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Abstract

The Private Pension System (PPS) is an important financial instrument for developed societies and recent legal
regulations in Turkey have made the system more attractive for investors. With these developments, there has
been a significant increase in the number of PPS companies operating in Turkey. It is a critical decision-making
process for investors to choose the most suitable one among the many alternatives. The purpose of this study is to
develop a scale to determine the factors influencing the voluntary PPS company preferences of individuals
between the ages of 25-35, university graduates and employees. The data obtained from 220 participants were
determined to be suitable for factor analysis with KMO and Bartlett tests, and the question pool of 192 items was
reduced to 109 items with expert opinion. As a result of the exploratory factor analysis, inappropriate items were
removed and a seven-factor structure consisting of 31 items was obtained. These factors are named as “After
Sales Services”, “Professional Fund Management”, “Company Image”, “Trust”, ‘Experience’, “Portfolio Size”
and “Diversity of Pension Plans”. The fit indices obtained as a result of the confirmatory factor analysis were
x2/df=1.058, CFI=0.998, TLI=0.998, SRMR=0.062 and RMSEA=0.016, respectively. These values show that the
validity of the structure created by the exploratory factor analysis was ensured by confirmatory factor analysis.
In addition, the overall reliability coefficient of the scale was calculated as Cronbach 0=0.668 and it was
concluded that the scale was valid and highly reliable.
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GONULLU BIREYSEL EMEKLILIK SISTEMINDE SIRKET
TERCIHLERINI BELIRLEYEN FAKTORLERIN OLCUMUNE
YONELIK BiR OLCEK GELISTIRME

Oz

Bireysel Emeklilik Sistemi (BES), gelismis toplumlar icin énemli bir finansal aractir ve iilkemizde son yilarda
yapilan yasal diizenlemeler, sistemi yatrimcilar icin daha cazip hale getirmistir. Bu gelismelerle birlikte,
Tiirkiye 'de faaliyet gésteren BES sirketlerinin sayisinda belirgin bir artis yasanmistir. Yatirimcilarin, bir¢ok
alternatifin bulundugu bu sirketler arasindan en uygun olani se¢meleri, kritik bir karar verme siireci
olusturmaktadir. Bu ¢alismanin amaci, 25-35 yas araliginda, iiniversite mezunu ve ¢alisan bireylerin géniillii
BES sirketi tercihlerinde etkili faktorleri belirlemeye yonelik bir 6l¢ek gelistirmektir. 220 katilimcidan elde edilen
verilerin KMO ve Bartlett testleriyle faktor analizine uygun oldugu belirlenmis, uzman gériigiiyle 192 maddelik
soru havuzu 109 maddeye diigiiriilmiistiiv. Agiklayict faktér analizi sonucunda uygun olmayan maddeler
ctkarilarak 31 maddeden olusan yedi faktorlii bir yapt elde edilmistir. Bu faktorler, “Satis Sonrasi Hizmetler”,
“Profesyonel Fon Yonetimi”, “Sirket Imaj1”, “Giiven”, “Deneyim”, “Portfoy Biiyiikliigii” ve “Emeklilik Planlar:
Cesitliligi” seklinde adlandirilmistir. Gergeklestirilen dogrulayict faktor analizi sonucunda elde edilen uyum
indeksleri sirasiyla y2/df= 1,058, CFI=0.998, TLI=0.998, SRMR=0.062 ve RMSEA=0.016 olarak bulunmustur.
Bu degerler, acgiklayict faktor analizi ile olusturulan yapimin dogrulayici faktér analizi ile gecerliginin
saglandigimi géstermektedir. Ayrica, 6l¢egin genel giivenilirlik katsayisi Cronbach a=0.668 olarak hesaplanmug
ve dlcegin gecerli ve oldukca giivenilir oldugu sonucuna ulasilmistir.

Anahtar Kelimeler : Aciklayici Faktor Analizi; Dogrulayict Faktor Analizi; Bireysel Emeklilik Sistemi;
Olgek Gelistirme.

Jel Stmiflandiridmast 1 C38; C39; G22; G23.

INTRODUCTION

In today's rapidly evolving technological landscape, companies are continually conducting market
research to meet consumer needs and expectations. However, rather than being content with
understanding current demands, businesses must also anticipate future shifts in consumer preferences
(Albay, 2010). To remain competitive, companies should establish production and service systems that
are responsive to these evolving preferences. Achieving this requires considering not only consumer
desires but also cultural, technological, and economic changes. This holistic approach enables firms to
maintain a competitive edge and deliver products and services that align with consumers' changing
expectations (Saragl & Siklar, 2005).

Consumer behavior is a complex process that encompasses individual decisions related to the purchase
and use of economic goods and services (Durmaz & Bahar Orug, 2011). Before making a purchase,
consumers often evaluate various factors, shaping their choices accordingly (lvanovic, 2003). Product
and service quality is a significant determinant in these decisions (Odabasi, 1996). Consumers seek
reliable, high-quality offerings that meet their needs. As such, quality becomes a central factor
influencing purchase behavior (Unlii & Tolon, 2012). When assessing quality, consumers typically
consider durability, performance, ease of use, customer service, and brand reputation. Through this
evaluation, they aim to select the option that best fulfills their needs and expectations (Kotler &
Armstrong, 2004). Therefore, providing high-quality products and services is essential for companies
aiming to gain a competitive advantage and enhance customer satisfaction.

Across all sectors, individuals and organizations are exposed to unexpected risks that can lead to severe
financial or social consequences. Insurance exists to mitigate these risks (Karagoz et al., 2019). By
paying a premium, individuals and businesses gain protection through insurance contracts, safeguarding
them from potential losses. These contracts not only provide financial security but also reinforce societal
trust and solidarity (Kaya, 2021; Tiifekgi, 2006). Insurance thus plays a vital role in risk management,
covering a broad spectrum of risks—from natural disasters and accidents to health issues and business
disruptions (Uralcan, 2011). It supports the continuity of daily life and economic activities, contributing
to overall societal stability and welfare. Accordingly, insurance remains a key instrument for managing
risk and promoting social security (Duman, 1990).
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As one of the most significant sectors in today’s financial markets, the insurance industry plays a crucial
role in the global economy (Meral, 2023). It aids in managing risks for both individuals and enterprises
while contributing substantially to economic growth through its premium income and investment
capacity (Outreville, 2013). Additionally, insurance activities reduce the burden on government
spending in social security, allowing public funds to be allocated more efficiently for national
development (Ogal & Boyacioglu, 2018). Insurance not only raises individual living standards but also
enhances overall societal welfare. Thus, it is a cornerstone of financial stability and economic progress
(Samiloglu et al., 2019).

To sustain their presence in the competitive financial landscape, insurance companies emphasize
customer-centric policies. Understanding and effectively responding to consumer needs is essential for
enhancing customer satisfaction, ensuring loyalty, and attracting new clients (Meral & Ersoy, 2023;
Akpinar, 2018). Companies achieve this by utilizing tools like market research, customer feedback, and
data analytics (Basaran & Alagdz, 2003). Moreover, embracing technological advancements and
digitalization helps improve the customer experience. Successful implementation of these policies
significantly boosts both customer satisfaction and long-term sustainability (Kagnicioglu, 2008).

Uncertainty and risk are inherent in all economic decision-making processes. Individuals and businesses
must consider these factors when making choices, particularly in consumer behavior. Decisions are
influenced by a mix of economic uncertainties, personal preferences, income, financial status, and risk
tolerance (Karag6z et al., 2019). For insurance companies, understanding these dynamics is crucial for
the strategic design, pricing, and marketing of their products. Analyzing risk and uncertainty enables
more effective decision-making and helps shape future consumer choices.

The Private Pension System (PPS) supplements public social security system by providing an additional
retirement income, managed through private asset management firms (Isseveroglu & Hatunoglu, 2012).
In Turkey, it facilitates capital accumulation and supports the economy by channeling individual savings
into capital markets (Sataf & Yildirim, 2019). Additionally, the state uses these savings to reduce the
current account deficit and finance long-term borrowing (Korkmaz, 2007; Can, 2010). However, since
participation in the PPS is voluntary, coverage rates often fall short of expectations. Automatic
enrollment, which enrolls employees without their initial consent, has been introduced to increase
participation (Meral & Arican, 2020). In this system, the employer selects the pension provider, limiting
employee choice. Nonetheless, a key advantage is that contributions—at least 3% of the employee's
premium-based income—are exempt from entrance and management fees (Can & Eyidiker, 2019).

Through the Private Pension Fund Trading Platform (BEFAS), participants in both the voluntary and
automatic enrollment systems can access various important funds. However, certain high-performing
funds, such as Anadolu Hayat Sigorta’s S&P 500 Fund Basket Fund (ABE), remain unavailable under
automatic enrollment (Ozen, 2021). The investment options in this system are also more restricted. To
improve its effectiveness, automatic enrollment must offer similar satisfaction levels as the voluntary
PPS. Due to current limitations—including lack of provider choice and restricted withdrawal options—
many employees opt out and prefer voluntary participation. A future shift towards a complementary
pension system is being considered, but without addressing these concerns, voluntary plans may
continue to dominate.

