isci, 2012; Celik, 2011; Beyazit, 2013). However, it is
quite difficult to come across a similar field-focused study that specifically addresses the field of tourism.
Although this issue has been addressed in a similar way in Balci and Metin (2019), only English as a foreign
language has been examined.

For example, in Balci and Metin (2019)'s study investigating the suitability of English textbooks for tourism
undergraduate students, various sections of the textbook were examined using the scanning method and
the relevant data (visual, exercise, topic, word preference) were collected and analyzed using the content
analysis method. The words and concepts in the texts were examined and evaluated according to criteria
such as:

« Cultural and educational appropriateness

- Target age group of the topics

 Gender equality

- Listening, speaking, writing, and reading skills

» Vocabulary

* Cultural comparison

- Professional knowledge and weighted professions
- etc.

(Balci and Metin, 2019)

The textbook examined in Balci and Metin (2019) is suitable for the field in terms of vocabulary; it
includes sufficient words related to the most frequently used concepts in the tourism sector, such as
hotel and hotel management, touristic activities, travel, cultural characteristics, food and beverage, self-
promotion, communication, shopping, trip, and restaurant. In this context, a student who completely learns
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the textbook in question will flawlessly learn the vocabulary groups he/she will need regarding tourism.
This situation is also directly proportional to the fact that English education has a very long and deep-
rooted history. However, the situation is quite different for Russian and Japanese, which are taught as second
foreign languages in Tourism Faculties. Compared to English, Japanese and Russian, which do not have a
deep history like English language education, are still in their infancy in terms of foreign language education
in Turkey.

From this point of view, it is normal not to come across any preliminary studies investigating the
suitability of Russian and Japanese textbooks for the field of tourism, and this study aims to fill this gap to
a certain extent.

Natural language processing and programming techniques were used in the study. The textbooks «Minna
no Nihongo-1 and 2» for Japanese and «Doroga v Rossiyu-1» for Russian were used as examples, and the
degree to which the vocabulary in these books matches the words used in the professional field was
evaluated. On the other hand, the study differs from previous studies in that it addresses both Japanese
and Russian, and it utilizes NLP and programming techniques, as well.

In the study, first 2 fields were determined as «Tourism and Hotel Management» and «Tourism Guidance».
Subsequently, 186 field keywords that are frequently used and provided separately for each field were
determined. In creating these keyword lists, based on the experience and knowledge of the authors, both
the word lists published on the web by the trending big tourism companies on their own web pages in this
field and the word lists prepared by the non-profit organizations in the field of tourism were used'. These
words were accepted as keywords for our study.

These words were then input to openly accessible pre-trained word vector models using the Gensim
library, an open-source library of Python. Thus, three different corpora consisting of pre-trained word vector
models based on ML techniques with a total of approximately 6 million words were used.

The “corpora” mentioned here is an assembly of 3 different “pre-trained word vector corpus” formed
by word vectors consisting of 200-300 dimensions that contain the vectorial calculations of the words for
each language. The pre-trained models used in this study separately for Japanese and Russian for creating
a large word vector corpora are shown below with the reference sources and the detailed information of
each model (release date/size/dimension). Further information and the download links of the models are
given below for each of the pre-trained models.

Acta Infologica, 9 (2), 580-596
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Table 1
Japanese pre-trained models Russian pre-trained models
1) jawiki.all_vectors.200d.txt (Jun 2019/3423MB/200d) 1) model.txt (Jan 2019/631MB/300d)
( ) ( )
2) entity_vector.model.txt (Feb 2017/1906MB/200d) 2) ruwikiruscorpora_upos_skipgram_300_2_2018.vec
( ~m-suzuki/jawiki_vector/) ( )
(Dec 2017/1077MB/300d)
3) cc.ja.300.vec (Sep 2018/4429MB/300d) 3) cc.ru.300.vec (Feb 2018/4430MB/300d) (

( ) )

In a normal corpus, the situations of being in the same sentence or context or collocation are considered
when determining the connections of words with each other. In pre-trained word vector models, this situa-
tion is expressed only numerically. Therefore, the proximity or distance of words to each other is expressed
with numbers in pre-trained vector models. In such pre-trained models, the distance or proximity of any
word to another word is obtained using various mathematical calculations. In the study, cosine similarity
was used as a standard, and the model requested 10 words closest to each given keyword. shows
the input of the field-related keywords into the pre-trained word vector corpora. And, in the next
page, shows what kinds of domain-specific word2vec corpuses were created as a result.

Figure 1
Field Keywords
Tourism & Hotel Tourism
Management Guidance
186 186
KEYWORDS KEYWORDS

y /4

WORD2VEC

Pre-trained Word2Vec Models
(An assembly consists of 3 different word2vec models)

Thus, 186 words in Japanese and Russian, which were available separately for each of the fields, were
entered as input into the word vector corpora, and withinside it was requested to return 10 closest words
to each keyword from every pre-trained word2vec model. However, because the word vector corpora are
consisted of 3 different pre-trained word2vec models, there were normally some cases where the model
could not return the same number of words or the inputted keyword was not present in one or more of the
consisted models. Therefore, the number of words returned by each keyword varied accordingly.
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Figure 2
Word Corpuses

Tourism & Hotel Tourism
Management Guidance
156 186
KEYWORDS KEYWORDS
7 I
<l A
WORD2VEC

Pre-trained Word2Vec Models
(An assembly consists of 3 different word2vec models)

Tourism & Hotel Tourism
Management Guidance
1500 - 2000 2750-3230
WORDS WORDS
Domain-specific Domain-specific
Corpus f 7 Corpus 7’

However, it was also possible to reach the same word more than once even though different keywords
were used. This situation was useful for calculating the frequency of the field words reached through
keywords.

