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ABSTRACT

Considering the rapid development of technology and its associated innovations, it seems that it will continue to
maintain its position in our lives for a long time. In this context, it is considered valuable to conduct studies to
shed lights into artificial intelligence addiction, one of the concepts technology has brought to our lives. This study
aims to determine the artificial intelligence addiction levels of university students studying in various departments
of the Ordu University Faculty of Education and to investigate them in relation to various variables. The sample
group of this study consisted of 424 university students studying in various departments at Ordu University
Faculty of Education in the Spring semester of the 2024-2025 academic year. In the study, the "Artificial
Intelligence Addiction Scale," adapted to Turkish by Savas (2024), was employed to assess the artificial
intelligence addiction levels of the students, and the "Personal Information Form" was created by the researchers
to obtain sociodemographic characteristics. According to research results, the artificial intelligence addiction
levels of university students did not differ significantly according to gender and their level of information regarding
the risks of artificial intelligence. However, artificial intelligence addiction levels of students varied significantly
based on the usage frequency of artificial intelligence and the department. The results were discussed, and
recommendations were provided accordingly.
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Introduction

Artificial intelligence technologies have become integral in our daily lives. These technologies
perform their tasks on all platforms using different applications and devices. Examples of such
technologies include smartphone applications, smart home appliances, and autonomous
vehicles (isler & Kilig, 2021). Turing published a paper in 1950 on whether machines can think,
but the origin of the concept of artificial intelligence dates back to 1955 when McCarthy et al.
proposed it (McCarthy et al.,, 2006).

Artificial intelligence, which has impacted many areas of daily life, has also highly affected
education and has led to the transformation of teaching and learning approaches, especially in
higher education, where artificial intelligence technologies enable personalized learning
(Morales-Garcia et al., 2024). However, as a result of the research conducted by Zhang et al.
(2024), it was seen that dependence on artificial intelligence has negative effects, such as
decreasing students' creativity, critical and independent thinking, spreading misinformation and
increasing laziness. At the same time, Putri et al. (2024) stated that Generation Z individuals
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who prefer using artificial intelligence in learning may decrease their critical thinking power and
problem-solving skills due to advanced technology that can answer all kinds of questions.

Addiction is the inability of an individual to quit something even if he/she wants to, to gain control
over his/her use of something or behavior and to be unable to continue his/her life without it
(Ding, 2015). In behavioral addiction, unlike alcohol and substance addiction, there is a focus on
doing things that individuals have difficulty stopping themselves from doing. Gambling
addiction, eating addiction, sexual addiction, shopping addiction, and internet addiction are
some of the types of behavioral addiction (Zubaroglu Yanardag et al., 2020). For example,
Griffiths (1995) also refers to technology addiction as one of the behavioral addictions.
Accordingly, we can think that artificial intelligence, an element related to technology, can also
be included in this addiction group.

Artificial intelligence addiction is defined by Zhang et al. (2024) as an excessive dependence on
artificial intelligence technologies and applications in different areas of life, such as daily
routines, social interactions and academic studies. Artificial intelligence addiction is
characterized by overuse of artificial intelligence -enabled tools as well as psychological
dependence on these technologies (Zhang et al., 2024). Morales-Garcia et al. (2024) similarly
define this concept as the individuals’ excessive need or tendency to rely on artificial systems
for tasks, decision-making or verification. For example, Xie et al. (2023) presented findings that
developing strong relationships with virtual social chatbots can lead to a tendency to develop a
psychological dependency. On the other side, Sarioglu and Glregen (2024) examined attitudes
towards the use of chatbots (ChatGPT) as a means of coping with emotional loneliness. They
found that the participants believed that these and similar tools would be commonly used in the
future for socializing. Therefore, it is obvious that an addiction to artificial intelligence
technologies will bring different problems. At the same time, one group that is likely to be caught
in the grip of this addiction is university students. Because university students experience
difficulties transitioning from childhood to adulthood, university life is generally an environment
that creates stress and anxiety. Also in this period, the values of friends begin to be more
effective on the behaviors of the individual (Ozgtiven, 1992). Therefore, examining the artificial
intelligence addictions of university students in this direction may lead to meaningful results.
Determining the variables related to university students' artificial intelligence addictions is
important for them to be individuals who will be in professional life in the future and contribute
to society. At the same time, considering the negative results shown by studies on other
addictions (e.g., technology addiction and internet addiction) (Seki et al., 2019; Arslan et al.,
2023), it is valuable to understand the demographic variables that are effective in university
students' artificial intelligence addiction. This study is expected to contribute to the literature
with this relatively new concept and provide guidance for other studies. On the other hand,
determining the factors associated with artificial intelligence addiction may be useful in terms
of measures that can be taken before both young people and other individuals fall into this
addiction. In this direction, this research aims to determine the level of artificial intelligence
addiction of university students studying in various departments of Ordu University Faculty of
Education and to examine it according to various variables. Answers to the following questions
were sought in the research;

e How are the artificial intelligence addiction scores of university students studying in
various departments at Ordu University Faculty of Education?

e Do artificial intelligence addiction levels of university students studying in various
departments at Ordu University Faculty of Education show a significant difference
according to gender, whether there is sufficient information about the risks of artificial
intelligence, usage frequency of artificial intelligence and the department studied?
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Method

Research design

This study employed the survey method, a commonly used quantitative research design. Survey
research involves collecting information from a sample group to describe characteristics of the
larger population, including opinions, attitudes, and beliefs (Fraenkel et al., 2012). Data were
collected using convenience sampling. Convenience sampling is a sampling method in which
data are collected from an easily accessible sample (Blyukoztirk et al., 2018).