Private pension companies strive to expand their customer base and boost participation through various
marketing strategies. They promote the benefits of pension plans using modern tools like digital
marketing, social media, and advertising campaigns (Saragli & Siklar, 2005). By offering products
tailored to different age and income groups, these companies aim to appeal to a broad audience. Their
efforts are crucial in encouraging more individuals to prioritize financial security and invest in retirement
plans, which in turn fosters sectoral growth and societal financial resilience (A¢ikgoz & Bilir, 2018).

As private pension insurance grows in significance, the sector is expanding rapidly and competition is
intensifying. Understanding the factors influencing individuals’ choice of pension providers is therefore
essential. While research in Turkey has explored these factors, a standardized measurement tool
capturing consumer preferences remains absent. To address this gap, this study aims to develop a scale
tailored to Turkey’s specific context. This tool will clarify the criteria individuals prioritize when
selecting a pension insurance company. The resulting insights will help firms refine their services and
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adopt more customer-focused policies, while also providing a valuable foundation for future research
on private pension insurance.

I.LITERATURE REVIEW

Individuals considering enrollment in the PPS often evaluate a range of factors (Saragh & Siklar, 2005).
Many private pension companies operate as subsidiaries of banks, and in such cases, individuals may
prefer the pension company affiliated with their primary banking institution. However, when making a
decision, consumers typically assess various company characteristics and opt for the one offering the
best service and the highest potential returns on investment. These preferences are often shaped by
specific criteria (Saracli, 2004). The growing significance of private pension plans has driven rapid
expansion within the insurance sector and intensified competition among companies. Consequently,
understanding the factors that influence individuals’ choice of pension provider has become increasingly
important. The literature review reveals that although numerous studies have examined insurance and
private pensions in Turkey, there is a notable absence of scale development research specifically aimed
at identifying the factors that influence company selection in private pension insurance. Moreover,
studies that do apply data analysis techniques often suffer from data limitations. This is primarily due to
the unavailability of dematerialized (administrative record) data from private pension companies or the
Pension Monitoring Center. As a result, many analyses rely on face-to-face surveys or macroeconomic
data.

To address this gap, the present study aims to contribute to the literature by developing a measurement
scale that captures the behavior of individuals who have, or are considering obtaining, a voluntary
private pension policy. A brief overview of the literature on PPS-related research is presented below.

International studies on PPS participation mirror the themes found in the local literature. For instance,
Munnell et al. (2002), Huberman et al. (2007), and Clark and Schieber (1998) examined the factors
influencing PPS participation in the U.S., concluding that higher income levels increase the likelihood
of participation. In Italy, Fornero and Monticone (2011) identified a positive relationship between
financial literacy and PPS enrollment, while Zanghieri (2013) noted that income, education, and
financial literacy all significantly affect participation. Similar findings emerged from studies in the
Netherlands (Alessie et al., 2011) and Germany (Bucher-Koenen & Lusardi, 2011), which emphasize
the importance of financial literacy. Further research by Lusardi and Mitchell (2007) and Prawitz and
Cohart (2014) showed that financial education is especially effective in boosting retirement savings
among low- and middle-income earners. These findings suggest that employers should enhance financial
literacy through seminars, workshops, and similar initiatives.

Turkish studies also explore diverse aspects of the PPS. Kar & Elveren (2008) focused on gender-based
income disparities, while Bayar & Kilig (2014) assessed the impact of the global financial crisis on
Turkey’s PPS. Dogan (2016) explored the behavioral finance tendencies of bank employees in relation
to PPS investment fund preferences. Aren et al. (2015) investigated the influence of age, education, and
risk appetite on fund selection. Other researchers, such as Hanagasi (2015), Ege (2002), & Acuner
(2018), addressed the legal and tax dimensions of the PPS. Isverenoglu & Hatunoglu (2012) conducted
a SWOT analysis of the pension system.

Comparative studies have also been undertaken. Ozer & Yalgin (2013) analyzed the relationship
between PPS and domestic savings across 16 countries, while Basar et al. (2016) extended this analysis
to OECD countries. Efficiency evaluations of Turkish private pension companies were conducted using
data envelopment analysis by researchers including Gokgoz (2007), Ayaydin (2013), & Karakaya et al.
(2014). Meral & Arican (2020) examined the correlation between automatic enrollment duration and
the PPS fund size-to-GDP ratio in Turkey and globally. Other studies, such as those by Ertugrul & Oztas
(2016) & Ceylan et al. (2017), analyzed optimal pension plan selection and strategic sales development,
respectively. Risk management frameworks in the PPS were studied by Eken & Gaygisiz (2010).

Several studies underscore the positive impact of income on PPS participation (Isbilen, 2008; Sener &
Akin, 2010; Ulugay et al., 2020), while others (Altintas, 2009; Yazici, 2015; Canoz & Bas, 2020) found
a strong link between financial literacy and both enrollment and retention. Kayam et al. (2013)
highlighted the effects of education, occupation, savings, region, sales channels, and payment methods
on system retention. Kuran (2022), using logistic regression, categorized individuals as "participants"

4



or "non-participants” and found that factors such as stable employment, higher income, trust in the
system, and awareness significantly enhance participation.

Some research has focused on customer relationship management within insurance at a theoretical level
(Meral, 2021; Akpmar, 2023), while others have analyzed satisfaction within specific insurance
branches or channels (Ozcan & Tanik, 2021; Muratoglu, 2012). Although insightful, these studies do
not offer a comprehensive analysis of customer satisfaction across the Turkish insurance sector. A recent
study by Meral & Ersoy (2023) assessed insurance company performance using consumer complaints
filed online, aiming to formulate policy recommendations. Another relevant contribution is by Karagoz
et al. (2019), who developed a scale to evaluate factors influencing car insurance provider selection.

To address the identified research gap, this study introduces a scale designed to determine the factors
influencing individuals’ choice of pension providers, specifically within the Turkish context. The scale
will offer clearer insights into the criteria that consumers prioritize when selecting a private pension
company. These insights are expected to guide insurance firms in enhancing service quality and adopting
more customer-centric policies. Furthermore, this study will serve as a foundational resource for future
research and assist prospective participants in making informed decisions about pension plan
enrollment.

I.PRIVATE PENSION SYSTEM

PPS is an insurance-based savings mechanism designed to supplement the existing public social security
system (Yelekgi, 2003). According to World Bank documents, private pension systems are defined as
“insurance systems that are entirely individual, voluntary, independent of employment, and provide
participants with additional retirement income” (World Bank, 1994). At its core, the private pension
system is a funding model that enables individuals to secure their financial future based on their
earnings, without any form of compulsion. The primary principle governing the PPS is voluntariness,
emphasizing individual participation and contributions (Erol & Yildirim, 2004).

Demographic trends such as declining birth rates, increased life expectancy, and a predominantly young
population signal significant future challenges. As the population ages, ensuring adequate retirement
income will become more difficult, potentially reducing individuals' standard of living during
retirement. These concerns necessitated reforms in social insurance and the integration of private
pensions into the broader social security framework. In response, Turkey established the Private Pension
System in 2001 as a complementary scheme designed to support the public social security system (Sen
& Memis, 2001; Paksu, 2007).

The Private Pension System functions as a voluntary savings platform that allows individuals to
accumulate additional income for old age or in the event they can no longer work. Under this system,
participants make regular contributions to personalized accounts, which are then managed by pension
companies. The amount and form of investment are determined by the participant, reflecting personal
preferences and financial goals. By encouraging personal savings, the PPS seeks to enhance financial
security during retirement and complement the existing public pension schemes (Ozbolat, 2003).

In Turkey, the PPS is explicitly structured to complement, rather than replace, the public social security
system and the Social Security Institution (SGK) (ilgin, 2012). Thus, the PPS operates in conjunction
with existing public arrangements, and individuals who participate in the private system retain all rights
and obligations under the SGK. Importantly, insurance entitlements within the public system cannot be
transferred to a private pension account (Kabatas & Giilay, 2022).

Under current regulations, participation in the PPS is mandatory for employees under the age of 45
through automatic enrollment, in addition to the option of voluntary participation (Kocabiyik &
Kiiciikgakal, 2018). Upon reaching eligibility for retirement, participants may opt to receive their
benefits either as a regular pension or as a lump sum, similar to the options available in the public
pension framework.