To track which field words obtained from the corpus through keywords are encountered more frequently,
all field words obtained by repetition were visualized and converted into a word cloud.

Figure 3
Japanese Corpus Word Cloud for Tourism and Hotel Management
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In order to see the frequency of the words reached through each keyword, shows the Japanese
word cloud for the “Tourism and Hotel Management” field, which was created before the uniquification
process used afterwards to be able to obtain statistically accurate results. In the word cloud, the word that
was reached with the highest frequency through various keywords was “ffi=% (Flight Ticket)” and when
the number of times this word appeared in the model was requested, it was found to be reached 9 times in
total. For this reason, this word is written in the largest font possible. The next word was “/3 v 7 — Y 7 —
(Package Tour)”, which appeared exactly 8 times. The other words were “ji47 234t (Travel Agency)” 7 times
and “F#kl (Commission)” 6 times, and their sizes are also from largest to smallest accordingly. Conversely,
words that appeared only twice, such as “~X> F: — k (Bench seat)” or “X v F 7% /V— (Bed cover)” are
written in the smallest visible font and included in the word cloud, whereas words that appeared only once
are not included in the word cloud because they are both numerous and have a font size below the visible
size. In the next stage, the frequency of Japanese words obtained through keywords is visualized, but this
time related to the “Tourism Guidance” field. Similarly, the words in the “Tourism Guidance” field, obtained
through different keywords in the “Tourism Guidance” field, are considered before the uniquification process
and converted into the word cloud in

Figure 4
Japanese Corpus Word Cloud for Tourism Guidance
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The words reached with the highest frequency through the keywords in the field of tourism guidance
are “H2% (Cathedral)”, “# V & ~ #{ (Christianity)”, “#(%> (church)” and “/z#%: (tradition)”, and each one of
these words was reached 5 times. For this reason, it is seen with the highest font size in the word cloud.
Afterwards, the words “## (temple)”, “IEEF (ruins)”, “Fa#% (pottery)”, “Fatii#s (ceramic)”, “Fi= (ceramic
art)”, “BE1# (folklore)”, “E+ 4 ~ (mosaic)”, “v ) — 7 (relief)”, “f5 1 (accommoda’uon)", “ 8 & A (mother)”,
“QL¥i (father)”, “tH £t (grandmother)”, “£.F (son)”, “%.(elder brother)”, “zi(younger brother)” and “f&i& ki
(monastery)” followed, and the occurrence frequency of these words was 4; therefore, they are in the second
place in terms of font size. Then, the words “3C{t (culture)”, “# 4 I (guide)”, “iF & (cave)”, “Bt & ¥ (pottery)”,
“Wi#s (porcelain)”, “i& %% (varnished wooden product)”, “227C (pottery kiln)”, “#i1# (ancient tomb)”, “¥#% k2%
(archeology)”, “T.3= (craft)”, “FE 5 (history)”, “hitiE (printmaking)”, “tH A H(entrance&exit)”, “H H(exit)”, “A
H(introduction)”, “/& ¥ (tradition)”, “8k » 4 (beverage)”, “thHifE(Mediterranean Sea)”, “7 IV 7 i (Adriatic
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Sea)”, “/ ) b (Baltic Sea)”, “HifF(Black Sea)”, “& X & A (father)”, “BtEi(mother)”, “Wi(older sister)”, “FEH}
(real mother)”, “#t# (aunt)”, “Uk(younger sister)”, “(father)”, “f 5 (uncle)”, “4¢ 5.5 (cousin)”, “i /% (beach)”,
“k1li (volcano)”, “f& -k (volcano eruption)”, “k it (pyroclastic flow)”, “IH# (old harbor)”, “4L#E % (chapel)”,
“HIX #1%> (local church)” and “ K2 % (large cathedral)” were encountered 3 times each, and thus their sizes
are shown smaller than the ones that were reached 5 and 4 times. The words that only accessed 2 times
were visualized with the smallest font that could be seen.

The high frequency observed in this way indicates that these words are likely to appear in any context
related to that professional environment, and therefore, such words with high frequency should be taught
most particularly.

The same operations were applied in the same way, but this time Russian words were in target, and the
word cloud was established before the uniquification process, allowing word frequency to be observed.

Figure 5
Russian Corpus Word Cloud for Tourism and Hotel Management
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shows the Russian word cloud in the field of “Tourism and Hotel Management”, which was
reached by Russian keywords before the uniquification process to be able to visualize the word frequency.
The words with the highest frequency reached by keywords are “Peructpuposarbcs (hotel registration)” and
“Neno3ut (deposit).” These two words were reached 9 times and were therefore written with the largest font
in the word cloud. The word “OTtnpasneHue (departure)” was reached 8 times, and it is also visualized with
a large font. Next, the word “OcTtaBatbcs (stay/accommodation)” was reached 7 times; the words “Kynaxue
(bathing)” and “oTbe3a (checking out)” were found 6 times; and the words “Asuabuner (flight ticket)”,
“PecTopaH (restaurant)”, “Ckuaka (discount)”, “lMpoeeputsb (check)”, “KoHcbepx (concierge)”, “UHocTpaHHas
Bantota (foreign currency)”, “lUBeackuii cton (buffet)”, “NaketHbin Typ (paket tour)”, “©®aKynbTaTMBHbIA
Typ (optional tour)” were found 5 times. The font sizes of these words are also directly proportional
to their frequency, from largest to smallest in the cloud. The frequency of the words “locTuHuua
(hotel)”, “Nepexouesatb (overnight)”, “Mocewarb (to visit)”, “Typuctuueckoe areHTcTBo (travel agency)”,
“BpoHuposaHue (reservation)”, “Komuccus (commission)”, “Bo3zspaiatb geHbru (refund)”, “Kabuna (cabin)”,
“NMnata 3a cea3b (communication fee)”, “KoHdepenu-3an (conference hall)”, “sectubionb (lobby)”, “Ycnyra
(service/service)”, “pacuer (payment/account)”, “nognokotHuk (armrest)”, “6arax (luggage)”, “MapupyT

