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Abstract

This study examines how monetary policy uncertainty (MPU) and fiscal policy
uncertainty (FPU) affect government bond yields across eleven developed
economies from January 1999 to March 2025. It uses five- and ten-year bond
yields as the dependent variables. The analysis employs panel quantile regression
to capture the heterogencous effects of uncertainty across market conditions,
complemented by fixed-effects models with Driscoll-Kraay standard errors to
ensure robustness. Findings indicate that MPU significantly increases bond
yields, whereas FPU has a negative effect. These effects are more pronounced
during adverse market conditions and tend to diminish as conditions improve.
Moreover, both forms of uncertainty have a stronger impact on short-term bond
yields than on long-term yields. The results suggest that policy uncertainty affects
bond markets differently by maturity and exhibits asymmetry. To promote
financial stability and market efficiency, policymakers should endeavor to
mitigate uncertainty through transparent and credible monetary and fiscal
policies.

Oz

Bu ¢alisma, Ocak 1999°dan Mart 2025’e kadar on bir gelismis ekonomide para
politikas1 belirsizliginin (PPB) ve maliye politikasi belirsizliginin (MPB) devlet
tahvili getirileri lizerindeki etkisini incelemektedir. Bagimli degiskenler olarak 5
ve 10 yillik tahvil getirileri kullanilmistir. Analiz, piyasa kosullarindaki heterojen
etkileri yakalamak i¢in panel kantil regresyonu ve saglamligi saglamak amaciyla
Driscoll-Kraay standart hatlariyla sabit etkili modelleri kullanmaktadir. Bulgular,
MPU’nun tahvil getirilerini anlamh sekilde artirdigini, FPU’nun ise negatif bir
etki yarattigin1 gostermektedir. Bu etkiler, olumsuz piyasa kosullarinda daha
belirgin olup, kosullar iyilestik¢e azalma egilimindedir. Ayrica, her iki belirsizlik
tiirii de kisa vadeli tahvil getirileri {izerinde uzun vadeli getirilerden daha giiclii
bir etki yaratmaktadir. Sonuglar, politika belirsizliginin tahvil piyasalarini vade
acisindan farkli sekilde etkiledigini ve asimetrik bir yap1 sergiledigini
gostermektedir. Finansal istikrar ve piyasa verimliligini artirmak amaciyla,
politika yapicilarin seffaf ve giivenilir para ve maliye politikalariyla belirsizligi
azaltmaya ¢aligmast dnemlidir.
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1. Introduction

A country’s economic policies are implemented by the country's government and by central
banks that control the money supply. The government contributes to macroeconomic stability by
enacting fiscal policy measures, while the central bank does so by making monetary policy
decisions based on the state of the financial system. Today, due to globalization, it is evident that
a crisis emerging in national economies spreads to all global economies, and its effects are felt
worldwide. Furthermore, countries' financial and economic structures are determined by the fiscal
and monetary policies they implement before and during a crisis (Karaca, 2014). Unpredictable
environments of uncertainty in political, policy, and economic arenas worldwide are reflected in
national economic policies, leading to uncertainty in countries’ national economic policies (Ilgin,
2022). In this context, uncertainty regarding monetary and fiscal policies has reached its highest
level in recent history, and the measures taken in response have been unprecedented in the past
fifty years (Davis, 2016).

Uncertainty, defined as situations where events cannot be structured or classified due to a
lack or insufficiency of information (Budner, 1962, as cited in Rosen et al., 2007), is recognized
as a significant factor influencing investor behavior as well as macro- and microeconomics.
Because uncertainty tends to increase over time, it is also considered a risk factor that
systematically affects economic decision-making and impacts the stability of the national
economy, particularly in macroeconomic markets (Munyas et al.,, 2026). Monetary policy
uncertainty, on the other hand, is defined as the uncertainty regarding the future monetary policy
objectives and actions of regulatory and supervisory institutions that serve as the monetary
authority in the economy (Munyas and Kadooglu Aydin, 2025); fiscal policy uncertainty can be
defined as a widespread source of economic and financial difficulties stemming from uncertainty
regarding tax plans, government expenditures, and the valuation of public debt (Hong et al.,
2024).

First developed by Baker et al. (2013) for the U.S. economy and later adapted for other
countries, news-based economic policy uncertainty indices reflect expectations about national
economies (Ilgin, 2022). For this reason, economic policy indices have frequently been used as a
measure of uncertainty by policymakers, analysts, and academics in recent years.

With advancing technology, communication and transaction speeds have increased,
thereby enabling investors from every region of the world to trade in other countries' financial
markets. There are important macroeconomic indicators considered when making investment
decisions within a country or when redirecting investments to other countries (Akcayir, 2022).
With the free movement of capital, capital flows have become a significant factor for development
and growth in rapidly globalizing economies (Akgiines, 2021). There are two main factors
influencing capital inflows into a country: internal and external factors. The external factor is the
global interest rate, while the internal factor comprises monetary and fiscal policies and market-
oriented reforms (Delice, 2000).

In this context, it can be argued that the monetary and fiscal policies implemented directly
affect a country’s capital flows. A significant risk arises when investments lose value due to
deteriorating macroeconomic indicators stemming from economic and political uncertainties
within a country. It is observed that the impact of political uncertainties arising from global
financial crises, trade wars, high-intensity geopolitical tensions, and inter-group conflicts on
capital markets has deepened (Munyas et al., 2026).
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The financial returns that countries can offer to foreign investors are typically in the form
of bond yields or stock dividends (Akgayir, 2022). A bond is a debt security issued by a country’s
treasury or large-scale enterprises and can have short-term (up to three months), medium-term
(one year), or long-term (five years or more) maturities (Undersecretariat of the Treasury, 2015).
In this context, bonds are a preferred investment vehicle because they provide a stable, predictable
net return despite fluctuations in inflation (Ministry of Treasury and Finance, 202). When
constructing a portfolio, the first factor investors consider is the bond interest rate. Since
government bonds carry no default risk, they are considered the risk-free interest rate in markets,
and this rate is used as a discount factor in valuing other risky assets (GCM Yatirim, 2025).