A person participating in the private pension system has the following rights and opportunities:

e They can allocate their contributions among different funds of the same pension company
(Topalhan, 2010).



e They can change the distribution ratios and amounts of their savings and contributions
among pension funds up to 12 times per year (Pension Monitoring Center [PMC], 2026a).

e They can transfer their pension contract to another pension company. For a contract
initially established with a pension company, the participant must remain with that
company for at least two years before transferring the contract. If the contract was
established through a transfer from another pension company, the participant must remain
with the current pension company for at least one year before making another transfer
(Pension Monitoring Center [PMC], 2026b).

e They can open more than one pension account and combine their accounts in different
companies (Isseveroglu and Hatunoglu, 2012).

e The pension plan can be changed at most 4 times a year (Topalhan, 2010).

e They determine the amount of their contribution and may suspend making contributions
for a period of time if they wish (Ilgin, 2012).

e They can leave the system at any time. Those who are included in the system through
automatic enrollment can exercise their right of withdrawal within the initial two-month
period (Pension Monitoring Center [PMC], 2026b).

e They can monitor and control contribution, pension plan, fund distribution, and other
relevant information through the pension and savings account opened in their name
(Baglan, 2006).

e They are entitled to a State contribution corresponding to 20% of eligible contributions,
subject to the applicable annual upper limit (Pension Monitoring Center [PMC], 2026c¢).

Individuals eligible to participate in the Private Pension System (PPS) enter into a private pension
contract with a pension company to initiate their inclusion in the system. Pension companies, in turn,
establish pension investment funds that typically offer at least three different portfolios reflecting
varying levels of risk and return. This structure enables participants to select investment options that
align with their individual risk tolerance and financial expectations. The management and investment of
participants’ savings are carried out by portfolio management firms under the supervision of the Capital
Markets Board.

To ensure legal and financial security, the assets of pension investment funds are protected against
pledging, collateralization, attachment by third parties, and inclusion in bankruptcy proceedings (Yavas,
2009). Thus, the law and authorized public institutions provide robust legal protections for participants’
fund savings. Throughout their participation, individuals can monitor their savings through personalized
pension accounts. The system places a strong emphasis on transparency; participants receive regular
updates regarding their contributions, fund characteristics, and fund performance in terms of risk and
return. However, the system does not guarantee investment returns. The risks associated with fund
selection and market performance are fully borne by the participants (Ozel & Yalgin, 2013).

In several European countries, the shift toward private pension systems has been driven by demographic
challenges—specifically, aging populations and the decreasing ratio of active workers to retirees, which
has increased the fiscal burden on public pension systems (Kirmizi & Hiiseyinli, 2019). Turkey’s
situation, however, is markedly different. Prolonged periods of high inflation, macroeconomic
instability, and inconsistent practices within the insurance sector have compounded the challenges
facing private pension development (Tunay et al., 2020; Sener & Behdioglu, 2013; Samiloglu et al.,
2019; Eren & Ciitcii, 2021; Tunay & Tunay, 2023). These economic uncertainties have created
significant obstacles to the smooth transition from a public to a private pension framework.

As a result, public trust in the private pension system remains fragile, with many individuals continuing
to rely on the traditional state-sponsored pension system. Despite recent policy reforms and incentives
that have increased interest in the PPS, several barriers persist. Chief among these are low income levels,
lack of confidence in the pension system, and ongoing economic instability (Akgeyik, 2010; Miisliimov
& Aras, 2011). Consequently, the transition to a private pension system in Turkey is unlikely to progress
as swiftly or smoothly as in some European counterparts.

In response to these challenges, private pension companies are actively seeking to expand their customer

base. To achieve this, they are focusing on understanding the factors influencing customer preferences

and reevaluating their service offerings in light of competitive pressures. Strategies include enhancing
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the performance of pension funds, introducing more flexible and diverse pension plans, investing in
digital platforms, and improving communication with customers. These efforts aim to increase customer
satisfaction, foster loyalty, and attract new participants (Akgiin & Bozkurt, 2023).

At the same time, growing competition has prompted some pension companies to pursue operational
efficiency. Measures such as reducing administrative expenses, lowering investment management fees,
or offering low-cost pension plans are increasingly common. However, the effects of such cost-cutting
strategies on customer satisfaction and fund performance require careful evaluation. Ultimately, private
pension companies must continuously innovate and refine their services to meet consumer expectations
and maintain their position in an increasingly competitive marketplace (Koban, 2008).

IH1.METHOD

Knowledge acquisition occurs as individuals observe people, objects, events, and processes within their
environment. When these observations are consistently repeated over time, the resulting information
gradually assumes a numerical form (DeVellis, 2021). In this context, measurement is regarded as a
fundamental component of scientific inquiry. Broadly defined, measurement involves the assignment of
numbers or symbols to the attributes of objects or individuals in accordance with established rules
(Altunisik et al., 2017; Netemeyer et al., 2003). Scientific knowledge must be quantifiable, numerically
represented, and amenable to statistical analysis (Dikegligil, 2006). Instruments designed to
operationalize abstract human characteristics—such as cognitive, emotional, behavioral, educational, or
reactive traits—are referred to as "scales" (Ozdamar, 2016; Durmuskaya & Erdogan, 2021).

The initial step in the scale development process is the precise conceptual definition of the construct to
be measured. Netemeyer et al. (2003) underscore the importance of a clear and comprehensible
definition, highlighting the critical role of theoretical frameworks in this phase. Additionally, the
structural characteristics of the construct must be considered—specifically, whether it is unidimensional
or multidimensional. In a similar vein, Churchill (1979) emphasizes that a clear definition of the
construct is essential for successful scale development. The researcher must delineate which elements
are to be included within the construct and which are to be excluded. DeVellis (2021) further asserts
that, beyond identifying included and excluded elements, it is also imperative to elucidate the construct's
relationships with other theoretical constructs.

The scale development process comprises several sequential stages. These stages involve designing
measurement instruments to capture data on theoretical variables that are not directly observable,
performing quantitative analyses, and determining the levels of these variables (DeVellis, 2021; Giinel
& Bircan, 2022). A review of the literature reveals that while the specific enumeration of these stages
may vary, their fundamental components are largely consistent (Churchill, 1979; DeVellis, 2021). This
study adopts a methodological approach based on the procedures outlined by Tavsancil (2006), Kayhan
et al. (2020), and Giinel & Bircan (2022).

In the current study, factor analysis was employed to assess the quality and validity of the measurement
instrument. The scale development phase followed a structured sequence of steps, as delineated in the
aforementioned methodological references.

e PHASE 1: Theoretical Framework and Conceptualization

The aim of the study is to develop a scale to determine the factors affecting the voluntary PPS company
preferences of individuals between the ages of 25-35, university graduates and employees. Survey
technique was used to collect data from the population.

e PHASE 2: Creating an Item Pool

The “Scale for Determining the Factors Affecting the Choice of Insurance Company for Private Pension
Policy” used in the research was prepared as a trial scale consisting of 192 questions.

e PHASE 3: Expert Opinion and Content Validity

The number of items in the trial scale was reduced to 109 as a result of the evaluation of 10 academicians

specialized in the field of insurance. If the factor loadings are high and the sample is homogeneous, 100-

200 participants may be sufficient. However, 300+ is recommended for weak structures (MacCallum et

al., 1999). For this reason, 220 participants were deemed sufficient in this study due to time constraints
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and difficulty in the data collection process. On the other hand, Comrey & Lee (1992) scaling quality
classification is given in Table 1 (Comrey & Lee, 1992). According to this Table 1, it can be said that
the scaling quality is at a medium level.

Table 1: Scaling Quality Classification

Number of Quality
Samples
<100 Very weak
100-200 Weak
200-300 Middle
300-500 Good
500-1000> Very good

This section also examines the table in which Lawshe determines the minimum content validity ratio
(CVR) values for different numbers of experts (Lawshe, 1975). The minimum CVR values according
to the number of experts are given in Table 2.