” ou
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(route)” were all 4, and these words are visualized with a smaller font. The words “Turpaket (Travel Package)”,
“BpoHuposaHue no TenedoHy (Phone Reservation)”, “bunert (ticket)”, “Npuem” (reception)”, “Bpems Bbie3na

”nou noowu

(check-out time)”, “ConpoBoxpaatowumin (companion)”, “Yao6crea (convenience/comfort)”, “MocagouHbiii
tanoH (boarding pass)”, “Mpoueaypa nocaaku (boarding)”, “Airbnb”, “lMotepaHubiii 6arax (lost luggage)”,

” ou n

“TocTeBas KoMHarta (guest room)”, “3kunax (crew)”, “PockolHblin noKe (luxury suite)”, “YnyuineHHbIl Homep

”n ou ” ou ]

(superior room)”, “OT3biBbl (review/comment)”, “Ceage6Hbiii (wedding)”, “NMutanune (food and beverage)”,

”n u ” o u ” o u

“KoHcbepx-cepsuc (Concierge service)”, “NMytewectsue (travel)”, “fopauas BaHHa (hot tub)”, “KBuTaHuus

”n u ” u

(receipt)”, “baHkeTHblii 3an (banquet hall)”, “komyHanbHble nnatexu (common service fees-invoices)”,

” o u ” o u ” o u

“Opexnaa (clothing)”, “Opeano (blanket)”, “no3anun Bbiesq (late check-out)”, “3asska (application form)”,

” u ” u ” u ” ou

“npuem (admission)”, “Typ (tour)”, “KoHuept (concert)”, “cuaenbe (seat)”, “nusaH (sofa)”, “NMpuébitue (arrival)”,
“Bo3spalueHue (return)”, “6opTnposoaHuk (cabin crew)”, “Paccpouka (installment)”, “TpaHcdep (transfer)”
and “TMnara (fee)” were reached 3 times, so their font size is smaller than from the words with a frequency

of 4. Other words with a frequency of 2 are visualized using the smallest readable font.

Finally, the word frequency of Russian words related to the “Tourism Guidance” field was obtained with
the help of the keywords in that field. The output is again visualized as a word cloud, as shown in

Figure 6
Russian Corpus Word Cloud for Tourism Guidance
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The Russian word with the highest frequency in the tourism guidance field through keywords was “Bxog
(introduction)”, which appeared 13 times and has the largest font size in the word cloud. Subsequently,
“TNMana (father)” and “Matb (mother)” appeared 10 times, “Kepamuka (ceramics)” and “Hanutku (beverages)”
appeared 9 times, “Mama (mother)” appeared 8 times and “Bnusanue (effect)” and “Oteu, (father)” appeared
7 times, and their sizes are from largest to smallest in the same proportion. The words “Ucnam (Islam)”,

” o u

“Mo3sauka (mosaic)”, “Meuwepa (cave)”, “Epa (food)”, “Tui (you)”, “CecTpa (sister)” were found 6 times each,
and their sizes were slightly smaller than the others. Following these words, the words “Bor (God)”,

” ou ” ou

“Ckmaka (discount)”, “ucnonb3osatb (to use)”, “Aaas (uncle)”, “babywka (grandmother)”, “beper (shore)”
and “MoHnax (monk)” were found 5 times each; therefore, their sizes were slightly smaller than the others.

” ou ” ou

Words with frequency of 4 are “basunuka (basilica)”, “Kpeuwenue (christening)”, “Apxeonorus (archeology)”,

” ou ” ou

“XpuctuanuH (Christian)”, “Llepkosb (church)”, “3THnueckas npuHaanexHoctb (ethnicity)”, “Penbed (relief)”,

Mnpo
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“Bopoxpanunuute (cistern)”, “UckyccTeeHHoe o3epo (artificial lake)”, “NepsBas muposas soiHa (World War 1)”,
“Bropas muposas BoiiHa (World War 2)”, “lMo6ena (victory)”, “bunetHble BopoTa (ticket turnstile)”, “Nerenabl

[ ]

(legends)”, “be3sankoronbHble HanuTknm (non-alcoholic beverages)”, “BxomHoit 6unet (entrance ticket)”,

” ou

“é6uner (ticket)”, “Pan (heaven)”, “Houb (night)”, “BaroH (wagon)”, “Toproensa (commerce)”, “PaiioH (district)”,

” o ou ” u

“Téta (aunt)”, “Kparep (crater)”, “NpuctaHb (marina)”, “NMapom (ferry)”, “cseua (candle)”, “3uma (winter)”,
“HoBbin 3aBeT (Bible)”, “yuute (teach)” and these words are reflected in the word cloud in a readable size.