Participants and procedure

The sample group of this study comprised 424 university students studying at Ordu University
Faculty of Education in the Spring semester of the 2024-2025 academic year. 82.5% (n=350) of
the participants were female, and 17.5% (n=74) were male. While 44.3% (n=188) of the
participants selected the option that | have sufficient knowledge about the risks of artificial
intelligence and 55.7% (n=236) selected the option that | don't have enough information about
the risks of artificial intelligence, 25.5% (n=108) selected the frequency of using artificial
intelligence as every day, 42% (n=178) at least once a week, 32.5% (138) a few times a month.
Of the participants, 11.8% (n=50) were guidance and psychological counseling students, 23.1%
(n=98) were elementary mathematics teachers, 9.2% (n=39) were classroom teachers, 24.8%
(n=105) were pre-school teachers, 11.1% (n=47) were science teachers, 10.6% (n=45) were
Turkish teachers, and 9.4% (n=40) were social studies teachers.

Necessary permissions were obtained from the researcher who adapted the scale for the data
collection tool used in this study. Then, the ethics committee permission was obtained from
Ordu University Educational Research Ethics Committee with the session date “24/04/2025"
and decision number “2025-75." The form was sent to the participants via Google Form. At the
same time, the participants checked the box indicating that they voluntarily participated in this
study.

Data collection tools

This study used “Artificial Intelligence Addiction Scale” and “Personal Information Form”.
Information about the data collection tools used in this research is elucidated below.

Artificial intelligence addiction scale

The Artificial Intelligence Addiction Scale developed by Morales- Garcia et al. (2024) was
adapted into Turkish by Savas (2024). Consisting of five items, the scale is one-dimensional and
a 5-point Likert type. In line with the reliability analysis of the scale, Cronbach's alpha internal
consistency coefficient was .82 and the test-retest coefficient was .79. At the same time, it was
determined that the fit values obtained were within the acceptable range. There is no reverse
item in the scale. A maximum score of 25 and a minimum score of 5 can be obtained from the
scale. The increase in the total score obtained from the scale indicates an increase in artificial
intelligence addiction in university students (Savas, 2024).

Personal information form

The personal information form was created by the researchers to obtain demographic
information. The form includes questions about gender, whether there is sufficient information
about the risks of artificial intelligence, usage frequency of artificial intelligence and the
department studied.

Data analysis

The analysis of the data in this study was conducted using the SPSS 27.0 program. Before
starting the analysis, it was checked whether the data were normally distributed. According to
George and Mallery (2016), when the skewness and kurtosis values for the data take values
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between -2 and +2, it can be assumed that the data show a normal distribution; therefore, the
data in the current study were found to have a normal distribution since the skewness
coefficients were between -.033 and .119 and the kurtosis coefficients were between -.266 and
237.

To understand how the participants' artificial intelligence addiction scores were, the mean was
analyzed. The independent samples t-test was used to analyze whether the participants'
artificial intelligence addiction levels differed significantly according to gender and whether they
had sufficient information about the risks of artificial intelligence. The one-way analysis of
variance (ANOVA) test was used to analyze whether the participants' artificial intelligence
dependency levels differed significantly according to the frequency of use of artificial
intelligence and the department studied. To carry out both tests, the necessary assumptions
were checked, Levene's test for equality of variance was examined, and the results were
homogeneous. Then, the analyses were carried out. Scheffe and Bonferroni tests, which are
multiple comparison tests, were used to determine the source of the significant difference
between the groups.

Findings

Artificial intelligence addiction levels of the participants
Descriptive statistics results from the artificial intelligence addiction scale are shown in Table 1.
Table 1 Scores obtained from the artificial intelligence addiction scale.
N X Sd
424 12.90 3.35

As shown in Table 1, the average score on the artificial intelligence addiction scale is 12.90. The
highest score that can be obtained from the scale is 25. Accordingly, the students' level of
artificial intelligence addiction was not very low.

Examination of participants' artificial intelligence addiction levels according to
gender

The results of the independent samples t-test conducted to determine whether the participants'
artificial intelligence addiction levels differ significantly according to gender are presented in
Table 2.

Table 2 Independent samples t-test results of artificial intelligence addiction levels of university students
according to gender

Gender N X Sd df t P
Female 350 12.87 3.29 422 -.408 .683
Male 74 13.04 3.60

*p<.05

The mean artificial intelligence addiction scale score of female students (X = 12.87) and that of
male students (X = 13.04) are shown in Table 2. According to the results obtained, the mean
artificial intelligence addiction scale scores of the participants showed that there was no
significant difference according to gender (t (422)=.683, p>.05).

Examination of the participants' artificial intelligence addiction levels according to
whether there is sufficient information about the risks of artificial intelligence

The results of the independent samples t-test performed to determine whether the participants'
artificial intelligence addiction levels differ significantly according to whether they have
sufficient information about the risks of artificial intelligence are given in Table 3.
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Table 3 Independent samples t-test results of artificial intelligence addiction levels of university students
according to whether they have sufficient information about the risks of artificial intelligence

Groups N X Sd df t P
There is 188 12.89 3.40 422 -014 989
There is no 236 12.89 3.31

*p<.05

According to Table 3, the mean artificial intelligence dependency scale score of the students
who had sufficient knowledge about the risks of artificial intelligence was (X = 12.89) and that
of the students who did not (X = 12.89). According to the results obtained, the mean artificial
intelligence dependency scale scores of the participants showed that there was no significant
difference according to whether there was sufficient information about the risks of artificial
intelligence (t (422)=.989, p> .05).

Examination of participants' artificial intelligence addiction levels according to the
frequency of artificial intelligence use

The results of the one-way analysis of variance (ANOVA) conducted to determine whether the

participants' artificial intelligence addiction levels differed significantly according to the
frequency of artificial intelligence use are given in Table 4.