Table 2: Minimum CVR Values by Number of Experts

Number of Minimum CVR
Experts (N)

5 0.99

6 0.99

7 0.99

8 0.75

9 0.78

10 0.62

15 0.49

20 0.42

In our study, a CVR value of 0.76 was obtained with 10 experts. This value is higher than the minimum
CVR value of 0.62 for 10 experts.

e PHASE 4: Pilot Study

As a result of the pre-application, a pilot study was conducted with 40 participants to check the
comprehensibility of the questions and to check for technical errors. Since there was no question that
caused ambiguity, a 5-point Likert-type draft scale consisting of 109 items with a score range from 1 to
5 was used. These statements were categorized in five ranges from negative to positive as “Strongly
Disagree”, “Disagree”, “Undecided”, ‘Agree’ and “Strongly Agree”.

e PHASE 5: Main Implementation (Data Collection)

In this section, the necessary data for validity and reliability analyses were collected. In the study, the
guestionnaire forms were supported by social media, sent to the target audience and the forms were
answered by 220 people representing the determined characteristics through Google Forms. A total of
220 university graduates between the ages of 25-35 (115 women and 105 men) participated in the study,
taking into account the gender quota.

e PHASE 6: Exploratory Factor Analysis (EFA)

In this section, it was determined in which factors the question items were grouped. . In the analysis of
the data obtained, IBM SPSS statistical package software was used in the explanatory factor analysis
model and JAMOVI package software was used in the confirmatory factor analysis model. The Kaiser-
Meyer-Olkin (KMO) score should be higher than 0.60 and Bartlett's Test should be significant, factor
loadings should be greater than 0.30, and the total variance explained should be more than 50%.
Principal component analysis and varimax rotation methods were used in the exploratory factor analysis.

e PHASE 7: Reliability Analysis

Here, the internal consistency of the scale was determined.
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¢ PHASE 8: Confirmatory Factor Analysis (CFA)

In this section, confirmatory factor analysis was conducted to evaluate the construct validity and
goodness of fit of the 7-factor structure obtained as a result of the exploratory factor analysis. In addition,
model goodness of fit values were checked.

e PHASE 9: Validity Tests
AVE and CR values were checked in the evaluation of convergent validity.
e PHASE 10: Creating the Final Scale Form

At this stage, the scale was finalized by obtaining a 7-factor structure consisting of 31 items with the
best loading, meaningful and reliable items. It was seen that at least 3 items remained as sufficient items
from each sub-dimension of the scale.

I11.1. Factor Analysis

Factor analysis is one of the multivariate analysis techniques frequently used in many fields, especially
in social sciences (Yaglioglu, 2017). Factor analysis aims to find a small number of new (common)
unrelated variables by bringing together variables that are related to each other in a p-variable event (p-
dimensional space). In other words, it is a dimension reduction and dependency structure elimination
method like principal component analysis (Saragli, 2013). There are two important points here; the first
of these is which factor analysis will be used and the second is which statistical tools will be used for
this factor analysis. The method to be applied will affect the results of the research, thus the “construct
validity” that is tried to be measured (Yaslioglu, 2017).

There are two general approaches used in factor analysis. The type of analysis in which the researcher
does not have any information about the number of factors measured by the measurement tool and tries
to obtain information about the nature of the factors measured by the measurement tool instead of testing
a certain hypothesis is called exploratory factor analysis, and the type of analysis used in examinations
to test a hypothesis developed by the researcher in line with the theory is called confirmatory factor
analysis (Tavsancil, 2006).

Factor analysis serves to reveal the real reasons behind a large number of measurable and observable
characteristics, i.e. hidden dimensions that cannot be observed or measured (Johnson & Winchern, 2014;
Karagoz et al., 2019). All examined changes are considered as dependent variables as a function of some
important, hidden and not yet constructed factor set. On the contrary, one can also treat all factors as
dependent variables as a function of the variables originally examined (Karagoz et al., 2019). In this
study, firstly, the factor structure of the scale was decided by looking at the findings obtained as a result
of the exploratory factor analysis applied to the data. Then, confirmatory factor analysis was conducted
to determine the fit between this factor structure and the theoretical factors. In addition, the reliability
of the measurements was evaluated with Cronbach Alpha coefficient used to determine internal
consistency.

a. Exploratory factor analysis (EFA)

Exploratory factor analysis is a widely used analysis method in fields such as psychology, social
sciences, sociology, sociology, geology, medicine, business administration, etc., which enables the
identification of units as factors with a new name by gathering together those that can be handled
together among a large number of interrelated characteristics of units, which can be handled together,
unrelated to each other, but which can be useful in explaining a formation (Kline, 1994; Tavsancil, 2006;
Karagdz, 1991; Ozdamar, 2010; Yemez, 2016).

In cases where it is not known how many factors the measurement tool measures and the researcher uses
the measurement tool to obtain information about the structure of the factors measured instead of testing
a specific hypothesis, it is called explanatory factor analysis (Tavsancil, 2006). It is a factor analysis that
utilizes the Covariance or Correlation matrix of the data to derive a smaller number (k < p) of new
variables (factors) that are independent of each other from p variables that are related to each other. With
this method, a smaller number of factors that highly explain the original variability from p variables are
determined and the factor loadings, factor coefficients, and factor scores of these factors are calculated
and scores that are highly correlated with the original variables but uncorrelated among themselves are
9



derived (Henson & Roberts, 2006; Dogan et al., 2017; Karagdz et al., 2019). Creating different structures
by utilizing the relationships between variables are the two main purposes of factor analysis (Ozdamar,
2010).

Exploratory factor analysis is an analysis that transforms groups into new variables by dividing a large
number of variables into certain groups, maximizing the relationship between variables within the group

and minimizing the relationship between groups. These new variables are called factors (Karagoz et al.,
2016).

b. Confirmatory factor analysis (CFA)

Confirmatory factor analysis (CFA) is an analysis method that is frequently used in the development of
measurement models and provides significant convenience (Karagoz et al., 2019). It is a factor analysis
used to test the conformity of the factors determined by explanatory factor analysis to the factor
structures determined by the hypothesis. CFA is based on testing preliminary expectations about the
connections between observed variables and latent variables, which are their non-deterministic functions
(Noyan, 2009). Confirmatory factor analysis tests whether there is a fit between the variables that have
an effect on determining the theoretically proposed factors and the original variables that constitute the
factors revealed by exploratory factor analysis (Ozdamar, 2010; Dogan et al., 2017). In this context,
construct validity is evaluated by confirmatory factor analysis after constructs are formed by exploratory
factor analysis (Kline, 2023; Stapleton, 1997; Dogan et al., 2017). It is generally used in scale
development and validity analyses or aims to verify a predetermined structure (Yashioglu, 2017). By
utilizing the factors determined by exploratory factor analysis and the variables in the data matrix, it is
investigated whether there is a fit between the factors and variables, that is, whether there is a high
correlation.

I11.11. Internal consistency analysis

One of the reliability analysis methods is internal consistency analysis, which investigates whether the
statements considered together measure the same construct, that is, whether they are consistent within
themselves (Churchill, 1979; Nunnally, 1979; Karagoz et al., 2019). One of the basic assumptions in
Likert-type scale development studies is that there is a monotonic relationship between the entire attitude
to be measured and each item in the scale (Yemez, 2016). In other words, there is an assumption that
each item basically measures the same attitude (Tavsancil, 2006). Therefore, when developing a Likert-
type scale, it is appropriate to use the o coefficient developed by Cronbach, which is accepted as a
measure of internal consistency to determine the level of reliability (Cortina, 1993; Haladyna, 1999).
The alpha coefficient is used to determine whether the questions in the scale form a uniform structure
in certain groups (Karagdz, 2016). In other words, in Likert-type scale studies, there is the assumption
that all items essentially measure the same attitude (Tavsancil, 2006). For this reason, Cronbach's alpha
coefficient, which is used to determine the level of reliability in the development of Likert-type scales
and is considered an internal consistency criterion, is generally used. Cronbach's a coefficient takes a
value between 0 and 1, and the higher the a coefficient of the scale, that is, the closer it is to 1, the more
consistent the items in the scale are with each other and the more it is accepted that they measure the
elements of the same characteristic. (Tezbasaran, 1996; Yemez, 2016; Karagoz et al., 2019).

IV.RESULTS

In this study, a total of 220 respondents (115 women and 105 men) participated in the survey in order
to develop a scale to determine the factors affecting the preferences of university graduates and working
individuals between the ages of 25-35 for voluntary PPS companies. Figure 1 shows the bar chart graph
of the respondents according to the faculties and institutes they graduated from.
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Figure 1: Bar Chart Graph of Surveyed Graduate Students by Faculty/Conservatory/Institute
and High School
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As can be seen in the bar chart in Figure 1, it is observed that the highest number of university graduates
and working individuals participated in the survey from the Faculty of Arts and Sciences with 121
graduates, followed by students from the Faculty of Architecture with 43 graduates.

Before the data obtained were subjected to the exploratory factor analysis model, Bartlett’s test of
sphericity and the Kaiser-Meyer-Olkin (KMQO) measure of sampling adequacy were examined to assess
whether the correlation matrix was suitable for factor analysis. The results of the analysis are given in
Table 3.

Table 3: Results of KMO Coefficient and Bartlett Sphericity Test

Kaiser-Meyer- 0.702
Olkin (KMO)
Coefficient
Barlett Chi-Square 13625.769

Sphericity Test Value

Degrees of 5886

Freedom
p 0.000

The KMO measure of sampling adequacy ranges from 0 to 1 and evaluates the extent to which the
observed correlations can be explained by common variance rather than by correlations specific to
individual pairs of variables (Kaiser & Rice, 1974; Watkins, 2018). KMO values of 0.70 or higher are
generally considered desirable for factor analysis (Watkins, 2018). According to the classification used
by Kartal & Bardakg1 (2018), KMO values between 0.70 and 0.79 are considered “good.” Accordingly,
the KMO value of 0.702 obtained in this study indicates a good level of sampling adequacy and supports
the suitability of the correlation structure for exploratory factor analysis. However, the KMO coefficient
should not be interpreted as direct evidence that the overall sample size is sufficient. The adequacy of
the overall sample size is a separate methodological consideration and may depend on factors such as
the number of measured variables, the magnitude of factor loadings, and the degree to which the factors
are adequately represented (Watkins, 2018).