” u

Followingly the smaller sized words which were reached 3 times, are “Apka (belt/mount)”, “Kontpdopc (but-

”n u ” o u ” ou ” o u

tress)”, “NMewexoaHblt mocT (pedestrian bridge)”, “NMytesoauTens (guide)”, “NMnato (plain/plateau)”, “PyunHbl

” u ” u ”n u

(ruins)”, “NckycctBo (art)”, “MycynbmaHun (muslim)”, “©onbknop (folklore)”, “Pesbba no pepesy (wood

” u ” o u ”n o u ” u ”

carving)”, “Cratya (sculpture)”, “NMnotuna (dam)”, “NMopaxenue (defeat)”, “Bbixog (exit)”, “TpagnLmnOHHbIN

” ou ”n u ” o u

(traditional)”, “Yxun (dinner)”, “ctonosas (dining room)”, “uaeonorus (idology)”, “agpuaruueckoe mope

” u ” ou

(Adriatic Sea)", “6antuiickoe mope (Baltic Sea)”, “CeBepHblii pernoH (northern region)”, “3anagHbin pernox

”n u ” ou

(western region)”, “Nen (grandfather)”, “bpar (brother)”, “namatHuk (monument)”, “besonacHocTb (security)”,

” u ”n u

“panbue (formerly)”, “mnagwwuii 6pat (younger brother)”, “OBotopoaHbiii 6paT (male cousin)”, “PoacTBEHHUK
(relative)”, “ctapwue 6patbs (brothers)”, “rna (tour guide)”, “KyauHa (female cousin)”, “6pouwwtopa (brochure)”,
“BynkaH (volcano)”, “Nssepxerue (explosion)”, “NMupoknactnuecknin notok (pyroclastic flow)”, “3anus (gulf)”,
“NpoxusaHue (accommodation)”, “Kasapmbi (barracks)”, “Bce (all)”, “3asska (application form)”, “kapycenb
(carousel)”, “neto (summer)”, “uctopus (history)”, “NMoau (people)”, “HacneHbiii npuHL, (crown prince)” and
“Koponesckas cembs (royal family)”. The other words with the smallest font are the words that were found

2 times, and the words that reached only 1time are not included in the cloud.

Among the words whose frequency is seen through the word cloud above, the words with a rate of 2
and higher should be included in the basic level vocabulary, as it will increase the students’ familiarity with
those words in their professional lives, and this will directly affect their success in that profession. On the
other hand, when we look at both Japanese and Russian field words, in the “Tourism Guidance” field, in
addition to field-related terms, words encountered in daily life are also frequently encountered. The reason
for this is that during the act of the guidance profession, there are more sections from daily life compared
to the “Tourism and Hotel Management” field.

At this stage, the repetitive words in the word corpuses of the “Tourism and Hotel Management” and
“Tourism Guidance” fields, which were previously prepared and reached through multiple keywords for the
calculation of word frequency, were uniquified. Thus, nonrepetitive word corpora in Japanese and Russian
were obtained separately. The current numbers of the word counts of the corpuses before and after the
uniquification process are given below.

Table 2
Uniquification process and word count
Before the Uniquification Process After the Uniquification Process
Japanese Word Corpus  Tourism and Hotel 2033 Tourism and Hotel 1693
(Jwc) Management Management
Tourism Guidance 3251 Tourism Guidance 2860
Russian Word Corpus ~ Tourism and Hotel 2033 Tourism and Hotel 1681
Management Management
Tourism Guidance 3251 Tourism Guidance 2685
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In the next stage, a list of Japanese and Russian words was created by scanning the words in textbooks
used to teach these languages at the basic level. A total of 2005 nonrepetitive words were identified in the
“Minna no Nihongo 1-2" series, which is used for basic Japanese education. A total of 3030 nonrepetitive
words were identified in the book “Doroga v Rossiyu 1", which is used for basic Russian education.

In the last stage, the percentage of words in corpora consisting of field words of “Tourism and Hotel
Management” and “Tourism Guidance” that are also present in the textbooks for teaching basic levels of
Japanese and Russian was calculated. The intersection set of the words was determined using the Numpy
library in Python programming, and the results were given as percentages. In addition, Turkish translations
were automatically added to the matching words using Google Translate for easier understanding. As a
result, only 67 words out of a total of 2005 words scanned in basic level of Japanese textbooks intersected
with the words of “Tourism and Hotel Management” corpora, and this corresponds to only 3.34% of the total
words in the field.

Figure 7

Findings of Tourism and Hotel Management in Basic Level Japanese Textbook?
Japanese word Corpus in Tourism & Hotel Management : 1693
Number of words in Basic Level Japanese Textbook HE
Mumber of domain-specific words detected in Japanese Textbook : &7
Percentage of domain-specific words detected in the textbook @ 3.34%
1.) $H15F = pikkat 35.) #4F = yabanci iilke
2.) HF = Cay 36.) WE = mobilya
3.) ZfF = Piring 37.) ®E = kira
4.) ~X2 = 0da 38.) @ = futon
5.) 7/i—k = Apartman 39.) E = koltuk
6.) PAUS = Amerika 48.) EIF = koridor
7.) A5 —5Fy b = Internet 41.) F£ = eldiven
8.) 1—7 > = Perde 42.) LA = dolap
3.) HAF = Kalavuz 43.) KT = seyahat
18.y AU —F = Konser 44.) KREE = han
11.) H—FZ = Hizmet 45.) H& = Japonya
12.) A& =a—)l = Program 45.) BAE = tarife
13.) )l = Havlu 47.) B8 = zaman
14.) Fowh = Bilet 48.) ¥ = siparis
15.) 7—JIl. = Tablo 49.) ¥R - Giysiler
16.) J\>»H3F = Mendil 58.) PoERE = camasir makinesi
17.) 702k = On Biiro 51.) B9 = yurt disa
18.) ~w R = vatak 52.) IRE = nakit
19.) "5 = otel 53.) BLAH = uygulama
20.) ¥»Zx32s = Apartman 54.) ZTH =  havaalani
21.) LARTZs = Restoran 55.) BEEERSCHE = otomat
22.) OE— = Lobi 56.) HZEE = ugak postas:
23.) A = 10.088 57.) 80 = bagaj
24.) ##5h = Dinya capinda 58.) HELF = sirici
25.) 8= = Konferans odas1 59.) 8= = oda
26.) %8 = personel 60.) fE = zemin
27.) fRAEE = garanti 61.) &EFE = telefon
28.) H = yen 62.) 3FEO = acil cikis
29.) MEE = buzdolabi 63.) ¥tF = corap
30.) U = bilet 64.) tBINE = makbuz
31.) B = resepsiyon €5.) E= = banyo
32.) #0= = Japon tarzi oda 66.) BE = yemek odasi
33.) MIZERE = kahve dikkan 67.) BRD = icki
34.) #1F = harita