Table 4 One-way analysis of variance (ANOVA) test results of artificial intelligence addiction levels of
university students according to the frequency of artificial intelligence use

Source of Statistically
vari Sum of Squares df Mean Square F p Significant
ariance .
Difference
Between Groups 620.62 2 310.31 31.75 <.001 1-2%
Within Groups 4114.82 421 9.77 1-3*
Total 4735.43 423 2-3*

1= every day 2= at least once a week 3= a few times a month, *p<.05

The mean scores of artificial intelligence addiction scale of the participants whose frequency of
artificial intelligence use was every day was (X =14.51), of those who used artificial intelligence
at least once a week (X=13.12 ) and of those who used artificial intelligence a few times a
month (X'= 11.35). As shown in Table 4, it was determined that the mean scores of the
participants' artificial addiction scale showed a significant difference according to the frequency
of artificial intelligence use [F(2, 421) = 31.75, p<.05]. The Scheffe test, one of the multiple
comparison tests, was used to determine the source of the significant difference between the
groups. According to the results of the Scheffe test, it was seen that the mean artificial
intelligence addiction scores of the participants whose frequency of using artificial intelligence
was every day are significantly higher than the mean scores of the participants who used
artificial intelligence at least once a week and a few times a month. The mean artificial
intelligence addiction score of those who used artificial intelligence at least once a week was
significantly higher than the mean score of those who used artificial intelligence a few times a
month.

Examination of participants' artificial intelligence addiction levels according to the
department studied

The results of the one-way analysis of variance (ANOVA) conducted to determine whether the

participants' artificial intelligence addiction levels differed significantly according to the
department studied are given in Table 5.

Table 5 One-way analysis of variance (ANOVA) test results of artificial intelligence addiction levels of
university students according to the department studied

Statistically Significant

Source of Variance Sum of Squares  df Mean Square F p Difference
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Between Groups 236.02 6 39.34 3.65 .002 1-7*%
Within Groups 4499.42 417  10.79 3-7*
Total 4735.43 423 5-7*%

1= guidance and psychological counseling 2= elementary mathematics teaching 3= classroom teaching 4= pre-school teaching 5=
science teaching 6= Turkish teaching 7= social studies teaching, *p<.05

The mean scores of artificial intelligence addiction scale of guidance and psychological counseling
students (X'=12.24), elementary mathematics teaching (X =13.66), classroom teaching (X'=11.95), pre-
school teaching (X'=12.69), fen bilgisi 6gretmenligi (X=12.17), Turkish teaching (X =12.69) and social
studies teaching (X'=14.40). According to Table 5, it was determined that the mean scores of the
participants in the artificial intelligence addiction scale showed a significant difference according to the
department studied [F(6,417) = 3.65, p<.05)]. Although the significance test result of the F value of ANOVA
was p<.05, since the Scheffe test did not give a difference between the groups, the Bonferroni test, one of
the multiple comparison tests, was used to determine the source of the significant difference between
the groups. According to the results of the Bonferroni test, it was found that the mean artificial intelligence
addiction scores of those studying in the department of guidance and psychological counseling were
significantly lower than the mean scores of those studying in the department of social studies teaching;
the mean artificial intelligence addiction scores of those studying in the department of classroom
teaching were significantly lower than those studying in the department of social studies teaching; and
the mean artificial intelligence addiction scores of those studying in the department of science teaching
were significantly lower than those studying in the department of social studies teaching.

Conclusion, discussion and recommendations

This study aimed to identify the artificial intelligence addiction levels of university students
studying in various departments of Ordu University Faculty of Education and to examine them
according to various variables. According to the findings obtained from this research, the
artificial intelligence addiction levels of the students are not very low. This finding suggests that
the artificial intelligence addiction levels of students should not be underestimated. This result
is critical for studies to be conducted so that students can use artificial intelligence in a healthy
way and within the right limits, without falling into this dependency.

One finding revealed that artificial intelligence addiction levels did not significantly differ based
on gender or students’ information of the risks associated with artificial intelligence. The result
obtained from this research according to gender is consistent with the result obtained from the
research conducted by Estrada-Araoz et al. (2025). Addiction emerges in two ways, both
material (chemical) and behavioral (Ding, 2015). In behavioral addiction, there is no substance
taken from outside. After the individual performs a behavior, the rewarding system in the brain
is activated and this causes a biochemical process as if the substance is being taken (Toprak
Derici, 2018). Therefore, the feeling of being rewarded after people use artificial intelligence for
any purpose may lead to addiction to artificial intelligence, regardless of whether they are male
or female and whether they have knowledge about the risks of artificial intelligence. Thus, the
feeling of being rewarded after using artificial intelligence for any purpose may be causing
people to become addicted to artificial intelligence, regardless of whether they are male or
female, and regardless of whether they have sufficient information about the risks of artificial
intelligence.

According to another finding obtained from this research, artificial intelligence addiction levels
of university students differ significantly according to the frequency of artificial intelligence use.
Although Naseer et al. (2025) found a positive relationship between the frequency of artificial
intelligence use and participants’ emotional stress and a negative relationship with their
attention span, but no other research result directly addressing the change in the level of artificial
intelligence dependency according to the frequency of artificial intelligence use has been
encountered in the literature. However, in studies conducted with similar concepts, such as
technology addiction and digital addiction, it was found that technology addiction increased as
the duration of daily technological product use increased (Akay et al., 2023), and digital addiction
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increased significantly as the duration of daily digital tool use increased (Balci & Giiler, 2024).
From this point of view, if people use technological and digital tools to reach artificial
intelligence, we can think that the time they spend using artificial intelligence in these tools may
cause them to develop addiction to artificial intelligence. On the other hand, when a person
cannot control artificial intelligence while using it, it is not surprising that addiction increases as
time increases.

In the study, it was also found that the mean scores of artificial intelligence addiction of those
studying in the department of guidance and psychological counseling were significantly lower
than the mean scores of those studying in the department of social studies teaching; the mean
scores of artificial intelligence addiction of those studying in the department of classroom
teaching were significantly lower than those studying in the department of social studies
teaching. The mean scores of artificial intelligence addiction of those studying in the department
of science teaching were significantly lower than those studying in the department of social
studies teaching. To understand the reasons for this difference, qualitative research can be
conducted with students. Considering the results of the research conducted by Bukhari et al.
(2025), it is thought that understanding the factors associated with artificial intelligence
addiction will also be valuable in terms of the measures that can be taken.