In addition, Bartlett’s test of sphericity was conducted to examine whether the correlation matrix
significantly differs from an identity matrix. A statistically significant Bartlett’s test indicates that the
variables are sufficiently intercorrelated to support the application of exploratory factor analysis
(Bartlett, 1954; Watkins, 2018). In order to conduct factor analysis, the KMO value should generally
be above 0.60, while Bartlett’s test should be statistically significant (Nakip, 2006; Arslan & Filiz,
2020).
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The KMO value of 0.702 obtained in this study indicates a good level of sampling adequacy and
provides support for the factorability of the correlation matrix. Importantly, this result is interpreted as
evidence concerning the suitability of the correlation structure for factor analysis rather than as a direct
test of the sufficiency of the overall sample size. In addition, the results of Bartlett's Test of Sphericity
were examined to determine whether the correlation matrix differed significantly from an identity
matrix. The chi-square value obtained (¥2(5886) = 13625.769, p < .001) was statistically
significant, indicating that the variables were sufficiently correlated and that the correlation matrix was
suitable for exploratory factor analysis.

IV.1. Results of Exploratory Factor Analysis

In order to determine the construct validity of the draft scale, explanatory factor analysis was applied
to 109 items in the draft scale and the correlation matrix between these items was examined. For this
purpose, principal component analysis and varimax rotation methods were used in exploratory factor
analysis. The main purpose of rotation methods is to create a more understandable structure by
combining rows and columns in the factor matrix (Coan, 1959). This purpose is the same for both
orthogonal and oblique methods. While orthogonal methods do not accept correlation between factors,
oblique methods allow correlation between factors. Therefore, the analysis with the orthogonal method
tries to obtain independent factors instead of interdependent (correlated) factors. In reality, however, it
is quite difficult to find completely independent factors. When the aim of the research is to build a
model and obtain the optimal number of independent factors, orthogonal methods such as varimax
rotation are usually preferred (Kieffer, 1998).

In the study, the anti-image correlation matrix was first analyzed. This matrix shows the degree to which
factors explain each other. While the values on the diagonal of the matrix are an indicator of sampling
adequacy, other values off the diagonal represent the partial correlation between variables (Altinisik et
al., 2017). During the factor analysis, the values below 0.50 on the diagonal of the anti-image correlation
matrix were removed in order from smallest to largest. This exclusion process is due to the fact that the
adequacy of the statements below the specified value in the developed scale is significantly low
(Ozdamar, 2016). In this study, in the factor analysis process, the statements with values less than 0.50
were removed respectively unless they fell below this value and the process was repeated. In addition,
statements that were included in more than one factor or not included in any factor were also determined
to be removed from the scale.

In the second stage, the rotated component matrix revealed items with factor loadings below 0.30 and
items that could not be associated with any factor. If items that are highly correlated with a factor come
together, this indicates that these items measure the same concept or factor. If the factor loading value
is 0.45 or higher, this is a good selection criterion; however, in practice, this limit value can be reduced
to 0.30 for a small number of statements (Biiylikdztiirk, 2012). In this study, since the aim was to
develop a comprehensive scale, statements with factor loadings below 0.30 were excluded from the
scale. As a result, 46 of the 109 statements used in the pilot study were eliminated, and as a result of
the analysis, these 46 statements were reviewed by two experts on the subject and decided to be removed
from the scale with a common opinion. These items are items numbered 3, 11, 14, 27, 36, 38, 44, 51,
52, 55, 56, 57, 58, 59, 60, 62, 63, 65, 66, 67, 69, 72, 74, 75, 76, 77, 78, 80, 81, 82, 83, 85, 87, 89, 90,
93, 100, 101, 102, 103, 104, 105, 106, 107, 108 and 109. While the number of items in the scale was
109 at the beginning, the number of items in the scale decreased to 63 after these 46 items were removed
from the scale.

As a result of the factor analysis conducted again for 63 items, the KMO value was found to be 0.822
and the chi-square value was found to be significant (¥2=6979.866; p=0.000) according to Bartlett
Sphericity test. As a result, a structure with 63 items and nine factors with eigenvalues greater than 1
was formed. It was also concluded that the instrument explained the total variance with a rate of
53.926% and the items in the sub-factors overlapped with the items in the original form. In the factor
analysis results, it was concluded that the items were grouped under a total of 9 factors after rotation.
The loading values of the items were between 0.382 and 0.857 and it is very important for validity that
these values are above 0.30. However, 32 items were identified that were overlapping in more than one
factor, had low item factor loading weights and negatively affected the total explained variance. These
items are items numbered 1, 4,5, 6, 7, 8, 9, 10, 13, 15, 25, 28, 32, 33, 34, 35, 37, 39, 46, 47, 48, 49, 50,
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64, 70, 73, 79, 86, 88, 97, 98 and 99. While the number of items in the scale was 63 at the beginning,
the number of items in the scale decreased to 31 after these 32 items were removed from the scale.

Factor analysis was applied again for the remaining 31 items in the scale. As a result of the analysis,
the KMO value was found to be 0.809 and the chi-square value (y2=2868.001; p=0.000) was found to
be significant according to Bartlett Sphericity test. As a result, a seven-factor structure with 31 items
and an eigenvalue greater than 1 was formed. It was also concluded that the scale explained the total
variance with a rate of 62.657% and the items in the sub-factors overlapped with the items in the original
form. The factor loadings and variance ratios of the scale are shown in Table 4.

Table 4: Factors and Item Loadings of the Seven-Factor Scale after Rotation

Items Factor 1 Factor 2 Factor 3 Factor 4 Factor 5 Factor 6 Factor 7

Item 22 0.809

Item 20 0.779

Item 21 0.777

Item 17 0.770

Item 26 0.762

Item 16 0.750

Item 19 0.772

Item 23 0.748

Item 24 0.740

Item 12 0.704

Item 18 0.685

Item 2 0.670

Item 41 0.825

Item 43 0.818

Item 40 0.765

Item 42 0.754

Item 45 0.682

Item 92 0.787

Item 95 0.771

Item 94 0.722

Item 91 0.683

Item 96 0.638

Item 30 0.843

Item 31 0.755

Item 29 0.608

Item 53 0.846

Item 54 0.723

Item 68 0.683

Item 71 0.791

Item 61 0.768

Item 84 0.601

Eigen Value 6.028 4.024 2.708 2.056 1.791 1.512 1.305

Variance 19.445 12.980 8.734 6.632 5.776 4.878 4211
Ratios (%)

Cumulative 19.445 32.425 41.160 47.792 53.569 58.446 62.657
Variance
(%)

The factor loadings obtained as a result of the Varimax rotation process are considered bad if they are
between 0.32-0.44, normal if they are between 0.45-0.54, good if they are between 0.55-0.62, very good
if they are between 0.63-0.70, and excellent if they have a value of 0.70 and above (Dede & Yaman,
2008; Karagoz et al., 2019). When the data in Table 2 are analyzed, it is seen that 2 items change in
the “good”, 7 items change in the “very good” and 23 items change in the “excellent” direction and the
eigenvalues of the 7 factors obtained are greater than 1.

As a result of the exploratory factor analysis, it was found that the first of the sub-dimensions consisted
of 6 items, explained the total variance with a rate of 19.445% and the factor loading values ranged
between 0.809 and 0.750. It was observed that the second sub-dimension consisted of 6 items, explained
the total variance with a rate of 12.980% and the factor loading values ranged between 0.772 and 0.670.
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The third sub-dimension consisted of 5 items, explained the total variance with a rate of 8.734% and
the factor loading values ranged between 0.825 and 0.682. The fourth sub-dimension consisted of 5
items, explained the total variance with a rate of 6.632% and the factor loadings ranged between 0.787
and 0.638. It was observed that the fifth sub-dimension consisted of 3 items, explained the total variance
with a rate of 5,776% and the factor loadings varied between 0,843 and 0,608. The sixth sub-dimension
consisted of 3 items, explained the total variance with a rate of 4.878% and the factor loading values
ranged between 0.846 and 0.683. Finally, the seventh sub-dimension consisted of 3 items, explained
the total variance with a rate of 4.211% and the factor loading values ranged between 0.791 and 0.601.

The explained variance ratios given in Table 4 are also an important row regardless of the factor analysis
method. It is very important that the explained variance exceeds 50% of the total variance. Because if
the factor structure created explains less than half of the total variable variance, it would be wrong to
talk about its representativeness (Yaslioglu, 2017). It can be said that the total explained variance value
of 62.657% is an acceptable value.