2Due to the automated translation embedded in the system codes, not all the meanings of the words are returned correctly, and
deficiencies in the translation of some words such as “B%16 #" “Z8K" “7 —7" V" “REE" "W Z|F" “H LIAA" “BS" are encountered.
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While paying attention to the words, Japanese field words with a high frequency are rarely encountered.
For example, the words “7#& 7 )L (hotel)”and “L X + 5 > (restaurant)” appear 5 times, “ji17 (travel)” appear
4 times, and “/~> # F (handkerchief), “2#% % (Conference room)”, “I'J (yen)”, “5f}(reception)” and “f/
% (Japanese-style room)” appear 3 times, while “F 7 v b (ticket)”, “~X v & (bed)”, “u & — (lobby)”, “VI7%F
(ticket)”, “Zx & (rent)”, “Ji (seat)”, “MfH (Japanese-style accommodation facility)”, “fi L iA % (application)”,
“75 3 (airport)”, “B (floor)” and “4EUX & (receipt)” have a lower frequency and occur only twice. The frequency
of the other words is 1. Therefore, only 19 out of 67 words have a frequency greater than 1, while 48 words
occur only once, which shows that only 28.35% of the words that match the field corpus of the textbook
consist of words with a frequency greater than 1 (at least 2 or more times). This situation is a very negative
factor in terms of the quality of vocabulary education in the target language.

It was also observed that 147 words out of 2005 words scanned in basic level Japanese textbook inter-
sected with the words of “Tourism Guidance” corpora, and this corresponds to 7.33% of the total words in

the field. The intersecting words in the corpora and textbook are shown in

Figure 8
Findings of Tourism Guidance in Basic Level Japanese Textbook
Japanese word Corpus in Tourism Guidance 2868
Mumber of words in Basic Level Japanese Textbook 2085
Number of domain-specific words detected in Japanese Textbook : 147
Percentage of domain-specific words detected in the textbook ~ :  7.33%

1.) LVD = Ne zaman 51.) A& = Park 101.) EES = tarih

2.) WE = simdi 52.) M = yen 182.) B = anne

3.) LS2LeL) = Hos Geldiniz 53.) & = Kis 103.) it = golet

4.) BNHEA = Anmne 54.) 0 = Ciks 104.) 8 = deniz

5.) &IUWLEAS = Biyiikbaba 55.) HIEF = Bilet 185.) ¥ = denizasira
6.) HUEA = Amca 56.) #l3 = Calisma 186.) R = sshil

7.) BEDE A = Baba 57.) E¥ = T1p 107.) 3B = liman

8.) BIEZTA = Teyze 58.) fE/ELY = Tehlike 108.) EF = kanji

9.) HEEA = Anne 59.) BF = ikizler 1689.) JE = duman

10.) BLEA = Baba 60.) =Mt = Resepsiyon 118.) 5 = baba

11.) £515E = puyuru 61.) EFT = Mutfak 111.) FiE& = katakana
12.) &F - cay 62.) = = Japon tarzi oda 112.) &5, = sit

13.) T = Burada 63.) MEETE - Kahve dikkani 113.) BLAH = uygulama
14.) NS = su andan itibaren 64.) HIZ = Deprem 114.) AR = hastane
15.) T3 = Cevresinde 65.) B = Yaz 115.) & = herkes
16.) R = Yemek 66.) AEME = suyuk 116.) ETA = herkes
17.) &% - Bay 67.) AE = Kalabalik 117.) BB = seker
18.) T< = Hemen 68.) AHIEE = Baskan 118.) #£ = toplum
19.) £ = Orada 69.) X = Koca 119.) 382 = biyikanne
20.) £ = Nerede 70.) BEA = Kar 120.) 5L = buyiikbaba
21.) ~JX2 = Nerede 71.) B = Genc kiz kardes 121.) # = ben

22.) EfZ = Hala 72.) I = Abla 122.) #¥ - bilim
23,) T = Kadar 73.) Wl = Kiz kardes 123.) =2 - havaslan1
24.) FHAIE = Herkes 74.) FH = Okul 124.) #ZF = Ekonomi
25.) P AU~/ = Dondurma kremasa 75.) B = Givenlik 125.) Efl = sanat
26.) 7/{—I = daire 76.) B = Yurt 126.) EHEE - Mize
27.) 7 F = rehber 77.) B = Ada 127.) B = Gumrik
28.) T—F = kek 78.) Jll = Nehir 128.) B# = Doga

29.) J—k— = kahve 79.) TP = Belediye Binasi 129.) & = aul

38.) U—HA = sirk 20.) F{FE = Hiragana 130.) £ = Kim

31.) Z2—A& = meyve suyu 81.) ff = val 131.) &5 = sen

32,) Uy h = bilet 82.) EFT = Koridor 132.) E5 = Ticaret
33.) JC LW b = brosir 33.) BER = Mimar 133.) F5PA = Bebek
34,) ESEwF = piramit 84.) %5 = Kiigik erkek kardes 134.) JE = Ayaklar
35.) ~Aw R = yatak 85.) BF = Oful 135.) BB = oda