The study examined the G11 countries with advanced economies (the United States,
Canada, Switzerland, Belgium, Germany, Italy, France, Japan, Sweden, the United Kingdom, and
the Netherlands). The primary reason for selecting this group of countries is that, given their
developed financial market structures and highly liquid government bonds, the effects of policy
uncertainties on bond yields are more clearly observable. Furthermore, given their weight in the
global financial system, it is anticipated that the findings for this group of countries will not only
yield country-specific results but also inform broader conclusions about international bond
markets.

In recent years, there has been a significant increase in studies examining the effects of
policy uncertainty on financial markets. It is noteworthy that these studies generally focus on a
single component of economic policy uncertainty. It is evident that studies comparing the effects
of monetary policy uncertainty and fiscal policy uncertainty, when evaluated together, on
medium- and long-term government bond yields in a sample of developed economies are quite
limited. This study is significant in that it examines the effects of monetary and fiscal policy
uncertainty on bond yields across maturities (5-year and 10-year) in developed countries and
compares the responses of 5-year and 10-year bonds to these uncertainties.

Overall, the literature has extensively examined the effects of economic and political
uncertainties on bond yields, risk premiums, the yield curve, market volatility, and the
transmission mechanisms across international bond markets. However, relatively few studies
bring monetary and fiscal policy uncertainty together in a single framework to compare their
effects on short- and long-term government bond yields. The present study aims to contribute to
the literature in this regard. The study uses monthly data from 1999:01 to 2025:03 for 11 advanced
economies, with five- and ten-year government bond yields as the dependent variables. The
effects of monetary and fiscal policy uncertainty on bond yields are examined using panel quantile
regression, evaluating not only the relationship at the average level but also its variation across
quantiles of the distribution. In this regard, the study addresses the relationship between
uncertainty and the bond market within a framework that is both comparative and accounts for
the term structure.

The subsequent section of this study reviews the theoretical and empirical literature. In the
second section, the findings are analyzed by presenting the research dataset and the model’s
estimation results. In the final section, a general evaluation of the study is provided, and
recommendations are offered based on the research findings.
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2. Literature

Uncertainty is one of the key factors influencing asset prices in financial markets. In
particular, policy-driven uncertainties disrupt investor expectations, thereby increasing risk
perception and causing volatility in bond and stock markets. For this reason, the relationship
between uncertainty and financial asset pricing has become the subject of a substantial body of
literature in recent years. Baker et al. (2016) examined the effects of economic policy uncertainty
on macroeconomic variables and firm behavior; they demonstrated that the EPU index rose
significantly during periods such as wars, the September 11 attacks, the Lehman Brothers
bankruptcy, and debt ceiling crises. The study also revealed that increases in uncertainty
negatively affect investment, production, employment, and firm performance. Similarly, Pastor
and Veronesi (2013) examined how investors price political uncertainty and noted that it increases
the risk premium and raises correlation and volatility in stock markets. It was emphasized that
these effects become particularly pronounced during periods of weak economic activity.

Baker et al. (2015), on the other hand, demonstrate that economic policy uncertainty rises
during periods of war, elections, and crises, and that this has downward effects on investment,
production, and employment. In a study by the same authors covering a broader range of
countries, it is also stated that economic policy uncertainty increases volatility in financial markets
and that the effects are felt with varying intensity across countries.

The question of which channels influence bond yields is also an important topic in this
literature. Poghosyan (2014) examined the long- and short-term determinants of sovereign bond
yields in developed economies; he demonstrated that public debt and fiscal imbalances are more
decisive in the long term, while global risk perception and the economic cycle are more decisive
in the short term. Kim and Wright (2005), on the other hand, demonstrated that long-term interest
rates cannot be explained solely by short-term interest rate expectations, but that the risk premium
component also plays a significant role. When these studies are evaluated together, it becomes
clear that bond yields are shaped not only through the expectations channel but also through the
risk premium, inflation outlook, and macroeconomic conditions.

The effects of monetary policy shocks and monetary policy uncertainty on bond markets
have been extensively studied in the literature. Tillmann (2020) demonstrates that during periods
of high monetary policy uncertainty, the impact of central bank shocks on the yield curve is both
stronger and more persistent. Similarly, de Pooter et al. (2021) found that the market reacts more
sharply to central bank decisions during periods of increased monetary policy uncertainty. Ying
et al. (2025), on the other hand, note that the transmission of policy shocks to bond yields differs
during periods of high uncertainty, and that this effect is particularly pronounced for long-term
bonds. Hanson and Stein (2015) have shown that changes in short-term policy rates can also affect
long-term real interest rates, largely through the expectations channel. Findings by Amisano and
Tristani (2019) indicate that uncertainty shocks weaken economic activity, shift monetary policy
toward a more accommodative stance, and can lead to a decline in long-term interest rates.
Similarly, Husted et al. (2020) have demonstrated that during periods of increased monetary
policy uncertainty, financial market volatility rises, investment and production weaken, and
economic activity slows.

Bundick et al. (2017) note that forward guidance reduces monetary policy uncertainty and
exerts a downward effect on long-term bond yields and the term premium. Bundick et al. (2024),
on the other hand, demonstrate that monetary policy uncertainty leads to a higher risk premium,
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particularly in medium- and long-term bonds, and alters the slope of the yield curve. Overall,
these studies reveal that monetary policy uncertainty produces different effects across the maturity
structure of the bond market.

Studies examining the relationship between economic, fiscal, and interest rate uncertainty
and the bond risk premium have also increased, particularly in recent years. Leippold and Matthys
(2022) demonstrate that economic policy uncertainty significantly affects the yield curve, with
this effect particularly pronounced for long-term bond yields. loannidis and Ka (2021) also note
that bond risk premiums rise when economic policy uncertainty increases and that investors
demand higher returns. Similarly, Bayaa and Qadan (2024) found that interest rate uncertainty
affects the yield curve of U.S. Treasury bonds, with the effect felt more strongly in the long term.
Bretscher et al. (2020), on the other hand, demonstrate that developments stemming from fiscal
policy significantly affect bond risk premiums, with this relationship being particularly
pronounced in long-term bonds. Within this framework, the literature indicates that different types
of policy uncertainty yield significant outcomes on both the risk premium and the yield curve in
the bond market.