One of the important steps to make the results of factor analysis meaningful is to group the items in the
same factor under a common title. In order to name the factors correctly, the items should measure a
similar construct. Otherwise, while the factor analysis may be numerically consistent, the results
obtained may be meaningless.

The items in each factor and their statements are given below:
e Factor 1: After Sales Services

Item 22: When choosing a private pension fund, responsive customer service influences my
choice of company.

Item 20: The ease of use and features of the online platform of the Private Pension System
company influenced my choice of company preference.

Item 21: Prompt and responsive customer support when you have guestions or concerns about
your investment influenced my choice of company.

Item 17: The frequency and clarity of the mutual fund company's portfolio updates influence my
choice of company preference.

Item 26: Providing regular updates and statements on the performance and operations of a private
pension portfolio influences my choice of company.

Item 16: Access to financial advisors who can provide personalized investment advice is
influential in my choice of company preference.

When Item 22, Item 20, Item 21, Item 17, Item 26 and Item 16 are analyzed, we have named these items
as the “After Sales Services” factor because they all cover the support, information and communication
activities provided to the customer after the service is purchased from the private pension company.
Elements such as customer service, ease of online platform, regular information and investment
consultancy are the main after sales services that increase investor satisfaction and willingness to stay
in the system.

e Factor 2: Professional Fund Management

Item 19: The compatibility of the fund's asset allocation with your risk tolerance influences my
choice of company preference.

Item 23: The private pension company's communication about risk management strategies and
their impact on fund performance influences my choice of company preference.

Item 24: In the pension funds of an individual company, the good track record of the fund is
effective in my choice of company preference.

Item 12: The diversity of funds with higher volatility but potentially higher returns influences my
choice of company preference.
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Item 18: The variety of investment options offered by a private pension fund influences my
choice of company.

Item 2: Consistent performance in a variety of market conditions influences my choice of
company preference.

Analyzing Item 19, Item 23, Item 24, Item 12, Iltem 18 and Item 2, we named these items the
“Professional Fund Management” factor because they all focus on how private pension funds are
managed, the quality of investment options, risk management and stability of performance. The risk-
return balance, diversification, track record and management strategies of funds reflect investor
confidence in professionally managed funds and their influence on company choice.

e Factor 3: Company Image

Item 41: The efforts of the private pension company to meet the needs of its customers are
effective in my choice of company preference.

Item 43: For a private pension company, ethical business practices and social responsibility
positively affect my preference for the company.

Item 40: A private pension company's consistency in its messages in different communication
channels influences my choice of company preference.

Item 42: Being familiar with the brand and reputation of the private pension company is effective
in my choice of company.

Item 45: The fact that the private pension company is advanced and innovative in adopting new
technologies influences my choice of company preference.

When Item 41, Item 43, Item 40, Iltem 42 and Item 45 are analyzed, we named these items the
“Company Image” factor because they all reflect the outward perception, reputation, ethical values,
innovation and customer-oriented approach of the private pension company. The overall impression
and sense of trust that customers have about the company plays an important role in their brand
preferences. Therefore, these items are directly related to the company's image.

e Factor 4: Trust

Item 92: Transparency in the operations and investments of the private pension company
influences my choice of company preference.

Item 95: The accuracy and consistency of the information provided by the private pension
company influences my choice of company preference.

Item 94: The level of communication about the fund strategy and changes is influential in my
choice of company preference.

Item 91: A private pension fund company recommended by a trusted friend or family member
positively influences my choice.

Item 96: Positive customer testimonials and reviews are influential in building your trust in a
private pension fund company.

When Item 92, Item 95, Item, Item 91 and Item 96 are analyzed, we named these items the
“Trust” factor because they all contain elements that are effective in building trust in the private pension
company. Transparency, accuracy of information, open communication, positive recommendations
from the environment and customer references all contribute to investor trust in the company. Therefore,
these items are grouped under this name as they reflect trust based evaluations.

e Factor 5: Experience

Item 30: The accumulated sector knowledge and insights of the private pension company
positively influence my choice of company in my investment decisions.

Item 31: The private pension company's experience in adapting to changing market conditions
and legislation is influential in my choice of company preference.
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Item 29: The private pension company's long-standing experience in the financial sector
positively influences my choice of company when considering investing with them.

When Item 30, Item 31 and Item 29 are analyzed, we named these items the “Experience” factor
because they all emphasize factors such as the private pension company's sectoral know-how, past
experience and ability to adapt to changing conditions. This factor plays a decisive role in company
preference, as investors believe that an experienced company will be more reliable and successful.

e Factor 6: Portfolio Size

Item 53: The private pension company's efforts to diversify its portfolio assets are influential in
my choice of company preference.

Item 54: A private pension company's resource allocation (e.g. research, analysis) according to
the size of the portfolio is influential in my choice of company preference.

Item 68: The size and scale of the private pension company's portfolio positively affect my
decision to invest with them.

When Item 53, Item 54 and Item 68 are analyzed, we named these items the “ Portfolio Size”
factor because they all emphasize factors such as the scale and diversity of the portfolio managed by
the private pension company and the resource allocation based on this size. Large and diverse portfolios
give investors more confidence and reinforce the perception of professional management. Therefore,
these items are directly related to portfolio size.

e Factor 7: Diversity of Pension Plans

Item 71: Providing investment options with different risk-return profiles to meet different
investor preferences influences my choice of company preference.

Item 61:. The ability to customize your fund portfolio by choosing from a wide range of
investment options influenced my choice of company.

Item 84: The fact that a private pension company offers international investment options (e.g.
global funds) influences my choice of company preference.

When examining Item 71, Item 61 and Item 84, we named these items the “Diversity of Pension Plans”
factor because they all refer to the variety of alternatives available to investors, such as different risk-
return profiles, customizable options and international investment possibilities. The wide and flexible
options make it possible to create pension plans that suit individual needs. This is why these items are
grouped under this name, as they highlight the diversity of plans.

The naming and item numbers of the 7-factor structure formed by taking into account the items in the
factor and the constructs that make up these items are summarized in Table 5.

These factors are named as “After Sales Services”, “Professional Fund Management”, “Company
Image”, “Trust”, ‘Experience’, “Portfolio Size” and “Diversity of Pension Plans”.

Table 5: Factor Names and Items in Factors

Factors Item Numbers
F1: After Sales 22,20, 21, 17,
Services 26, 16
F2: Professional 19, 23, 24, 12,
Fund 18, 2
Management
F3: Company 41, 43, 40, 42,
Image 45
F4: Trust 92, 95, 94, 91,
96
F5: Experience 30, 31, 29
F6: Portfolio 53, 54, 68
Size
F7: Diversity of 71,61, 84
Pension Plans
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If the Cronbach a coefficient, which is used to measure the reliability of the scale and expresses the
internal consistency measure, is less than 0.40, it is decided that the scale is “not reliable”, if it is in the
range of 0.40-0.59, the scale is “low reliability”, if it is in the range of 0.60-0.79, the scale is “highly
reliable” and if it is in the range of 0.80-1.00, the scale is “high reliability” (Karagoz et al., 2019). In
this study, the Cronbach Alpha coefficient of the whole scale and its sub-factors were determined as a
result of the analyzes and these values are given in Table 6.

Table 6: Internal Consistency Coefficients for the Scale and Sub-Factors

Factors Number of Item | Cronbach Alpha
Internal
Consistency
Coefficient (o)
F1: After Sales 6 items 0.898
Services
F2: Professional 6 items 0.852
Fund
Management
F3: Company 5 items 0.850
Image
F4: Trust 5 items 0.770
F5: Experience 3 items 0.727
F6: Portfolio 3 items 0.658
Size
F7: Diversity of 3 items 0.633
Pension Plans
Total 31 items 0.668

According to the data in Table 6, when the Cronbach o coefficients of the sub-dimensions of the
developed scale are evaluated, it can be said that Factor 1 is 0.898, Factor 2 is 0.852 and Factor 3 is
0.850 and all three of these factors are highly reliable, while Factor 4 is 0.770, Factor 5 is 0.727, Factor
6 is 0.658 and Factor 7 is 0.633 and these factors are also highly reliable. Finally, when the whole scale
was evaluated, it was seen that the overall reliability coefficient of the 31 items in the scale was 0.668.
The obtained value of 0.668 shows that the scale is quite reliable.

IV.11. Results of Confirmatory Factor Analysis

Confirmatory factor analysis was conducted to evaluate the construct validity and goodness of fit of the
7-factor structure obtained as a result of the exploratory factor analysis.

The extent to which a designed model fits real data is assessed using fit statistics to determine the
construct validity of the model. Many goodness-of-fit statistics are available and there are strengths and
weaknesses among them (Bagozzi et al., 1991). When determining the fit between the model and the
data, it has been stated that only a few of the goodness-of-fit tests can be used or all of them can be used
(Schumacker, 2006). It is stated that there are different types of fit indices, but there is no consensus on
which indices should be accepted as standard (Simgek, 2007; Capik, 2014). Therefore, it may be
misleading to evaluate how well or poorly the model fits the reality based on a single statistic. In order
to make an accurate comment on this issue, it is necessary to examine multiple statistics together in the
light of their own conditions and the characteristics of the model (Byrne, 2011; Karagéz et al., 2019).