36.) ATl = otel 86.) BtF = savas 136.) BFE = sebze
37.) 3—0Ow/E = Avrupa 87.) LAN = Dolap 137.) £%8 - Para

38.) LLAPR3Zs = restoran 88.) B# - samaf 138.) BE = Arazi

39.) O—<F = romanizasyon 89.) BUE = Politika 139.) 5 = Telefon
408.) WER = ebeveynler 90.) F& = Kilise 140.) B2 = Mizik
41.) EDE = platform 91.) HE - Egitim 141.) B = Cevresi
42.) FESE = kavsak 92.) St = Kiltir 142.) B = Yemek
43.) A4 = insanlar 93.) KEE = Han 143.) BE = vemek
44.) A = oyuncak bebek 94.) B& = Japonya 144.) EE = Restoran
45.) S = simdi 95.) & = Eski zamanlar 145.) BRAMD = Icecek
46.) B = bugin 96.) BEIE = Tarife 146.) E48 = Basbakan
47.) il = ne 97.) Bl = s1cak 147.) 5RAT = Gar &nii
48.) 52 = kardesim 98.) fRIL = Son ramanlarda

49.) R = erkek kardes 99.) & = kitap

58.) AO = airis 10@.) FZHIZ = gercekten
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Again, the situation is not much different when attention is paid to the words, and there are only 39
words with a frequency of occurrence greater than 1, which corresponds to only 26.53% of all matching
words. Out of these 39 words with a frequency greater than 1 in the corpora of Tourism Guidance, “#( 2>
(church)” appears 5 times; “8 £ & A (mother)”, “% (brother)”, “z (younger brother)”, “S-F (son)”, “tH £}
(grandmother)” appear 4 times; “6 X & A (father)”, “# 1 F (guide)”, “ A1 (intro)”, “Hi 71 (exit)”, “%k (younger
sister)”, “fii (older sister)”, “3C4k (culture)”, “FE 5 (history)”, “¥# 5 (beach)”, “4 (father)” and “8t & ¥ (drink)”
appear 3 times, and “8 & & A (mother)”, “8 L & A (uncle)”, “Bi& & A (aunt/aunt)”, “7 4 2 7 ) — 4 (ice
cream)”, “& 7 v (hotel)”, “Hi# (parents)”, “I] (yen)”, “3% 4} (reception)”, “J% (husband)”, “¥ & A (wife)”, “4F
(year)”, “lifF (Japanese style accommodation facility)”, “& (long ago/old times)”, “t} (mother)”, “i# (port)”,
“#-4= (society)”, “4142 (grandfather)”, “f (I/me)”, “4%% (economy)”, “SE#7# (art museum)”, “f&r ¥ (food)”
and “BUAT (front of the station)” appear 2 times. Therefore, although the words in the field of “Tourism
Guidance” are encountered approximately twice as often as the words in the field of “Tourism and Hotel
Management” in the books used for basic level Japanese education, since the percentage of the words that
emerged being encountered more than once in the field corpus is 26.53, it shows that 73.47% of the matched
textbook words have a low importance in terms of word frequency in the field, which can be considered
as a phenomenon that can be attributed to the importance of the word, and hence to the low quality of
education. For example, if it is considered that the words with high frequency are the indicators of a concept
that is encountered more frequently in that profession, it can be concluded that the inability to understand
such words will constitute a greater obstacle than other words in analyzing the events in professional life
and therefore will have greater importance compared to the words that appear only once. Based on this, it
can be said that the education of the words with high frequency will have a greater importance and play a
role in the quality of vocabulary education in that language.

These rates are even lower for the Russian section. Only 28 of the 3030 words in the basic Russian
textbook intersect with the “Tourism and Hotel Management” field corpus.

Figure 9
Findings of Tourism and Hotel Management in Basic Level Russian Textbook

Russian word Corpus in Tourism & Hotel Management . 1681
Number of words in Basic Level Russian Textbook : 3@3e
Number of domain-specific words detected in Russian Textbook : 238
Percentage of domain-specific words detected in the textbook : B.92%
1.) Asponopt = Havaalani 15.) Opgewaa = Giysi

2.) Buner = Bilet 16.) NMogapok = Hediye

3.) Bowtn = Giris 17.) NMposepuTe = Kontrol

4.) loctunuya = Otel 18.) NMyTewecTeoBaTh = Seyahat
5.) ¥uTe = Canla 19.) PectopaH = Restoran

6.) 3aeTpax = Kahvalti 20.) Puc = Piring

7.) Mgt = Git 21.) Pag = S5ira

3.) Kapta = Harita 22.) Cvonoeaa = Yemek

9.) KomHaTta = Oda 23.) ¥wuH = Aksam Yemegi

18.) KpoeaTe = Yatak 24.) UeHa = Fiyat

11.) Mebeno = Mobilya 25.) Yaih = Cay

12.) Hanpaenewwe = Yon 26.) Ixckypcosog = Rehber
13.) obepg = Ofle Yemegi 27.) 3ITax = Kat

14.) ObwewutHe = Yurt 28.) A=zwmk = Dil
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These words in correspond to only 0.92% of the words in the Russian “Tourism and Hotel
Management” field corpus, which is very low. In addition, “lnposeputsb (to check)” and “PectopaH (restau-
rant)” appear 5 times; “foctununua (hotel)” appear 4 times; “buner (ticket)” and “Ogexaa (clothes)” appear
3 times, and “3asTpak (breakfast)”, “Kposatb (bed)”, “O6wexutne (dormitory)”, “Cronosas (dining room)”
and “3kckypcosop (guide)” appear only 2 times. Words with a frequency of 2 and above correspond to only
35.71% of the total words. shows the intersection of the words in the Russian “Tourism Guidance”
field and the words in the basic level Russian textbook.