Studies focusing on the effects of economic policy uncertainty on government bond prices,
yields, and market volatility are also noteworthy. Faniband and Jadhav (2023) note that when
economic policy uncertainty increases, investors turn to safer assets, thereby driving up
government bond prices. Conterius et al. (2022) and Gong et al. (2023), on the other hand,
demonstrate that global economic policy uncertainty increases government bond market volatility
and that uncertainty-driven effects can be transmitted in different ways across countries. Wang et
al. (2017) also state that economic policy uncertainty has significant effects on U.S. government
bond yields, noting that yields tend to decline during periods of uncertainty as demand for safe-
haven assets increases. When considered together, these studies indicate that economic policy
uncertainty not only increases volatility in bond markets but also affects price and yield dynamics.

The spillover of uncertainty shocks into international bond markets is another topic
frequently discussed in the literature. Costantini and Sousa (2022) demonstrate that during periods
of increased uncertainty in Eurozone bond markets, investors shift away from peripheral-country
bonds toward those of stronger countries, thereby lowering yields in core countries and raising
risk premiums in peripheral countries. Benlagha and Hemrit (2022) note that when economic
policy uncertainty rises, cross-country bond market linkages strengthen and shocks spread more
rapidly. Handler and Jankowitsch (2025), on the other hand, demonstrate that sovereign bond
spreads widen during periods of political uncertainty, with this effect being felt more strongly in
countries with more fragile institutional structures. These findings indicate that uncertainty shocks
are not confined to a single country’s bond market but also generate cross-border consequences
through international capital flows and safe-haven preferences.

Studies examining the bond market’s response to information flows, however, tend to focus
primarily on the news effect. Green (2004) demonstrated that rapid adjustments in bond prices
occur and trading volume increases during periods when significant economic news is released.
This finding indicates that bond markets react quite rapidly to new information. When the
relationship between news flow and uncertainty is considered together, it becomes clear that the
market is sensitive not only to actual policy decisions but also to expectations and signals
regarding these decisions.
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There are also studies examining the effects of economic policy uncertainty within the
broader financial market structure. Tao et al. (2022) and Black et al. (2025) demonstrate that
rising uncertainty reduces liquidity and increases risk premiums in the corporate bond market.
Kumar and Prasanna (2024) also reveal a significant relationship between economic policy
uncertainty and corporate bond yields, particularly in emerging Asian markets. Fang et al. (2017),
on the other hand, note that economic policy uncertainty strengthens the long-term relationship
between U.S. stock and bond markets and may reduce the benefits of portfolio diversification.
These studies indicate that the impact of uncertainty is not limited to government bonds but can
also be a determining factor in the relationships between corporate bonds and different asset
classes.

This study advances the literature in several key ways. First, unlike most prior research that
examines only one aspect of policy uncertainty, this study simultaneously examines both
monetary and fiscal policy uncertainties and compares their influence on government bond yields.
Second, it assesses the effects of policy uncertainty across maturities, specifically 5-year and 10-
year bonds, to provide a more detailed view of the bond market's term structure. Third, by using
panel quantile regression, the study identifies how the impact of uncertainty varies across market
conditions, extending beyond traditional average-based methods. These insights offer new
empirical evidence on how different forms of policy uncertainty are reflected in bond prices under
various economic circumstances.

3. Methodological Framework
3.1. Purpose and Scope of the Study

This study examines the relationship between five- and ten-year government bond yields
and indicators of policy uncertainty. The sample includes 11 countries (the N11 group) among
developed economies: the United States, Canada, Switzerland, Belgium, Germany, Italy, France,
Japan, Sweden, the United Kingdom, and the Netherlands.

3.2. Data Set and Variables

In this study, which examines the relationship between policy uncertainties and bond yields
using a panel data set containing monthly observations for the period 1999:01-2025:03, five- and
ten-year bond yields were considered as the dependent variables, while monetary policy
uncertainty (MPU) and fiscal policy uncertainty (FPU) were used as independent variables. These
indicators represent the level of predictability in macroeconomic decision-making processes in
the relevant countries and enable an assessment of their potential effects on financial markets.
The MPU and FPU indices are common indicators of policy uncertainty rather than country-
specific measures. Therefore, the same uncertainty series is assigned to each country in the panel
dataset, whereas the five- and ten-year government bond yields vary across both countries and
time. All series used in the analysis were processed with natural logarithms to account for
differences in units of measurement between indices and percentage returns. To enable the
logarithmic transformation of variables containing negative values (FYB and TYB), the log-
modulus transformation can be employed (Soare et al., 2022; Bouvatier et al., 2023). Accordingly,
the variables containing negative observations were transformed using the log-modulus
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transformation proposed by John and Draper (1980). The transformation is defined as L(x) =
sign(x) x log(l x | +1), where sign denotes the original sign of the corresponding observation
(John and Draper, 1980). Descriptive information regarding the dataset and the characteristics of
the variables are summarized in Table 1.

Table 1. Variables

Abbrevation Variable Definition Unit Database

FYB Five-year government bond yield Percentage (%) tr.investing.com
TYB Ten-year government bond yield Percentage (%) tr.investing.com
MPU Monetary policy uncertainty Index

FPU Fiscal policy uncertainty Index policyuncertainty.com

3.3. Limitations and Originality of the Study

This study has certain limitations. First, the study was conducted using monthly data from
1999:01 to 2025:03 across 11 developed countries. This limits the generalizability of the results
to all country groups. Additionally, monetary and fiscal policy uncertainty were represented using
relevant indices. Although these indicators are widely used in the literature, they may not fully
reflect country-specific political and institutional developments. Furthermore, the analysis
focuses solely on five- and ten-year government bond yields. Consequently, the potential effects
of uncertainty on other maturities fall outside the scope of this study. The originality of this study
lies in its joint examination of monetary and fiscal policy uncertainty and its comparative analysis
of their effects on bond yields. Furthermore, the use of the panel quantile regression method
allows for an examination of how these effects vary across different levels of bond yields. In this
regard, the study offers a complementary contribution to the existing literature.