The degrees of freedom (X2/df), CFI (Comparative Fit Index), TLI (NNFI) (Tucker Lewis Index),
SRMR (Standardized Root Mean Square Residuals), RMSEA (Root Mean Square Error of
Approximation) values of a scale provide limits on whether the scale is validated with the data obtained
from the sample. The obtained model fit goodness of fit values are presented in Table 7.

17



Table 7: Model Fit Indexes

Fit Index Good Fit Acceptable Fit Calculated Value
x2/df x2/df <3 3< y2/df<5 1.058
CFI CFI>0.95 0.90<CFI<0.95 0.998
TLI TLI>0.95 0.90<TLI<0.95 0.998
SRMR SRMR<0.05 0.05<SRMR<0.10 0.062
RMSEA RMSEA<0.05 0.05<RMSEA<0.08 0.016

Source: (Erme and Alparslan, 2023).

When the fit indices are examined in Table 7, ¥2/df=1.058, CFI=0.998, TLI=0.998, SRMR=0.062 and
RMSEA=0.016. When these fit indices are examined, X2/df<3, CFl and TLI values are in the range of
0.95 and 1.00, which comply with good fit criteria (Baumgartner & Homburg, 1996; Bentler, 1980).
The SRMR value fits the acceptable fit criteria between 0.05 and 0.10 (Browne & Cudeck, 1993).
Finally, since the RMSEA value is less than 0.05, it complies with good fit indices (Kline, 2023;
Tabachnick & Fidell, 2007).

The fit indices obtained in the present study indicate an excellent overall model fit. However, these
findings should be interpreted with some caution because the EFA and CFA were conducted using the
same sample. When the factor structure is explored and subsequently tested in the same sample, the
resulting CFA fit indices may appear particularly strong because the model is evaluated using the same
data from which the factor structure was initially derived. Therefore, the present CFA findings provide
supportive evidence for the proposed seven-factor structure within the current sample, but they should
not be regarded as definitive evidence of the generalizability of the factor structure. In scale
development and validation research, conducting EFA and CFA on independent samples is
recommended because replication of the factor structure in an independent sample provides stronger
evidence for the stability and generalizability of the measurement model (Worthington & Whittaker,
2006; Brown, 2015; Kline, 2023). Accordingly, independent-sample validation of the seven-factor
structure is recommended as an important direction for future research.

The diagram of the appropriate model for the seven-factor structure obtained by confirmatory factor
analysis is given in Figure 2. Since the factor names are long and do not look good in the path diagram,
they are abbreviated as F1, F2, F3, F4, F5, F6 and F7.
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Figure 2: JAMOVI Diagram of the Model
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In confirmatory factor analysis, statistically significant regression coefficients are critical for the
validity of the model. These coefficients reflect the extent to which the observed variables represent the
latent constructs, that is, the strength of the factor loadings. The significance of the relationship between
each observed variable and the latent factor is evaluated at the p < 0.05 level, which indicates that the
variables load correctly on the relevant factors (Karagoz et al., 2016). When evaluated in terms of factor
loadings, loadings of 0.60 and above are considered high, and between 0.30-0.59 are considered
moderate. Moderate loadings can be taken into consideration in terms of eliminating variables in the
analysis process (Kline, 1994; Karagdz et al., 2019). However, according to Hair et al. (2009), it is
considered appropriate that the factor loading value of each item in the scale is above 0.50 (Hair et al.,
2009). On the other hand, according to Biiyiikoztiirk (2012), it is considered sufficient for this value to
be at least 0.45 (Biiyiikoztiirk, 2010; Kartal & Bardakgi, 2018).According to the results of the analysis,
p values were found to be below 0.05 in all binary relationships examined, which revealed that the
factor loadings were significant. This finding supports that the items are appropriately included in the
determined factor structure. Table 8 presents the standardized regression coefficients for the seven-
factor model.

Table 8: Standardized Regression Weights for the Seven-Factor Structure

Item-Factor Standardized Item-Factor Standardized

Regression Regression
Weights Weights
Madde 22 < F1 0.724 Madde 45 < F3 0.657
Madde 20 < F1 0.732 Madde 92 «— F4 0.792
Madde 21 < F1 0.807 Madde 95 < F4 0.762
Madde 17 F1 0.888 Madde 94 < F4 0.656
Madde 26— F1 0.807 Madde 91 < F4 0.586
Madde 16 < F1 0.872 Madde 96 «— F4 0.601
Madde 19 <« F2 0.787 Madde 30 « F5 0.845
Madde 23 « F2 0.780 Madde 31 « F5 0.852
Madde 24 «— F2 0.802 Madde 29 « F5 0.600
Madde 12 <« F2 0.804 Madde 53 < F6 0.862
Madde 18 <« F2 0.598 Madde 54 < F6 0.645
Madde 2 < F2 0.671 Madde 68 < F6 0.490
Madde 41 < F3 0.860 Madde 71 < F7 0.707
Madde 43 < F3 0.812 Madde 61 «— F7 0.641
Madde 40 < F3 0.738 Madde 84 «— F7 0.567
Madde 42 < F3 0.849

When Table 8 is examined, it is seen that the factor loadings of the latent variables named F1, F2, F3,
F4, F5, F6 and F7 vary between 0.724 and 0.888; 0.598 and 0.804; 0.657 and 0.860; 0.586 and 0.792;
0.600 and 0.852; 0.490 and 0.862; and 0.567 and 0.707, respectively. In line with these findings, it can
be stated that the seven-factor structure that emerged as a result of the exploratory factor analysis was
validated by confirmatory factor analysis. Nevertheless, given that both EFA and CFA were conducted
on the same sample, this conclusion is stated cautiously and is limited to the evidence obtained from
the current sample. The CFA results support the seven-factor structure, but replication using an
independent sample would provide stronger evidence regarding the stability and generalizability of the
factor structure (Worthington & Whittaker, 2006; Brown, 2015; Kline, 2023). Therefore, the obtained
goodness-of-fit indices show that this scale presents a good model and is a valid measurement tool in
terms of factor structures.

One of the criteria frequently used in the evaluation of construct validity is the value known as AVE
(Average Variance Extracted) in the literature. According to Hair et al. (2009), AVE is calculated by
taking the average of the squared standardized factor loadings of the items belonging to a factor. When
the AVE values obtained in this study were examined, they were found to be 0.652 for Factor 1, 0.554
for Factor 2, 0.619 for Factor 3, 0.468 for Factor 4, 0.600 for Factor 5, 0.466 for Factor 6, and 0.410 for
Factor 7.

Another important criterion used to assess construct validity is the CR (Construct Reliability) values
calculated for the factors. CR reflects the reliability of each latent construct and provides

19



complementary information to AVE when evaluating the measurement model (Raykov, 1997; Hair et
al., 2019).

For convergent validity to be sufficient, the AVE value is commonly expected to be greater than 0.50
(Karaman, 2023; Shrestha, 2021). At the same time, composite reliability should be greater than the
AVE (CR > AVE) (Fornell & Larcker, 1981; Sharif-Nia et al., 2020; Ernest et al., 2019; Hair et al.,
2011; Singh & Kaur, 2016). However, Fornell & Larcker (1981) noted that an AVE value below 0.50
may still be acceptable when the composite reliability is sufficiently high. Therefore, AVE should not
be interpreted in isolation; rather, it should be considered together with composite reliability and the
overall pattern of evidence regarding the measurement model (Fornell & Larcker, 1981; Hair et al.,
2019). Finally, CR values are expected to be higher than 0.60 (Edes & Calik, 2020).

Although the AVE values of Factor 4, Factor 6, and Factor 7 were below 0.50 (0.468, 0.466, and 0.410,
respectively), their CR values were greater than 0.60, providing supportive evidence for the reliability
of these constructs. Although these three factors did not meet the conventional 0.50 AVE criterion, the
extent of the deviations for Factors 4 and 6 was relatively small, while Factor 7 showed a comparatively
lower AVE value. Thus, these results warrant a cautious interpretation rather than indicating an
automatic failure of convergent validity. When considered together with the CR values and the other
evidence supporting the measurement model, the findings provide overall supportive evidence for
convergent validity, while the AVE values below 0.50 for Factors 4, 6, and 7 should be acknowledged
as a limitation of the present measurement model. Since the AVE values of the other factors were
greater than 0.50, these factors met the conventional criterion for convergent validity. In addition, it
was observed that the CR values obtained for all factors were greater than the corresponding AVE
values. Finally, the CR values for all factors were greater than 0.60. Taken together, these findings
suggest that the scale demonstrates generally adequate convergent validity, although the AVE values
of Factors 4, 6, and 7 indicate that the evidence for convergent validity is somewhat weaker for these
factors compared with the remaining factors.