This research is limited to university students studying in various departments of Ordu
University Faculty of Education. Therefore, various studies can be conducted to examine the
situation of artificial intelligence addiction in different sample groups, such as students at other
education levels and elderly people. Psycho-education programs can be prepared to reduce the
dependence on artificial intelligence.
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OZET

Teknolojinin hizla gelismesi ve beraberinde getirdigi yenilikler goz onine alindiginda, hayatimizdaki yerini uzun
sure koruyacak gibi gortinuyor. Bu baglamda, teknolojinin hayatimiza kattigi kavramlardan biri olan yapay zeka
bagimliligini anlamak icin calismalar yapilmasi degerli gorilmektedir. Bu arastirmanin amaci Ordu Universitesi
Egitim Fakultesi'nin farkli bolimlerinde 6grenim goren Universite 6grencilerinin yapay zeka bagimlilik dizeylerini
belirlemek ve gesitli degiskenlere gore incelemektir. Arastirmanin drneklem grubu, 2024-2025 egitim-ogretim yili
Bahar yaryiinda Ordu Universitesi Egitim Fakiiltesinde farkli bolimlerde 6grenim goren 424 (niversite
dgrencisinden olusmaktadir. Arastirmada 6grencilerin yapay zeka bagimlilik dizeyleri belirlemek amaciyla Savas
(2024) tarafindan Tirkge'ye uyarlamasi gergeklestirilen “Yapay Zeka Bagimlilik Olgegdi’ ve sosyodemografik
ozellikleri elde etmek amaciyla arastirmacilar tarafindan olusturulan “Kisisel Bilgi Formu” kullaniimistir. Arastirma
sonuglarina gore Universite ogrencilerinin yapay zeka bagimlilik dizeyleri cinsiyete ve yapay zekanin riskleri
hakkinda yeterli bilginin olup olmamasina gore anlamli bir farklilik gostermemektedir. Ancak dgrencilerin yapay
zeka bagimlilik diizeyleri yapay zeka kullanim sikligi ve bolime gore anlamli bir farklilik gostermektedir. Elde edilen
bulgular dogrultusunda sonuglar tartisilip 6nerilerde bulunulmustur.

ANAHTAR KELIMELER
Yapay zeka, bagimlilik, yapay zeka bagimliligi.

Giris

Yapay zeka teknolojileri, artik gunlik yasamimizin olmazsa olmazi haline gelmistir. Bu
teknolojiler degisik uygulama ve cihazlar ile tim platformlarda gorevini yerine getirmektedir.
Akilli telefon uygulamalari, akilli ev aletleri ve otonom arabalar bu teknolojilere birer érnektir (isler
ve Kilig, 2021). Turing 1950 yilinda makinelerin distndp dislinemeyecegi noktasinda bir makale
yayinlamistir ancak yapay zeka kavraminin kaynagl McCarthy ve arkadaslari tarafindan ileri
sUrldigu 1955 yilina dayanmaktadir (McCarthy vd., 2006).

Gunluk yasamin pek ¢ok alanini etkileyen yapay zeka egitimi de son derece etkilemis ve ozellikle
yapay zeka teknolojilerinin kisisellestirilmis 6grenmeye olanak sagladigi bir yer olan yuksek
ogrenimde ogretim ve 6grenim yaklasimlarinin donidsmesine yol agmistir (Morales-Garcia vd.,
2024). Ancak Zhang vd. (2024) tarafindan gergeklestirilen arastirma sonucunda yapay zekaya
bagimliigin beraberinde ogrencilerin daha dusuk yaraticiliklari, elestirel ve bagimsiz disuncenin
azalmasi, yanlis bilgilerin yayilmasi ve tembelligin artmasi vb. olumsuz etkileri oldugu
gortlmustdr. Ayni zamanda Putri vd. (2024) 6grenmede yapay zeka kullanimini tercih eden z
kusag@l bireylerinin her tlrlu soruya cevap verebilen gelismis teknoloji yuzunden elestirel
disinme guglerinin azalabilecedi ve problem ¢6zme becerilerinin vyitirilebilecegini ifade
etmektedir.

Bagimlilik, bireyin istese dahi bir seyi birakamamasi, bir seyi kullanimi veya davranigi Uzerinde
kontrol saglayamamasi ve yagsamini o olmadan devam ettirememeye baglamasidir (Ding, 2015).
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Davranissal bagimlilikta, alkol ve madde bagmlligindan farkli olacak sekilde bireylerin
kendilerini durdurmakta zorlandiklar yapip edilenlere odaklanma vardir. Kumar bagimhligi, yeme
bagimhhgi, cinsel bagimlilik, alisveris bagimhhdi, internet bagimliigi davranissal bagimlilik
turlerinden bazilandir (Zubaroglu Yanardag vd., 2020). Ornegin Griffiths (1995) de teknoloji
bagimhhgini davranissal bagimliliklardan biri olarak ifade etmektedir. Dolayisiyla teknolojiyle ilgili
bir unsur olan yapay zekanin da bu bagimlilik grubu iginde yer alabilecegini dustnebiliriz.