4. Method

The methodological framework applied in this study follows a multi-stage approach based
on panel data analysis; it begins with descriptive statistics, proceeds to examine the structure of
relationships among variables, determines the characteristics of the time series using cross-
sectional dependence (CSD) and unit root tests, and concludes with panel quantile regression
estimates and robustness checks. The relevant processes are illustrated in Figure 1.

Panel unit root

mis Panel

quantile
regression
CSD tests estimation

Fixed effect

) estimations
Correlation

relationship y robustness

Panel data
anaylsis

Summary

statistics Interpreting

Figure 1. Methodological Process for Panel Data Analysis
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4.1. CSD and Panel Unit Root Test

One of the fundamental issues frequently encountered in panel data models is potential
cross-sectional dependence that cannot be ignored. Such dependencies may arise due to spatial
interactions, unobserved common factors, or socioeconomic networks (Baltagi and Pesaran,
2007; Chudik and Pesaran, 2013). However, first-generation panel unit root and cointegration
tests generally rely on the assumption of cross-sectional independence. If this assumption does
not hold in practice, the results may be subject to significant bias (Pesaran, 2007; Barbieri, 2009).
Ignoring cross-sectional dependence can undermine the reliability and validity of estimated
parameters, particularly as the number of cross-sections in the panel increases, thereby expanding
the covariance matrix (O’Connell, 1998; Cerrato and Sarantis, 2002). Second-generation tests
developed to overcome these limitations test for the presence of a unit root in time series by
accounting for cross-sectional dependence. In this context, the CIPS test developed by Pesaran
(2007) is frequently used due to its factor-structure-based modeling approach and strong
performance in small samples. The CIPS test tests for the presence of a unit root in its null
hypothesis and is essentially an extended version of the Im-Pesaran-Shin (IPS) (2003) test that
incorporates cross-sectional dependence.

On the other hand, the panel unit root test developed by Hadri and Kurozumi (2012) is an
adaptation of the time-series-specific KPSS test for panel data sets. In this test, the null hypothesis
assumes that the series are stationary and yields two distinct statistics. The ZA_SPC statistic is
based on estimating the long-run variance using the approach of Sul et al. (2005) and yields more
appropriate results for small samples. The ZA LA statistic, on the other hand, is a variant in which
long-run variance is estimated using the methods of Choi (1993) and Toda and Yamamoto (1995),
and it yields stronger results, particularly for large samples (Hadri and Kurozumi, 2012).
Recently, structural breaks have also begun to be considered in the development of panel unit root
tests. In this context, Im et al. (2005) proposed the panel LM test by extending the univariate LM
test developed by Lee and Strazicich (2003) to the panel setting. Additionally, the panel unit root
test developed by Karavias and Tzavalis (2014) allows for one or two structural breaks in the
series' deterministic components. This test can be regarded as the panel counterpart to the time
series tests proposed by Zivot and Andrews (1992) and Lumsdaine and Papell (1997). This
method can be applied whether the break dates are known or unknown; it can account for constant
terms and linear trends, non-normal error terms, and cross-sectional heteroskedasticity and
dependence.

Furthermore, it is robust against both homogeneous and heterogeneous alternatives and can
be applied to panels with both short- and long-run dimensions. For these reasons, panel unit root
tests that account for structural breaks are also employed in this study.

Before proceeding to the stationarity analysis in this study, the presence of CSD is
examined by testing for country dependence within the panel. This step is crucial for selecting the
appropriate panel unit root tests. In this context, the LM-based CSD test by Breusch-Pagan (1980)
and the bias-corrected LM CSD test proposed by Pesaran et al. (2008) are used. These tests assess
the assumption of cross-sectional independence in the panel dataset and assume it under the null
hypothesis.
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5. Empirical Results
5.1. Summary Statistics and Correlations

Summary statistics for the variables used in the study are presented in Table 2. The panel
dataset has a T>N characteristics (N=11 and T=315) and comprises 3,465 (NXT) observations
compiled at a monthly frequency. This long-term, high-frequency data structure enables
evaluation of the statistical properties of the variables across the time and country dimensions.
During the relevant period, the average yield on five-year bonds was approximately 2%, while
that on ten-year bonds was around 2.61%. When viewed on the original scale, the average yield
on ten-year bonds appears to be slightly higher than that on five-year bonds. In contrast, the
standard deviation values suggest that five-year bonds are slightly more volatile. When comparing
monetary and fiscal policy uncertainty, it is evident that fiscal policy uncertainty has higher values
in both the mean and the distribution. Furthermore, the differences between the mean and median,
along with the width of the minimum-maximum range, indicate that the variables do not follow a
symmetric distribution. This is consistent with the results of the Jarque-Bera test. Regardless of
whether the variables are measured in their original or logarithmic form, the JB test statistics point
to a non-normal distribution.

Table 2. Summary Statistics

Original Scale

FYB TYB MPU FPU
Mean 2.0988 2.6187 94.7214 115.0890
Median 2.0410 2.6460 77.4834 95.1027
Std. deviation 1.8084 1.7466 63.3366 78.1911
Min. -1.1130 -1.0080 17.6162 23.0521
Max. 7.6190 7.0790 431.3423 630.5754
JB Statistics 195.43*** 189.28%** 5356.85%** 10218.96%***

Logarithmic Scale

FYB TYB MPU FPU
Mean 0.9239 1.1344 4.358862 4.5624
Median 1.1122 1.2936 4.3501 4.555
Std. deviation 0.7068 0.6032 0.6181 0.5937
Min. -0.7481 -0.6971 2.8688 3.1378
Max. 2.154 2.0893 6.0669 6.4466
JB Statistics 289.29%** 379.37*** 42.16%** 41.83%**

Note: *** shows 1% significance level.