Figure 10
Findings of Tourism Guidance in Basic Level Russian Textbook

Russian word Corpus in Tourism Guidance 2685

Number of words in Basic Level Russian Textbook 3e30

Number of domain-specific words. detected in Russian Textbook 183

Percentage of domain-specific words detected in the textbook 3.48%

1.) AeTop = Yazar 41.) Muoro = Cok 81.) CooTeeTcTeywmumit = Ilgili
2.) ApxutexTop = Mimar 42.) Monopan = Geng 82.) CraHuma = Istasyon
3.) ApxwtekTypa = Mimarlik 43.) Monoko = Siit 83.) Crapwi = Eski

4.) babywka = Blyiikanne 44.% Mope = Deniz 84.) Crpanm = Ulkeler
5.) BacceiH = Havuz 45.) MopoxeHoe = Dondurma 85.) Cyn = Corba

6.) Bonbwoe = Blyik 46.) Myx = Koca 86.) CoH = Ofgul

7.) Bpat = Kardes 47.) Mysein = Mize 87.) Tam = Orada

8.) BuicTpo = Hizli 48.) Myswmka = Mizik 88.) Teatp = Tiyatro
9.) Bupg = Manzara 49.) HanpaeneHue = Yon 89.) TopT = Pasta

18.) Boina = Savas 58.) HepasHo = Son zamanlarda 98.) TpancnopT = Ulasim
11.) Bpau = Doktor 51.) OBes = Ofle Yemsgi 91.) Tw = Sen

12.) Bce = Hepsi 52.) ObpasosaHwe = Egitim 92.) Téta = Teyze

13.) BucTaeka = Sergi 53.) ObfwexwTve = Yurt 93.) YeuH = Aksam Yemegi
14.) Tge = Nerede 54.) Obfwasnenus = Duyurular 94.) ¥Ynuua = Sokak
15.) lopog = Sehir 55.) Opexpa = Kiyafetler 95.) ownoco¢p = Filozof
16.) lopw = Daglar 56.) Onn = Onlar 96.) XyAokHuK = Sanatcl
17.) len = Dede 57.) Otey = Baba 97.) Uena = Fiyat

18.) Jenyuka = Dede 58.) OusHka = Degerlendirme 98.) Yaih = Cay

19.) JymaeT = Digiinir 59.) Ouens = Cok 99.) Y10 = Ne

20.) AspAa = Amca 68.) MNamATHMK = Anit 18@.) 3xckypcwA = Gezi
21.) ¥ena = Karisa 61.) Nana = Baba 161.) 3pmmTax = Hermitage
22.) 3aetpak = Kahvalti 62.) Napk = Park 182.) Hpuct = Avukat
23.) 3aHATnA = Aktiviteler 63.) MNeAsax = Manzara 1@3.) A = Ben

24.% 3gece = Burada 64.) Mucatens = Yazar

25.) Wcnonbsoeanue = Kullan 65.) MoaT = Sair

26.) Wctopua = Tarih 66.) MpeswaenT = Baskan

27.) Kaxgpii = Her 67.) Pectopan = Restoran

28.) Kmwra = Kitap 68.) Puc = Pilav

29.) Korpga = Ne Zaman 69.) Pogutenn = Veliler

38.) KomHaTa = Oda 78.) Pagom = Sonraki

31.) Kode = Kahve 71.) Canat = Salata

32.) K7to = Kim 72.) Cam = Kendisi

33.) KyneTypa = Kiiltir 73.) CerogHAa = Bugin

34.) Neto = Yaz 74.) Celvac = Simdi

35.) Mwgeii = Insanlar 75.) Cectpa = Kiz Kardes

36.) Mwgu = Insanlar 76.) CecTpw = Kiz Kardesler

37.) MaraswH = Alisveris 77.) Crkopo = Pek Yakinda

38.) Mama = Anne 78.) Cospemennas = Modern

39.) MaTemaTuk = Matematikci 79.) CoepemenHwii = Cagdas

48.) MaTe = Anne 808.) Cok = Meyve Suyu

“Tourism Guidance” field words of Russian, just as seen in the field of “Tourism Guidance” for Japanese,
have more intersections than “Tourism and Hotel Management” field. Moreover, there are 103 intersected
words, which corresponds to a percentage of 3.4% for the fact that the number of words in the Russian
textbook is 3030. As mentioned before, this is because the “Tourism Guidance” field words include more
sections from daily life than the “Tourism and Hotel Management” field words. The number of words with a

frequency of at least 2 and above in the “Tourism Guidance” field in the textbook is 36. And these words are;
“Martb (mother)” and “Nana (father)” which appear 10 times; “Mama (mother)” which appears 8 times; “OteL,
(father/father)” which appears 7 times; “Cectpa (sister)” and “Toi (you)” which appear 6 times; “babyuika
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”

(grandmother)” and “Aaasa (uncle)” which appear 5 times; “Kaxabliii (each)” and “Téra (aunt)” which appear
4 times; “Bpart (brother)”, “Bce (all)”, “Oen (grandfather)”, “Ceituac (now)”, “YxuH (dinner)” and “a (me)” which
appear 3 times; “bonbuoe (elder)”, “BonHa (battle)”, “Topog (city)”, “Kena (wife)”, “Uctopus (past)”, “KHura

” ou

(book)”, “KomHaTa (room)”, “Kynbtypa (culture)”, “Moan (people)”, “Muoro (lot)”, “MopoxeHoe (ice cream)”,
“Myzen (museum)”, “O6wexutne (dormitory)”, “O6bsasneHuna (announcements)”, “Oun (them)”, “Cectpbl
(sister)”, “Cranumsa (station)”, “XynoxHuk (artist)”, “LleHa (price)” and “3kckypcus (trip)” which appear 2 times.