Yapay zeka bagimliigl Zhang vd. (2024) tarafindan gunlik rutinler, sosyal etkilesimler ve
akademik ¢alismalar gibi yasamin farkli alanlarinda yapay zeka teknoloji ve uygulamalarina asiri
bir bagimlilik seklinde tanimlanmaktadir. Yapay zeka bagimliligr yapay zeka destekli araglarin
asir kullaniminin yaninda bu teknolojilere psikolojik bagimlilikla da karakterizedir (Zhang vd.,
2024). Morales-Garcia vd. (2024) de benzer sekilde bu kavrami; gorev, karar verebilmek veya
dogrulama icin yapay sistemlerine bireylerin asiri derece ihtiyac duymasi veya egilimi seklinde
tanimlamaktadir. Ornegin Xie vd. (2023) sanal sosyal sohbet robotlariyla gugcli iligki
gelistirmenin psikolojik bir bagimhliga yol acabilme egilimlerine sebep olabilecegine iligkin
bulgular sunmustur. Diger yanda Sarioglu ve Gliregen (2024) duygusal yalnizlikla bir bas etme
aracl olarak sohbet botunun (Chatgpt) kullanimina yonelik tutumlari inceledigi arastirmasinda
katiimcilarin - bu ve benzeri araclarin sosyallesmek adina gelecekte yaygin sekilde
kullanilacagina inandiklarini tespit etmistir. Dolayisiyla yapay zeka teknolojilerine yonelik bir
bagimhligin beraberinde farkl sorunlari da getirecedi asikardir. Ayni zamanda bu bagimlilik
kiskacina yakalanmasi olasi oldugu dusunulen bir grupta Universite ogrencileridir. Cunkd,
universite ogrencisi gocukluktan yetiskinlige ge¢cmenin sikintilarini yasamaktadir ve Universite
yasami genellikle stres ve kaygl yaratacak bir ortam ozelligi tasir. Yine bu donemde
arkadaslarinin degerleri bireyin davraniglar tizerinde daha etkili olmaya baslar (Ozgiiven, 1992).
Dolaslyla bu dogrultuda universite dgrencilerin yapay zeka bagimliliklarini incelemek anlamli
sonuglar dogurabilir. Universite 6grencilerinin yapay zeka bagmiiliklaryla iligkili olan
degiskenlerin tespit edilmesi, onlarin gelecekte mesleki yasam icinde olacak ve topluma katkida
bulunacak bireyler olmasi agisindan onem tasimaktadir. Ayni zamanda diger bagimliliklarla
(6rnegin teknoloji bagimiiligl, internet bagimhligi vb.) yapilan arastirmalarin (Seki vd., 2019;
Arslan vd., 2023) gosterdigi olumsuz sonuglar dikkate alindiginda tniversite 6grencilerinin yapay
zeka bagimliiginda etkili olan demografik degiskenleri anlamak dederli gorilmektedir. Bu
arastirma ile gorece yeni olan bu kavram ile literature katkida bulunulmasi ve diger calismalar
icin de yol gosterici olmasi umulmaktadir. Diger yanda yapay zeka bagimhlidrile iliskili faktorlerin
saptanmasli gerek genclerin gerekse diger bireylerin bu bagimliliga dismeden alinabilecek
onlemler noktasinda faydali olabilir. Bu dogrultuda bu arastirma, Ordu Universitesi Egitim
Fakultesi'nde c¢esitli bolumlerinde 6grenim goren universite ogrencilerin yapay zeka bagimlilik
duzeylerini belirlemeyi ve cesitli degiskenlere gore incelemeyi amaglanmistir. Arastirmada su
sorulara cevap aranmistir,

e Ordu Universitesi Egitim Fakdltesinde cesitli bolimlerde 6grenim goren Universite
dgrencilerinin yapay zeka bagimlilik puanlari nasildir?

e Ordu Universitesi Egitim Fakiltesinde cesitli bolimlerde 6grenim goren Universite
ogrencilerinin yapay zeka bagimllik dlzeyleri cinsiyete, yapay zekanin riskleri hakkinda
yeterli bilginin olup olmamasina, yapay zeka kullanim sikligina ve okunan bolime gore
anlamli bir farklilik gostermekte midir?

Yontem

Arastirma deseni

Bu arastirmada, nicel arastirma yontemlerinden biri olan tarama arastirma yontemi
kullanilmistir. Tarama arastirmalari, bir grup insandan; gorus, tutum, inang¢ vb. o grubun pargasi
oldugu evrenin 6zelliklerini tanimlamak icin bilgi toplandidi arastirmalardir (Fraenkel vd., 2012).
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Veriler uygun ornekleme yontemi ile toplanmistir. Uygun ornekleme, orneklemin kolayca
ulasilabilir drneklemden verilerin toplandidi drnekleme yontemidir (Blytkoztirk vd., 2018).

Katilimcilar ve prosediir

Bu arastirmanin orneklem grubunu 2024-2025 egitim-ogretim yili Bahar yariyihinda Ordu
Universitesi Egitim Fakiltesinde 6grenim goren 424 Universite ogrencisi olusturmaktadir.
Katiimcilarin %82.5'i (350) kadin %17.5 (74) erkek olugsmaktadir. Katilimcilarin %44. 3 (188)
yapay zekanin riskleri hakkinda yeterli bilgim var segenedini %55.7'si (236) yok segenegini
isaretlerken yapay zeka kullanim sikligini %25.5'i (108) her giin , %42'si (178) haftada en az bir
kere, %32.5'i (138) ayda birkag kez olarak isaretlemistir. Katilimcilarin %11.8'i (50) rehberlik ve
psikolojik danigmanlik, %23.1'i (98) ilkogretim matematik ogretmenligi, % 9.2'si (39) sinif
ogretmenligi, %24.8'i (105) okul oncesi 6gretmenlidi, %11.1'i (47) fen bilgisi 6gretmenligi, %10.6
(45) Turkge 6gretmenligi, %9.4°U (40) sosyal bilgiler 6gretmenligi 6grencisidir.

Arastirmada kullanilan veri toplama araci igin olgegdi uyarlayan arastirmacidan gerekli izinler
alinmistir. Ardindan, Ordu Universitesi EGitim Arastirmalari Etik Kurulunun * 24/04/2025" oturum
tarihli ve "2025-75" karar sayili etik kurul izni alinmistir. Form katiimcilara Google Form
araciligiyla iletilmistir. Ayni zamanda katihmcilar arastirmaya gontlld katildiklarini ifade eden
kutucugu isaretlemistir.

Veri toplama araglari

Bu arastirmada “Yapay Zeka Bagimlilik Olgegi” ve “Kisisel Bilgi Formu” kullaniimistir. Arastirma
kullanilan veri toplama aragclarina iliskin bilgiler asagidaki gibidir.