The QQ (quantile-quantile) plots shown in Fig. 2 illustrate the distribution characteristics
of FYB and TYB around the median. In the plot, the horizontal axis represents the distance from
the median for observations below the median, while the vertical axis represents the distance from
the median for observations above the median. If the observations were symmetrically distributed
around the median, the points would cluster near the 45-degree reference line.
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Figure 2. QQ Plots

For the FYB (left panel), the distribution shows a deviation from symmetry, particularly in
the upper tail: values above the median increase more rapidly. This indicates positive tail
thickness in five-year bond yields and suggests that the distribution is upward-skewed. For TYB
(right panel), a similar pattern is observed, though the deviation is more pronounced compared to
FYB. In particular, the points’ deviation from the reference line in the upper tail reveals that the
asymmetric distribution in 10-year bond yields is stronger and that the influence of outliers has
become more dominant. Overall, both panels indicate that bond yields deviate from the normal
distribution assumption, and while the JB test supports this behavior, they exhibit a distinct
asymmetry rather than symmetry around the median.

The Spearman rank-order correlation matrix presented in Table 3 is used to assess the
direction and strength of monotonic relationships among variables that do not meet the
assumption of normality.

Table 3. Spearman Rank-Order Correlation Matrix

Variables FYB TYB MPU FPU
FYB 1
0.9753%%+ 1
TYB [0.0000]
0.1326%** 0.0889%** 1
MPU [0.0000] [0.0000]
FPU -0.2441%* -0.2265%** 0.5254%%% 1
[0.0000] [0.0000] [0.0000]

Note: i. *** shows 1% significance level. ii ”’[]” indicates probability.

The findings indicate a strong and statistically significant positive correlation between five-
year and ten-year bond yields (FYB and TYB). This suggests that bond markets move in a highly
coordinated manner. A positive and significant relationship was found between MPU and both
FYB and TYB. On the other hand, the relationship between FPU and both FYB and TYB is
negative and statistically significant. A moderate, positive, and statistically significant correlation
was found between MPU and FPU. This result indicates that uncertainties in monetary and fiscal
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policies tend to move in tandem and are influenced by similar factors in economic decision-
making.

5.2. CSD Tests

Testing for the presence of CSD in panel data analysis is of great importance for the
reliability and validity of the econometric models and tests used. Accordingly, potential CSD
among the variables included in the study was examined using both the LM and LMadj tests.
tests. The findings presented in Table 4 provide an opportunity to assess the extent of potential
cointegration relationships among countries. According to the findings from the LM and LMadj.
tests, the null hypothesis stating that there is no CSD for the FYB and TYB variables at
conventional significance levels is rejected. In this context, it demonstrates significant cross-
sectional dependence in the FYB and TYB variables.

Table 4. Summary of CSD Test Results

Variables LM Statistics [prob.] LM.g;. Statistics [prob.]
FYB 13714.32*** [0.0000] 1628.257*** [0.0000]
TYB 14467.80%** [0.0000] 1536.751*** [0.0000]

Note: *** shows 1% significance level.

The finding that cross-sectional dependence is statistically significant indicates that the
countries included in the panel cannot be treated as independent units. This suggests that a shock
or fluctuation in any country within the panel affects the other countries as well, thereby
demonstrating that the panel as a whole comprises interdependent observations. Additionally,
CSD indicates correlation among variables within each country, which can reduce the power of
tests used in unit root analyses. Therefore, when cross-sectional dependence is detected, second-
generation panel unit root tests are necessary to reliably examine the stationarity properties of the
variables.

5.3. Panel Unit Root Test

Table 5 presents the results of second-generation panel unit root tests, accounting for the
cross-sectional dependence validated by the CSD tests in Table 4. In this context, the findings in
Table 5 present the results of the CIPS test developed by Pesaran (2007) and the structural break
unit root tests developed by Karavias and Tzavalis (2014).

Table 5. Summary of CIPS and KT Test Results

Variables CIPS Test (CIPS Statistics) KT Test (Min-Z Statistics)
Intercept  Intercept and Trend Intercept Intercept and Trend
FYB -3.115%** -3.246%** -0.0834*** [-0.0186] -0.1356*** [-0.0626]
TYB -3.01 [*** -3.265%** -0.1586*** [-0.0176] -0.0910*** [-0.0476]

Note: i.*** shows 1% significance level. ii. [] demonstrates bootstrap critical values (CV).

According to the results of the CIPS and KT tests, the null hypothesis of a unit root is
rejected at the 1% significance level for both the FYB and TYB variables, indicating that these

757



Journal of Research in Economics, Politics & Finance, 2026, 11(2): 747-768

variables are stationary at the level. However, stationarity is a strong claim, and to obtain robust
results, the HK test, which differs from the CIPS and KT tests, was also employed. The null
hypothesis of the HK test examines the stationarity of the relevant variable. Table 6 presents the
results of the panel stationarity test by Hadri and Kurozumi (2012).

Table 6. Summary of HK Test Results

Variables ZA _SPC ZA LA ZA_SPC ZA LA
Intercept Intercept Intercept and trend Intercept and trend

FYB -0.5660 -0.6474 -0.9203 -1.0162

[0.7143] [0.7413] [0.8213] [0.8452]

TYB -0.1850 -0.2265 -0.0733 -0.1569

[0.5734] [0.5896] [0.5292] [0.5623]

Note: “[]” demonstrates p-values.

The results obtained from Table 6 indicate that the null hypothesis cannot be rejected for
either variable. In this context, the fact that different tests yield consistent results in the stationarity
analyses of the variables enhances the reliability of the findings and provides strong evidence that
the variables are stationary at the level.

On the other hand, the findings obtained up to this stage indicate that the FYB and TYB
variables are stationary at levels. However, the study also includes the MPU and TPU series,
which are cross-section invariant variables (Giiloglu and Bayar, 2016; Giiloglu et al., 2020). For
this reason, performing CSD tests is not suitable for these variables. Accordingly, their
stationarity properties were examined using standard unit root tests. The corresponding results
are presented in Table 7.

Table 7. Standard Unit Root Tests Results

Variables Augmented Dickey-Fuller Test Phillips-Perron Test
Intercept Intercept & Trend Intercept Intercept and Trend
InFPU -4.5946%** -5.0995%** 4.3625%** -4.9652%**
[0.0002] [0.0002] [0.0004] [0.0003]
IaMPU -5.7337x** -5.7694%*** -7.8089%** -7.8759%**
[0.0000] [0.0000] [0.0000] [0.0000]

Note: i.¥** 1%, ** 5%, and * 10% are significance levels. ii. “[]” demonstrates p-values.