Words with a frequency of at least 2 and above correspond to 34.95% of the total words.

When the above results are examined from a general perspective, it is seen that both the basic level
Japanese and Russian textbooks are quite inadequate in terms of words related to the professional fields of
“Tourism and Hotel Management” and “Tourism Guidance”. On the other hand, the percentages of words in
the field of “Tourism and Hotel Management” in the textbooks are lower than those in the field of “Tourism
Guidance” for both basic-level foreign language textbooks. One of the biggest reasons for this is that since
sections from daily life are encountered more frequently in the practice of the profession of “Tourism
Guidance”, such everyday words are also in the majority of textbooks not prepared specifically for the field.
However, since such daily words are found less frequently in the field of “Tourism and Hotel Management”,
the number of matches is lower at the same rate. On the other hand, Rinaldi and Yuste (2004) claim that
words that can be described as technical field words only account for around 30% of all words in a corpus
related to a specific technical field. From this point of view, even when this ratio could be considered a
minimum requirement for a written text in any field, the percentage of field words obtained from textbooks
remains well behind the figures reported by Rinaldi and Yuste (2004). For this reason, it has been concluded
that the foreign language books used for teaching basic levels of Japanese and Russian at the elective
foreign languages courses in the Faculty of Tourism are not sufficiently suitable for the field of tourism.
Both for the field of “Tourism and Hotel Management” and “Tourism Guidance”, there is a need for basic-
level Japanese and Russian textbooks that cover the field words. In addition, these books should include
the most frequently used field words used by people who are actually practicing in that field in their daily
business lives.

Indeed, for Russian, there are some textbooks that could be used in the field of “Tourism and Hotel
Management" and “Tourism Guidance”, as shown in .However, in spite of the existence of these books,
only a few of these textbooks are suitable for the basic level of Russian courses, and it could be said that
there is still a need for basic Russian textbooks in the field, especially for beginners.

Table 3

Uniquification process and word count
Title of the textbook Author Publication Year Field Level
Russkiy yazyk dlya Golubeva, A. V., & 2023 Tourism and Hotel A1-A2
gostinits i restoranov Zadorina, A. I. Management,
(nachal’nyy kurs) Gastronomy
Turizmde Mesleki Siitcii, G., & 2020 Tourism A1-A2
Rusca 1. Gogunokova, E.
Turizm'de Rusca: BENi Stoyanova, M. 2023 Tourism, Travel A2
TAKIP EDINiz! Management and

Guidance

Acta Infologica, 9 (2), 580-596



Evaluation of Domain-Specific Vocabulary with Machine Learning-Based Techniques: Japanese and ... E) Kolukisa & Kolukisa, 2025

Title of the textbook Author Publication Year Field Level
Turizm'de Rusca: iYi Stoyanova, M. 2023 Tourism, Travel A2
SEYAHATLER! Management and

Guidance
Turizm'de Rusca: SEFA Stoyanova, M. 2023 Tourism and Hotel A2
GETIRDINiZz! Management, Travel

Management
Turizm'de Rusca: HOS Stoyanova, M. 2021 Tourism and Hotel A2
GELDINiz! Management
Turizm'de Rusca: iYi Stoyanova, M. 2021 Tourism and Hotel A2
TATILLER DiLERiM! Management
Russkiy yazyk kak Rakova, I. V. 2022 Tourism and Hotel A2-C1
inostrannyy v Management
professional’'noy
podgotovke
spetsialistov po
turizmu
Servis: Prakticheskiy S. A. Khavronina, L. A. 2017 Tourism and Hotel A2-C1
kurs russkogo yazyka Kharlamova, I. V. Management,
dlya rabotnikov servisa  Kaznyshkina Gastronomy
Pyat’ zvyozd: Ekspress-  I. V. Kaznyshkina, S. A. 2018 Tourism and Hotel A2-C1
kurs po russkomu Khavronina Management,
yazyku dlya rabotnikov Gastronomy
servisa.
Russkiy yazyk v Graudynya, Z. A. 2020 Tourism and Hotel B1-B2
industrii turizma: Management, Travel
Uchebnoe posobie Management and
(uroven’ B1-B2). Guidance
Russkiy yazyk v sfere Prokudina, I. S., & Kuks, 2022 Tourism (General) C1-C2
turizma (dlya A V.
inostrannykh

uchashchikhsya)

Russkiy yazyk kak Satina, T. V., Gilovaya, E. 2023 Tourism and Hotel Cc1-C2
inostrannyy v industrii A, and Zaytseva, I. A. Management,
turizma i Gastronomy

gostepriimstva

However, the need for basic level Japanese textbooks for the fields of “Tourism and Hotel Management"
and “Tourism Guidance” is much more serious. As for the basic level of Japanese textbooks still on the market
today, only a few newly published ones eventually started to have few chapters about tourism. For example,
we can see some chapters related to tourism in the new textbook prepared for the beginner-intermediate
level of Japanese learners, titled “¥] - &AL HAGEZRl 5 HAGEA AT 2 15 (CERFA2 L X OLFEE) (SHO-
CHUKYU NIHONGO KYOKASHO - NIHONGO GA HIROGERU SEKAI (A2)", which was written by KONDOH Atsuko
and MARUYAMA Chika, and released in September, 2025. Therefore, it is possible to conclude from the current
situation that the need for basic level of Japanese textbooks to be able to give a qualified Japanese language
education at the beginner levels, in the field of "Tourism and Hotel Management" and “Tourism Guidance”,
is much urgent especially compared to Russian language.
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