Yapay zeka bagimlilik olgegi

Morales- Garcia vd. (2024) tarafindan gelistirilen Yapay Zeka Bagimlilik Olgegi’ nin, Savas (2024)
tarafindan Turkce' ye uyarlamasi gerceklestirilmistir. 5 maddeden olusan olcek, tek boyutlu ve
5'li likert tipindedir. Olgegin glvenirlik analizleri dogrultusunda Cronbach Alfa ig tutarlik katsayisi
.82, test-tekrar-test katsayisi ise .79 olarak tespit edilmistir. Ayni zamanda elde edilen uyum
degerlerinin - kabul edilebilir aralikta oldugu tespit edilmistir. Olcekte ters madde
bulunmamaktadir. Olgekten en yiksek 25 en disik 5 puan alinabilmektedir. Olgekten alinan
toplam puanin arttikga Universite ogrencilerinde vyapay zeka bagimliliginin arttigini
gostermektedir (Savas, 2024).

Kisisel bilgi formu

Kisisel bilgi formu arastirmacilar tarafindan iliskin demografik bilgileri elde etmek amaciyla
olusturulmustur. Form cinsiyet, yapay zekanin riskleri hakkinda yeterli bilginin olup olmadigi,
yapay zeka kullanim sikligi ve okunan bolime iliskin sorular icermektedir.

Verilerin analizi

Arastirmada verilerin analizi SPSS 27.0 programi kullanilarak gergeklestirilmistir. Analize
baslamadan once verilerin normal dagilim gosterip gostermedigi kontrol edilmistir. George ve
Mallery'e (2016) gore igin garpiklik ve basiklik degerlerinin -2 ila +2 arasinda de@er almasi
durumunda verilerin normal dagilim gosterdiginin varsayilabilecegini dikkate aldigimizda
mevcut arastirmadaki verilerin, ¢carpiklik katsayilarinin -.033 ila .119; basiklik katsayilarinin -.266
ila.237 arasinda dagilim gostermesinden dolayi verilerin normal dagilim gosterdigi gorulmustur.

Katiimcilarin yapay zeka bagimlilik puanlarinin nasil oldugunu anlayabilmek i¢in ortalama puana
bakilmistir. Katihmcilarin yapay zeka bagimlilik dizeylerinin cinsiyete ve yapay zekanin riskleri
hakkinda yeterli bilginin olup olmamasina gore anlamli farklilik gosterip gostermedigi bagimsiz
orneklemler t testi kullanilarak analiz edilmistir. Katimcilarin yapay zeka bagimlilik dizeylerinin
yapay zeka kullanim sikligi ve okunan bolime gore anlamli farklilik gosterip gostermedidi ise tek
yonlU varyans analizi (ANOVA) testi kullanilarak analiz edilmistir. Her iki testi gergeklestirmek
igin gergeklestirmek icin gerekli varsayimlar kontrol edilmis, Levene Varyans esitligi testi
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incelenmis ve sonuclarin homojen oldugu gordlmustur. Ardindan analizler gerceklestirilmistir.
Gruplar arasindaki anlamli farkliiginin kaynagini tespit etmek amaciyla ¢oklu karsilastirma
testlerinden Scheffe ve Bonferroni testi kullanilmistir.

Bulgular

Katiimcilarin yapay zeka bagimhilik diizeyleri

Yapay zeka bagimlilik olgeginden elde edilen sonuclara iliskin betimsel istatistiklere Tablo 1" de
yer verilmistir.

Tablo 1 Yapay zeka bagimlilik 6lgeginden aldiklari puanlar

N X Ss
424 12.90 3.35

Tablo 1 incelendiginde ogrencilerin yapay zeka bagmlilik Olceginden aldiklar puan
ortalamalisinin 12.90 oldugu gortlmektedir. Olcekten alinabilecek en yuksek puan ise 25'ir.
Buna gore ogrencilerin yapay zeka bagimlilik duzeylerinin gok dtstk olmadigini sdyleyebiliriz.

Katihmcilarin yapay zeka bagimhilik diizeylerinin cinsiyete gore incelenmesi

Katilimcilarin yapay zeka bagimlihgr duzeylerinin cinsiyete gore anlamli bir sekilde farklilasip
farklilasmadigini tespit etmek icin gerceklestirilen bagimsiz orneklemler t testi sonuclarina Tablo
2.'de yer verilmistir.

Tablo 2 Universite 6grencilerinin yapay zeka bagimlilik diizeylerinin cinsiyete gore bagimsiz érneklemler
t testi sonuglari

Cinsiyet N X Ss Sd t p
Kiz 350 12.87 3.29 422 -.408 .683
Erkek 74 13.04 3.60
*p<.05

Tablo 2'ye gore kiz 6grencilerin yapay zeka bagimlilik 6lgek puan ortalamalisi (X= 12.87) erkek
ogrencilerinki (X= 13.04)'tur. Elde edilen sonuglara gore katilimcilarin yapay zeka bagdimlilik dlgek
puan ortalamalari cinsiyete gore anlamli bir farkliik olmadigini gostermektedir (t (422)=.683, p>
.05).

Katilmcilarin yapay zeka bagimlilik diizeylerinin yapay zekanin riskleri hakkinda
yeterli bilginin olup olmamasina gore incelenmesi

Katiimcilarin yapay zeka bagimliligi diizeylerinin yapay zekanin riskleri hakkinda yeterli bilginin
olup olmamasina gore anlamli bir sekilde farklilasip farklilasmadigini tespit etmek icin
gerceklestirilen bagimsiz orneklemler t testi sonuglarina Tablo 3.te yer verilmistir.