5.4. Panel Quantile Regression Estimation Results

The preliminary analyses conducted in this study indicate that the variables do not satisfy
the assumption of normality. Furthermore, the unit root test results confirm that all variables are
stationary at levels. Evidence of non-normality provides one of the primary methodological
justifications for employing panel quantile regression, which enables estimation of heterogeneous
effects across different points of the conditional distribution without imposing a normality
assumption. These findings highlight important constraints that must be taken into account when
estimating regression models. While OLS or similar regression methods produce reliable results
when the assumptions are met, they rely on mean-based estimation. They may be limited in their
ability to fully capture the entire distribution. Therefore, it has been recognized that the
distributional characteristics of the variables must not be ignored, and the need to apply alternative
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methods has emerged in situations where mean-based estimates are insufficient. In this context,
the quantile regression technique developed by Koenker and Bassett (1978) emerges as a suitable
alternative. This method can analyze the distribution of variables comprehensively by focusing
on the median and quantiles rather than mean-based estimates. Since the study utilizes a panel
data structure, the moment method developed by Machado and Santos-Silva (2019) was
employed using a panel quantile regression approach. Currently, this method is a member of the
quantile regression family.

The primary reasons for choosing the moments method for this study are summarized
below: i. As a member of the quantile regression family, this method is less susceptible to outliers.
It reduces biases arising from dataset anomalies by providing reliable estimates at the extremes
of the distribution. ii. It allows for the inclusion of multiple fixed effects in the modeling process,
thereby isolating the effects of characteristics that remain constant at the individual or group level
and ensuring more accurate results. iii. As a GMM-based approach, it enables effective
estimations even with small sample sizes. iv. Maintaining the distributional perspective provided
by quantile regression across the entire dataset allows observation of how relationships change
across different quantiles. Consequently, it enables an evaluation of the relationship between
monetary and fiscal policy uncertainties and the five- and ten-year government bonds of 11
developed countries, without overlooking the varying effects of these uncertainties across bond
yield levels. Table 8 presents the findings from the estimated panel quantile regression designed
to examine the effects of MPU and FPU on five-year bonds (Models I and II).

These findings indicate that both monetary policy uncertainty and fiscal policy uncertainty
have statistically significant effects on five-year bond yields across all quantiles. However, these
effects are directed in opposite directions. The positive effect of MPU on five-year yields varies
across quintiles and declines gradually as one moves from lower to higher quintiles. While the
coefficient is 0.26 in the lowest quintile (0.10), it declines to 0.07 in the highest quintile (0.90).
This indicates that a 1% increase in monetary policy raises five-year yields by 0.26% in the lower
quantiles, which represent adverse market conditions, and by 0.07% in the upper quantiles, which
represent relatively more favorable market conditions. Consequently, the MPU’s impact on the
bond market varies with market conditions, with the strongest effects observed in the lower
quantiles, that is, under adverse market conditions, and the weakest in the upper quantiles, that is,
during relatively stable market periods. For the FPU, the opposite pattern holds true.

Fiscal policy uncertainty has a negative and statistically significant effect across all
quantiles of the FYB. While the estimated coefficient is -0.35 in the lowest quintile (0.10), it is
approximately -0.25 in the highest quintile (0.90). This finding indicates that the negative effect
of fiscal policy uncertainty gradually decreases as one moves from lower to higher quintiles. In
other words, a 1% increase in fiscal policy uncertainty reduces the FYB by 0.35% in the lower
quantiles, which represent adverse market conditions, and by 0.25% in the upper quantiles, which
represent relatively favorable market conditions. Thus, when evaluated from both the MPU and
FPU perspectives, the effects weaken as the quantiles rise. However, the key distinction is that
MPU has a positive effect, whereas FPU has a negative effect. Considering the magnitude of the
coefficients, it is possible to conclude that FPU plays a more dominant role in the market due to
its greater impact on FYB.
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Model I Grid of Quantiles

Regressors Location Scale 0.10 0.20 0.30 0.40 0.50 0.60 0.70 0.80 0.90
Intercept 0.2630%**  (0.8037***  -1.1263*** -0.6978*** -0.2872%* 0.1239 0.5056***  (.7523***  (.9454%** [, 1142%**  1.3(039%**
Bootstrap S.E.  0.1050 0.0694 0.2410 0.2084 0.1589 0.1026 0.0600 0.0507 0.0477 0.0461 0.0496

t statistic 2.5000 11.5900 -4.6700 -3.3500 -1.8100 1.2100 8.4200 14.8300 19.8300 24.1800 26.2900
Prob. 0.0120 0.0000 0.0000 0.0010 0.0710 0.2270 0.0000 0.0000 0.0000 0.0000 0.0000
MPU 0.1516%**  -0.0630%**  0.2604***  0.2269%**  (0.1947***  0.1625%**  (.1326***  0.1133***  0.0982***  (0.0849***  0.0701***
Bootstrap S.E.  0.0241 0.0159 0.0525 0.0445 0.0353 0.0253 0.0172 0.0137 0.0112 0.0093 0.0080

t statistic 6.2900 -3.9600 4.9600 5.1000 5.5200 6.4400 7.7300 8.2600 8.7500 9.1100 8.7600
Prob. 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Model 1T