V.CONCLUSION AND RECOMMENDATIONS

The private pension system (PPS) is designed as a supplementary mechanism to the public social
security structure. Its primary objectives are to alleviate the financial burden on public pension schemes
and to foster economic growth through the enhancement of domestic savings. Furthermore, the system
seeks to enable individuals to sustain a standard of living in retirement comparable to that enjoyed
during their working years. Given the financial and structural challenges that have emerged within
public pension systems over time, private pension schemes have been increasingly proposed as
alternative solutions—particularly in instances where the principles of the welfare state are
insufficiently upheld. These schemes are implemented in various forms across different countries,
typically structured as salary-based or premium-based programs.

Throughout the life course, individuals are susceptible to social risks such as unemployment, old age,
and disability, all of which may result in income loss. Within this context, the PPS contributes to
economic development by directing individual savings into financial markets, thereby supporting
investment activities. As such, it assumes a pivotal role within the financial system by generating
economic benefits, including increased production, improved employment rates, and the
encouragement of new savings.

A review of the extant literature on the PPS indicates a paucity of comprehensive studies that holistically
examine both the supply and demand dimensions of the system. On the demand side, findings reveal a
lack of adequate and accurate information available to individuals regarding the system. Consequently,
the motivations underlying investment decisions and the degree to which the system fulfills
participants’ expectations remain unclear. On the supply side, significant issues include the inability of
banks and intermediary institutions to accurately identify their target demographics, formulate effective
marketing strategies, and utilize resources efficiently.

Private pension companies operate within a highly competitive environment, striving to attract a greater
number of participants. In response, these companies seek to enhance their service offerings by
analyzing the factors contributing to competitor preference. Strategic initiatives include improving
pension fund returns, diversifying and increasing the flexibility of pension plans, strengthening digital
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infrastructures, and enhancing customer communication. Such efforts aim to increase customer
satisfaction, foster loyalty among existing clients, and attract new participants.

The present study aims to develop a measurement scale to identify the factors influencing company
preference among university graduates and employees aged 25-35 who are considering voluntary
participation in the PPS. Data were collected from 220 respondents and subjected to the Kaiser-Meyer-
Olkin (KMO) measure and Bartlett’s Test of Sphericity to evaluate sampling adequacy. Initially, 83
items were eliminated from an item pool of 192 based on expert judgment, resulting in a preliminary
instrument comprising 109 items. These items were administered to participants, and the resultant data
were analyzed. Exploratory Factor Analysis (EFA) was first applied, leading to the exclusion of
unsuitable items and the emergence of a seven-factor structure encompassing 31 items. The identified
factors were labeled as: “After-Sales Services,” “Professional Fund Management,” “Company Image,”
“Trust,” “Experience,” “Portfolio Size,” and “Diversity of Pension Plans.”

The final seven-factor structure explained 62.657% of the total variance, while the factor loadings
ranged from 0.601 to 0.846. These findings indicate that company preference in the voluntary PPS
context is multidimensional rather than being determined solely by financial performance. In particular,
the results suggest that investors evaluate not only fund management and investment alternatives but
also the quality of post-purchase services, corporate reputation, trust, organizational experience,
portfolio characteristics, and the diversity of available pension plans.

The seven-factor structure derived from the EFA was subsequently evaluated through Confirmatory
Factor Analysis (CFA). The fit indices obtained indicated that the model demonstrated a strong overall
fit (y*/df = 1.058, CFI = 0.998, TLI = 0.998, SRMR = 0.062, and RMSEA = 0.016). These findings
provide empirical support for the proposed seven-factor measurement structure within the present
sample.

The findings also provide several important practical implications for private pension providers. The
prominence of After-Sales Services suggests that companies should not view customer acquisition as
the endpoint of the relationship but should continuously support participants through responsive
customer service, accessible digital platforms, clear portfolio information, and personalized financial
guidance. Similarly, the Professional Fund Management factor indicates that communicating fund
performance, risk management practices, asset allocation, and investment alternatives in a clear and
comprehensible manner may strengthen consumers’ perceptions of the quality of the provider.

The emergence of Trust and Company Image as distinct dimensions is also noteworthy because
participation in private pension arrangements involves long-term financial commitments and
uncertainty about future outcomes. This finding is consistent with van Dalen and Henkens (2018), who
demonstrated that trust in pension providers is shaped by perceptions of provider integrity, competence,
stability, and benevolence, highlighting the importance of provider characteristics in establishing and
maintaining participants’ trust. Previous research has shown that trust in financial institutions is
positively associated with participation in private pension schemes and retirement-related financial
decisions (Ricci & Caratelli, 2017; Fisch & Seligman, 2022). Accordingly, transparency, consistency
of information, ethical conduct, institutional reputation, and credible communication should be
regarded as strategic components of PPS provider positioning rather than merely as promotional
activities.

To assess internal consistency and reliability, Cronbach’s alpha coefficients were computed for both
the entire scale and each individual factor. The results demonstrated high reliability for the first three
factors and acceptable-to-good internal consistency for the remaining four factors. The overall
Cronbach’s alpha value for the scale was calculated as 0.668, while the coefficients of the seven factors
ranged from 0.633 to 0.898. These results provide evidence of satisfactory internal consistency at the
factor level, although the relatively lower coefficients of some three-item dimensions warrant further
examination in future studies.

The results further indicate that the scale can serve as a structured diagnostic instrument for
understanding how potential participants evaluate private pension companies. Rather than relying
exclusively on demographic segmentation, providers may use the seven dimensions to identify the
service, investment, trust, and product characteristics that require improvement among their target
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customers. This approach may contribute to more differentiated marketing strategies and to the
development of pension products that better correspond to consumers’ risk preferences, information
needs, and expectations.

The developed scale is therefore considered a useful measurement instrument for determining the
criteria that influence individual preferences in selecting a private pension company. Nevertheless, the
instrument should be regarded as an empirically supported scale that requires further replication and
validation rather than as a universally generalizable measurement tool.

Given the evolving nature of individual pension plans, which are continuously refined in response to
growing consumer demands and expectations, it is imperative for private pension companies to closely
monitor both current and potential participants. This involves analyzing shifts in participant profiles
and tailoring marketing strategies accordingly to enhance competitiveness and ensure long-term
sustainability. In this respect, the findings suggest that competitiveness in the voluntary PPS market
may depend on an integrated strategy combining investment quality, customer experience, institutional
trust, corporate reputation, and product flexibility. This interpretation is consistent with recent evidence
showing that trust and financial knowledge are important correlates of financial market and retirement-
related participation (Fisch & Seligman, 2022).

A limitation of this study is the restricted demographic scope, focusing solely on university graduates
and employees aged 25-35. MacCallum et al. (1999) contend that a sample size of 100-200 may suffice
for factor analysis when factor loadings are high and the sample is relatively homogeneous. However,
for structurally weaker models, a sample of 300 or more is generally recommended. In this study, the
sample of 220 was considered adequate given time constraints and challenges in data collection.
According to the scale classification by Comrey and Lee (1992), this sample size is categorized as
moderate. Furthermore, the participation rate among students from faculties other than the Faculty of
Science and Letters was low. Future studies targeting more diverse demographic and socio-economic
groups may uncover additional factors influencing pension company selection. Such investigations
would offer valuable strategic insights for both incumbent private pension providers and new market
entrants. Comparative studies conducted across different regions could also illuminate local dynamics
underlying variations in consumer preferences.

An additional methodological limitation concerns the use of the same sample for both EFA and CFA.
Although the CFA results provided supportive evidence for the seven-factor structure and indicated
good overall model fit within the current sample, the use of the same sample for factor exploration and
subsequent confirmation may result in comparatively optimistic fit estimates. Therefore, the findings
should be interpreted cautiously and should not be considered definitive evidence of the generalizability
of the factor structure. In addition, the relatively modest sample size (n = 220) may limit the
generalizability of the findings to broader populations. Accordingly, future studies should replicate and
validate the seven-factor structure using larger and independent samples, preferably across more diverse
demographic and socio-economic groups. Such independent-sample validation would provide stronger
evidence regarding the stability and generalizability of the measurement model (Worthington &
Whittaker, 2006; Brown, 2015; Kline, 2023).

Overall, the present study contributes to the PPS literature by providing a multidimensional
measurement framework that brings together service-related, investment-related, organizational, and
trust-related determinants of private pension company preference. Future research should examine the
predictive validity of the scale by testing whether scores on these seven dimensions are associated with
actual company choice, switching intentions, customer loyalty, or continued participation in the PPS.
Longitudinal and cross-regional studies using independent and larger samples would further strengthen
the evidence for the stability, generalizability, and practical usefulness of the proposed scale.
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