Tablo 3 Universite 6grencilerinin yapay zeka bagimlilik diizeylerinin zekanin riskleri hakkinda yeterli
bilginin olup olmamasina gore bagimsiz drneklemler t testi sonuglari

Gruplar N X Ss Sd t )
Var 188 12.89 3.40 422 -014 .989
Yok 236 12.89 3.31
*p<.05

Tablo 3'e gore yapay zekanin riskleri hakkinda yeterli bilgisi olan ogrencilerin yapay zeka
bagimlilik 6lgek puan ortalamalisi (X= 12.89) olmayan 6grencilerinki (X= 12.89)'dir. Elde edilen
sonugclara gore katilimcilarin yapay zeka bagimlilik 6lcek puan ortalamalari yapay zekanin riskleri
hakkinda yeterli bilginin olup olmamasina gore anlamli bir farklilik olmadigini gostermektedir (t
(422)=.989, p> .05).
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Katiimcilarin yapay zeka bagimhilik diizeylerinin yapay zeka kullanim sikligina gore
incelenmesi

Katiimcilarin yapay zeka bagimhligi dtzeylerinin yapay zeka kullanim sikligina gore anlamli bir
sekilde farkllasip farklilagsmadigini tespit etmek igin gergeklestirilen tek yonlu varyans analizi
(ANOVA) sonuglarina Tablo 4.te yer verilmistir.

Tablo 4 Universite 6grencilerinin yapay zeka bagimlilik dizeylerinin yapay zeka kullanim sikligina gore tek
yonll varyans analizi (ANOVA) testi sonuglari

Varyansin Kareler Sd Kareler F p Anlamli
kaynagi toplami ortalamasi farklilik
Gruplar arasi 620.62 2 310.31 31.75 <.001 1-2*%
Gruplarici 4114.82 421 9.77 1-3*%
Toplam 4735.43 423 2-3*

1= her giin 2= haftada en az bir kere 3=ayda birkag kez, *p<.05

Yapay zeka kullanim sikhigr her gin olan katihmcilarin yapay zeka bagimlilik dlgek puan
ortalamasi (X=14.51) haftada en az bir kere olanlarin (X= 13.12 ) ayda birkag kez olanlarin ise
(X= 11.35) seklindedir. Tablo 4'e gore katilimcilarin yapay zekd bagmllik olcedi puan
ortalamalarinin yapay zeka kullanim sikligina gore anlamli bir farkhlik gosterdigi tespit edilmistir
[Fe, 421y = 31.75, p<.05). Gruplar arasindaki anlamli farkliiginin kaynagini tespit etmek igin goklu
karsilastirma testlerinden Scheffe testi kullanilmistir. Scheffe testi sonuglarina gore, yapay zeka
kullanim sikhigi her guin olanlarin yapay zeka bagimlilik puanlari ortalamasi haftada en az bir kere
ve ayda birkag kez olan katilimcilarin puan ortalamasindan; haftada en az bir kere yapay zeka
kullananlarin yapay zeka bagimlilik puan ortalamasinin ise ayda birka¢ kez olanlarin puan
ortalamasindan anlamli olarak daha yuksek oldugu gortlmektedir.

Katilimcilarin yapay zeka bagimlilik diizeylerinin okunan boliime gore incelenmesi

Katiimcilarin yapay zeka bagimhligi duzeylerinin okunan bolime gore anlamli bir sekilde
farklilagip farklilagsmadigini tespit etmek igin gergeklestirilen tek yonli varyans analizi (ANOVA)
sonuglarina Tablo 5.te yer verilmistir.

Tablo 5 Universite 6grencilerinin yapay zeka bagimlilik diizeylerinin okunan bolime gore tek yonli
varyans analizi (ANOVA) testi sonuclari

Varyansin Kareler Sd Kareler F p Anlamli
kaynag! toplami ortalamasi farklilik
Gruplar arasi 236.02 6 39.34 3.65 .002 1-7*
Gruplar igi 4499.42 417 10.79 3-7*
Toplam 4735.43 423 5-7*

1= rehberlik ve psikolojik danigsmanlik 2= ilkdgretim matematik 6gretmenligi 3= sinif 6gretmenligi 4= okul 6ncesi 6gretmenligi 5=fen
bilgisi 6gretmenligi 6= Tlrkge 6gretmenligi 7= sosyal bilgiler 6gretmenligi, *p<.05

Rehberlik ve psikolojik danismanlik 6grencilerinin yapay zeka bagimlilik dlgek puan ortalamasi
(X=12.24), ilkogretim matematik 6gretmenligi (X=13.66), sinif 6gretmenligi (X=11.95), okul
oncesi 0gretmenligi (X=12.69), fen bilgisi 6gretmenligi (X=12.17), Turkce 6gretmenligi (X=12.69)
ve sosyal bilgiler 6gretmenlidi (X=14.40) seklindedir. Tablo 5" e gore katilimcilarin yapay zeka
bagimlilik 6lcedi puan ortalamalarinin okunan bolime gore anlamli bir farklilik gosterdigi tespit
edilmistir [Fe, 4177 = 3.65, p<.05)]. ANOVANnIn F deg@erinin anlamlilik test sonucunda p<.05
olmasina ragmen Scheffe testi'nin gruplar arasi farki vermemesinden dolayi gruplar arasindaki
anlamli farkhiliginin kaynagini tespit etmek igin ¢oklu karsilastirma testlerinden Bonferroni testi
kullanilmistir. Bonferroni testi sonuglarina gore, rehberlik ve psikolojik danigsmanlik bolimunde
okuyanlarin yapay zeka bagimlilik puanlari ortalamasi sosyal bilgiler 6gretmenligi bolumunde
okuyanlarin puan ortalamasindan; sinif 6gretmenligi okuyanlarin yapay zeka bagimlilik puan
ortalamasi sosyal bilgiler 6gretmenligi bolimunde okuyanlardan; fen bilgisi 6gretmenligi
okuyanlarin yapay zeka bagimlilik puan ortalamasi sosyal bilgiler 6gretmenligi bolimunde
okuyanlarin puan ortalamasindan anlamli olarak daha dusuk oldugu tespit edilmistir.
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Sonug, tartisma ve oneriler

Bu arastirmada Ordu Universitesi Egitim Fakultesinde cesitli bolimlerinde 6grenim gdren
universite ogrencilerin yapay zeka bagimlilik duzeylerini belirlemek ve cesitli degiskenlere gore
incelemek amaclanmistir. Arastirmadan elde edilen bulgulara gore ogrencilerin yapay zeka
bagimlilik dUzeylerinin gok disuk olmadigini soyleyebiliriz. Bu da aslinda 6grencilerin yapay zeka
bagimhlik duzeylerinin kiigimsenmemesi gerektigini gostermektedir. Nitekim elde edilen bu
sonug, ogrencilerin bu bagimhligin icine dismeden, yapay zekayr saglikli olcide ve dogru
sinirlarda kullaniimalari adina yapilacak ¢alismalar icin onemlidir.