Regressors Location Scale 0.10 0.20 0.30 0.40 0.50 0.60 0.70 0.80 0.90
Intercept 2.2499%*%*  0.3567***  1.6405%**  1.7660***  2.0062***  22518%**  2393*¥* D ATIGFF* D .S5324%F* D 6105%F*  2.6966%**
Bootstrap S.E.  0.1208 0.0639 0.1496 0.1338 0.1105 0.1136 0.1282 0.1368 0.1395 0.1484 0.1607

t statistic 18.6300 5.5800 10.9600 13.2000 18.1500 19.8200 18.6600 18.0800 18.1600 17.6000 16.7800
Prob. 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
FPU -0.2906***  0.0351** -0.3506%**  -0.3382***  -0.3146%**  -0.2905%**  -0.2766***  -0.2687***  -0.2629%**  -0.2552%**  -(0.2467***
Bootstrap S.E.  0.0265 0.0140 0.0320 0.0298 0.0275 0.0274 0.0282 0.0291 0.0305 0.0322 0.0340

t statistic -10.9800 2.5000 -10.9500 -11.3500 -11.4500 -10.6100 -9.8200 -9.2200 -8.6100 -7.9400 -7.2500
Prob. 0.0000 0.0120 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Note: i. *** 1%, ** 5%, and * 10% are significance levels. ii. Location and Scale parameters are fixed. iii. Robust Bootstrap standard errors.
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The results for Models III and IV reported in Table 9 reveal the relationship between 10-
year bond yields and the MPU and FPU. The findings are highly consistent with those for 10-year
bonds in terms of direction: both uncertainty indicators were statistically significant across all
quantiles. However, the directions of the effects diverge. MPU has a positive effect on TYB, while
FPU has a negative effect. Furthermore, the effects of both variables weaken significantly as one
moves from lower to higher quantiles. When evaluated using the MPU, the coefficients range
from 0.05 to 0.13. This indicates that a 1% increase in monetary policy uncertainty raises 10-year
bond yields by 0.13% in the lower quantiles but only by 0.05% in the higher quantiles, which
represent more favorable market conditions. The estimated coefficients for FPU range from -0.37
to -0.14. This result indicates that fiscal policy uncertainty has negative effects on the 10-year
bond yield across all quantiles, and that this effect weakens gradually as one moves from lower
to higher quantiles.

Given that the FPU coefficients in the FYB model range from -0.35 to -0.25, this indicates
similar effects, particularly in the lower quantiles (where the coefficient magnitudes are close to
one another). At the same time, the TYB remains more resilient under normal and adverse market
conditions. Therefore, it can be said that fiscal policy uncertainty is priced negatively by the
market in both short- and long-term segments, but this effect is felt more acutely in short-term
(five-year) bond yields.

Overall, the results indicate that the effects of policy uncertainties on the bond market are
heterogeneous across maturities but consistent in direction. Consequently, it can be said that the
effects of MPU and FPU are concentrated more in short-term bonds.
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Table 9. Method of Moments Panel Quantile Regression Output (Dependent Variable TYB)

Model I11 Grid of Quantiles

Regressors Location Scale 0.10 0.20 0.30 0.40 0.50 0.60 0.70 0.80 0.90
Intercept 0.7563***  (.5498%** -0.2246%* 0.1243 0.4425***  (0.7415%**  0.9376%**  1.1205***  1.2306%**  1.3336***  1.4508***
Bootstrap S.E. 0.0546 0.0377 0.1305 0.0953 0.0765 0.0545 0.0422 0.0321 0.0359 0.0402 0.0436

t statistic 13.8600 14.5800 -1.7200 1.3000 5.7800 13.5900 22.2300 34.9200 34.2900 33.1600 33.2900
Prob. 0.0000 0.0000 0.0850 0.1920 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
MPU 0.0868***  -0.0262%**  (0.1336***  0.1169%**  0.1017***  0.0875***  (0.0781***  0.0694***  0.0641***  0.0592***  0.0536%**
Bootstrap S.E. 0.0125 0.0087 0.0272 0.0214 0.0168 0.0123 0.0100 0.0083 0.0080 0.0078 0.0080

t statistic 6.9300 -3.0300 4.9200 5.4600 6.0400 7.1200 7.7900 8.3600 8.0600 7.5500 6.7000
Prob. 0.0000 0.0020 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
Model IV

Regressors Location Scale 0.10 0.20 0.30 0.40 0.50 0.60 0.70 0.80 0.90
Intercept 2.1845%**  0.0855 2.0288%**  2.0751%**  2.1317***  2.1906***  2.2195%**  22376¥**  22546%**  22716%**  2.2896%**
Bootstrap S.E.  0.0921 0.0734 0.1528 0.1229 0.0981 0.0928 0.0994 0.1072 0.1156 0.1257 0.1370

t statistic 23.7100 1.1600 13.2800 16.8900 21.7200 23.6200 22.3400 20.8700 19.5000 18.0800 16.7200
Prob. 0.0000 0.2440 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000
FPU -0.2302%**  (0.0753***  -0.3673***  -0.3264***  -0.2767*F**  -0.2248***  -0.1993***  -0.1834%**  -(.1684*** -0.1535%**  -(.1376***
Bootstrap S.E.  0.0202 0.0161 0.0348 0.0284 0.0217 0.0211 0.0226 0.0235 0.0251 0.0266 0.0288

t statistic -11.4000 4.6800 -10.5600 -11.4900 -12.7600 -10.6700 -8.8300 -7.8100 -6.7000 -5.7700 -4.7700
Prob. 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Note: i. *** 1%, ** 5%, and * 10% are significance levels. ii. Location and Scale parameters are fixed. iii. Robust Bootstrap standard errors.
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5.5. Fixed Effect Regression Estimation for Robustness

Table 10 presents the results of fixed-effects models estimated with Driscoll-Kraay (1998)
standard errors to corroborate the findings from the panel quantile regression model. The findings
from the fixed-effects models indicate that FPU and MPU are statistically significant in explaining
FYB and TYB and are highly consistent with those from the panel quantile regression. The effect
of MPU on bond markets is positive and similar for the returns of both FYB and TYB. When the
magnitudes of the coefficients are examined, Model I and Model III exhibit values that are quite
close to the LAD (median regression and middle quantiles) estimates. Accordingly, a 1% increase
in MPU raises FYB by approximately 0.15% and TYB by approximately 0.09%. Based on this,
it is clear that monetary policy uncertainty has a stronger effect on short-term bond yields than on
long-term bond yields. Findings regarding FPU, however, point to a negative relationship.