Arastirmadan elde edilen bir bulguya gore universite ogrencilerinin yapay zeka bagmlilik
duzeyleri cinsiyete ve yapay zekanin riskleri hakkinda yeterli bilginisin olup olmamasina gore
anlaml bir farkliik gostermemektedir. Cinsiyete gore bu arastirmadan elde edilen sonug
Estrada- Araoz vd. (2025) tarafindan gergeklestirilen arastirmadan elde edilen sonugla tutarlilik
gostermektedir. Nitekim, bagimlilik hem maddesel (kimyasal) hem de davranigsal olmak Uzere
iki sekilde ortaya ¢ikmaktadir (Ding, 2015). Davranissal bagimlilikta digardan alinan bir madde
bulunmamaktadir. Bireyin bir davranisi gergeklestirmesinin ardindan beyindeki odullendirme
sistemini aktiflesir ve bu durum madde alinlyormus gibi bir biyokimyasal sirece sebep olur
(Toprak Derici, 2018). Dolastyla kisilerin yapay zekayi herhangi bir amagla kullanmalarindan
sonra yasadiklar odullendirilme duygusu kadin ya da erkek olmasina ve yapay zekanin riskleri
hakkinda bilgisinin olup olmamasina bakmaksizin yapay zekaya bagimlilik duymalarina yol
agiyor olabilir.

Arastirmadan elde edilen bir baska bulguya gore Universite ogrencilerinin yapay zeka bagimlilik
duzeyleri yapay zeka kullanim sikligina gore anlamli bir sekilde farklilagsmaktadir. Naseer vd.
(2025) yapay zeka kullanim sikhidinin katiimcilarin duygusal stresleri ile pozitif; dikkat sureleri
negatif yondeki iliskisini bulgulamasina ragmen yapay zeka bagmlilik dizeyinin yapay zeka
kullanim sikligina gore degisimini dogrudan ele alan bir bagka arastirma sonucu ile ulasilabilir
alan yazinda karsilasiimamistir. Ancak teknoloji bagimlih@r ve dijital bagimlilk gibi benzer
Ozellikler gosteren kavramlarla yapilan galismalarda, gunlik teknolojik trtin kullanim sureleri
arttikga teknoloji bagimliigin da artis gosterdigi (Akay vd., 2023), gunlik dijital arag kullanim
slresi arttikga da dijital bagimliligin anlaml bir sekilde arttigi (Balci ve Giler, 2024) tespit
edilmistir. Buradan hareketle, yapay zekaya ulasmak igin insanlarin teknolojik ve dijital araglari
kullandigini disundrsek bu aracglarda yapay zekayi kullanirken harcadiklar sure yapay zekaya
bagimlilik gelistirmelerine sebep olabilir diye dusunebiliriz. Diger yanda kisinin yapay zekayi
kullanirken kontrolinu saglayamayacag@ini disundigumuzde bu sure arttikga bagimliliginda
artmasi sasirtici degildir.

Arastirmada ayni zamanda rehberlik ve psikolojik danismanlik bolimunde okuyanlarin yapay
zeka bagimlilik puanlari ortalamasi sosyal bilgiler 6gretmenligi bolimunde okuyanlarin puan
ortalamasindan; sinif 6gretmenligi okuyanlarin yapay zeka bagimlilik puan ortalamasi sosyal
bilgiler 6gretmenligi bolimunde okuyanlardan; fen bilgisi 6gretmenligi okuyanlarin yapay zeka
bagimhlik puan ortalamasi sosyal bilgiler ogretmenligi bolimunde okuyanlarin  puan
ortalamasindan anlamli olarak daha dusuk oldugu tespit edilmistir. Bu farkliigin nedenlerini
anlamak adina ogrencilerle nitel bir arastirma gergeklestirilebilir. Nitekim daha once Bukhari vd.
(2025) tarafindan gercgeklestirilen arastirma sonuglari da dikkate alindiginda yapay zekéa
bagimhliiyla iliskili unsurlarn anlamanin alinabilecek onlemler agisindan da degerli olacag
disunulmektedir.

Bu arastirma Ordu Universitesi Egitim Fakdltesinin farkli bolimlerinde 6grenim géren Universite
ogrencileriyle sinirhdir. Dolasiyla yapay zeka bagimliigin gerek diger ogrenim kademelerindeki
ogrenciler gerekse yasllar gibi farkli orneklem gruplarindaki durumunu inceleyen cesitli
arastirmalar gercgeklestirebilir. Ayni zamanda yapay zeka bagimliigini azaltmaya yonelik psiko-
egitim programlarinin hazirlanmasi gerceklestirilebilir.
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Yazar katki oranlari

Calismaya 1. Yazar: % 50, 2. Yazar: %50 oraninda katki saglamistir.

Cikar ¢catismasi beyani bashg

“Universite dgrencilerinin yapay zeka bagimliigi: Ordu Universitesi rnedi” baslikli makalemizin
herhangi bir kurum, kurulus, kisi ile mali ¢ikar ¢atismasi yoktur. Yazarlar arasinda da herhangi
bir ¢cikar catismasi bulunmamaktadir.
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