Table 10. Fixed Effects (Driscoll-Kraay)

Regressors Model 1 Model I11 Regressors Model 11 Model 1V
Constant 0.2630 0.7563*** Constant 2.2499%#** 2.1845%**
DK Std. error 0.4045 0.2425 DK Std. error 0.4883 0.4259
t statistic 0.6500 3.1200 t statistic 4.6100 5.1300
Prob. 0.5160 0.0020 Prob. 0.0000 0.0000
MPU 0.1516%* 0.0868*** FPU -0.2906*** -0.2302**
DK Std. error 0.0896 0.0454 DK Std. error 0.1060 0.0948
t statistic 1.6900 1.9123 t statistic -2.7400 -2.4300
Prob. 0.0920 0.0652 Prob. 0.0060 0.0160

Note: *** 1%, ** 5%, and * 10% are significance levels.

The findings of the fixed-effects models are consistent with the median results of the panel
quantile regression, and a 1% increase in the FPU reduces the FYB by approximately 0.29% and
the TYB by approximately 0.23%. This indicates that fiscal policy uncertainty is perceived by the
market as a risk factor. When comparing the magnitudes of the coefficients, the negative effect
of FPU on five-year bonds is greater than that on ten-year bonds. Consequently, this demonstrates
that fiscal policy uncertainties are priced in more strongly in the market’s short-term segment.

When the findings are evaluated together, it becomes clear that policy uncertainties have
different effects on the bond market in terms of both direction and magnitude. While MPU builds
market confidence and has a yield-enhancing effect, FPU heightens risk perception and has a
yield-reducing effect. However, in both cases, the magnitude of the effect is higher for short-term
bonds and relatively weaker for long-term bonds. This indicates that the market is more sensitive
to both monetary and fiscal policy uncertainties in the short term. On the other hand, when
comparing the absolute values of the coefficients, the negative effect of the FPU outweighs the
positive effect of the MPU.

6. Conclusions

While uncertainty is a fundamental characteristic of the economic structure, its significance
has grown considerably in recent years, making it an element that cannot be ignored by economic
actors. In this context, uncertainty, particularly policy uncertainty, has reached a level that directly
or indirectly affects economic units in many ways. In particular, with increased cooperation
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among countries, monetary and fiscal policy decisions in many developed nations, along with the
uncertainties arising from these decisions, have become a major problem for those countries'
financial markets. This situation has influenced investors’ confidence and risk perception, thereby
shaping their views on investment instruments. These policy uncertainties have not been limited
to these effects; by triggering both supply and demand channels, they have led to a decline in
investment and, alongside economic contraction, have also increased financing and production
costs. In this context, fluctuations in expected returns on bonds and bond markets, a key
component of this study, can be cited as one outcome of these developments.

This study aims to examine the relationship between five- and ten-year bond yields and
monetary policy uncertainty and fiscal policy uncertainty in 11 developed economies (the United
States, Canada, Switzerland, Belgium, Germany, Italy, France, Japan, Sweden, the United
Kingdom, and the Netherlands). To this end, the study defines the five- and ten-year bond yields
of these countries as the dependent variable and policy uncertainties (MPU-FPU) as the
independent variable. The data for these variables, collected at monthly intervals from 1999:01 to
2025:03, were analyzed using panel data methods.

The results from the panel quantile regression estimates in Models 1 and 2, which examine
the relationship between monetary and fiscal policy uncertainty and five-year bond yields,
indicate statistically significant relationships between both types of policy uncertainty and five-
year bond yields. Within this framework, a positive relationship was observed between monetary
policy uncertainty and five-year bond yields (Model 1), while a negative relationship was
observed between fiscal policy uncertainty and five-year bond yields (Model 2). When the
findings from the models are evaluated through the lens of monetary policy, the positive
relationship between the aforementioned uncertainty and short-term (5-year) and long-term (10-
year) bond yields suggests increased investment in risky assets (such as stocks and commodities).
This may imply that investors are disregarding uncertainty by increasing their risk appetite.

According to the panel quantile regression results estimated in Models 3 and 4, which
examine the relationship between the 10-year bond yield and monetary policy uncertainty versus
fiscal policy uncertainty, a statistically significant relationship was again found between these
policy uncertainties and the 10-year bond yield. In this context, a positive relationship was
observed between monetary policy uncertainty (represented by Model 3) and the 10-year bond
yield, while a negative relationship was observed between fiscal policy uncertainty (represented
by Model 4) and the 10-year bond yield. When the findings from Models 2 and 4 are evaluated
through the lens of fiscal policy uncertainty, the negative relationship between short- and long-
term bond yields and fiscal policy uncertainty suggests that investors prefer government bonds
viewed as a safe haven, during periods of high uncertainty. The reduced demand for risky assets
during these periods may also lead to higher government bond prices.

The findings for the advanced economies examined in this study indicate that the effects of
policy uncertainty on bond yields are shaped by investor expectations and financial market
dynamics. This result is consistent with the findings of Baker, Bloom, and Davis (2016), who
demonstrated that economic policy uncertainty has significant effects on investment decisions
and financial markets.

The findings indicate that the relationship under examination varies depending on the type,
maturity structure, and direction of policy uncertainty. Among the other findings is that the effects
caused by monetary and fiscal policy uncertainties are more pronounced in the short-term (five-
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year) bond market. When evaluated in terms of maturity structure, this situation can be linked to
increased market makers’ short-term uncertainty. Since short-term bonds are more sensitive to
shocks from policy uncertainty, any increase in uncertainty can affect prices to a similar extent.

From the perspective of policymakers, the empirical findings suggest that reducing
uncertainty regarding monetary and fiscal policies could help strengthen stability in government
bond markets. Given that short-term bond yields are particularly sensitive to policy uncertainty,
it is important for policy decisions to be implemented within a transparent, consistent, and
predictable framework to ensure that market expectations can form more soundly. However, the
differing effects of monetary and fiscal policy-related uncertainties on bond markets indicate that,
rather than a one-size-fits-all approach in policy communication processes, strategies must be
developed that take into account the unique dynamics of each policy area. From the investors’
perspective, the findings suggest that investment decisions regarding the bond market should
focus not only on the level of uncertainty but also on the specific policy area from which the
uncertainty stems. In this regard, future studies could expand upon the current analyses by
utilizing different uncertainty indicators, alternative country samples, and longer-term data sets.
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